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R ES E A RC H

ORGANOIDS

Copyright © 2018 The Authors, some rights reserved*

Patient-derived organoids model
treatment response of metastatic
gastrointestinal cancers

Patient-derived organoids (PDOs) have recently emerged as robust preclinical models;
however, their potential to predict clinical outcomes in patients has remained unclear. We
report on a living biobank of PDOs from metastatic, heavily pretreated colorectal and
gastroesophageal cancer patients recruited in phase 1/2 clinical trials. Phenotypic and
genotypic profiling of PDOs showed a high degree of similarity to the original patient tumors.
Molecular profiling of tumor organoids was matched to drug-screening results, suggesting
that PDOs could complement existing approaches in defining cancer vulnerabilities
and improving treatment responses. We compared responses to anticancer agents ex vivo in
organoids and PDO-based orthotopic mouse tumor xenograft models with the responses
of the patients in clinical trials. Our data suggest that PDOs can recapitulate patient responses
in the clinic and could be implemented in personalized medicine programs.

H

igh-throughput sequencing has been extensively used in precision medicine to
identify somatic mutations that can be
exploited for cancer treatment and drug
development (1). However, the limited role
of genomic profiling in predicting response to
targeted therapies and the limitations of preclinical models used for drug validation are
important obstacles hampering the success of
personalized medicine (2). Co-clinical trials are
parallel studies in which drug responses in
patients are matched to laboratory preclinical
models to personalize treatment and understand
mechanisms of chemosensitivity through functional genomics and reverse translation (3). Most
co-clinical trials rely on the use of genetically
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engineered mouse models or patient-derived
xenografts, posing logistic, ethical, and economic issues (4).
LGR5+ stem cells can be isolated from a number of organs and propagated as epithelial organoids in vitro to study physiology and neoplastic
transformation (5). Most studies on human colorectal cancer (CRC) organoids have been conducted on cultures derived from primary tumors
(6). In contrast, examples of PDOs from metastatic cancer sites remain sparse (7–9). Furthermore, very limited evidence is available on the
ability of PDOs to predict response to treatment
in the clinic (10). Here we present a living biobank of PDOs from heavily pretreated metastatic
gastrointestinal cancer patients and show examples of how the drug responses of these cancer
organoids can be compared with those of the actual patient.
A total of 110 fresh biopsies from 71 patients
enrolled in four prospective phase 1/2 clinical
trials were processed between October 2014 and
February 2017. In line with previous data (7),
PDOs were grown from 70% of biopsies with a
cellularity of 2+ and above, and their establishment rate strongly correlated with tumor cellularity in the parental biopsy (c2 test, P < 0.0001).
No inverse correlation was observed between
PDO establishment rate and presence of necrosis
(cutoff ≥ 20%). Tumor percentage is a key limiting factor for genomic and transcriptomic analyses. When the 60% threshold used in large
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sequencing studies of primary CRC (11) or gastroesophageal cancer (GOC) (12) was applied in our
cohort, we found no correlation between PDO
take-up rate and tumor percentage, suggesting
that PDOs can also be established in cases of a
low tumor/stroma ratio, thus allowing the ex vivo
expansion of the cancer population in samples
that would have otherwise failed quality-control
tests for next-generation sequencing (NGS).
PDOs presented in this study were derived
from ultrasound (n = 20), computed tomography
(CT)–guided (n = 7), or endoscopic (n = 2) biopsies of metastatic CRC (mCRC; n = 16), metastatic
GOC (mGOC; n = 4), and metastatic cholangiocarcinoma (n = 1) patients (fig. S1). Liver, pelvic,
peritoneal, and nodal metastases of chemorefractory patients were used to establish PDOs.
In several cases, PDOs were established from sequential biopsies at baseline (BL), at the time of
best response [partial response (PR) or stable
disease (SD)], and at the time of disease progression (PD), as well as from multiregion biopsies
(table S1).
Histological evaluation revealed notable morphological similarities between PDOs and the
patient biopsies from which they were originally
derived (Fig. 1, A and B, and figs. S2A and S2B).
Immunohistochemistry markers routinely used
in the diagnosis of CRC (CDX-2 and CK7) showed
that the parental tumor’s expression pattern was
maintained in PDOs, even when derived from
sequential biopsies during treatment (fig. S2, C
to E). Similarly, amplification of oncogenic drivers
such as ERBB2 (Fig. 1C and fig. S2F) and rearrangements in FGFR2 (fig. S2G) were retained
in PDOs from mGOC and metastatic cholangiocarcinoma, respectively.
NGS was used to profile 151 cancer-related
genes in both PDOs (n = 23) and their parental
biopsies; archival material from primary cancer
or pretreatment diagnostic biopsies was also
sequenced for eight patients, and whole-genome
sequencing (WGS) was performed for one PDO
(tables S2 and S3). The molecular landscape of our
PDOs (Fig. 1D) largely overlapped with that reported for mCRC and mGOC in the MSK-IMPACT
study (1), with the exception of SRC and EGFR
amplifications and ATM and BRCA2 mutations
that were more frequent in our mCRC PDO cohort (table S4). Overall, a 96% overlap in mutational spectrum was observed between PDOs and
their parental biopsies (Fig. 1D), whereas intratumor heterogeneity was observed between archival material (primary cancer) and metastatic
deposits (biopsies or PDOs) (fig. S3A and table
S2). PDOs were able to capture spatiotemporal
intratumor heterogeneity when established from
multiple biopsies at the time of disease progression and when compared with PDOs established
at the beginning of treatment (Fig. 1D, fig. S3A, and
table S2). Similar results were observed for copy
number alterations (CNAs) in PDOs and biopsies
collected at different time points during treatment (figs. S3B and S4). WGS confirmed CNAs
extrapolated from targeted NGS of PDOs or PDOderived orthotopic tumors (PDO-xenografts) (figs.
S3B and S4); CNAs detected in key oncogenic

Corrected 20 February 2018. See full text.

REPORT

R ES E A RC H | R E PO R T

Gastroesophageal

Colorectal

F-015
(Intestinal)

F-012
(Diffuse)

Tissue

100 µm

50 µm

50 µm

50 µm

100 µm

50 µm

100 µm

50 µm

ERBB2 IHC

PDOs

APC
KRAS
SMAD4
TP53
SRC
PIK3CA
SMARCA4
BRCA2
FGFR1
MYC
ABCB1
RB1
EGFR
FLT1
AKT3
MAP3K1
MAPK1
ATM
BRAF
CDH1
CDKN2A
FBXW7
FGFR2
FGFR3
KIT
MAP2K1
NF1
PIK3R1
ROS1
AKT2
ALK
ERBB4
MET
NRAS
AKT1
HRAS

FR
-a
m

+

2-

3
BB

01

am

p

EG

t;

4
-

-

+

pERBB2

AKT

MEK1/2

pPRAS40

pERK1/2

PRAS40

ERK1/2

ERBB2
(Long exposure)

pERK1/2

pAKT

pEGFR

ERK1/2

AKT

EGFR

ERBB2

pEGFR

pERK1/2

EGFR

PARP

pC-RAF

Actin

Actin

Tissue

2-

01
ER

BR

Lapatinib (1µM):

pMEK1/2

Cleaved
caspase-3

BB

+

F-

-

w

E
00

04

V6

AF

Vemurafenib (1µM):

-0

03

+

C

-

-w
t

AF

-0
C

+

BR

-

AK

+

BL

KT
;A
7K

E1

01

T1

F-

-0
R

-

pAKT

F-015

F-014 PD

F-014 BL

F-012

F-016

R-011 PD

R-011 SD

R-011 BL

MK-2206 (1µM):

R-010

R-009 PD B

R-009 PD A

R-009 BL

R-008

R-007

R-006

R-005

C-004

C-003

C-002

C-001

AK

Gastroesophageal

Colorectal

6

20 µm

T1 06
-w
t

50 µm

ERK1/2
pAKT
AKT

PDOs

PARP

12

6

Missense/Nonsense/Indel & Deletion

0.5

0.0

4

2

50
.

0

0

0
25
.

GDC0980 (nM)

B

Total
4
14
18

PD B (N=3)

5

0
12
12

PD A (N=3)

10
0.
0

Total

4
2
6

BL (N=3)

12
.

Viability in response
to palbociclib
RB1
Log2R

1.0

6.
2

Missense/Nonsense/Indel & Amplification/Gain

Amplification/Gain

Relative viability

Deletion

PIK3CA copy number

115
Missense/Nonsense/Indel

Actin

R-009

L
(
B p.0
L
4
(p )
.0
6)
PD
A
PD
B
B
L
PD
A
PD
B

5

P<0.005

PDOs

Tissue

Fig. 1. Histopathological, molecular, and functional characterization
of patient-derived organoids (PDOs). (A) Phase-contrast image of
a mCRC PDO culture (top) and hematoxylin and eosin staining comparing
organoids to their matching patient biopsy (bottom). (B) Intestinal
and diffuse growth patterns are retained in mGOC PDOs. (C) ERBB2
amplification and overexpression in mGOC PDOs and parental tissue
biopsy (CISH, chromogenic in situ hybridization; IHC, immunohistochemistry). (D) Heatmap showing the most frequently mutated and/or
copy number–altered genes in PDOs (left) and Venn diagram demonstrating 96% mutational overlap between PDOs and parental tissue
biopsies (right). (E) Target engagement in genotype–drug phenotype
combinations: pathway analysis downstream of ERBB2 in ERBB2amplified and nonamplified PDOs treated with lapatinib (24 hours)
(right), BRAF inhibition (24 hours) (center), and AKT inhibition (4 hours)

(left). wt, wild type. (F) Concentration-dependent effect of the
dual PI3K/mTOR inhibitor GDC-0980 in three PDOs from patient
R-009, all carrying an acquired PIK3CA mutation (H1047R). PDOs
established from a liver metastasis biopsied at disease progression
(R-009 PD-A) that also harbored PIK3CA amplification showed
concentration-dependent response to GDC-0980. PIK3CA-mutant but
nonamplified PDOs established before regorafenib treatment (R-009 BL)
or from a different liver metastasis biopsied at disease progression
(R-009 PD-B) did not respond to GDC-0980. Viability data shown
are means ± SEM of indicated independent experiments. (G) Correlation
(Fisher’s exact test) between presence of RB1 amplification in PDOs
(D) and response to the CDK4/CDK6 inhibitor palbociclib in the
reported drug screen (fig. S9A). BL, baseline; SD, stable disease; PD,
posttreatment/progressive disease.
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drivers were further validated by digital-droplet
polymerase chain reaction (fig. S5). High concordance was observed in mutational, CNA, and
transcriptomic profiling over successive passages
when PDOs were tested before and after several
months of continuous culture [passage range,
5 to 13; mutations, coefficient of determination
(R2) = 0.96, P < 0.0001; CNA, R2 = 0.97, P < 0.0001;
gene expression (RNA sequencing), R 2 = 0.7,
P < 0.001] (fig. S6).
Next we tested the feasibility of using PDOs
derived from metastatic cancers as drug-screening
tools and validated the robustness of our approach
by identifying several genotype–drug phenotype

correlations across the PDO panel. We ran threedimensional (3D) screening assays over a period
of 2 weeks (figs. S7 and S8), using a library of
55 drugs now in phase 1 to 3 clinical trials or in
clinical practice (table S5). The heatmap shown
in fig. S9A summarizes the screening data; hit
validation at lower drug concentrations is reported in fig. S9B. For all 19 screens, a very high
correlation was observed among each screen’s
three replicate assays and controls (fig. S10).
F-013 was the only ERBB2-amplified PDO in
our cohort (Fig. 1C), and it exhibited the strongest
response to lapatinib [dual ERBB2/epidermal
growth factor receptor (EGFR) inhibitor]; lapatinib
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potently inhibited the mitogen-activated protein
kinase (MAPK) and phosphatidylinositol 3-kinase
(PI3K)/AKT signaling downstream of EGFR/
ERBB2, inducing apoptosis in the F-013 PDO (Fig.
1E and fig. S9A). In a PDO (F-014) in which EGFR
was amplified but ERBB2 was not, lapatinib had
no effect on viability and only modestly reduced
MAPK and PI3K/AKT signaling (Fig. 1E and
fig. S9A).
Similarly, across all PDOs, F-016 was the only
tumor carrying an AKT1 amplification and E17K
mutation (E, glutamic acid; K, lysine) (Fig. 1D) and
was the only one to respond strongly to both AKT
inhibitors present in the drug library (MK-2206
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Fig. 3. PDO-based co-clinical trials mimic primary and acquired
resistance to regorafenib in mice. (A) mCRC patients on regorafenib
treatment underwent biopsies at BL, SD, or PD. An early reduction
(15 days) in functional imaging (DCE-MRI) parameters correlated with
changes in microvasculature assessed by CD31 staining and clinical benefit
from regorafenib (right). Arrowheads indicate CRC metastases; Ktrans,
volume transfer constant. (B) Changes in microvasculature in response to
regorafenib were assessed in PDO-xenografts in mice by quantification
of tumor-associated CD31-positive vessels. Data show PDO-xenografts
from a primary resistant patient (R-009) and a long-term responder
(R-005) to regorafenib. Means ± SD from the indicated number of mice
(n) in a representative experiment are shown; significance was determined
using Student’s unpaired t test. (C) Reduction in fractional blood volume
(fBV) in regorafenib-treated mice carrying long-term regorafenib
responder (R-005) PDO-xenografts. A total of 10 animals were analyzed
(five in each arm); shown are the means ± SD of an individual experiment.
Day 0 fBV values could not be obtained for two animals owing to
respiratory movement. Significance was determined using Student’s
paired t test for fBV and unpaired t test for CD31 and necrosis.

(D) Schematic representation of the animal experiment using PDOs
from patient R-011, established pre- and posttreatment with regorafenib.
Mice carrying liver orthotopic R-011 pretreatment (BL) and posttreatment
(PD) PDO-xenografts were randomized to control and treatment arms
and treated with vehicle or regorafenib for 10 days. After treatment,
each arm was further randomized to a cohort culled for histopathological
analysis and a survival cohort, which was monitored over time.
(E) CD31 immunostaining in the parental patient BL, SD, and PD
biopsies, demonstrating an initial reduction in tumor microvasculature
in response to regorafenib. Shown are means ± SD calculated by scoring
10 high-power-field tumor areas. (F) Representative images (top) and
analysis (bottom) of CD31 immunostaining in the BL and PD R-011
PDO-xenografts. Shown are means ± SD calculated by scoring at least
10 high-power-field tumor areas per animal in an individual experiment;
n, number of animals analyzed in each group. Significance was determined
using Student’s unpaired t test. (G) Kaplan-Mayer curves for regorafenibor vehicle-treated mice bearing BL and PD PDO-xenografts from patient
R-011 from an individual experiment (n, number of mice analyzed).
Significance was determined using the Mantel-Cox log-rank test.
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Fig. 4. PDOs recapitulate intra- and interpatient heterogeneity
in response to TAS-102. (A) PDOs were established from a patient
(R-019) with mixed response to TAS-102. Whereas the segment
2 metastasis rapidly progressed, the segment 5 metastasis remained
stable upon TAS-102 treatment (white arrowheads in the CT scan
indicate metastases; bars represent pre- and posttreatment
measurements of the indicated metastases). (B) Ex vivo

and GSK690693) (Fig. 1E and fig. S9A). One mCRC
PDO (C-004) harbored a BRAF V600E mutation (V,
valine) (Fig. 1D) and was the only PDO that showed
significantly decreased viability after treatment
with the BRAF inhibitor vemurafenib (fig. S9A).
Consistent with this, vemurafenib selectively inhibited MEK/ERK (MAPK kinase/extracellular
signal–regulated kinase) signaling in the C-004
PDO (Fig. 1E) but failed to induce apoptosis, in
keeping with the lack of efficacy of single-agent
BRAF inhibitors in mCRC (13).
Overall, PIK3CA mutations were not predictive
of response to GDC-0980 (a dual PI3K/mTOR inhibitor) in the PDOs panel (Fig. 1D and fig. S9A). In
line with this observation, in a patient from whom
pre- and posttreatment PDOs were established
from multiple metastases (R-009 BL, PD-A, and
PD-B), a PIK3CA H1047R mutation (H, histidine;
R, arginine) common to all the PDOs was not associated with any response to GDC-0980. However,
PDOs carrying a synchronous PIK3CA amplification
(R-009 PD-A) showed a concentration-dependent
reduction in cell viability in response to GDC0980 (Fig. 1F and fig. S3A). Last, in keeping with
Vlachogiannis
et al., Science 359, 920–926 (2018)
12

concentration-response curves in BL and PD multiregion PDOs from
patient R-019 (with mixed response to TAS-102). (C) TK1 IHC expression
in TAS-102–refractory (segment 2) and –sensitive (segment 5) PDOs.
(D) Cell viability (left) and TK1 mRNA expression (right) in PDOs
from TAS-102–responsive and –refractory patients. In (B) and (D),
N indicates the number of independent experiments, and viability
values are expressed as means ± SEM.

published data (14), a significant correlation was
observed between RB1 amplification and sensitivity of PDOs to palbociclib [cyclin-dependent
kinase 4 (CDK4)/CDK6 inhibitor] (Fig. 1G).
After extensive molecular and functional characterization of our PDOs, we examined their clinical predictive value in 21 comparisons of clinical
responses observed in patients with ex vivo response data gathered in organoids (table S6).
Taxanes are a standard second-line treatment
option for metastatic gastric cancer; however,
efficacy is modest, and no predictive biomarkers
are available to inform clinical decisions (15). We
compared response to paclitaxel in sequential
PDOs established before and after treatment in
a paclitaxel-sensitive patient (F-014) with that
in PDOs established from liver metastases of two
paclitaxel-resistant patients (Fig. 2, A and B).
PDOs derived from the responsive metastasis
showed a GI50 (concentration that inhibits growth
of cancer cells by 50%) for clinically relevant
paclitaxel concentrations (16) that was about onefourth that for PDOs from the same patient
derived at progression; these resistant PDOs dem-
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onstrated an identical paclitaxel concentrationresponse profile to the two PDOs established from
paclitaxel-refractory patients (Fig. 2B). Cell cycle
analysis showed marked apoptosis and G2 arrest
upon taxane treatment in the pretreatment F-014
PDOs, whereas no significant difference was
observed in PDOs established at progression
(Fig. 2C and fig. S11A). Similarly, paclitaxel induced concentration-dependent DNA damage,
mitotic arrest, and apoptosis in the pretreatment
F-014 PDOs but had a much weaker impact on
the progression (and thus resistant) PDOs (Fig.
2D). Consistent with data observed for secondline treatment, a ~10-fold difference in GI50 was
observed in response to the combination of
5-fluorouracil and cisplatin in PDOs collected
from chemosensitive and chemorefractory mGOC
patients receiving first-line treatment (fig. S11B),
highlighting the clinical potential of PDOs for
treatment selection in cancers of unmet need.
Anti-EGFR monoclonal antibodies, regorafenib,
and TAS-102 are U.S. Food and Drug Administration–
approved options for treatment of chemorefractory
mCRC; however, with the exception of RAS pathway
23 February 2018
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vations, we performed functional susceptibility
contrast magnetic resonance imaging (MRI) of
PDO-xenografts of the responding patient (R-005;
n = 10) before and after treatment (fig. S12D).
In line with dynamic contrast-enhanced MRI
(DCE-MRI) results in patients (Fig. 3A), susceptibility contrast MRI revealed a significant reduction in tumor fractional blood volume (fBV) in
regorafenib-treated mice (Fig. 3C). These changes
were associated with a reduction in CD31 staining
and increased necrosis (Fig. 3C). Notably, across
all animals, a robust correlation was observed between the fBV values obtained from susceptibility
contrast MRI and the microvasculature assessment (CD31) of the same samples (R2 = 0.64, P =
0.006) (Fig. 3C). Consistent with our clinical data,
changes in microvasculature indicative of response appeared to be independent of changes
in tumor volume (fig. S12E) (18). Three different histopathological growth patterns (HGPs)—
desmoplastic HGP, pushing HGP, and replacement
HGP—have been associated with different degrees
of response to anti-angiogenic drugs, with the replacement HGP being frequently associated with
vessel co-option and primary resistance (19). In
our experiments, a predominance of replacement
HGP, and thus vessel co-option, was observed
in PDO-xenografts from the resistant patient,
whereas tumors established from the PDOs of
the sensitive patient showed a prevalence of desmoplastic and pushing HGPs (fig. S12F), suggesting that vessel co-option might be the mechanism
underpinning primary resistance to regorafenib.
When the responder to regorafenib (R-005) progressed and received subsequent treatment, he
was enrolled in a phase 1 trial of the ATR inhibitor VX-970. No response was observed in this
patient with VX-970 monotherapy, and this was
in keeping with the lack of response to ATM/
ATR inhibitors observed in his PDOs in the drug
screening reported in fig. S9A.
To test the PDOs’ ability to capture tumor
evolution and acquired resistance to treatment,
we generated xenografts using PDOs from the
same liver metastasis before (BL) and after (PD)
treatment in mCRC patient R-011 that exhibited
initial response to regorafenib and subsequently
progressed (fig. S13A). Mice were randomized to
treatment and control arms, and, after treatment,
each arm was further randomized for survival or
functional analysis (Fig. 3D). In line with clinical
findings (Fig. 3E) (18), CD31 immunostaining
revealed a ~60% reduction in microvasculature
in response to regorafenib in BL PDO-xenografts
(P = 0.001), whereas no significant change was
observed in PD PDO-xenografts (Fig. 3F). More
importantly, regorafenib treatment offered a selective survival benefit in mice carrying BL PDOxenografts (Fig. 3G and fig. S13B), confirming the
predictive value of PDOs and their ability to reflect cancer evolution upon treatment.
TAS-102, a combination of the nucleoside analog trifluridine and the thymidine phosphorylase
inhibitor tipiracil, is approved for the treatment
of chemorefractory mCRC, but no validated biomarkers are available (20). We compared clinical
and preclinical response to TAS-102 in six organ-
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oids from four different patients treated with
TAS-102. Initially, we tested response to TAS-102
in PDOs from a patient (R-019) who had a mixed
response, with stability of disease in one of the
liver metastases (segment 5) and rapid progression in another (segment 2) (Fig. 4A). Ex vivo
concentration-response data showed about an
eightfold difference in GI50 between PDOs derived
from the TAS-102–sensitive metastasis and those
derived from pre- and posttreatment biopsy of
the rapidly progressing metastasis (Fig. 4B),
highlighting the ability of PDOs to recapitulate
intrapatient heterogeneity. TK1 has been proposed as a potential biomarker of response to
TAS-102 (21); TK1 protein expression was indeed
higher in PDOs from the responding metastasis
than in those from the nonresponding site
(Fig. 4C). When we extended the TAS-102 sensitivity analysis to PDOs from three other patients, we
confirmed that PDOs from patients who achieved
disease control were sensitive to low micromolar
concentrations of TAS-102, whereas no significant
effect on cell viability was observed in PDOs from
resistant (primary or acquired) patients (Fig. 4D,
left); consistent with previous data, TK1 mRNA
expression was higher in PDOs from patients that
achieved stable disease in response to TAS-102
(Fig. 4D, right).
Overall, for the PDOs that we analyzed, we
found 100% sensitivity, 93% specificity, 88% positive predictive value, and 100% negative predictive value in forecasting response to targeted
agents or chemotherapy in patients (Fisher’s exact test, P < 0.0001) (table S7). Our data suggest
that PDOs can be exploited for functional genomics to simulate cancer behavior ex vivo and
integrate molecular pathology into the decisionmaking process of early-phase clinical trials.
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mutations for anti-EGFR therapy, there are no
validated clinical biomarkers for patient selection
in this setting. We initially tested the predictive
value of PDOs in mCRC by comparing response to
anti-EGFR treatment (cetuximab) in five PDOs
and their respective patients (Fig. 2E). Two PDOs
established from BL biopsies before anti-EGFR
treatment in the PROSPECT-C trial showed no
response to cetuximab, in keeping with the primary resistance observed in these two patients
in the clinic. Unsurprisingly (17), both PDOs and
their respective patient biopsies harbored either KRAS G12D (subclonal) (G, glycine; D,
aspartic acid) or BRAF V600E (clonal) mutations
(Fig. 2F). The third cetuximab-resistant PDO
(C-002) was established from the progression
biopsy of a patient who initially responded to
cetuximab, and it harbored an EGFR amplification (Fig. 1D and fig. S5), no RAS pathway mutational aberrations (Fig. 2F), and high amphiregulin
mRNA levels. Despite these molecular markers
being suggestive of responsiveness to cetuximab,
the C-002 PDO showed no response (and, in fact,
paradoxically showed enhanced proliferation)
upon cetuximab treatment, in line with the respective patient’s clinical outcome, thus highlighting
the potential of PDOs to predict clinical outcomes
better than molecular pathology alone. Another
KRAS wild-type PDO derived from a slow-growing
progressing metastasis in a patient with otherwise stable disease (C-001) (fig. S11C) showed a
marginal response to cetuximab. Last, the KRAS
wild-type PDO established from a BL biopsy of a
patient enrolled in the PROSPECT-R trial (R-007)
(fig. S11C) showed response to cetuximab at concentrations higher than 5 mg/ml; this, however,
could not be compared with clinical response,
because the patient did not receive anti-EGFR
monoclonal antibodies.
Next we tested the ability of PDOs to recapitulate response to regorafenib, a multiple tyrosine kinase inhibitor blocking oncogenic and
angiogenic signaling pathways. No response to
regorafenib was observed in our 3D ex vivo screening assays (fig. S9A), an observation in keeping
with our recently reported clinical results from
the PROSPECT-R trial (18), suggesting that response to regorafenib is mainly driven by its antiangiogenic effect (Fig. 3A).
To match responses to regorafenib in the clinic
and in aligned PDOs, we established an orthotopic human tumor xenograft model by implanting luciferase-expressing (Luc+) PDOs in the liver
of NSG mice (PDO-xenografts) (fig. S12A). We
initially compared response to regorafenib in
PDO-xenografts from a patient with primary resistance (R-009; n = 11) and from a patient who
achieved a durable (10-month) response (R-005;
n = 6) to regorafenib (fig. S12, B and C). In keeping with the clinical responses (Fig. 3A), PDOxenografts from the regorafenib-sensitive patient
displayed a significant (P = 0.03) reduction in
their microvasculature in response to regorafenib, as revealed by CD31 immunostaining; in
contrast, no significant changes were observed in
PDO-xenografts from the regorafenib-resistant
patient (Fig. 3B). To mimic our clinical obser-
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The chromatin accessibility
landscape of primary human cancers
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C

ancer is a highly heterogeneous group of
diseases, with each tumor type exhibiting
distinct clinical features, patient outcomes,
and therapeutic responses. The Cancer Genome Atlas (TCGA) was established to
characterize this heterogeneity and understand
the molecular underpinnings of cancer (1). Through
large-scale genomic and molecular analyses, TCGA
has revealed an exquisite diversity of genomic
aberrations, altered transcriptional networks,
and tumor subtypes that have engendered a more
comprehensive understanding of disease etiologies and laid the foundations for new therapeutics and impactful clinical trials.
Work from TCGA and many others has demonstrated the importance of the epigenome to
cancer initiation and progression (2). Profiling
of cancer-specific coding mutations through wholeexome sequencing has identified prominent driver
mutations in genes encoding chromatin remodel-

ing enzymes and modifiers of DNA methylation. These mutations drive alterations in the
epigenome which, in turn, can establish the
dysregulated cellular phenotypes that have become known as the hallmarks of cancer (3). Although many principles of chromatin regulation
have been elucidated in cultured cancer cells,
epigenomic studies of primary tumors are especially valuable, capturing the genuine ecosystem of heterotypic tumor and stromal cell
interactions and the impacts of factors in the
tumor microenvironment such as hypoxia, acidosis, and matrix stiffness (4). TCGA has carried out targeted DNA methylation profiling of
more than 10,000 samples and, more recently,
whole-genome bisulfite sequencing (WGBS) of
39 TCGA tumor samples (5). This data-rich resource has identified cancer-specific differentially
methylated regions, providing an unprecedented
view of epigenetic heterogeneity in cancer. In-

Results
ATAC-seq in frozen human cancer
samples is highly robust
We profiled the chromatin accessibility landscape for 23 types of primary human cancers,
represented by 410 tumor samples derived from
404 donors from TCGA (protocol S1). These 23
cancer types are representative of the diversity of
human cancers (Fig. 1A and data S1). From the
410 tumor samples, we generated technical replicates from 386 samples, yielding 796 genome-wide
chromatin accessibility profiles (data S1). Given the
size of this cohort, we first ensured that all generated ATAC-seq data could be uniquely mapped
to the expected donor through comparison with
single-nucleotide polymorphism (SNP) genotyping
calls (fig. S1A). In all samples, the genotype from
the ATAC-seq data generated in this study correlated most highly with previously published
genotyping array data for the expected donor
compared with that of all other 11,126 TCGA donors.
All ATAC-seq data included in this study passed a
minimum threshold of enrichment of signal over
background (fig. S1, B to D, and data S1) with most
samples showing a characteristic fragment size
distribution with clear nucleosomal periodicity
(fig. S1E). With this high-quality set of 410 tumor samples, we identified 562,709 reproducible
(observed in more than one replicate) pan-cancer
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We present the genome-wide chromatin accessibility profiles of 410 tumor samples
spanning 23 cancer types from The Cancer Genome Atlas (TCGA). We identify 562,709
transposase-accessible DNA elements that substantially extend the compendium of known
cis-regulatory elements. Integration of ATAC-seq (the assay for transposase-accessible
chromatin using sequencing) with TCGA multi-omic data identifies a large number of
putative distal enhancers that distinguish molecular subtypes of cancers, uncovers specific
driving transcription factors via protein-DNA footprints, and nominates long-range
gene-regulatory interactions in cancer. These data reveal genetic risk loci of cancer
predisposition as active DNA regulatory elements in cancer, identify gene-regulatory
interactions underlying cancer immune evasion, and pinpoint noncoding mutations that
drive enhancer activation and may affect patient survival. These results suggest a
systematic approach to understanding the noncoding genome in cancer to advance
diagnosis and therapy.

tegration of DNA methylation and additional
TCGA data types has enabled the prediction of
functional regulatory elements (6–8) and the
identification of previously unknown cancer
subtypes (9–13). Additional work has identified
cancer-relevant variable enhancer loci by using
histone modifications (14) and enhancer RNA
sequencing (15). These studies represent, to date,
the largest genome-wide epigenomic profiling
efforts in primary human cancer samples.
Recently, the advent of the assay for transposaseaccessible chromatin using sequencing (ATAC-seq)
(16) has enabled the genome-wide profiling of
chromatin accessibility in small quantities of frozen tissue (17). Because accessible chromatin is
a hallmark of active DNA regulatory elements,
ATAC-seq makes it possible to assess the gene
regulatory landscape in primary human cancers.
Combined with the richness of diverse, orthogonal data types in TCGA, the chromatin accessibility landscape in cancer provides a key link
between inherited and somatic mutations, DNA
methylation, long-range gene regulation, and,
ultimately, gene expression changes that affect
cancer prognosis and therapy.
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Fig. 1. Pan-cancer ATAC-seq of TCGA samples identifies diverse
regulatory landscapes. (A) Diagram of the 23 cancer types profiled in
this study. Colors are kept consistent throughout figures. (B) Pan-cancer
peak calls from ATAC-seq data. Peak calls from each cancer type are
shown individually in addition to the 562,709 peaks that represent the pancancer merged peak set. Color indicates the type of genomic region
overlapped by the peak. The numbers shown above each bar represent the
number of samples profiled for each cancer type. UTR, untranslated
region. (C) Overlap of cancer type-specific ATAC-seq peaks with Roadmap
DNase-seq peaks from various tissues and cell types. Left: The percent
of ATAC-seq peaks that are overlapped by one or more Roadmap peaks.
Right: A heatmap of the percent overlap observed for each ATAC-seq
peak set within the Roadmap DNase-seq peak set. Colors are scaled
according to the minimum and maximum overlaps, which are indicated
numerically to the right of the DNase-seq peak set names. The total
number of ATAC-seq peaks (white to purple) or Roadmap DNase-seq
regions (white to green) are shown colorimetrically. (D) Normalized
ATAC-seq sequencing tracks of all 23 cancer types at the MYC locus. Each
track represents the average accessibility per 100-bp bin across all

replicates. Known GWAS SNPs rs6983267 (COAD, PRAD) and rs35252396
(KIRC) are highlighted with light blue shading. Region shown represents
chromosome 8 (chr8):126712193 to 128412193. (E) Normalized
ATAC-seq sequencing tracks of five different COAD samples (top,
orange) and KIRC samples (bottom, purple) shown across the same MYC
locus as in Fig. 1D. Known GWAS SNPs rs6983267 (COAD, PRAD) and
rs35252396 (KIRC) are highlighted with light blue shading. Region
shown represents chr8:126712193 to 128412193. ACC, adrenocortical
carcinoma; BLCA, bladder urothelial carcinoma; BRCA, breast invasive
carcinoma; CESC, cervical squamous cell carcinoma; CHOL, cholangiocarcinoma; COAD, colon adenocarcinoma; ESCA, esophageal carcinoma;
GBM, glioblastoma multiforme; HNSC, head and neck squamous cell
carcinoma; KIRC, kidney renal clear cell carcinoma; KIRP, kidney renal
papillary cell carcinoma; LGG, low grade glioma; LIHC, liver hepatocellular
carcinoma; LUAD, lung adenocarcinoma; LUSC, lung squamous cell
carcinoma; MESO, mesothelioma; PCPG, pheochromocytoma and
paraganglioma; PRAD, prostate adenocarcinoma; SKCM, skin cutaneous
melanoma; STAD, stomach adenocarcinoma; TGCT, testicular germ cell tumors;
THCA, thyroid carcinoma; UCEC, uterine corpus endometrial carcinoma.
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peaks of chromatin accessibility (Fig. 1B and
data S2). These peaks were identified using a
normalized peak score metric to enable direct
comparison of peaks across samples of unequal
sequencing depth, with each cancer type having
an average of 105,585 peaks (range 56,125 to
215,978; Fig. 1B and fig. S1F; see methods). Reproducibility within the pan-cancer peak set was
high for technical replicates (different nuclei
from the same tumor sample; fig. S1, G and H),
intratumor replicates (different samples from
the same tumor; fig. S1I), and intertumor replicates (tumor samples from different donors;
fig. S1, J and K).
Cancer chromatin accessibility extends
the dictionary of DNA regulatory elements

Noncoding DNA elements reveal distinct
cancer gene regulation and genetic risks
The MYC proto-oncogene locus provides a prime
illustration of the diversity of the chromatin
accessibility landscape across cancer types. MYC
is embedded in a region with multiple DNA
Corces et al., Science 362, eaav1898 (2018)
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This is consistent with the connection of chromatin accessibility to transcriptional output and
the observation that ATAC-seq is strongly cell
type–specific. Multiple observations can be made
from these clusters: (i) Some cancer types split
into two distinct clusters such as breast cancer
(i.e., basal and nonbasal) and esophageal cancer (i.e., squamous and adenocarcinoma), (ii)
cancer samples derived from the same tissue
type often group together [i.e., kidney renal papillary cell carcinoma (KIRP) and KIRC], and (iii)
some cancers group together across tissues as
observed for squamous cell types (Fig. 3A and
fig. S2B).
Cluster-specific regulatory landscapes
identify patterns of transcription factor
usage and DNA hypomethylation
Grouping of samples into defined clusters enables the determination of patterns in chromatin accessibility that are unique to each cluster.
Using a framework that we term “distal binarization,” we identified the distal regulatory
elements that are accessible only in a single cluster or small group of clusters (Fig. 3B, fig. S2C,
and data S4). Of the 516,927 pan-cancer distal
elements, 203,260 were found to be highly accessible in a single cluster or group of clusters
(up to four clusters). These cluster-specific peak
sets are enriched for motifs of transcription factors (TFs) with correlated gene expression that
are known to be important for cancer and tissue
identity (Fig. 3C, fig. S2D, and data S4). These
include the androgen receptor (AR) in prostate
cancer, forkhead box A1 (FOXA1) in nonbasal
breast cancer, and melanogenesis-associated transcription factor (MITF) in melanoma. Moreover,
these cluster-specific peak sets are enriched for
known GWAS SNPs that are associated with
cancers of the corresponding type (fig. S2E and
data S5), highlighting that cancer-related GWAS
SNPs tend to be located within or near cancer
type–specific regulatory elements. The concordance of GWAS risk loci and cancer chromatin
state has often been evaluated using cancer
cell lines in the past, and our work provides a
foundational map to evaluate noncoding GWAS
SNPs in primary human cancers.
Consistent with published reports (12, 18, 29, 30),
the degree of DNA methylation was anticorrelated with chromatin accessibility at regulatory
elements, and regions lacking chromatin accessibility were more frequently methylated (fig. S2F).
In particular, cluster-specific peak sets are hypomethylated in the relevant cancer types, though
frequently methylated in other cancer types that
lack accessibility in those peaks (fig. S2G). Consistent with these observations, which are based
on DNA methylation array data, we see a strong
depletion of DNA methylation at the center of
both distal peaks and promoter peaks in a single
patient profiled by WGBS (fig. S2H) (5). In our
analysis of methylation levels within clusterspecific peak sets, we also identified a subgroup
of brain cancers that exhibits DNA hypermethylation of peaks specific to nonbrain cancers
(fig. S2G), likely caused by mutations in genes
26 October 2018
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The pan-cancer and cancer type–specific peak
sets generated in this study enabled quantification of the number of DNA regulatory elements identified. To do this, we compared the
regions defined by our pan-cancer and cancer
type–specific peak sets to the regions defined
by the Roadmap Epigenomics Project deoxyribonuclease I hypersensitive sites sequencing
(DNase-seq) studies (18), finding a median of
34.4% overlap between the cancer type–specific
peak sets and the various Roadmap tissue-type
peak sets, with the strongest overlap occurring
in the expected combinations (Fig. 1C and data
S3). In total, about 65% of the pan-cancer peaks
identified in this study had overlap with previously observed regulatory elements, highlighting
both the consistency of our results with published datasets and the large number of additional putative regulatory elements observed in
this study (Fig. 1C). Given the extensive coverage
of Roadmap DNase-seq studies in healthy tissues,
our results suggested that the disease context
of cancer unveils the activity of additional DNA
regulatory elements. Moreover, overlap of the
ATAC-seq–defined DNA regulatory elements with
chromatin immunoprecipitation sequencing
(ChIP-seq)–defined ChromHMM regulatory
states shows a strong enrichment of accessible
chromatin sites in promoter and enhancer regions, as expected (fig. S1L). Although we profiled many samples in some cancer types [i.e.,
breast invasive carcinoma (BRCA), 75 tumor samples], we profiled fewer samples in multiple other
cancer types (i.e., cervical squamous cell carcinoma, four tumor samples) (Fig. 1B). By estimating the number of unique peaks added with
each additional sample, we found that cancer
types have an estimated average of 169,822 total
peaks (range 97,995 to 309,313) at saturation
(fig. S1, M and N, and data S3), suggesting that
profiling of additional samples of each cancer
type would further expand the repertoire of regulatory elements.

regulatory elements and noncoding transcripts
that regulate MYC in a tissue-specific fashion
(19). We observed sufficient diversity in the
chromatin accessibility landscape of the MYC
locus to enable clustering of cancer types into
two primary categories: (i) cancer types with
extensive chromatin accessibility at 5′ and 3′
DNA elements, such as colon adenocarcinoma
(COAD), and (ii) cancer types with chromatin
accessibility primarily at 3′ regulatory elements,
such as kidney renal clear cell carcinoma (KIRC)
(Fig. 1D). This trend is consistent across different samples of the same cancer type, as shown
for COAD and KIRC (Fig. 1E) and is similar to
the regulation observed in the HOXD locus (20).
Genome-wide association studies (GWAS) have
identified numerous inherited risk loci for cancer susceptibility. However, many of these SNPs
reside in the noncoding genome within known
DNA regulatory elements. In the MYC locus, we
identify known sites of chromatin accessibility,
including peaks surrounding functionally validated GWAS cancer susceptibility SNPs (rs6983267
and rs35252396; Fig. 1, D and E). SNP rs6983267
is associated with increased susceptibility to colon adenocarcinoma and prostate adenocarcinoma
(PRAD) (21–23), consistent with the presence of
focal chromatin accessibility in these cancer
types. However, SNP rs6983267 has not been
previously associated with breast cancer or any
squamous tumor types, which also have strong
chromatin accessibility at this regulatory element in our ATAC-seq data (Fig. 1D). Similarly,
SNP rs35252396 has been associated with KIRC
and, in our data, shows strong accessibility in
samples from kidney cancer types as well as
breast and thyroid carcinoma, suggesting a
potential role for these SNPs in previously unappreciated cancer contexts.
To visualize global patterns from our diverse
ATAC-seq datasets, we performed Pearson correlation hierarchal clustering on distal and
promoter elements (Fig. 2A). We found that distal elements exhibited a greater specificity and
wider dynamic range of activity in association
with cancer types, whereas promoter element
accessibility was less cancer type–specific and
showed similar patterns of correlation to global
gene expression, as measured by RNA-seq (Fig.
2A). This functional specificity of distal regulatory elements was also previously observed
in healthy tissues and in development (24, 25).
Using t-distributed stochastic neighbor embedding (26) (t-SNE; Fig. 2B) and density clustering (27) (fig. S2A), we identified 18 distinct
clusters, which we labeled based on the observed cancer-type enrichment (fig. S2B and
data S3). We found strong concordance between
this ATAC-seq–based clustering and the published multiomic iCluster scheme using TCGA
mRNA-seq, microRNA (miRNA)–seq, DNA methylation, reverse-phase protein array (RPPA), and
DNA copy number data (28) (Fig. 2, C and D).
Comparing this clustering scheme to other TCGAbased clustering schemes, we observed the
strongest concordance of our ATAC-seq clustering scheme with mRNA and cancer type (Fig. 2E).
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that affect DNA methylation, such as isocitrate
dehydrogenase 1 (IDH1) (fig. S3A). Similarly,
we found that the subset of testicular germ cell
tumors that are seminomas show a pattern of
genome-wide DNA hypomethylation, consistent
with a published report (31) (fig. S3B). Thus, a
small number of TFs dominate the cis-regulatory
landscape in each cancer type. These TFs are
often the known key drivers of the respective

cancer or tissue type, and TF occupancy is associated with, and possibly causes, DNA hypomethylation of the corresponding DNA elements
in cancer.
De novo identification of cancer
subtypes from ATAC-seq data
Given the richness of the chromatin accessibility landscape, we explored the capacity of

ATAC-seq data to define molecular subtypes
of cancer de novo. This analysis was limited to
cancer types with sufficient available donors:
BRCA (N = 74), PRAD (N = 26), and KIRP (N =
34). In KIRP, a gap statistic identified three
distinct subgroups that are clearly separable by
the first two principal components (Fig. 3D).
The smallest of these subgroups contains four
donors with very clear differences in ATAC-seq
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Fig. 2. Chromatin accessibility profiles
reveal distinct molecular subtypes of
cancers. (A) Pearson correlation heatmaps
of ATAC-seq distal elements (left), ATAC-seq
promoters (middle), and RNA-seq of all
genes (right). Clustering orientation is
dictated by the ATAC-seq distal element
accessibility, and all other heatmaps use this
same clustering orientation. Color scale
values vary between heatmaps. Promoter
peaks are defined as occurring between
−1000 and +100 bp of a transcriptional start
site. Distal peaks are all nonpromoter peaks.
The total number of features (N) used for
correlation is indicated above each Pearson
correlation heatmap. (B) Unsupervised
t-SNE on the top 50 principal components
for the 250,000 most variable peaks across
all cancer types. Each dot represents the
merge of all technical replicates from a given
sample. Color represents the cancer type
shown above the plot. (C) Cluster residence
heatmap showing the percent of each
TCGA iCluster that overlaps with each ATACseq–based cluster. (D) ATAC-seq t-SNE
clusters shown on the PanCanAtlas iCluster
TumorMap. Each hexagon represents a
cancer patient sample, and the positions of
the hexagons are computed from the similarity of samples in the iCluster latent
space. The color and larger size of the
hexagon indicates the ATAC-seq cluster
assignment. Samples that were not included
in the ATAC-seq analysis are represented
by smaller gray hexagons. The text labels
indicate the cancer disease type.
(E) Variation of information analysis of
clustering schemes derived by using
various data types from TCGA.
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Fig. 3. ATAC-seq clusters cancer samples to show cancer- and tissuespecific drivers. (A) Cluster residence heatmap showing the percent of
samples from a given cancer type that reside within each of the
18 annotated ATAC-seq clusters. (B) Heatmap showing the ATAC-seq
accessibility at distal elements (N = 203,260) identified to be clusterspecific by distal binarization. (C) Enrichment of TF motifs in peak
sets identified in Fig. 3B. Enrichment is determined by a hypergeometric
(HG) test –log10(P value) of the motif’s representation within the clusterspecific peaks compared to the pan-cancer peak set. Transcription factors
shown represent a manually trimmed set of factors whose expression is
highly correlated (r > 0.4) with the accessibility of the corresponding
motif. Color represents the –log10(P value) of the hypergeometric test.
(D) Principal component analysis of the top 25,000 distal ATAC-seq
peaks within the KIRP cohort (N = 34 samples). Each dot represents an
individual sample. The color of the dots represents K-means clustering
(K = 3 by gap statistic). (E) Distal binarization analysis based on
the three K-means–defined groups identified and shown (by color) in
Corces et al., Science 362, eaav1898 (2018)
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Fig. 3D. (F) Dot plot showing the number of nearby ATAC-seq peaks per
gene from the group 1 distal binarization. Each dot represents a
different gene. The MECOM gene (also called EVI1) is highlighted in red.
(G) Normalized average sequencing tracks of K-means–defined groups 1,
2, and 3 at the MECOM locus. Peaks specific to group 1 are highlighted
by light blue shading. (H) DNA copy number data at the MECOM locus in
the three K-means–defined groups. Each dot represents an individual
sample. CNV, copy number variation. (I) Average chromatin accessibility at
peaks near the MECOM gene (N = 42 peaks) and RNA-seq gene expression
of MECOM in KIRP samples (N = 34 samples). Each dot represents an
individual donor. Dots are colored according to the clustering group colors
shown in Fig. 3D. CPM, counts per million. (J) Kaplan-Meier analysis of
overall survival of all KIRP donors in TCGA (N = 287) stratified by MECOM
overexpressed (N = 44) and normal MECOM expression (N = 243).
(K) Hazard plot of risk of dying from KIRP based on multiple covariates,
including MECOM expression (hazard ratio = 5.2, 95% confidence
interval = 2.4 to 11.0). Lines represent 95% confidence intervals.
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Footprinting analysis defines
TF activities in cancer
The high sequencing depth of the ATAC-seq data
generated in this study (median of 56.7 million
unique reads per technical replicate) enabled the
profiling of TF occupancy at base-pair resolution
through TF footprinting. TF binding to DNA
protects the protein-DNA binding site from
transposition while the displacement or depletion of one or more nucleosomes creates high
DNA accessibility in the immediate flanking seCorces et al., Science 362, eaav1898 (2018)

quence. Collectively, these phenomena are referred to as the TF footprint. To characterize TF
footprints, we adapted a recent approach (34)
that quantifies the “flanking accessibility,” a
measure of the accessibility of the DNA adjacent to a TF motif, and “footprint depth,” a
measure of the relative protection of the motif
site from transposition (Fig. 4A and data S6).
To calculate these variables, we aggregated all
insertions relative to the TF motif center, genomewide (fig. S4A). To attempt to account for known
Tn5 transposase insertion bias, we computed the
hexamer frequency centered at Tn5 insertions
and normalized for the expected bias at each
position relative to the motif center (34) (see
methods for potential limitations). Depending
on the binding properties of a TF and its ability
to affect local chromatin accessibility, changes
in these properties would be detectable through
this approach genome-wide (fig. S4, B and
C). ChromVAR (35), a similar genome-wide approach which assesses the ability of a TF to
affect flanking accessibility, identified a highly
overlapping list of TFs (fig. S4D).
To uncover transcriptionally driven TF binding patterns, we correlated the RNA-seq gene
expression of a given TF to its corresponding
footprint depth and estimated flanking accessibility (data S6). A factor whose expression is
sufficient to generate robust DNA binding would
have a footprint depth and flanking accessibility
that are significantly correlated to its gene expression [false discovery rate (FDR) < 0.1, purple
dots in Fig. 4B], such as TP63 (Fig. 4, C and D) or
NK2 homeobox 1 (NKX2-1) (Fig. 4, E and F).
Increases in flanking accessibility and decreases
in footprint depth are likewise accompanied by
decreases in methylation (bottom of Fig. 4, D and
F), consistent with the hypothesis that methylated DNA is less likely to be bound by TFs (36).
Although footprint depth and flanking accessibility are often correlated, their divergence can
suggest the modes of TF-DNA interaction. For
example, factors whose expression is sufficient to
cause opening of chromatin around the motif
site but not to protect the motif site from transposition would be expected to only exhibit a
significant correlation between gene expression and flanking accessibility (blue dots in Fig.
4B). This pattern of correlation could be caused
by effects such as rapid TF off rates or low occupancy (fig. S4, E and F). Conversely, a small
number of TFs have expression that is only
significantly correlated with footprint depth (red
dots in Fig. 4B). Though likewise rare, we also
identified potential negative regulators whose
expression is inversely correlated to gain of flanking accessibility and loss of footprint depth,
such as the cut-like homeobox 1 (CUX1) TF (37)
(Fig. 4B and fig. S4, G and H). This is the expected behavior of repressive TFs that bind
DNA and lead to compaction of the neighboring sequence. These results predicted dozens
of positive and negative regulators whose expression is strongly correlated with chromatin
accessibility patterns near to their corresponding motif (fig. S4I and data S6). Overall, our
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footprinting analysis identified putative TFs
with activities correlated with gene expression.
Linking of DNA regulatory elements to
genes predicts interactions relevant
to cancer biology
The breadth and depth of this sequencing study
enabled a robust association of ATAC-seq peaks
with the genes that they are predicted to regulate. To do this, we implemented a strategy
based on the correlation of ATAC-seq accessibility and gene expression across all samples
(Fig. 5A, N = 373 with matched RNA-seq and
ATAC-seq). Because promoter capture Hi-C data
suggested that >75% of three-dimensional (3D)
promoter-based interactions occur within a 500–
kilobase pair (kbp) distance (38), we restricted
the length scale of this analysis to 500 kbp to
avoid spurious predictions. Using a conservative FDR cutoff of 0.01, we identified 81,323
unique links between distal ATAC-seq peaks
and genes (Fig. 5B and data S7). Some of these
links are driven by correlation across many
cancer types (Fig. 5, C to E), whereas 70% are
strongly driven by one cluster (Fig. 5F and data
S7). To derive a final list of peak-to-gene links
(Fig. 5B), putative links were filtered against (i)
links whose correlation is strongly driven by
DNA copy number amplification (“CNA”; fig. S5,
A and B), (ii) regions with broad and high local
correlation (“diffuse”; fig. S5, B and C), and (iii)
links involving an ATAC-seq peak that overlaps the promoter of any gene (Fig. 5G). As
expected, the histogram of distances between
a peak and its target gene decays sharply with
distance (39) (Fig. 5H). The expression of most
genes is correlated with the activity of fewer
than five different peaks (Fig. 5I), whereas most
peaks are predicted to interact with a single
gene (Fig. 5J). Additionally, this analysis found
that only 24% of predicted links occur between
an ATAC-seq peak and the nearest gene, indicating that the majority of predicted interactions
skip over one or more genes and would not be
possible to predict from primary sequence alone
(Fig. 5K). In total, we predicted at least one peakto-gene link for 8552 protein-coding genes,
accounting for nearly half of all protein-coding
genes in the human genome, including 48%
of the curated Catalogue of Somatic Mutations in Cancer (COSMIC) cancer-relevant genes
(data S7).
In addition to predicting peak-to-gene links
across cancer types, we also predicted peak-togene links within breast cancer (N = 74 donors),
identifying 9711 unique peak-to-gene links (fig. S5D
and data S7). Of these links, 36% were also
identified in our analysis of all cancer types
(fig. S5E). Particularly important in these BRCAspecific links was the contribution of recurrent
DNA CNA as a strong driver for spurious peakto-gene correlation (Fig. 5G). These false-positive
associations were removed through the use of
published TCGA DNA copy number array data
and a local correlation correction model, as mentioned above (see methods). The final predicted
BRCA-specific links follow a similar distance
26 October 2018
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accessibility identified by distal binarization (red
coloring in Fig. 3E). Within the set of regulatory
elements that are specific to this subgroup, we
found 42 ATAC-seq peaks near the MDS1 and
EVI1 complex locus (MECOM) gene (Fig. 3, F
and G). Notably, the high chromatin accessibility of these MECOM peaks is not related to copy
number amplification, as determined by DNA
copy number array data (Fig. 3H). The expression of the MECOM gene is highly correlated
with the mean ATAC-seq accessibility at these
42 ATAC-seq peaks [correlation coefficient (r) =
0.79, Fig. 3I]. Additionally, overexpression of
MECOM is significantly associated with poorer
overall survival across all available KIRP data
from TCGA (P = 2.2 × 10−5, Cox proportional
hazard test, Fig. 3J) with a hazard ratio of 5.2
(95% confidence interval = 2.4 to 11.0). This
association is more substantial than lymph node
status or patient age and is independent of cancer stage (Fig. 3K), indicating a potential prognostic role for these findings. Importantly, MECOM
overexpression is not readily explained by any
previously identified subgroups of KIRP, including subgroups with a CpG island methylator
phenotype or mutations in the gene encoding
fumarate hydratase, which have also been shown
to confer poor overall survival (13). These results
suggest that MECOM activation in KIRP identifies a previously unappreciated subgroup of
patients with adverse outcomes, a finding that
was uncovered by notable changes in the chromatin accessibility landscape of these samples.
Similarly, we found multiple distinct subgroups of PRAD and BRCA based on K-means
clustering of the top 25,000 variable distal ATACseq peaks (fig. S3, C and D). In PRAD, these
include subgroups driven by activity of AR,
tumor protein P63 (TP63), and forkhead box–
family TFs (fig. S3C). From an unsupervised
analysis of breast cancer, we identified motifs
of known TF drivers of luminal subtype identity, such as GATA binding protein 3 (GATA3)
and FOXA1, as being enriched in the peak clusters specific to a subset of luminal samples
(clusters 3 and 4, fig. S3D). We also identified a
potential role for grainyhead-like (GRHL) TF
motifs in basal breast cancer (32) (cluster 1, fig.
S3D) and an overlapping role for nuclear factor
I (NFI) in both basal and luminal A breast cancer (cluster 2, fig. S3D). Additionally, ATAC-seq
data can be used to identify regions of copy
number amplification de novo (33), enabling
the classification of HER2-amplified cases of
breast cancer (fig. S3, E to G).

RES
E SE AERC
A RH C| HR EAS EA
R TR CI HC ALRET I C LE
R
distribution and peak-to-gene linking specificity as observed in the pan-cancer predicted
links (fig. S5, F to I).
Many of these predicted peak-to-gene links
occur in clusters where multiple nearby peaks
are predicted to be linked to the same gene,
indicating that these clusters of peak-to-gene
links may function as part of a single regulatory unit or enhancer. Extending the width of
the linked ATAC-seq peaks to 1500 bp allows
for joining of these peaks into defined merged
putative enhancer units (fig. S5J). This resulted
in a total of 58,092 pan-cancer and 7622 BRCAspecific enhancer-to-gene links (data S7).

Fig. 4. Footprinting
analysis identifies
distinct TF activities
in cancer. (A) Schematic illustrating
the dynamics of
TF binding (purple) and
Tn5 insertion (green).
(B) Classification of TFs
by the correlation of
their RNA expression to
the footprint depth
and flanking accessibility of their motifs.
Color represents
whether the depth
(red), flank (blue), or
both (purple) are significantly correlated to
TF expression below
an FDR cutoff of 0.1.
Each dot represents
an individual deduplicated TF motif (see
methods). (C) TF footprinting of the TP63
motif (CIS-BP
M2321_1.02) in lung
cancer samples from
the squamous (cluster
8) or adenocarcinoma
(cluster 12) subtype.
The Tn5 insertion bias
track of TP63 motifs is
shown below. (D) Dot
plots showing the
footprint depth and
flanking accessibility of
TP63 motifs across all
lung cancer samples
studied. Each dot represents a unique sample. Color represents
cancer type (top),
RNA-seq gene expression (middle), or methylation beta value
(bottom). Samples
without matching RNA
or methylation data are
shown in gray. (E) TF
footprinting of the
NKX2-1 motif (CIS-BP
M6374_1.02) in lung
cancer samples from
the squamous (cluster
8) and adenocarcinoma
(cluster 12) subtype.
The Tn5 insertion bias
track of NKX2-1 motifs
is shown below. (F) Dot
plots showing the
footprint depth and
flanking accessibility of NKX2-1 motifs across all lung cancer samples studied. Each dot represents a
unique sample. Color represents cancer type (top), RNA-seq gene expression (middle), or methylation
beta value (bottom). Samples without matching RNA or methylation data are shown in gray.

To verify a regulatory interaction for the predicted peak-to-gene links, we used a CRISPR
interference (CRISPRi) (40) strategy using a
catalytically dead Cas9 (dCas9) fused to a Kruppelassociated box (KRAB) domain, which mediates
focal heterochromatin formation and functional
silencing of noncoding DNA regulatory elements
(Fig. 6A). In this way, targeting the distal peak
region of a predicted peak-to-gene link would be
expected to cause a decrease in the expression of
the linked gene, located tens to hundreds of
kilobases away. CRISPRi of a predicted distal
regulatory element linked to BCL2 (164 kbp,
Fig. 5C) led to a significant reduction in BCL2
gene expression in the luminal-like breast cancer MCF7 cell line but not in the basal-like MDAMB-231 cell line (Fig. 6B), consistent with the
role of BCL2 as a luminal-specific survival factor
(41). Similarly, CRISPRi of a distal regulatory
element linked to the SRC oncogene (−49 kbp,
Fig. 5D) led to a significant reduction in gene
expression in both MCF7 cells and MDA-MB231 cells (Fig. 6B). On a genome-wide scale, the
predicted BRCA-specific peak-to-gene links show
a strong enrichment in 3D chromosome conformation data from MDA-MB-231 cells (42),
providing further support for our link prediction strategy (Fig. 6C). Moreover, we found that,
of the peak-to-gene links predicted from BRCA
ATAC-seq data that are also associated with a
DNA methylation array CpG probe, 35% overlap
with links predicted jointly from DNA methylation array and RNA-seq data in an ELMER
analysis (8, 43) of the complete TCGA BRCA
dataset (N = 858 tumors) (P << 0.001; Fig. 6D,
fig. S6A, and data S8). These overlaps contain
many luminal-specific and basal-specific links
(fig. S6A), with a clear delineation between
luminal (fig. S6B) and basal (fig. S6C) breast
cancer samples. Integrating WGBS and ATACseq demonstrated the dynamics of methylation
and chromatin accessibility and the overlap of
predicted interactions at the non-basal FOXA1
and basal forkhead box C1 (FOXC1) loci (fig. S6,
D and E).
Similarly, previous work has leveraged TCGA
RNA-seq data to infer transcriptional networks
that consist of regulons, each of which is based
on a TF regulator and its associated positive and
negative target genes (fig. S7A) (44). For each
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regulon, every donor in the cohort can be assigned a positive, undefined, or negative regulon
activity as measured by a differential enrichment
score (dES) (45). Certain patterns of chromatin
accessibility are expected on the basis of the
target gene set and dES status of the donor
(fig. S7B). For example, in donors with positive
dES, chromatin at sites linked to positive target
genes should be more accessible, whereas chromatin at sites linked to negative targets should
be less accessible (fig. S7B). Examination of the
estrogen receptor 1 (ESR1) regulon in the 74 BRCA
donors profiled in this study identified 482
ATAC-seq distal peak-to-gene links corresponding to 124 ESR1 target genes (fig. S7C and
data S8). Accessibility at these peaks is strongly
concordant with expectations, further supporting the predicted links (P < 1 × 10−20, fig. S7D).
Examination of this regulon across all TCGA

BRCA donors (N = 1082) showed a significant
difference in overall survival between ESR1 dESpositive and -negative samples (fig. S7, E and F).
Together, pan-cancer and BRCA-specific peakto-gene links further informed cancer-related
GWAS polymorphisms, allowing the linkage of
SNPs to putative gene targets with about 65%
of all GWAS polymorphisms targeting a gene
other than the closest gene on the linear genome (data S5). SNPs falling within peak-togene links were predicted to act on important
cancer-related genes, including master regulators
of cancer and tissue identity such as NKX2-1
(fig. S7G) and TP63 (fig. S7H). Focusing specifically on the BRCA peak-to-gene links for which
published 3D chromosome conformation data
are available, we found clear examples of GWAS
SNPs interacting with distant, non-neighboring
genes, such as OSR1 (Fig. 6E and fig. S7I). More-

over, overlapping of the pan-cancer and breast
cancer–specific peak-to-gene links with expression quantitative trait loci (eQTLs, where genetic
variation at noncoding elements is associated
with gene expression differences) from the
Genotype-Tissue Expression (GTEx) project
showed significant overlap in almost all comparisons (N = 44 of 48 comparisons) (fig. S7J
and data S5). These results underscored our
ability to use these predicted peak-to-gene links
to generate key insights into published data
and inform poorly understood aspects of cancer
biology.
Identification of DNA regulatory
elements related to immunological
response to cancer
Of particular interest to current cancer therapy, immune infiltrates represent a substantial
Downloaded from http://science.sciencemag.org/ on January 23, 2019

Fig. 5. In silico linking of ATAC-seq peaks to genes. (A) Schematic of
the in silico approach used to link ATAC-seq peaks in distal noncoding DNA
elements to genes via correlation of chromatin accessibility and RNA
expression. (B) Heatmap representation of the 81,323 pan-cancer peak-togene links predicted. Each row represents an individual link between one
ATAC-seq peak and one gene. Color represents the relative ATAC-seq
accessibility (left) or RNA-seq gene expression (right) for each link as a
z-score. (C) Dot plot of the ATAC-seq accessibility and RNA-seq gene
expression of a peak-to-gene link located 164 kbp away from the
transcription start site of the BCL2 gene (peak 498895) that is predicted
to regulate its expression. Color represents the cancer type. Each dot
represents an individual sample. (D) Same as in Fig. 5C but for a peak
that is located 49 kbp away from the SRC gene (peak 525295). (E) Same

as in Fig. 5C but for a peak that is located 93 kbp away from the PPARG
gene (peak 98874). (F) Same as in Fig. 5C but for a peak that is located
58 kbp away from the ERBB3 gene (peak 381116). (G) Bar plot showing the
number of predicted links that were filtered for various reasons. First,
regions whose correlation is driven by DNA copy number amplification
were excluded (“CNA”). Next, regions of high local correlation were
filtered out (“Diffuse”). Lastly, peak-to-gene links where the peak
overlapped a promoter region were excluded (“Promoter”). The remaining
links (“Distal”) are used in downstream analyses. (H) Distribution of the
distance of each peak to the transcription start site (TSS) of the linked
gene. (I) Distribution of the number of peaks linked per gene. (J) Distribution
of the number of genes linked per peak. (K) Distribution of the number of
genes “skipped” by a peak to reach its predicted linked gene.
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related with computationally predicted metrics
of immune infiltration (46, 47) and inversely
correlated with tumor purity (48) (Fig. 6I). One
notable linked gene is programmed death ligand 1
(PDL1, also known as CD274), a key mediator
of immune evasion by cancer and an important target for cancer immunotherapy. PDL1 is
linked to four putative distal regulatory elements that exhibit distinct chromatin accessibility across cancer types and are located as
far as 43 kbp away from the PDL1 transcription
start site (Fig. 6, J and K). CRISPRi of each of
these four putative PDL1 regulatory elements
significantly decreased, but did not abrogate,
the expression of PDL1 mRNA in at least one of
the two breast cancer cell lines tested (MCF7
and MDA-MB-231 cells, Fig. 6L). These results
support a model where the expression of PDL1
is affected by the combined activity of multiple
distal regulatory elements.
Identification of cancer-relevant
noncoding mutations
In addition to identifying gene regulatory interactions in cancer, ATAC-seq combined with
whole-genome sequencing (WGS) can be used
to identify regulatory mutations driving cancer
initiation and progression. For example, if a
noncoding somatic mutation causes the generation of a TF binding site, this mutation could
lead to an increase in chromatin accessibility

Fig. 6. Validation of long-range gene regulation of cancer in peak-togene links. (A) Schematic of CRISPRi experiments performed. Each
experiment uses three guide RNAs (gRNAs) to target an individual peak.
The effect of this perturbation on the expression of the linked gene is
determined with quantitative polymerase chain reaction (qPCR). (B) Gene
expression changes by qPCR after CRISPRi of peaks predicted to be linked to
the BCL2 (peak 498895) and SRC (peak 525295) genes in MCF7 and
MDA-MB-231 cells. Error bars represent the standard deviation of four
technical replicates. ***P < 0.001 and NS is not significant by two-tailed
Student’s t test. (C) Meta-virtual circular chromosome conformation capture
(4C) plot of predicted BRCA-specific peak-to-gene links with distances
greater than 100 kbp. HiChIP interaction frequency is shown for the MDAMB-231 basal breast cancer cell line as well as multiple populations of
primary T cells. Th17, T helper 17 cell; Treg, regulatory T cell. (D) Bar plot
showing the overlap of predicted ATAC-seq–based peak-to-gene links and
DNA methylation–based ELMER predicted probe-to-gene links in BRCA, as
a percentage of all ATAC-seq–based peak-to-gene links with a peak
overlapping a methylation probe. The percentage of peak-to-gene links
overlapping an ELMER probe-to-gene link (34.9%) is compared to the
overlap with 1000 sets of randomized ELMER probe-to-gene links (3.6 ±
0.6%, P << 0.001). (E) Virtual 4C plot of the peak-to-gene link between
rs4322801 and the OSR1 gene. Normalized HiChIP interaction signal is
shown for the MDA-MB-231 basal breast cancer cell line as well as multiple
populations of primary T cells using the colors shown in Fig. 6C. ATAC-seq
sequencing tracks are shown below for four BRCA samples and MDA-MB-231
cells with increasing levels of OSR1 gene expression. The rs4322801 SNP
(left) and OSR1 gene (right) are highlighted by light blue shading. Region
shown represents chr2:18999999 to 19425000. (F) Diagram of the
hematopoietic differentiation hierarchy with differentiated cells colored as
either B cells (green), T cell or natural killer (Tcell/NK) cells (blue), or myeloid
cells (red). HSC, hematopoietic stem cell; LMPP, lymphoid-primed multipotent progenitor; CLP, common lymphoid progenitor; MPP, multipotent
progenitor; CMP, common myeloid progenitor, GMP, granulocyte macrophage
progenitor; HSPC, hematopoietic stem and progenitor cells; pDC, plasmacyCorces
et al., Science 362, eaav1898 (2018)
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in cis and a concomitant increase in the observed frequency of the mutant allele in ATACseq as compared with that in WGS (Fig. 7A).
Similarly, a mutation that inactivates a TF binding site can lead to a decrease in chromatin
accessibility and a concomitant decrease in the
observed frequency of the mutant allele. If such
mutations in regulatory elements were to be
functional in cancer, we might also expect that
they increase or decrease chromatin accessibility beyond the expected distribution observed
in nonmutated samples.
From the 404 donors profiled in this study,
high-depth WGS data was available for 35 donors
across 10 cancer types. These 35 donors had
374,705 called somatic mutations, with 32,696
falling within annotated ATAC-seq peaks and
2259 having at least 30 reads in both ATAC-seq
and WGS data (data S10). Among these mutations
were three separate occurrences of telomerase
reverse transcriptase (TERT) gene promoter mutations (Fig. 7B), previously shown to generate
de novo E26 transformation-specific (ETS) motif
sites. ATAC-seq is especially well suited to identifying these TERT promoter mutations because
the variant allele frequency is skewed owing to
the increase in accessibility on the mutant allele
(fig. S8A). Compared with the publicly available
exome sequencing data from TCGA, where the
TERT capture probes do not extend into the promoter region, ATAC-seq provided significantly

toid dendritic cell; mDC, myeloid dendritic cell. (G) Schematic of the analysis
shown in Fig. 6H. Peak-to-gene links are classified as related to immune
infiltration if their accessibility is higher in immune cells than TCGA cancer
samples and they are highly correlated to cytolytic activity. (H) Dot plot
showing ATAC-seq peak-to-gene links with relevance to immune infiltration.
Each dot represents an individual peak with a predicted gene link. Peaks that
are related to immune cells have higher ATAC-seq accessibility
in immune cell types compared to TCGA cancer samples. Peaks related to
immune infiltration have a higher correlation to cytolytic activity. Color
represents the cell type of the observation. The vertical dotted line represents
the mean + 2.5 standard deviations above the mean for all ATAC-seq peak
correlations to the cytolytic activity. The red shading indicates peak-to-gene
links that are predicted to be related to immune infiltration. The blue
shading indicates peak-to-gene links that are not predicted to be related to
immune infiltration. NS, not significant. (I) Violin plots of the distribution
of Spearman correlations across all peak-to-gene links predicted to be
related to immune infiltration (red) or not (blue) with various metrics of
tumor purity. (J) Normalized ATAC-seq sequencing tracks of the PDL1 gene
locus in six samples with variable levels of expression of the PDL1 gene
(right). Predicted links (red) are shown below for four peak-to-gene links
(L1 to L4, peaks 293734, 293735, 293736, and 293740, respectively) to the
promoter of PDL1. One of these peak-to-gene links (L2) overlaps an
alternative start site for PDL1 and was therefore labeled as a “promoter” peak
during filtration. This peak-to-gene link was added to this analysis after
manual observation. Region shown represents chr9:5400502 to 5500502.
(K) Heatmap representation of the ATAC-seq chromatin accessibility of the
5000-bp region centered at each of the four peak-to-gene links shown in
Fig. 6J. Each row represents a unique donor (N = 373) ranked by PDL1
expression. The correlation of the chromatin accessibility of each peak with
the expression of PDL1 is shown below the plot. Color represents normalized
accessibility. (L) Gene expression changes of the PDL1 gene by qPCR after
CRISPRi of peaks predicted to be linked to the PDL1 gene in MCF7 and MDAMB-231 cells. Error bars represent the standard deviation of four technical
replicates. ***P < 0.0001 and **P < 0.05 by two-tailed Student’s t test.
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contribution to the overall tumor composition
in solid tumors (46–48). We reasoned that infiltrating immune cells could contribute to our
ATAC-seq data, both through actions on tumor
cells and through increased chromatin accessibility at known immune-specific regulatory elements. Leveraging published ATAC-seq datasets
from the human hematopoietic system (25) and
data generated here from human dendritic cell
subsets (Fig. 6F), we characterized each of our
linked peaks by comparing its accessibility in
immune cell types to its accessibility in bulk
cancer samples (Fig. 6G). We reasoned that
peaks that are more accessible in immune cells
compared with our cancer cohort might be generated from immune cells associated with the
tumor tissue (Fig. 6G). Additionally, we correlated each linked peak to the cytolytic activity
score (49) of the tumor. The cytolytic activity
score is based on the log-average gene expression of granzyme A and perforin 1, two CD8
T cell–specific markers. Linked peaks that exhibit high correlation to cytolytic activity might
also be considered to be related to immune infiltration. Combining these two metrics, we identified peak-to-gene links expected to be highly
relevant to immune infiltration, including links
to genes relevant to antigen presentation and
T cell response (Fig. 6H and data S9). The accessibility of these peak-to-gene links that were
predicted to be immune-related is highly cor-
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higher sequencing coverage of the TERT promoter locus per read sequenced, enabling a more
robust classification of TERT promoter mutations (P < 1 × 10−7, fig. S8B). Of the three TERT
promoter mutations identified in the subset of
donors with matched WGS, one mutation, in
particular, leads to a significant increase in accessibility compared to the other nonmutated
members of that cancer type (FDR < 0.0001,
blue dot in Fig. 7, B and C). As expected, this
increase in TERT promoter accessibility is associated with a concomitant increase in TERT gene
expression (blue dot in Fig. 7C). TERT promoter
mutations, however, are not the only way to increase TERT gene expression, because high TERT
expression can also be observed in samples without identifiable TERT promoter mutations (Fig. 7C).
Consistent with a previous report (50), differential motif analysis at the site of this TERT
promoter mutation identified E74-like ETS tranCorces et al., Science 362, eaav1898 (2018)

scription factor 1 (ELF1) or ELF2 as the TF that
likely binds to the de novo ETS motif (fig. S8C).
In addition, we identified several mutations overlapping CCCTC-binding factor (CTCF) motif occurrences that are associated with decreased
accessibility at that site (fig. S8, D and E). However, these mutations were relatively rare and
often had only small effects on the accessibility
of the CTCF motif site despite a known enrichment of somatic mutations in CTCF motif
sites in cancer (51, 52).
In addition to known TERT promoter mutations, integrative analysis of WGS and ATACseq data uncovered a mutation upstream of the
FYVE RhoGEF and PH domain-containing 4
(FGD4) gene, a regulator of the actin cytoskeleton
and cell shape. This mutation occurs in a bladder
cancer sample where the variant allele frequency observed in ATAC-seq is markedly higher
than the variant allele frequency observed in

26 October 2018
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WGS (Fig. 7B). This mutation is associated
with a significant increase in accessibility compared to other bladder cancer samples in this
cohort (Fig. 7, B and D) and is accompanied by
a similar increase in FGD4 mRNA (Fig. 7D).
Moreover, this mutation upstream of the FGD4
gene (referred to as eFGD4 for enhancer FGD4)
leads to a level of accessibility that is higher than
any of the other samples profiled by ATAC-seq
in this study (fig. S8F) and a level of FGD4 gene
expression that is in the top 3% of all bladder
cancer samples in TCGA (fig. S8G). As estimated
by WGS data, this eFGD4 mutation is present in
a subclone comprising about 13% of the tumor
(Fig. 7E); however, the mutant allele is present
in 96% of all ATAC-seq reads spanning this
locus (Fig. 7E), demonstrating a strong preference for accessibility on the mutant allele. This
eFGD4 mutation is analogous to, but potentially
more potent than, the TERT promoter mutation
26 October 2018
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Discussion
Here we provide an initial characterization of
the chromatin regulatory landscape in primary
human cancers. This dataset identified hundreds
of thousands of accessible DNA elements, expanding the dictionary of regulatory elements
discovered through previous large-scale efforts
such as The Roadmap Epigenomics Project. The
identification of these additional elements was
made possible through (i) our analysis of primary cancer specimens, (ii) greater saturation
of some cancer and tissue types in our dataset,
or (iii) potential differences between ATAC-seq
and DNase-seq platforms. Nevertheless, the high
overlap between the two datasets demonstrates
the robustness of both platforms and the consistency of the observed results.
The exquisite cell type–specificity of distal
regulatory elements from our ATAC-seq data
enabled the classification of cancer types and
the discovery of previously unappreciated cancer
26 October 2018
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Fig. 7. Integration of WGS and ATAC-seq identifies cancer-relevant regulatory mutations.
(A) Schematic of how functional variants are identified in regulatory elements. The example shown
depicts the TERT promoter. (B) Dot plot of the difference in variant allele frequency (VAF) of ATAC-seq
and WGS and the changes in chromatin accessibility caused by the given variant with respect to other
samples of the same cancer type. Variants with a higher variant allele frequency in ATAC-seq than WGS
would be expected to cause an increase in accessibility. Each dot represents an individual somatic
mutation. (C) Normalized ATAC-seq and RNA-seq of thyroid cancer donors profiled in this study.
Each dot represents an individual donor. Blue dot represents the donor with a TERT promoter
mutation shown in Fig. 7B. Other thyroid cancer donors known to harbor a TERT promoter mutation
were excluded from this plot. The hinges of the box represent the 25th to 75th percentile. WT, wild type.
(D) Normalized ATAC-seq and RNA-seq of bladder cancer donors profiled in this study. Each dot
represents an individual donor. Purple dot represents the donor with a mutation upstream of
the FGD4 gene shown in Fig. 7B. The hinges of the box represent the 25th to 75th percentile.
(E) Comparison of wild-type and mutant reads in WGS and ATAC-seq data at the TERT promoter and
FGD4 upstream region for the donors highlighted in (D) and (E). (F) Normalized ATAC-seq sequencing
tracks of the FGD4 locus in the 10 bladder cancer samples profiled in this study, including the one
sample with a mutation predicted to generate a de novo NKX motif (TCGA-BL-A13J). Locus shown
represents chr12:32335774 to 32435774. The mutation position is indicated by a black dotted line.
The predicted enhancer region surrounding this mutation is highlighted by light blue shading.
(G) Difference in motif score in the wild-type and mutant FGD4 upstream region. Motif score
represents the degree of similarity between the sequence of interest and the relevant motif. Each dot
represents an individual motif. (H) Overlay of the NXK2-8 motif (CIS-BP M6377_1.02) and the wildtype and mutant sequences of the FGD4 upstream region. (I) Kaplan-Meier survival analysis of TCGA
bladder cancer patients with high (top 33%) and low (bottom 33%) expression for the FGD4 gene.

described above (Fig. 7E). In the case of the
eFGD4 mutation, this dramatic allele bias occurs because chromatin at this locus is not
normally accessible in any of the bladder cancer samples profiled in this study (gray dots
and tracks in Fig. 7, D and F) but becomes highly
accessible in the context of the eFGD4 mutation
(purple dot and track in Fig. 7, D and F). Differential motif analysis identified NKX factor
motifs as the most strongly enriched in the sequence corresponding to the eFGD4 mutation
(Fig. 7G), where a C-to-T transition at position
two generated a perfect NKX2-8 motif de novo
from a latent site (Fig. 7H). RNA-seq data from
the mutated sample identified multiple expressed
NKX TFs [transcripts per million (TPM) > 0.5],
nominating NKX3-1, NKX2-3, and NKX2-5 as
potential mediators of this DNA binding event
(fig. S8H). From this, we hypothesized that the
eFGD4 mutation creates a de novo binding site
for an NKX TF which, upon binding to the
DNA, leads to a broad increase in accessibility
across the entire 12-kbp region upstream of the
FGD4 gene. This hypothesis was further supported by the observation that the ATAC-seq accessibility of the entire FGD4 upstream locus
occurs on a single phased allele (fig. S8I). Moreover,
separation of subnucleosomal and nucleosomespanning reads in the ATAC-seq data are consistent with protein binding at the site of the
eFGD4 mutation (light blue shading in fig. S8I).
Lastly, because higher FGD4 expression is significantly associated with worse overall survival
in bladder cancer (Fig. 7I and fig. S8J), this mutation could have functional consequence in
this particular cancer. Whether the eFGD4 mutation or other enhancer mutations emerge as
recurrent drivers of human cancer should be
addressed in future studies. Our data identified
multiple additional noncoding mutations associated with a concomitant gain of chromatin
accessibility and increase in RNA expression
(fig. S8, K to Q), and we anticipate that future
work will uncover mechanisms underlying this
type of regulatory mutation across all cancer types.
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tarity of these two data types, perhaps owing to
the presence of intermediate chromatin states
such as poised promoters or enhancers (53, 54).
Moreover, integration of RNA-seq and ATACseq across the 373 donors with paired datasets
enabled a quantitative model to link the accessibility of a regulatory element to the expression
of predicted target genes. This workflow identified putative links for more than half of the
protein-coding genes in the genome, informing
the target genes of poorly understood GWAS
SNPs and increasing our understanding of cancer gene regulatory networks. These predictions
were further supported using 3D chromosome
conformation data, and a subset were validated
through CRISPRi experiments in breast cancer
cell lines. However, profiling of chromosome
conformation in primary cancer samples has
not been performed on a large scale. Future
work to produce maps of chromosome conformation in these or other primary cancer samples will improve our understanding of gene
regulatory networks in cancer and further clarify the roles for certain GWAS-identified SNPs
in cancer initiation and progression.
Lastly, through integration of WGS and ATACseq, we revealed a class of somatic mutations
that occur in regulatory regions and lead to
strong gains in chromatin accessibility. We
demonstrated that these mutations likely lead
to changes in nearby gene expression and affect
genes whose expression is linked to poorer overall survival. Some of these mutations, such as
those occurring in the TERT promoter, have
been found to be recurrent whereas others, such
as the mutation upstream of the FGD4 gene,
may be rare but functionally important. Because
the enhancer functions are often distributed
and latent enhancer sequences are pervasive in
the genome, noncoding mutations in cancer
may be especially challenging and require highthroughput functional assessment. Future largerscale efforts to combine genome and epigenome
sequencing will pave the way to tackling the
noncoding genome in cancer.
Materials and methods summary
ATAC-seq data was generated from 410 tissue
samples from the TCGA collection of primary
human tumors. These samples spanned 23 different tumor types. These ATAC-seq data were
used to cluster samples, identifying epigenetically defined patient subgroups. Moreover, TF
regulators of cancer were defined, and footprinting of these regulators was correlated to
gene expression to identify putative classes of
TFs. A correlation-based model was developed
to link ATAC-seq peaks to putative target genes.
These putative links were validated using CRISPRibased perturbation of the peak region followed
by quantification of changes in gene expression.
Publicly available HiChIP data and GTEx eQTL
data were further used to support genome-wide
peak-to-gene linkage predictions. Lastly, WGS
and ATAC-seq were combined to identify noncoding mutations that affect chromatin accessibility in an allele-specific manner.
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subtypes. De novo clustering of TCGA samples
based on chromatin accessibility strongly overlaps previous integrative clustering methods,
identifying 18 distinct cancer clusters. Comparing this clustering scheme to other clustering
schemes defined by cancer type, mRNA, miRNA,
DNA methylation, RPPA, and DNA copy number
alterations, we observed the strongest concordance of our clustering scheme with mRNA and
cancer type, consistent with a close functional
linkage between chromatin accessibility and
transcriptional output. The strength of the observed associations is influenced by the features
represented for each platform. For example, the
DNA methylation clusters are based on cancerspecific promoter hypermethylation (28). Clustering based on DNA methylation at distal
regulatory elements would likely show a stronger correlation with the ATAC-seq groupings,
but distal regulatory element representation
on the DNA methylation array used for these
samples was too sparse to allow such an analysis. We also identified epigenetically distinct
subtypes of kidney renal papillary cancer that
have clear differences in overall survival. This
cancer type–specific activity in DNA regulatory
elements may arise via mutations within the
regulatory element, pathologic transcription factor activity, or reflect the regulatory state of the
tumor’s cell of origin (e.g., stem cells). As the
chromatin accessibility landscapes of additional
primary cancer samples are profiled, we anticipate the identification of further epigenetic
subdivisions with prognostic implications, potentially nominating avenues for therapeutic
intervention.
The data generated in this study fully represents the cellular complexity of primary human
tumors, comprising signals from tumor cells,
infiltrating immune cells, stromal cells, and other
normal cell types. In many ways, this complexity is advantageous because it allows complex
systems-level analyses to be performed in the
future, including cellular deconvolution approaches to understand the contributions of
various cell types or cell states to the overall
landscape of chromatin accessibility. However,
the admixed nature of this signal also highlights
the need for future work to profile the chromatin accessibility of matched healthy tissues to
further refine the specific changes that drive
cancer. Nevertheless, the chromatin accessibility profiles generated in this study represent the
largest effort to date to characterize the regulatory landscape in primary human cancer cells.
Using this data-rich resource, we identified
classes of TFs whose expression leads to different patterns in TF occupancy and motif
protection. By integrating RNA-seq and ATACseq, we found factors whose expression is sufficient for both motif protection and nucleosome
repositioning and demonstrated this binding to
be inversely correlated with the level of DNA
methylation at those binding sites. Despite this
strong correlation, many sites of differential
chromatin accessibility do not show differential
methylation, demonstrating the complemen-
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INTRODUCTION

Historic dogma describing tumor evolution is based on outgrowth
and expansion of clonal tumor populations; however, it is now appreciated that both genetic and nongenetic mechanisms drive tumor
evolution fostering phenotypic variability of neoplastic cells and their
clones. These changes underlie aggressive tumor growth, metastatic
spread, acquisition of tumor heterogeneity, and therapeutic response
or resistance (1, 2). While our understanding of the molecular and
cellular mechanisms contributing to intratumoral heterogeneity has
significantly expanded, there are no effective therapies quelling het1
Department of Cell, Developmental and Cancer Biology, Oregon Health & Science
University, Portland, OR 97239, USA. 2Department of Surgery, Oregon Health & Science University, Portland, OR 97239, USA. 3Department of Medicine, Oregon
Health & Science University, Portland, OR 97239, USA. 4Department of Medical Informatics and Clinical Epidemiology, Oregon Health & Science University, Portland,
OR 97239, USA. 5Center for Early Detection Advanced Research, Oregon Health &
Science University, Portland, OR 97239, USA. 6Department of Biomedical Engineering, Oregon Health & Science University, Portland, OR 97239, USA. 7Division of
Basic Sciences, Fred Hutchinson Cancer Research Center, 1100 Fairview Avenue
North, Seattle, WA 98109, USA. 8Department of Physiology and Pharmacology, Oregon Health & Science University, Portland, OR 97239, USA. 9Knight Cancer Institute, Oregon Health & Science University, Portland, OR 97239, USA. 10Department
of Molecular and Medical Genetics, Oregon Health & Science University, Portland,
OR 97239, USA. 11Department of Radiation Medicine, Oregon Health & Science University, Portland, OR 97239, USA. 12Department of Computational Biology, Oregon
Health & Science University, Portland, OR 97239, USA.
*These authors contributed equally to this work.
†Present address: Division of Hematology/Oncology, Pediatrics, PO Box 800386,
University of Virginia, Charlottesville, VA 22908, USA.
‡Present address: Department of Biochemistry, University of Utah, Salt Lake City,
UT 94112, USA.
§Present address: Ludwig Center for Cancer Research of the University of Lausanne,
Chemin des Boveresses 155, Epalinges VD, 1006 Lausanne, Switzerland.
¶Present address: Sera Prognostics, 2749 East Parleys Way, Suite 200, Salt Lake City,
UT 84109, USA.
‖Corresponding author. Email: wongme@ohsu.edu

Gast et al., Sci. Adv. 2018; 4 : eaat7828

erogeneity to improve patient stratification or response to anticancer therapies, highlighting the need for advances in this area.
Heterotypic cell fusion is a fundamental developmental mechanism
serving to enhance cellular diversity; the most notable and beststudied example is fusion of sperm and egg. In adult murine intestines,
we previously reported that fusion between hematopoietic and epithelial cells is readily detected in response to injury (3, 4); similar
findings have been reported with various cells, including hepatocytes,
cardiomyocytes, and skeletal muscles (5–8). In cancer, however, despite a century-old hypothesis that cell fusion contributes to tumor
initiation (9–11) and acquisition of metastatic behaviors (10, 12, 13),
few experimental studies have mechanistically addressed the functional underpinnings or consequences of cell fusion in the etiology
of malignant progression. Reports using various approaches identify
human tumor cells with immune and malignant characteristics
(13–19); the etiologic mechanism for these cells is attributed to cell
fusion, developmental mimicry, transdifferentiation, or other unidentified mechanisms. These previous studies do not address the
biologic significance of the hybrid tumor cells or present evidence
from experimental models to support the mechanism. Since underlying mechanisms for these cells cannot easily be determined in human
subjects, murine models and in vitro studies provide a more appropriate and tractable platform for investigation.
In our previous studies, we reported that in vivo fusion between
intestinal epithelial cells and macrophages (MФs) yields hybrid offspring retaining epithelial characteristics defined by their gene expression profile (12). On the basis of this report, and recognizing that
MФs are inherently migratory, we sought to determine physiologic
relevance of cell fusion to tumor heterogeneity by enhanced somatic
diversity of neoplastic hybrids, through increased migratory or invasive
properties, and by instilling a selective metastatic advantage. Herein,
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High lethality rates associated with metastatic cancer highlight an urgent medical need for improved understanding
of biologic mechanisms driving metastatic spread and identification of biomarkers predicting late-stage progression.
Numerous neoplastic cell intrinsic and extrinsic mechanisms fuel tumor progression; however, mechanisms driving
heterogeneity of neoplastic cells in solid tumors remain obscure. Increased mutational rates of neoplastic cells in
stressed environments are implicated but cannot explain all aspects of tumor heterogeneity. We present evidence
that fusion of neoplastic cells with leukocytes (for example, macrophages) contributes to tumor heterogeneity,
resulting in cells exhibiting increased metastatic behavior. Fusion hybrids (cells harboring hematopoietic and
epithelial properties) are readily detectible in cell culture and tumor-bearing mice. Further, hybrids enumerated
in peripheral blood of human cancer patients correlate with disease stage and predict overall survival. This unique
population of neoplastic cells provides a novel biomarker for tumor staging, as well as a potential therapeutic
target for intervention.
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we present a systematic analysis of MФ–neoplastic cell fusion (referred to as MФ–cancer cell fusion or fusion hybrid) using ex vivo
and in vivo murine cancer models to provide evidence that hybrids
acquire functional MФ-associated phenotypes that enhance tumor
progression. Analyses of human tumor biopsies and peripheral blood
reveal a novel circulating hybrid cell (CHC) population (defined as
cells harboring hematopoietic and epithelial/tumor properties), whose
numbers correlate with disease stage and predict overall outcome,
thereby representing a biomarker for patient stratification.
RESULTS
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Fusion hybrids acquire differential response
to the microenvironment
Despite acquiring MФ gene expression profiles, MФ–cancer cell fusion hybrids initially retained in vitro proliferative capacity similar
to unfused neoplastic cells, as opposed to MФs (fig. S3B). However,
with prolonged culture, that is, past confluence, unfused neoplastic
cells pile on themselves, forming cellular aggregates, whereas MФ–
cancer cell fusion hybrids remained sheet-like with mesenchymal
histologic features, indicating an acquired contact inhibition (fig. S3B
and movie S2). These data indicate that, although hybrids have similar division rates, they gain differential growth properties as compared to unfused cancer cells. To determine whether these in vitro
differences were recapitulated when cells were grown in vivo, in vitro–
derived hybrids from MC38 or B16F10 cells were respectively injected subcutaneously into the flank or intradermally into syngeneic
immunocompetent mice. Hybrids retained tumorigenic potential,
with MC38 hybrids displaying shorter doubling times as compared
to unfused parental cancer cells [data from two hybrid clones and
two unfused cancer cell clones (Fig. 2A); B16F10 not shown], indicating that hybrids gain growth advantage in an in vivo microenvironment.
To determine whether hybrid cells acquired enhanced ability to
seed and/or proliferate in ectopic microenvironments, we conducted
experimental metastases assays. MC38-derived hybrids injected into
spleens readily trafficked to the liver and resulted in increased metastatic foci per area compared to unfused parental cancer cells (Fig. 2B),
indicating that cancer fusion hybrids gained enhanced properties
required for trafficking to metastatic sites, seeding, and/or growing in
a new microenvironment. Likewise, B16F10-derived fusions injected
intravenously resulted in greater metastatic lung tumor area, relative
to control, unfused B16F10 (Fig. 3G), indicating that they trafficked,
adhered, or proliferated more efficiently within the lung. These acquired phenotypic behaviors aligned with data from gene expression analyses that identified increased fusion-associated expression of
GO pathway genes implicated in metastatic spread (table S2). In particular, those pathways contributing to tumor invasion—attachment,
matrix dissolution, and migration—as well as pathways involving response to specific microenvironmental cues (22–24) were up-regulated
in hybrids relative to unfused tumor cells.
These results led us to ask whether tumor hybrids gain selective
advantages in different microenvironments that may reflect primary
tumor or metastatic sites. To directly test distinct microenvironmental
interactions, we evaluated adhesion phenotypes and cytokinedependent growth responsiveness of MC38-derived fusion hybrids
versus unfused tumor cells using a microenvironment microarray
(MEMA) platform (25). This high-throughput assay specifically measures cellular behavior in distinct engineered microenvironments containing variable extracellular matrix (ECM) molecules, growth factors,
and chemokines, spotted combinatorially in rows and columns,
thus permitting comparison of adhesion phenotypes among unfused
cancer cells, MФs, and hybrids. Analysis of microenvironmentspecific adhesion revealed that MC38 cells harbor distinct growth
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In vitro–derived MФ–neoplastic cell fusion hybrids display
biparental lineage
On the basis of our previous findings that MФs are the prominent
fusogenic bone marrow–derived cell partner for epithelial cells (12),
we used in vitro validation and analyses of MФ–cancer cell fusion
hybrids to examine contributions of the neoplastic cell and MФ to
the identity of the hybrid cells. To generate in vitro–derived hybrids,
we engineered two murine cancer cell lines, colon adenocarcinoma
(MC38) and melanoma (B16F10), to stably express Cre recombinase
and histone 2B fused to red fluorescent protein (H2B-RFP). In cocultures, engineered MC38 and B16F10 cancer cells spontaneously
fused with bone marrow–derived MФs isolated from transgenic
mice expressing either actin–green fluorescent protein (GFP) (20)
or a yellow fluorescent protein (YFP) Cre reporter (21). This resulted
in MФ–cancer cell fusion hybrids identified by coexpression of nuclear
RFP and cytoplasmic GFP or YFP (Fig. 1, A and B; figs. S1A and S2;
and movie S1). YFP expression enabled subsequent fluorescenceactivated cell sorting (FACS) isolation of hybrid cells and downstream
validation of their identity using immunoblot analyses and YFP expression (Fig. 1C). Notably, in control experiments where conditioned media from GFP-expressing MФs incubated on MC38s or
conditioned media from Cre-expressing MC38s incubated on YFP
Cre reporter MФs, fusion hybrids were not detected.
To demonstrate the biparental lineage of hybrid cells, we used
three discrete approaches. First, Ms labeled with 5-ethynyl-2′deoxyuridine (EdU) before coculture with H2B-RFP–expressing
neoplastic cells produced MФ–cancer cell fusion hybrids that initially harbored two nuclei, one labeled with EdU (MФ origin) and
the other expressing H2B-RFP (neoplastic cell origin; Fig. 1D). Upon
the first mitotic division, binucleated hybrids underwent nuclear
fusion, yielding a single nucleus containing both EdU- and H2B-RFP–
labeled DNA (Fig. 1D).
A second approach, karyotype analyses of sex chromosomes,
demonstrated that male MФs (XY) fused to neoplastic cells (XO) generated hybrids containing three sex chromosomes (XXY; Fig. 1E),
consistent with a fusion event. Chromosome enumeration revealed
that hybrids existed as a unique cell population defined by their sex
chromosome and total chromosome content when compared to
parental MФs or cancer cells (Fig. 1F, red spheres are hybrids, black
spheres are MФs, and white spheres are MC38s). Loss of chromosomes observed in hybrid clones occurred with temporal in vitro
passage (fig. S3A); karyotype analyses of single hybrid cells revealed
variable chromosome numbers (Fig. 1F), indicating that cell fusion
contributes to tumor cell heterogeneity.
Finally, transcriptome analyses revealed that MФ–cancer cell hybrids predominantly exhibited neoplastic cell transcriptional identity, while notably, retained MФ gene expression signatures (Fig. 1G,

red bar, and table S1) that clustered into gene ontology (GO) biologic functions attributed to MФ behavior (table S2). Of the five
independently analyzed hybrid clones, each displayed a high degree of
heterogeneity with respect to their MФ gene expression. Together, these
findings support the tenet that cell fusion between MФs and neoplastic cells produces heterogeneous hybrid cells sharing characteristics
of both parental predecessors but possessing their own characteristics.
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Fig. 1. In vitro–derived MФ–cancer cell fusion hybrids. (A) MC38 (H2B-RFP) cancer cells and GFP-expressing MФs cocultured in a ratio of 1:2 result in hybrid cells with
RFP nuclei and GFP-expressing cytoplasm (yellow arrowhead) among unfused cancer cells (white arrow) and MФs (white arrowhead). (B) MC38 (H2B-RFP/Cre) cancer cells
cocultured with MФs expressing the Cre reporter, R26R-stop-YFP results in YFP-expressing hybrid cells (yellow arrowhead). (C) YFP-expressing hybrids can be FACS-isolated
to purify YFP-expressing hybrid cells confirmed by immunoblot. A representative FACS plot is shown. (D) Cocultured MФs labeled with EdU (green) and MC38 (H2B-RFP/Cre)
cancer cells produce YFP-expressing hybrids that initially harbor two nuclei—one from each parent; upon mitotic division, these undergo nuclear fusion, resulting in a
single nucleus with EdU-labeled and RFP-expressing DNA. Hybrid cell outlined in yellow. Scale bar, 10 m. (E) Karyotype and X (red) and Y chromosome (green) fluorescence
in situ hybridization (FISH) analyses of parental MФs, unfused MC38 cancer cells, and fusion hybrids. (F) Fusion hybrids (red sphere, n = 45) cluster as a unique population
based on their chromosome number and sex chromosomes, relative to MФs (white sphere, n = 27) and MC38s (black sphere, n = 28). (G) Microarray analyses of n = 5 independent hybrid isolates and n = 3 each for MC38 and MФ populations. The yellow bar denotes hybrid gene expression unique from MC38s and MФs. The red bar marks
hybrid gene expression that is similar to that in MФs.
Gast et al., Sci. Adv. 2018; 4 : eaat7828
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factor–independent adhesive preferences for select ECM molecules,
most notably, fibronectin (fig. S3C). MФs, by contrast, exhibited
enhanced adhesion to collagen XXIII, vitronection (the ECM component), and more uniform adhesion across all MEMA conditions
relative to unfused cancer cells (fig. S3C). Fusion hybrids exhibited
a combination of adhesion biases, reflecting properties of both parental
cells, potentially providing a broader adhesive affinity in different
microenvironments. Further analysis, using hierarchical clustering,
distinguished hybrids from unfused cancer cells with respect to adhesion on independent microenvironments (fig. S3C).
To extend these observations and determine whether MФ fusion
provided cancer cells with a selective proliferative or survival advantage, we directly analyzed effects of >90 different cytokines, chemokines, and soluble factors on unfused MC38s and hybrids (not shown).
A number of growth factors induced differential influence on MC38
cells as compared to hybrids, including transforming growth factor
Gast et al., Sci. Adv. 2018; 4 : eaat7828
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(TGF1-3), which induced dose-dependent suppression of MC38 proliferation but showed no effect on hybrids (fig. S4, A, C, and D).
Likewise, a moderate, dose-dependent growth-suppressing effect of
hepatocyte growth factor (HGF) was apparent on MC38 cells but not
on hybrids (fig. S4B). More strikingly, hybrids were resistant to tumor
necrosis factor– (TNF-) that profoundly inhibited proliferation of
MC38 cells (fig. S4E). Resistance of hybrids to cytokine concentrations that suppressed MC38 growth indicates that MФ fusion influences selective cellular phenotypes and altered cancer cell responses
to microenvironmental factors to yield adhesive, proliferative, and
potentially survival advantages.
Fusion hybrids acquire M-associated phenotypes
To determine whether cell fusion provides a mechanism by which
neoplastic cells acquire M phenotypes consistent with tumor promotion, we evaluated MФ attributes up-regulated in hybrids identified
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Fig. 2. In vitro–derived fusion hybrid characterization. (A) Proliferation analysis of MC38 cells and MC38-derived hybrids injected into flanks of immunocompetent
syngeneic mice (n = 13 mice, each from two different hybrid isolates). Each data point reflects tumor growth in a single mouse. (B) Analysis of metastatic seeding potential
of hybrids and MC38 cells injected into spleens and area analyzed in H&E-stained tissue sections of the liver [n = 15 mice injected with MC38 cells (three different hybrid
clones), n = 17 mice injected with hybrids, with each data point reflecting metastatic tumors analyzed in the liver]. (C) Static portrayal of migration tracks from unfused
MC38s (black) and a MC38-derived fusion hybrid (red) generated from live-imaged cocultures. Images reflect representative images. (D) The mean speed of hybrids (red bar)
relative to MC38s (gray bar) is statistically significant (*P < 1.1 × 10−9). (E) In vitro invasion assay of MC38 cells and MC38-derived hybrids in Matrigel invasion chambers,
stained with crystal violet after 15 hours. Data reflect the average of triplicate samples in biologic replicates. (F) A representative data set evaluating chemotaxis toward
CSF1 and SDF1 ligands. Hybrid cell chemotaxis toward CSF1 and SDF1 is statistically significant relative to unfused MC38 cells after 24 hours (P < 0.05). Three independent
experiments of triplicates or quadruplicates were conducted for each ligand. Multiple hybrid clones were assessed. (G) Incubation of cells with blocking antibodies to
CSF1R and CXCR4 reduces migration of hybrids toward ligands. P < 0.05 and P < 0.01, respectively (hybrid, red bar; MC38, gray bar).
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Fig. 3. B16F10 in vivo–derived fusion hybrids. (A) B16F10 (H2B-RFP) cells (5 × 104 cells) intradermally injected into GFP-expressing mice (n = 12, two hybrid clones) were
harvested at ~1.0 cm at study end point. (B) Fluorescence analyses of tumor sections for RFP (red) and GFP (green) reveal double-positive hybrids and phagocytosed
cancer cells with different nuclear morphology. Scale bar, 25 m. (C) B16F10 (H2B-RFP/Cre) cells injected (5 × 104 cells) into R26R-stop-YFP transgenic mice (n = 8).
(D) Representative FACS plot of hybrid and unfused cancer cells from a dissociated tumor, for example, hybrids (red box) and unfused (black box) cancer cells (n = 6 single
tumor analyses, n = 2 pooled tumor analyses, n = 13 mice). (E) Three hundred FACS-isolated cells were injected into wild-type secondary recipient mice (n = 19 unfused,
n = 19 hybrids) analyzed for tumor growth at 40 days, and (F) 3000 FACS-isolated cells were injected into syngeneic recipient mice (n = 3 MC38 injected mice, black lines;
n = 3 hybrid injected mice, red lines) and temporally monitored for growth. (G) B16F10 (H2B-RFP) or MФ–B16F10-derived hybrid cells tail vein–injected into wild-type
mice (n = 12 mice). Macroscopic view of lungs and H&E of a tissue section. Quantification of tumor area. (H) Flow analyses of in vivo–derived B16F10 fusion hybrids from
a primary tumor. RFP/GFP coexpressing cells analyzed for cell surface MФ identity. All boxes represent hybrid populations. Open box denote hybrids that have lost CD45
expression (n = 6 mice each). (I) B16F10 (fl-dsRed-fl-eGFP) cells intradermally injected into LysM-Cre mice (n = 4) were harvested at ~1 cm. Primary tumor or metastatic
lung tumors stained with antibodies to GFP (green) and the tumor protein microphtalmia-associated transcription factor (MITF, red). Scale bar, 25 m.

by GO pathway analysis (table S2); behaviors shared by both MФ
and fusion hybrids included migration, invasion, and response to
paracrine stimuli (table S3). To determine whether hybrids harbored enhanced functional motility, we evaluated in vitro–derived
MC38-derived fusion hybrids and unfused MC38 cells for migratory
capacity in live-imaged MФ and neoplastic cell cocultures. Using
Gast et al., Sci. Adv. 2018; 4 : eaat7828

TrackMate analysis to calculate the mean speed of cells, hybrid clones
exhibited increased motility compared to nearby unfused MC38 cells
(Fig. 2, C and D). Moreover, when evaluated for invasive properties
using a Boyden invasion assay, MC38-derived hybrids exhibited enhanced migration and invasion activity, relative to unfused cancer
cells (Fig. 2E); these results were consistent with invasive properties
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Tumor cell fusion hybrids are generated in vivo
In vitro–derived fusion hybrids allowed for in-depth functional analyses of acquired MФ behaviors, and FISH analyses of human tumors
indicated that cell fusion occurs in vivo. These studies provided only
partial insight into the physiologic relevance of fusion hybrids in
human cancer. Therefore, to extend the relevance and functional
significance of fusion in enhanced tumor heterogeneity and acquired behaviors for tumor progression, we investigated cell fusion
in mouse models of cancer. MC38 cancer cells were injected into the
flanks of R26R-YFP Cre reporter mice; fusion hybrids were identified
as RFP+YFP+ cells detected among unfused tumor cells (RFP+) using
immunohistochemical analyses of primary tumors. Orthotopic injection of MC38 cancer cells into the cecum resulted in pervasive
peritoneal seeding, limiting the utility of this model. B16F10 melanoma cells injected intradermally into recipient mice readily developed
1.0-cm tumors (Fig. 3A), and subsequent analysis of primary B16F10
tumors revealed presence of RFP+/GFP+ fusion hybrids in actinGFP recipient mice (Fig. 3B) and RFP+/YFP+ fusion hybrids in R26RYFP Cre reporter mice (fig. S5, A and B). Using the latter system
and FACS analyses, primary tumors were dissociated to single cells
to determine the extent of cell fusion (YFP+/RFP+) in primary tumors.
Hybrids represented a rare neoplastic cell population within the
primary tumor (representative experiment: hybrids, 0.48% of RFP+
cells; but overall hybrids range from 0.03 to 0.69% of RFP+ cells
from n = 6 individually analyzed tumors; Fig. 3D and fig. S6).
To determine whether hybrids retained tumorigenicity, 300 FACSisolated in vivo–derived hybrid cells were injected intradermally
into secondary recipient mice (n = 19; Fig. 3C) and resulted in tumor
growth, demonstrating that hybrid cells retained tumorigenicity
(Fig. 3E). To assess tumor heterogeneity, we subsequently isolated
and injected 3000 in vivo–derived fusion hybrids to facilitate temporal analyses of robust tumor growth properties in n = 3 mice.
In vivo–derived fusion hybrids displayed different rates of tumor
Gast et al., Sci. Adv. 2018; 4 : eaat7828
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growth (Fig. 3F), indicating that hybrid cells have heterogeneous growth
capacity and resulted in different rates of tumor growth.
Hybrid cell metastatic potential was evaluated using an experimental metastases model. In vitro–derived hybrids were introduced
into circulation by tail vein injection. Tumor cells that trafficked to
the lungs and grew as metastatic foci were identified macroscopically
by their pigmented appearance and microscopically on tissue section by hematoxylin and eosin (H&E) staining. Metastatic tumor
area was quantified; hybrid cells showed markedly greater metastatic
burden than injected unfused tumor cells (Fig. 3G).
To determine whether in vivo–derived fusion was generated from
MФ fusion partners, primary tumors were dissociated into single
cells, and fusion hybrids coexpressing RFP and GFP were analyzed
for cell surface MФ antigen expression (Fig. 3H and fig. S7). Identification of discrete populations of hybrids with MФ-associated surface identity points to a MФ fusion partner. Further, to establish the
MФ as a fusion partner, B16F10 cells harboring an fl-dsRed-fl-eGFP
allele were orthotopically injected into LysM-Cre transgenic mice
(Fig. 3I). Analyses of primary tumor and lung metastases revealed
MITF-expressing tumor cells harboring Cre-mediated GFP expression (Fig. 3I). Collectively, these data indicate that hybrid cells are of
MФ-tumor fusion origin, develop spontaneously in vivo, retain tumorigenic capacity, and exhibit accelerated tumor progression properties.
MФ–tumor cell fusion hybrids are enriched in circulation
Detectible fusion hybrids in both primary and metastatic sites supported the possibility that fused neoplastic cells readily disseminate
from primary to distant sites. To explore this, we collected blood
from GFP+ mice with established isogenic RFP+ B16F10 tumors
(Fig. 4A). Peripheral blood was subjected to flow cytometry for
quantification of circulating tumor cells (CTCs) as defined by their
RFP expression. RFP+/GFP+ fusion hybrids (or CHC) were easily
detectible within the total RFP+ population, representing 90.1%
of the tumor cells in circulation, markedly outnumbering unfused
RFP+/GFP−ve CTCs (Fig. 4A). Imaging of individual CHCs confirmed
their fusion identity and morphologically distinguished them from
MФs that had phagocytosed or adhered to cancer cells (Fig. 4A).
The classical definition of CTCs in human cancer is a circulating cell
expressing a tumor antigen [typically epithelial cell adhesion molecule
(EPCAM) or cytokeratin for epithelial cancers] and not expressing the
pan-leukocyte antigen CD45 (28, 29). MФs normally express CD45;
therefore, we reasoned that MФ–cancer cell fusion hybrids would also
express this cell surface epitope. The majority of RFP+/GFP+ fusion
hybrids expressed CD45, while unfused RFP+ cancer cells largely did
not (Fig. 4B and fig. S8). The classical isolation approaches for CTCs
exclude any CD45-expressing cells and therefore exclude the novel CHC
population from routine analyses. The presence of both classical CTCs
and novel CHCs highlights heterogeneity of tumor cells in circulation
destined to seed metastatic tumors. Moreover, presence of CD45expressing CHCs in our mouse models prompted us to investigate the
presence of this unique hybrid population in human cancer patients.
Hybrids in humans correlate with disease stage
and patient survival
To evaluate the biological significance of hybrids in humans, we first
determined whether hybrids between blood cells and epithelialderived cancer cells were detectible. To accomplish this, we exploited
a disease scenario that supports identification of hybrids harboring
properties of peripheral mononuclear blood cells and epithelial
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displayed by B16F10-derived hybrids (fig. S1B). Notably, we evaluated
two independent hybrid isolates for each cell type; these displayed
varying degrees of invasion, supporting our hypothesis that cell fusion can yield heterogeneous clonal outgrowths (Fig. 2E and fig. S1B).
GO genes involved in “response to stimulus” expressed at high
levels in MФs were also up-regulated in MФ–cancer cell fusion hybrids.
In particular, fusion hybrids harbored elevated expression of the MФassociated gene colony-stimulating factor 1 receptor (Csf1R), a significant recruitment, differentiation, and survival molecule for MФs
(26) implicated in regulating prometastatic MФ effector functions
(27). To determine whether acquisition of MФ-associated receptor
gene expression translated to functional ligand-mediated migration,
we analyzed hybrids and unfused cancer cells in Transwell chemotaxis assays coupled to live imaging (IncuCyte Chemotaxis, Essen
BioScience). Under these conditions, fusion hybrids migrated toward the ligand CSF1or stromal cell-derived factor-1 (SDF1) at multiple concentrations (shown at 25 ng/ml), whereas unfused MC38 cancer
cells were incapable of responding to either chemoattractant; in contrast, B16F10 cancer cell hybrids exhibited decreased migratory responses (Fig. 2, F and G, and fig. S1C). Notably, the presence of a
ligand did not change proliferative dynamics of either fusion hybrids
or unfused cancer cells (not shown); however, incubation with blocking antibodies to CSF1R or CXCR4 reduced chemotactic responses
of fusion hybrids (Fig. 2G). Some hybrid clones expressed both
CSF1R and its main ligand, CSF1.
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cells (30)—specifically, the analysis of tumor biopsies from female
cancer patients who had previously received a sex-mismatched bone
marrow transplant and subsequently developed a secondary solid
tumor. In these patients, only the male donor–transplanted hematopoietic cells should contain a Y chromosome; therefore, identification of Y chromosome–positive nuclei in cytokeratin-positive cells
within the tumor biopsy could indicate fusion between a peripheral
mononuclear blood cell and an epithelial tumor cell. We identified
tumor epithelia by a pathologic review of H&E-stained tumor biopsies, and then we probed tissue sections with pan-cytokeratin antibodies and interrogated with Y chromosome FISH probes to identify
cellular products consistent with fusion between neoplastic cells and
transplanted male hematopoietic cells (Fig. 5 and fig. S9). In a biopsy
from a female patient with pancreatic ductal adenocarcinoma (PDAC),
neoplastic cell nuclei containing a Y chromosome were detectible throughout regions of the tumor (Fig. 5, A to E, and fig. S9, A and B), as well as
in premalignant regions of pancreatic intraepithelial neoplasia (PanIN;

fig. S9C). Confocal microscopy confirmed that Y chromosomes were
located in nuclei of cytokeratin-positive epithelial tumor cells (see
higher magnifications in Fig. 5). For these studies, tumor specimens
from seven patients were examined, and all contained evidence of
fusion by these criteria. Y chromosome–positive epithelial tumor cells
were not unique to PDAC, as fusion hybrids were detected in other
solid tumors from female recipients of sex-mismatched transplantation, including renal cell carcinoma, head and neck squamous cell
carcinoma, and lung adenocarcinoma (fig. S9, D to F). Control tissue
staining from female and male tissue samples were carried as controls
for Y chromosome detection (fig. S10, A and B). These observations
were consistent with previous case reports of cell fusion in human
cancer using a variety of other detection methods (11, 17, 31, 32).
To examine hybrid cells in circulation from human patients, we
analyzed the peripheral blood from a sex-mismatched bone marrow–
transplanted female cancer patient. CHCs that coexpressed CD45,
a pan-leukocyte marker, and EPCAM, an epithelial marker, were

Fig. 5. Cell fusion in human tumors. Solid tumors from women (n = 7) with previous sex-mismatched bone marrow transplantation (BMT) permits analysis of cell fusion.
(A) PDAC tumor section with cytokeratin (gray), the Y chromosome (Y chr, red), and Hoechst (blue) detection revealed areas of cytokeratin-positive cells with Y chr–positive
nuclei (white arrowheads). Boxed representative areas are enlarged in (B) to (E). Scale bars, 25 m.
Gast et al., Sci. Adv. 2018; 4 : eaat7828
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Fig. 4. Murine CTCs. (A) B16F10 (H2B-RFP) cells (5 × 104 cells) intradermally injected into a syngeneic GFP-expressing recipient mouse. Blood collected at time of tumor
resection and analyzed by flow cytometry for GFP and RFP expression. RFP+GFP+ cells were detectible in presorted cell preparations by immunofluorescence. Scale bar,
50 m. We analyzed GFP-expressing blood by flow cytometry as a negative control for (A) inset. (B) Percentages of fusion hybrids (RFP+/GFP+) and unfused CTCs (RFP+/GFP−)
expressing the leukocyte antigen CD45 (*P < 0.000002).
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DISCUSSION

Cell fusion between immune and neoplastic cells initiating tumorigenesis and affecting progression is an untested, century-old hypothesis (9, 10) that has been only circumstantially examined
(10, 12, 17, 31, 33–37). Reports of cells located in tumors containing
components of both immune and neoplastic cells are increasingly
frequent (1, 10–13, 16, 17, 19, 35, 38–44), although without strong
evidence of etiologic mechanism or physiologic relevance. Early in
vitro studies revealed that cell fusion hybrids displayed reduced cell
doubling times relative to their genetic burden (45). More recently,
it was suggested that tumor cell fusions gain shorter cell cycling times
compared to either of their parental cells (46, 47). These divergent
views add to the controversy of whether cell fusion provides a selective
advantage to evolving tumors. Moreover, description of MФ gene
expression in metastatic cancer cells as evidence that fusion propagates aggressive metastatic spread of cancer (31, 42) is presented
without substantial proof that these cells arise from a fusion event,
further diminishing enthusiasm for this mechanism. Despite this,
MФ–neoplastic cell fusion does provide an intriguing mechanism
for how neoplastic cells rapidly gain discrete cellular behaviors to
facilitate metastases and to propagate intratumoral heterogeneity.
Before this study, experimental results demonstrating in vivo tumor
cell fusion with MФs or investigating a function role for cell fusion
in tumor progression were undetermined. Here, we demonstrate that
cell fusion occurs spontaneously in a number of systems. Cell fusion
Gast et al., Sci. Adv. 2018; 4 : eaat7828
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can contribute to the generation of diverse neoplastic clones with
altered phenotypes, implicating it as a mechanism for gain of intratumoral heterogeneity. This finding may reveal insight into diverse
tumor cell pathophysiology that underlies treatment resistance, progression, and posttreatment tumor recurrence in human cancer.
We present a systematic analysis of MФ–cancer cell fusion and
provide evidence that hybrids impart physiologically relevant and
functionally significant aspects contributing to tumor evolution.
Together, our in vitro and in vivo murine data indicate that neoplastic cells fuse spontaneously with leukocytes and myeloid cells
(that is, MФs, neutrophils, or dendritic cells) and produce heterogeneous cancer hybrid clones. Despite their diversity, hybrid clones
retain MФ genotypes with functional phenotypes, thereby bestowing
MФ-like behaviors on neoplastic cells. Fusion hybrids express functional levels of CSF1R, which is relevant to cancer progression exemplified by the association of CSF1 overexpression in lung cancer
with increased tumor cell proliferation and invasion (48), by the inhibition of CSF1R with decreased tumor metastasis (49) and by
late-stage metastatic breast carcinomas frequently acquiring CSF1R
expression (38). In human tumors, the mechanism by which tumor
cells gain chemotactic responsive receptor expression remains unclear, but multiple mechanisms likely underlie transcriptional changes.
Our data indicate that cell fusion could play a role in the acquisition
of migratory/chemotactic functional behavior and may have important clinical implications considering hybrids’ potential response
to clinically relevant CSF1R inhibitors (27, 50, 51).
Data presented here indicate that MФ–cancer cell hybrids are differentially responsive to microenvironment-derived regulatory forces.
Specific extracellular conditions provide a selective adhesive and/or
growth advantage to hybrids but not to unfused neoplastic cells.
Given that genotypic and phenotypic diversity provides selective advantages to the fittest neoplastic clones, continued cell fusion may
underlie adaptation, survival, and growth of dominant neoplastic
clones within the evolving tumor microenvironment during tumor
progression. Considering this possibility, cell fusion provides a previously underappreciated mechanism by which neoplastic cells gain
phenotypic diversity, increasing opportunities for highly fit subclones
to overcome selection pressure and drive tumor progression.
These data indicate that tumor-initiating hybrid populations can
acquire behaviors allowing for navigation of the metastatic cascade—
from the primary tumor, to survival in circulation, to seeding of ectopic
sites, and to propagation of metastatic foci. Further, in vivo–derived
hybrid cells were readily detected in peripheral blood. CHCs outnumbered conventionally isolated CTCs in both mice and humans.
Moreover, in patients with pancreatic cancer, CHCs directly correlated with tumor stage and inversely correlated with overall
survival—highlighting an exciting prognostic opportunity for development of this novel cell population as a liquid biomarker for
disease status in discrete cancers where conventional biomarkers
(for example, CTCs, cell-free DNA, exosomes, and proteins) have
not demonstrated efficacy.
Unlike in murine models, the etiology of human CHCs, while
consistent with cell fusion, cannot be conclusively determined. It is
possible that tumor cells can gain expression of leukocyte- and MФassociated proteins by an undetermined mechanism or that CD45expressing blood cells transdifferentiate into epithelial cancer cells.
Despite these unexplored caveats, the CHC is a population of tumor
cells previously overlooked and understudied. Our initial investigations indicate that this novel cell population has exciting potential.
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detected (Fig. 6A). Both of these CHCs and leukocytes expressed
the Y chromosome (Fig. 6A and fig. S10B). To determine whether
CHCs expressed MФ markers, analogous to fusion hybrids found in the
murine tumor model, we identified MФ epitope expression by immunohistochemical (Fig. 6B) and by flow cytometric analyses (Fig. 6C and
fig. S11) was performed. A variety of MФ epitopes were expressed
on CK+/CD45+ CHCs, including CD163, CD68, CSFR1, and CD66b
(Fig. 6B). Similarly, flow cytometric analyses revealed that CHCs from
three different PDAC patients expressed MФ epitopes, including
CD14, CD16, CD11c, and CD163 (Fig. 6C). CTCs analyzed from
the same patients had low expression levels of CD16. These results
indicate that MФ–tumor cell hybrids are the predominant tumor
cell in circulation, although other leukocyte-tumor cell hybrids with
discrete MФ surface antigen expression most likely exist.
To explore the presence of CHCs in pancreatic cancer patients
diagnosed at various tumor stages, node-negative, node-positive,
or metastatic, we collected peripheral blood and performed in situ
antibody staining (CD45, and CK) on isolated cells. Digital image
analyses allowed validation of double-positive expression of CD45
and CK on CHCs (Fig. 6D) while excluding doublets or clusters of
cells that could register as double-positive cells by flow cytometry.
We determined that the number of CHCs expressing CD45+/CK+
significantly correlated with advanced disease (Fig. 6E). Notably, CHC
enumeration revealing high expression in the blood provided a prognostic indicator of overall survival, regardless of disease stage (Fig. 6F).
Conventionally defined CTCs (CD45−ve/CK+) did not correlate with
stage or survival (Fig. 6, E and G) and were detected at quantities an
order of magnitude lower than CHCs in metastatic disease. These
findings identify a novel population of tumor cells in circulation, a
population previously overlooked and excluded from routine analyses, which has a biologic function and correlation to clinically relevant disease status in human cancer patients.
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Fig. 6. Human CTCs. (A) Sex-mismatched bone marrow–transplanted (BMT) patient who acquired a solid tumor (PDAC). Peripheral blood was analyzed for the presence
of cell fusion. Two panels displaying cell fusion hybrids (arrowheads) that costain for EPCAM (yellow) and CD45 (green) and have a Y chromosome (white dot) in their
nuclei (blue). Arrows denote leukocytes. (B) CHCs and CTCs analyzed from n = 4 patients with PDAC. CHCs (CK+/CD45+) also express MФ proteins (cocktail: CD68, CD163,
CD66b, and CSF1R), while CTCs (CK+/CD45−ve) do not. CHCs also express the tumor-specific protein MUC4. (C) CHCs and CTCs analyzed by flow cytometry for CD14, CD16,
CD11c, and CD163 expression or the cancer-specific protein MUC4 (n = 4 patients). (D) Human pancreatic cancer patient peripheral blood analyzed for cytokeratin+ (red)
and CD45+ (green) expression using in situ analyses and digital scanning. (E) CK+/CD45+ and CK+/CD45− cells quantified in patient blood across cancer stages [analysis of
variance (ANOVA), *P < 0.023]. (F and G) Kaplan-Meier curve of dichotomized biomarkers based on median value (CHC and CTC) was associated with statistically significant
increased risk of death for CHCs (P = 0.0029) but not for CTCs (P = 0.95).
Gast et al., Sci. Adv. 2018; 4 : eaat7828
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METHODS

Human samples and ethics statement
All human blood and tissue samples were collected and analyzed with
approved protocols in accordance with the ethical requirements
and regulations of the Oregon Health & Science University (OHSU)
institutional review board. Informed consent was obtained from all
subjects. Peripheral blood was obtained from cancer patients diagnosed with PDAC at various stages and treated at OHSU, as well as
from healthy controls. Identification and acquisition of solid tumor
or peripheral blood biopsies from female patients who previously
received a gender-mismatched bone marrow transplantation was
conducted by screening of the Center for International Bone Marrow
Transplant Registry.
FISH and immunohistochemical analyses of human solid
tumors and peripheral blood cells
Analyses of human solid tumors
The presence of cell fusion between Y chromosome–containing blood
cells and host tumor epithelium was evaluated by dual FISH and
immunohistochemical analyses. X and Y chromosome FISH probes
were hybridized to 5-m formalin-fixed paraffin-embedded primary
human tumor sections using CEP X (DXZ1 locus) and CEP Y (DYZ1
locus) probes (Abbott Molecular) following the manufacturer’s protocols. Briefly, the tissue was treated with Retrievagen A solutions
(BD Biosciences) and Tissue Digestion Kit II reagents (Kreatech)
and then hybridized with a probe at 80°C for 5 min and 37°C for
12 hours. Tissue sections were permeabilized with graded detergent
washes at 24°C and then processed for immunohistochemical staining.
Tissue was incubated with antibodies to pan-cytokeratin (Fitzgerald)
and counterstained with Hoechst dye (1 g/ml). Two slides were
analyzed for each tumor section. Slides were digitally scanned and
quantified by two independent investigators. Areas with Y chromosome positivity were analyzed by confocal microscopy. H&E staining
was conducted on adjacent sections.
In situ analyses of human peripheral blood analyses
Patient peripheral blood was collected in heparinized Vacutainer tubes
(BD Biosciences), and then, lymphocytes and peripheral mononuGast et al., Sci. Adv. 2018; 4 : eaat7828
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clear cells were isolated using density centrifugation and LeucoSep
Centrifuge Tubes (Greiner Bio-One) according to the manufacturer’s
protocol. Cells were then prepared for antibody staining. Briefly, cells
were adhered to poly-d-lysine–coated slides, fixed, and permeabilized
before staining for CD45 and cytokeratin expression using antibodies
to CD45 (eBioscience) and human pan-cytokeratin (Fitzgerald).
Phenotypes of CHCs were evaluated with additional antibody staining, including to CD66b (BD Pharmingen), CD68 (Abcam), CD163
(Neomarkers), CSF1R (Abcam), and EPCAM (1:200; US Biological).
Tissue was developed with appropriate fluorescent-conjugated secondary antibodies [anti-mouse Cy3 (Jackson ImmunoResearch), goat
anti-guinea pig 488 (Invitrogen), goat anti-guinea pig 555 (Invitrogen),
anti-rabbit A647 (1:500; Thermo Fisher Scientific), and anti-mouse
Cy5 (1:500; Jackson ImmunoResearch)] and then was stained with
Hoechst (1 g/ml). Slides were digitally scanned with a Leica DM6000
B microscope or a Zeiss AxioObserverZ1 microscope and analyzed
using Ariol or Zeiss Zenblue software.
To determine whether circulating CD45+/CK+ or CD45+/EPCAM+
cells were cell fusion products, patient peripheral blood was subjected
to FISH/immunohistochemical analyses as described for solid tissues (see above). Processed peripheral blood was interrogated with
Y chromosome FISH (DYZ1 locus) probes (Abbott Molecular) following the manufacturer’s protocols. Briefly, cells were hybridized
with a probe at 42°C for 16 to 20 hours and then subjected to graded
detergent washes. Cells were then subjected to antibody staining with
anti-CD45 conjugated to fluorescein isothiocyanate (FITC) (1:100;
BioLegend) and EPCAM (1:100, US Biological) and processed with
anti-rabbit AF647 secondary antibodies (1:250; JacksonImmuno
Research). Cells were imaged on a Zeiss AxioOberverZ1 microscope. Images were postprocessed to rule out nonspecific staining.
Briefly, CZI files were opened using ZEN 2.3 Lite (Blue Edition) and
saved as single-channel TIF files [four channels per CZI: EPCAM
(white), Y chromosome (red), CD45 (green), and 4′,6-diamidino2-phenylindole (DAPI; blue)]. Single-channel TIF files were loaded
into MATLAB as UINT8 matrices containing RGB information at
each pixel. To create binary images, pixel intensity thresholds were
set for each channel image separately: Any pixel with a value above
the threshold was turned ON (that is, maximum intensity), and the
remaining pixels were turned OFF (that is, zero intensity). Two binary channel images were reassigned colors (EPCAM: white → yellow,
Y chromosome: red → white); all binary channel images were then overlaid.
Quantification of CHCs in patient blood
Manual quantification by three independent investigators of randomly
selected regions containing 2000 cells evaluated CD45 and cytokeratin
status of Hoescht+ cells. Percentages of CHCs in the buffy coat correlate with disease stage with significance determined by overall ANOVA
post-test [P < 6.3 × 10−8; P values for no nodal-met (0.00035), nodalmet (0.05), and no nodal-nodal (0.15)], while none of the conventional CTCs (that is, CD45−ve) comparisons across stage were statically
significant [P values for no nodal-met (0.31) and nodal-met (0.9)].
Survival analysis was conducted on 18 of 20 pancreatic patients
(2 patients were lost to follow-up, 9 patients have high levels, and
9 patients have low levels) to correlate CHCs or CTCs with time to
death using Kaplan-Meier curve and log-rank test using dichotomized
biomarkers based on a median value. High CK+/CD45+ (median,
>0.808) was associated with a statistically significant increased risk
of death (log-rank test, P = 0.0029) with a hazard ratio of 8.31, but
high CK+/CD45−ve (median, >0.101) did not have a statistically significant effect on time to death (log-rank test, P = 0.95).
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Identification of functionally significant properties of this unique
tumor population, a chimera of MФs and neoplastic cells, offers
opportunities for understanding the dynamic interaction between
neoplastic cells and diverse infiltrating immune cell populations.
Elevated CHCs relative to CTCs in peripheral blood might suggest
that hybrids are immune privileged—a trait bestowed by their leukocyte identity. This scenario could have implications on immunemediated therapeutic strategies for cancer treatment. Therefore,
understanding how hybrids respond to immune therapies, such as
inhibitors or agonists to costimulatory and/or coinhibitory receptors,
offers an important area of future investigation. Acquisition of functional myelomonocytic receptors on hybrids indicates that they may
be vulnerable to targeted therapies such as CSF1/CSF1R blockade,
now being investigated in clinical trials (51). Alternatively, these
therapies may inhibit MФ–neoplastic cell fusion. The presence of
tumor cells with acquired MФ phenotypes supports a cell fusion
mechanism in the propagation of intratumoral heterogeneity, introduces a functionally significant aspect of tumor progression and
evolution, identifies an unappreciated CHC population, and uncovers
a new area of tumor cell biology.
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Flow cytometric analyses of fusion hybrids in
peripheral blood
For flow cytometric analysis, patient blood was collected, as described
above. Red blood cell (RBC) lysis was performed by a 1-min incubation in 0.2% NaCl, followed by addition of the equivalent volume of 1.6%
NaCl. Cells were washed and resuspended in FACS buffer [phosphatebuffered saline (PBS), 1.0 mM EDTA, and 5% fetal bovine serum
(FBS)]. Cells were incubated in PBS containing LIVE/DEAD Fixable
Aqua (1:500; Invitrogen) with Fc Receptor Binding Inhibitor (1:200;
eBioscience). Cells were then incubated in FACS buffer for 30 min
with CD45-APC (1:25; Thermo Fisher Scientific), CD11c-APCeF780
(1:100; Thermo Fisher Scientific), CD14-BV785 (1:100; BioLegend),
CD163-PECy7 (1:100; BioLegend), EPCAM-FITC (1:100; Abcam), or
cytokeratin-PE (1:500; Abcam). A BD LSRFortessa cell analyzer was used
for analyses. A gating scheme established with single-color controls is provided in fig. S10. Data reflect analyses from n = 3 patients with PDAC.

Cell culture
MC38 mouse intestinal epithelial cancer cells were provided by
J. Schlom [National Cancer Institute (NCI)], and B16F10 mouse
melanoma cells were obtained from the American Type Culture
Collection. Validation of cell lines was confirmed by polymerase chain
reaction and by functional metastasis assay for the latter. Cell lines,
both derived from C57BL/6J mice, were cultured in Dulbecco’s
modified Eagle’s medium (DMEM) + 10% serum (Life Technologies).
Stable cancer cell lines, MC38 (H2B-RFP), MC38 (H2B-RFP/Cre,
B16F10 (H2B-RFP), and B16F10 (H2B-RFP/Cre), were generated
by retroviral transduction using pBABE-based retroviruses, and
polyclonal populations were selected by antibiotic resistance and
flow-sorted for bright fluorescence as appropriate. B16F10 (fl-dsRedfl-eGFP) cells were generated by stably expressing a pMSCV-LoxPdsRed-LoxP-eGFP-PURO construct (Addgene #32702) into the
parental B16F10 cells. Primary MФ derivation was conducted from
the bone marrow of R26R-stop-YFP or Act-GFP mice. To elicit MФs,
cells were cultured for 6 days in DMEM + 15% serum supplemented
with sodium pyruvate, nonessential amino acids (Life Technologies),
and CSF1 (25 ng/ml; PeproTech).
Cell fusion hybrid generating cocultures were established in MФderivation media without CSF1 for 4 days. MC38 or B16F10 cells
and MФs were coseeded at a 1:2 ratio at low density. Hybrid cells
were FACS-isolated for appropriate fusion markers on a Becton
Dickinson InFlux or FACSVantage SE cell sorters (BD Biosciences).
FACS plots are representative of at least 20 independent MC38 or
B16F10 hybrid isolates (technical replicates). Low-passage hybrid
Gast et al., Sci. Adv. 2018; 4 : eaat7828

EdU-labeling and karyotype analysis
During hybrid generation
Cultured cells were fixed in 4% formaldehyde in PBS and processed
for immunohistochemical analyses with antibodies against GFP (1:500;
Life Technologies) or RFP (1:1000; Allele Biotechnology). EdU
labeling and detection were performed according to the manufacturer’s directions (Life Technologies). Briefly, MФ DNA was labeled
with 10 M EdU supplemented in media for 24 hours before hybrid
generation coculture. EdU (10 M) was used for the determination
of S-phase indices as well. Biologic and technical replicates (n = 6)
were conducted and screened for biparental hybrids.
For karyotype analyses
Chromosome spreads from cells in S phase were prepared using
standard protocols, from cells treated for >12 hours with Colcemid
(100 ng/ml; Life Technologies) to induce mitotic arrest. DNA was
visualized by staining with DAPI; X and Y chromosomes were identified using fluorescently labeled nucleotide probes (ID Labs) as
directed by the manufacturer. Images of stained fixed cells and chromosome spreads were acquired using a 40× 1.35 UApo oil objective
on a DeltaVision-modified inverted microscope (IX70; Olympus)
using SoftWorx software (Applied Precision) and represented maximum intensity projections of deconvolved z-stacks unless otherwise
indicated. Experiments were replicated eight times. Each biologic
replicate was analyzed in an independent experiment. A minimum
of n = 20 cells were analyzed in each experiment. Chromosomes were
counted manually by two independent investigators.
Gene expression analysis
Microarray analysis was performed with Mouse 430.2 gene chips
(Affymetrix) at the OHSU Gene Profiling Shared Resource, and data
were analyzed using GeneSifter software (Geospiza) to identify relative
expression differences between cell types (replicates: MФ, n = 3; MC38,
n = 3; hybrids, n = 5 independent isolates) and produce GO analyses.
GO category enrichment was calculated using the GOstats R package
(53) and visualized using functions from the GOplot R package (54).
Code availability
The source code used to generate figures and corresponding tables
is available for download from our public repository (55).
Polymerase chain reaction
DNA was extracted from frozen formalin-fixed melanoma primary
tumor and lymph node sections by 40 min of incubation in lysis
buffer [25 mM NaOH and 0.2 mM EDTA (pH 12)] at 95°C, followed
by neutralization with equal volumes of neutralization buffer [40 mM
tris-HCl (pH 5)]. RFP primers were as follows: 5′-CAGTTCCAGTACGGCTCCAAG-3′ (forward) and 5′- CCTCGGGGTACATCCGCTC-3′ (reverse). Actin primers were as follows: 5′-GAAGTACCCCATTGAACATGGC-3′ (forward) and 5′-GACACCGTCCCCAGAATCC-3′ (reverse). Reactions were run with a 60°C annealing temperature.
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Mice
All mouse experiments were performed in accordance to the guidelines issued by the Animal Care and Use Committee at OHSU or
the Fred Hutchinson Cancer Center, using approved protocols. Mice
were housed in a specific pathogen–free environment under strictly
controlled light cycle conditions, fed a standard Rodent Laboratory
Chow (#5001 PMI Nutrition International), and provided with water
ad libitum. The following strains were used in the described studies:
C57BL/6J (JAX #000664), Gt(ROSA)26Sortm(EYFP)Cos/J (R26R-stop-YFP;
JAX#006148) (21), Tg(act-EGFP)Y01Osb (Act-GFP; JAX #006567)
(20), and B6.129P2-Lyz2tm1(cre)Lfo/J (LysM-Cre; JAX#004781) (52).
Mice of both genders were randomized and analyzed at 8 to 10 weeks
of age. When possible, controls were littermates housed in the same
cage as experimental animals.

isolates were established; functional experiments were conducted on
passage 8 to 20 hybrid isolates. Live imaging of cocultured cells was
performed using an IncuCyte ZOOM automated microscope system
and associated software (Essen BioScience). Technical triplicates
generated 36 movies that covered 77.4 mm2 and were screened for
hybrid generation and division. Movie contains a fusion event; a total
of 21 video clips were captured containing fusion events.
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In vitro–derived hybrid proliferation
For phenotypic profiling growth responsiveness to cytokines and
soluble factors, 95 different cytokines or soluble signaling molecules
were distributed at high, medium, and low concentrations in 384-well
plates, in 25 l of RPMI 1640 (Life Technologies) supplemented with 1%
FBS, and 25 l of a suspension of hybrid or MC38 cells (1.2 × 104 cells/ml)
in DMEM + 4% FBS was added to each well. Ninety-nine wells of
each plate were left cytokine-free, and no cells were added to 2 of
these wells, which served to provide measurements of background
signal. Plates were cultured in a humidified incubator for 72 hours,
after which 5 l of MTS reagent was added to each well. Two hours
later, absorbance at 490 nm was read with a 384-well plate reader.
For each plate, absorbance values for each cytokine-treated well were
normalized to the mean absorbance of the cytokine-free wells on
that plate and expressed in terms of SDs from the cytokine-free mean.
Three independent hybrid isolates and three MC38 replicates were
analyzed. Cytokines or factors that showed a potential differential
effect on growth of MC38 and hybrid cells were retested in 96-well
plates. In these experiments, 2.5 × 104 hybrid or MC38 cells were
plated in the presence of three different concentrations for each soluble factor or in media alone (DMEM + 2.5% FBS), in triplicate for
each condition. Plates were imaged every 2 hours for 90 hours, and
then, cell viability was assessed.
Chemotaxis assay
Chemotaxis assays were performed using IncuCyte Chemotaxis Cell
Migration Assay (Essen BioScience) with at least three technical
replicates of triplicate samples. Briefly, 1000 cancer cells were plated
media for 20 hours. CSF1 or SDF1 ligand (25 ng/ml) was added to the
bottom well, and cells were incubated at 37°C for at least 36 hours with
live imaging. The neutralizing antibodies to the CSF1R (eBioscience),
CXCR4 (BioLegend), and isotype control antibody were added to the
top and bottom wells (2.5 ng/l). Migration was quantified by measuring the phase-contrast area of the top and bottom wells for each
Gast et al., Sci. Adv. 2018; 4 : eaat7828
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time point using IncuCyte ZOOM software. Triplicates of each condition were performed, and the means and SDs were calculated. P <
0.02 for hybrids treated with CSF1 or SDF1 relative to hybrids without CSF1 or SDF1 by unpaired t test. Two independent hybrid isolates were analyzed. Technical octupulicates (MC38) or sextuplicates
(B16F10) with biologic quadruplicates or triplicates were analyzed.
For inhibitor studies, technical duplicates with biologic triplicates
were analyzed.
Migration analysis
From IncuCyte live imaging of cocultured MФs and cancer cells,
24- to 48-hour image series containing a cancer-MФ fusion event
was cropped and exported as two separate uncompressed audio video
interleave (AVI) files: one containing only the red channel for
TrackMate analysis and another containing both red and green channels with a sizing legend. Red-channel AVI files were imported into
FIJI and converted to 8-bit image series with a mean filter of 1.5
pixels applied. TrackMate analysis was then performed on nuclei
with an estimated diameter of 10 pixels and a tolerance of 17.5.
Using the Linear Assignment Problem Tracker, settings for tracking nuclei were as follows: 75.0-pixel frame-to-frame linking and
25.0-pixel and two-frame gap track segment gap closing. Tracks
segments were not allowed to split or merge. Using the analysis function in TrackMate, track statistics were exported to an Excel file, and
tracks containing 11 or fewer frames were excluded from the analysis. A total of 9 hybrid cells and 536 unfused cells were analyzed
with a P < 1.1 × 10−9 by unpaired t test. Error bars represent SD.
Boyden chamber invasion assay
In vitro invasion assay was performed, as described previously (56).
Briefly, cellular invasion was measured in a growth factor–reduced
Matrigel invasion chamber with 8-m pores (#354483, Corning).
Cells (3 × 105) in a medium containing 0.1% FBS were placed into
each Boyden chamber. The medium containing 10% FBS was placed
in the lower chamber to facilitate chemotaxis. Invasion assays were
run for 15 hours, and then cells that passed through the Matrigel
membrane were stained with 0.09% crystal violet/10% ethanol. After
extraction by elution buffer [1:2:1 acetate buffer (pH 4.5)/ethanol/
deionized water], the stain was measured at 560 nm. Representative
images of invaded cells were taken by an Axio Zoom.V16 microscope (Zeiss). The assay was run in triplicate, in biologic replicate.
In vivo analyses of in vitro–derived cell fusion hybrids
For tumor growth, 8-to 12-week-old C57BL/6J mice (Jackson Laboratories) were injected with 5 × 104 cells (MC38 and MC38-derived
hybrids) or 5 × 105 cells (B16F10 and B16F10-derived hybrids) subcutaneously or intradermally, respectively. Length (L) and width
(W) of palpable tumors were measured three times weekly with calipers until tumors reached a maximum diameter of 2 cm. Tumors
were surgically removed in survival surgery, or animals were sacrificed during tumor removal in accordance with OHSU Institutional
Animal Care and Use Committee guidelines. Animals were observed for at least 6 months for detection of tumor growth. For each
tumor, volume (V) was calculated by the formula V = 1/2 (L × W2);
volume doubling time for each tumor was extracted from a curve
fit to a plot of log tumor volume over time. Curves with R2 values
of less than 0.8 were excluded from analysis, as were tumors with
six or fewer dimension measurements; these exclusion criteria were
established in response to the unanticipated early ulceration of some
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Microenvironment arrays
Recombinant proteins (R&D Systems and Millipore) were diluted to
desired concentrations in print buffer (ArrayIt), and pairwise combinations of ECM proteins and growth factors or cytokines were
made in a 384-well plate. A Q-Array Mini microarray printer (Genetix)
was used to draw from the 384-well plate and print protein combinations onto Nunc 8-well chambered cell culture plates (Thermo
Fisher Scientific). Each combination was printed in quintuplicate in
each array, and arrays were dried at room temperature. Printed
MEMAs were blocked for 5 min using 0.25% (w/v) F108 copolymer
(Sigma-Aldrich) in PBS and then rinsed with PBS and media before
plating cells. Cells were trypsinized, filtered to exclude cell clumps,
and counted; 105 cells were plated on each array in 2 ml of DMEM +
2.5% serum and incubated for 30 min in a humidified tissue culture
incubator. Unbound cells were gently removed, and fresh media
were added. After 12 hours, the arrays were fixed with 4% formaldehyde in PBS for 10 min and stained with DAPI. Adhesion was measured as relative cellular preference: the number of cells occupying
a given microenvironment condition relative to the average cell
number over all occupied microenvironmental spots across the entire MEMA for each sample. Five replicate samples each for MC38
cells and MФ and five independent MC38-derived hybrid isolates
were analyzed. Standard two-tailed t tests were performed with P <
0.05 reported as significant. Error bars represent SEM.

RESEARCH ARTICLE

SCIENCE ADVANCES | RESEARCH ARTICLE
tumors, which precluded accurate measurements of length and width
(P < 0.05, by Mann-Whitney U test). For growth of tumor at metastatic sites, 1 × 106 MC38 cells were injected into the spleen. Livers
were analyzed 3 weeks later for tumor burden by H&E stain. Hybrids
formed metastatic foci more readily with a P < 0.008 by Mann-Whitney
U test. MC38 (n = 17) and MC38-derived hybrids (n = 13) were injected in four different technical replicate experiments. For B16F10
cells, 2.5 × 105 cells were retro-orbitally injected, and lungs were
analyzed 16 days after injection. Melanin-marked tumor metastasis
was visualized. Tumor burden was analyzed on paraffin-embedded
tissue sections located every 100 m apart through the entire lung
(n = 5 tissue sections per lung). Metastatic foci areas were measured
using an Aperio ImageScope V12.3.0.5056 to outline metastatic tumors and quantify area. A nonparametric t test was performed. Duplicate studies of B16F10 and B16F10-derived hybrids (n = 12 mice)
were analyzed.

Gast et al., Sci. Adv. 2018; 4 : eaat7828

Statistical analyses and graphical displays
Dot plots, bar charts, and line charts were generated in GraphPad
Prism or Excel. GraphPad Prism and Excel were also used for statistical
analyses of these data, including ensuring that data met assumptions of the tests used and comparisons of variance between groups
when appropriate. Microsoft Excel was used to perform two-tailed
t tests. A three-dimensional scatterplot was generated in R using the
rgl package. Flow cytometry data were prepared for display using
FlowJo software. Microarray gene expression data were displayed as
a heatmap prepared using Genesifter software. Heatmap of MEMA
data was generated in R using the standard heatmap function and
default parameters.
SUPPLEMENTARY MATERIALS

Supplementary material for this article is available at http://advances.sciencemag.org/cgi/
content/full/4/9/eaat7828/DC1
Fig. S1. Characterization of B16F10-derived fusion hybrids.
Fig. S2. Still images from cell fusion movie.
Fig. S3. Differential growth, adhesion, and cytokine response in hybrids.
Fig. S4. Differential growth and cytokine response in hybrids.
Fig. S5. Characterization of in vivo–derived B16F10 fusion hybrids.
Fig. S6. Flow cytometry gating scheme for B16F10-derived cell fusion analyses.
Fig. S7. Gating scheme for flow cytometry of in vivo–derived hybrids from primary tumor.
Fig. S8. Flow cytometry gating scheme for analyses of murine CHCs.
Fig. S9. Cell fusion in PanIN and tumors from other organ sites.
Fig. S10. Control blood samples for immunohistochemical and FISH analyses.
Fig. S11. Flow cytometry gating scheme for analyses of human CHCs.
Table S1. GO terms derived from differentially expressed genes between MC38 and hybrid cells.
Table S2. GO category gene table.
Table S3. MФ-unique or MФ-enriched genes.
Movie S1. Live imaging of MФ–cancer cell fusion.
Movie S2. Live imaging of cultured hybrid cells past confluence.
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In vivo–derived cell fusion hybrids
For isolation of in vivo–derived hybrids or assessment of CTCs, 5 ×
105 B16F10 (H2B-RFP with or without Cre) cells were injected intradermally into R26R-YFP or actin-GFP mice, respectively. Once
tumors reached 1 to 2 cm3 in diameter, they were surgically removed
for immunohistochemical analyses or for FACS/flow analyses.
For demonstration that tumor cells can fuse with myeloid cells,
5 × 105 B16F10 (fl-dsRed-fl-eGFP) cells were injected intradermally
into 6- to 8-week-old LysM-Cre transgenic mice. When tumors
reached 1 cm3, primary tumors and lungs were removed for immunohistochemical analyses.
Immunohistochemical analysis of in vivo–derived tumors
B16F10 (H2B-RFP, Cre) primary tumors in Act-GFP or R26R-stop-YFP
mice were fixed in 10% buffered formalin, frozen in optimum cutting temperature (OCT), and 5-m sections were obtained. Tumors
from R26R-stop-YFP mice were incubated with antibodies for GFP
(1:500; Life Technologies) followed by detection with fluorescent secondary antibody (1:500, Alexa Fluor 488; Jackson ImmunoResearch).
Nuclei were counterstained with Hoechst (1 g/ml). Slides were digitally scanned with a Leica DM6000 B microscope and analyzed using
Ariol software. Confocal images were acquired with a FluoView
FV1000 confocal microscope (Olympus).
B16F10 (fl-dsRed-fl-eGFP) primary tumors and lungs from
LysM-Cre mice were fixed in 4% paraformaldehyde for 2 hours at
20°C, washed, and cryopreserved in 30% sucrose for 16 hours at 4°C
and then embedded in OCT. Primary tumors were stained as described in the paragraph above. Lung sections were cut to 8-m
thickness, baked for 30 min at 37°C, then subjected to antigen retrieval under standard conditions (R&D Systems, CTS016), blocked
with DAKO Protein Block Serum-Free (Agilent, X090930-2), and
incubated for 16 hours at 4°C with primary antibodies [anti-MITF
(1:500; Abcam, ab12039), anti-dsRed (1:250; Clontech, 632496), and
anti-GFP (1:1000; Abcam, ab13970)] in background-reducing antibody diluent (Agilent, S302281-2). Fluorescent-tagged secondary antibodies were applied, and then sections were mounted in a ProLong
Gold antifade reagent (Molecular Probes, P36934). Antibody specificity was determined by immunostaining healthy lungs of nontumorbearing mice and performing secondary antibody only controls.
FACS isolation and flow cytometric analyses of fusion hybrids
Tumors were diced and digested for 30 min at 37°C in DMEM +
Collagenase A (2 mg/ml; Roche) + DNase (Roche) under stirring
conditions. Digested tumor cells were filtered through a 40-m filter

and washed with PBS. For FACS isolation, hybrid and unfused cells
were isolated by direct fluorescence on a Becton Dickinson InFlux
sorter. For flow cytometric analysis, blood was collected retroorbitally using heparinized microhematocrit capillary tubes (Fisher)
into K2EDTA-coated tubes (BD Biosciences). RBC lysis was performed
as described above. Cells were washed and resuspended in FACS
buffer (PBS, 1.0 mM EDTA, and 5% FBS). Cells were incubated in
PBS containing LIVE/DEAD Fixable Aqua (1:500; Invitrogen) with
Fc Receptor Binding Inhibitor (1:200; eBioscience). Cells were then
incubated in FACS buffer for 30 min with CD45-PeCy7 (1:8000;
BioLegend), CSF1R-BV711 (1:200; BioLegend), F4/80-APC (1:400;
BioLegend), and CD11b-AF700 (1:200; eBioscience). A BD LSRFortessa
FACS machine was used for analyses. A statistical significance of P <
2.2 × 10−6 by unpaired t test was determined for CD45+ hybrid CTCs
relative to CD45− hybrid, CD45+ unfused, and CD45− unfused CTCs.
Technical duplicates of n = 5 or 6 mice were analyzed.
Tumorigenic analyses of FACS-isolated in vivo–derived hybrids
A total of 100 or 3000 FACS-isolated hybrids and unfused B16F10
cells were injected intradermally into C57BL/6J mice. For experiments with 100 cells, technical octuplicates with biologic duplicates,
triplicates, or quadruplicates were performed, depending on the
number of hybrids isolated form the primary tumor, for a total of
n = 16 mice analyzed. For experiments with 3000 cells injected, technical triplicates were performed.
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Mechanism of FACT removal from transcribed genes by
anticancer drugs curaxins
Han-Wen Chang1, Maria E. Valieva2,3, Alfiya Safina4, Răzvan V. Chereji5, Jianmin Wang6,
Olga I. Kulaeva1, Alexandre V. Morozov7, Mikhail P. Kirpichnikov2,8, Alexey V. Feofanov2,8,
Katerina V. Gurova4, Vasily M. Studitsky1,2*

INTRODUCTION

Histone chaperone FACT (facilitates chromatin transcription) is
involved in DNA transcription (1–6), replication (7–10) and repair
(11–15), cell differentiation, and cancer development (16–19) [reviewed in (20)]. Human FACT (hFACT) is a heterodimer composed
of two proteins: SPT16 (suppressor of Ty16) and SSRP1 (structurespecific recognition protein 1) (21). FACT preferentially interacts
with the histone H2A/H2B dimer and also binds the H3/H4 tetramer
and DNA (21–26). By interacting with different targets in the nucleosome, yeast FACT has the ability to reorganize the nucleosomal
structure (24, 27, 28); this activity is likely important for transcription initiation (24, 28–30). hFACT facilitates transcription through
chromatin by RNA polymerase II (Pol II) in vitro and nucleosome
survival during this process (1, 2, 5) by transiently interacting with
the DNA binding surface of the H2A/H2B dimers (2, 5, 6); it also
facilitates nucleosome survival during transcription in cancer cells
(31). In cancer and stem cells, the expression of FACT is up-regulated
so that it correlates with the malignancy of tumor cells (16–19, 32–34).
Recently, FACT has been reported as the potential target for anticancer compounds curaxins (17, 33–35) that intercalate into DNA
without causing DNA damage (17, 36, 37). After treatment of cancer
cells with curaxins, FACT is redistributed within the cell nuclei and
becomes tightly bound to chromatin [c-trapped (17)]; there is a correlation between the ability to cause c-trapping and cytotoxicity of
various curaxins (37). Treatment of cancer cells with curaxins is also
accompanied by activation of p53, inhibition of nuclear factor B–
(NF-B) and hypoxia-inducible factor 1 (HIF1)–dependent transcription, and cancer cell death (17, 34). However, the mechanism
of c-trapping upon treatment by curaxins is not fully understood.
1
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In this work, the mechanism of c-trapping was analyzed using
a combination of single-particle Förster resonance energy transfer
(spFRET), biochemical, and genomic approaches. Genomic data
suggest that in cancer cells, curaxins induce redistribution of FACT
from transcribed chromatin to other genomic loci. Our in vitro
studies indicate that curaxins induce FACT binding to nucleosomes
that, in turn, results in nucleosome unfolding. Together, our data
suggest that curaxins create multiple “false targets” for FACT, thus
inducing FACT redistribution from transcribed genes to other
chromatin regions.
RESULTS

Experimental rationale
FACT facilitates transcription in vitro by interacting with the histone surfaces transiently exposed during Pol II transcription (5).
Because curaxins are DNA intercalators (36) and induce FACT relocation (c-trapping), we hypothesized that curaxins could induce
changes in nucleosome structure and thus create high-affinity sites
for FACT binding and induce genome-wide redistribution of FACT.
This hypothesis makes the following predictions: (i) Curaxins create
multiple sites for FACT binding genome-wide and therefore deplete
FACT from highly transcribed genes. (ii) FACT is more tightly
associated with bulk nucleosomes in the presence of curaxins. (iii)
Curaxins inhibit FACT action during transcription through a nucleosome only in the presence of competitor chromatin. Below, we systematically evaluate these predictions. Throughout the study, we used
curaxin CBL0137. This curaxin has been selected as our primary
experimental model because, in preclinical studies, it can strongly
inhibit growth of various, including drug-resistant, cancers (35, 38).
Some in vitro data were confirmed with a structurally similar curaxin,
CBL0100.
Curaxins induce redistribution of FACT from transcribed
chromatin to other genomic loci
hFACT facilitates Pol II transcription through chromatin in vitro
(1, 2, 5), raising the possibility that curaxins affect association of
FACT with Pol II–transcribed chromatin in cancer cells. To obtain
initial clues on colocalization of FACT and transcribing Pol II, we
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Human FACT (facilitates chromatin transcription) is a multifunctional protein complex that has histone chaperone
activity and facilitates nucleosome survival and transcription through chromatin. Anticancer drugs curaxins induce
FACT trapping on chromatin of cancer cells (c-trapping), but the mechanism of c-trapping is not fully understood.
Here, we show that in cancer cells, FACT is highly enriched within the bodies of actively transcribed genes. Curaxindependent c-trapping results in redistribution of FACT from the transcribed chromatin regions to other genomic
loci. Using a combination of biochemical and biophysical approaches, we have demonstrated that FACT is bound
to and unfolds nucleosomes in the presence of curaxins. This tight binding to the nucleosome results in inhibition
of FACT-dependent transcription in vitro in the presence of both curaxins and competitor chromatin, suggesting
a mechanism of FACT trapping on bulk nucleosomes (n-trapping).
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FACT and curaxins strongly, synergistically, and reversibly
uncoil nucleosomal DNA
The effect of curaxins on the nucleosome structure and FACTnucleosome interaction was studied using the spFRET in solution
in vitro. Precisely positioned nucleosomes assembled on a DNA template containing the 603 nucleosome positioning sequence (NPS)
(39, 40) and fluorescent labels Cy3 and Cy5 at the +13 and +91 positions on nucleosomal DNA (from the 5′ end of nontemplate DNA
strand of nucleosomal DNA; Fig. 2A), respectively, were gel purified
(fig. S7). The donor fluorophore (Cy3) was excited by a 514.5-nm
wavelength laser (28). The nucleosome complexes were diffused in
solution, and only one particle of the nucleosome complex traversed
the focal volume of the microscope at any given time. The fluorescence intensities of both donor (Cy3) and acceptor (Cy5) dyes were
then measured, and the proximity ratios (EPR) that reveal the changes
of distances between labeled DNA sites through changes in FRET
efficiency were calculated (28). The data obtained using the fluorescently labeled nucleosome are typically described by two Gaussian
peaks: a minor peak that corresponds to histone-free DNA in the
solution and a major peak representing the intact nucleosome (Fig. 2,
B and C). The signals obtained from control nucleosomes are stable
during the experimental time periods (fig. S8).
FACT used in our studies has been purified from insect cells and
therefore is likely phosphorylated and unable to bind nucleosomes
Chang et al., Sci. Adv. 2018; 4 : eaav2131

(22, 25, 26, 41, 42); this is the state of bulk FACT complexes in cancer
cells (6, 22, 26). Adding either CBL0137 or FACT alone to nucleosomes results in only minimal changes of EPR (Fig. 2B). In contrast,
adding CBL0137 and FACT together results in a marked increase of
the peak corresponding to the histone-free DNA and a corresponding decrease of the peak corresponding to the intact nucleosome
(Fig. 2C). The data indicate that in the presence of CBL0137, FACT
binds to nucleosomes, resulting in FACT trapping on nucleosomes
(n-trapping). Thus, the data suggest that FACT binds to nucleosomes only in the presence of curaxins and induces a strong,
partially reversible nucleosome unfolding or uncoiling of the nucleosomal DNA (Fig. 2D). Because FACT alone does not bind nucleosomes, the affinity of FACT to nucleosomes is strongly increased in the
presence of curaxins. It should be noted that the term n-trapping
was used previously to describe the interaction of FACT with the
hexasomes (a nucleosome missing one H2A/H2B dimer) (36).
The changes in EPR are partially reversed by adding an excess of
unlabeled histone-free DNA after the formation of FACT-nucleosome
complex unfolded in the presence of curaxins to remove FACT (and
likely some curaxins bound to nucleosomal DNA) from the complexes (28). The reversibility indicates that in the presence of CBL0137
and FACT, the nucleosome is either unfolded or the nucleosomal
DNA is uncoiled without notable accompanying dissociation of the
majority of core histones from the nucleosomal DNA. Any histone
loss from the nucleosomes after FACT-dependent uncoiling is likely to be irreversible (43), especially in the presence of an excess competitor DNA. Even if nucleosomes would reform after the reversal
of FACT binding, they will preferably form on the competitor DNA.
Consistently, our previous experiments have shown that nucleosome reorganization by yeast FACT is accompanied by only minimal (typically 5 to 10%) loss of the dimers (28). The reversibility is
incomplete, and the low EPR peak is slightly increased as compared
to the control nucleosomes (Fig. 2C), likely because some nucleosomes are displaced by FACT in the presence of CBL0137 (see
below) and some nucleosomes contain DNA that is partially uncoiled
from the octamer in the presence of curaxins.
Next, the effect of curaxins on FACT-nucleosome interaction was
analyzed in vitro using a gel shift assay. The nucleosome cores were
assembled on the 32P-labeled 147–base pair (bp) DNA fragment containing the 603 NPS. Gel-purified nucleosomes contain less than 5%
histone-free DNA (fig. S7). After incubation in the presence of FACT
and/or curaxins CBL0137 or CBL0100, the samples were incubated
either with or without an excess of unlabeled DNA competitor and
analyzed by native polyacrylamide gel electrophoresis (PAGE) (Fig. 3A).
FACT, competitor histone-free DNA, or curaxins alone minimally
affect the nucleosomes (Fig. 3, B and C). Nucleosomes are slightly
more efficiently disrupted after incubation with CBL0100 than after incubation with CBL0137 (Fig. 3, B and C), probably because CBL0100
is a more potent DNA intercalator than CBL0137 (17, 36).
In contrast, nucleosomes incubated in the presence of both FACT
and curaxins are very unstable, with approximately 70% of the templates disrupted during gel electrophoresis in the absence of competitor DNA. This effect is largely reversed by adding the excess of
competitor DNA after the reaction (Fig. 3, B and C), indicating that
nucleosomes incubated in the presence of FACT and curaxins are
stable in solution, but unstable during electrophoresis. Apparently,
removal of FACT from the nucleosomes in the presence of competitor DNA in solution results in recovery of nearly intact nucleosomes
that are stable during electrophoresis. Thus, consistent with the results
2 of 10

7 November 2018
www.SCIENCEADVANCES.org 7 November 2018

Vol 4 eaav2131

45

Downloaded from http://advances.sciencemag.org/ on January 23, 2019

have analyzed immunofluorescence of SSRP1 and transcribing Pol II
using anti-SSRP1 and anti–Pol II S2-P antibodies, respectively,
before and after curaxin treatment (fig. S1). Because FACT is an
abundant protein localized in the nuclei, it was difficult to detect
colocalization of the small fraction of FACT bound to chromatin in
the absence of curaxins with transcribing Pol II using an immunofluorescence approach (fig. S1). However, after curaxin treatment,
Pol II and FACT were localized within different chromatin regions
(fig. S1).
To evaluate the effect of curaxins on FACT association with transcribed genes in more detail, the distribution of FACT in the genome
of HT1080 cancer cells was studied using chromatin immunoprecipitation with anti-SSRP1 antibodies followed by next-generation sequencing (ChIP-seq) before or after treatment with curaxin CBL0137
(19). FACT association with transcribed and nontranscribed genomic
regions was notably reduced or increased, respectively, upon treatment with CBL0137 (Fig. 1, A and B). The total amount of FACT in
CBL0137-treated cells was not changed [fig. S2 and (17)]. The total
amount of chromatin-bound FACT was substantially increased
(figs. S2 and S3). The SSRP1 ChIP-seq data were compared with
nascent RNA sequencing (RNA-seq) data (37) to determine FACT
occupancy in the transcribed regions of the genome before and after
curaxin treatment. FACT is highly enriched on genes actively transcribed in untreated cells, especially on the 5% of most actively transcribed genes (n = 653; Fig. 1C and fig. S4). Consistently, there is a
strong correlation between the extent of FACT enrichment and
levels of transcription for the 500 highly transcribed genes in untreated cells (Fig. 1, D and E, and figs. S5 and S6). The depletion of
SSRP1 upon CBL0137 treatment preferentially occurs at actively transcribed genes (Fig. 1 and figs. S4 to S6). Thus, general redistribution
of FACT from transcribed to nontranscribed chromatin regions
occurs upon treatment of the cells with curaxin CBL0137. It would be
expected that global changes in the chromatin structure occur soon
after curaxin treatment, and this is indeed the case (36).
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Fig. 1. FACT subunit SSRP1 is preferentially enriched on highly transcribed genes, and curaxins remove SSRP1 from the gene bodies. (A) Integrated genome
views of the SSRP1 distributions at selected regions of chromosome 6 of the human genome. (B) Distribution of SSRP1 peaks in control and CBL0137-treated cells in relation
to genome annotation features. (C) SSRP1 protein is preferentially enriched on highly transcribed genes. Average SSRP1 occupancy near the transcription start sites
(TSSs), in the transcribed regions, and in transcription end sites (TESs) of the genes in HT1080 cells (incubated in the absence or presence of 3 M curaxin CBL0137) was
determined using ChIP-seq. The genes are grouped on the basis of the RNA-seq data. The corresponding heatmaps are shown in fig. S4. (D and E) Curaxins preferentially
remove SSRP1 from actively transcribed genes. Density scatter plots representing average SSRP1 densities over gene bodies against the level of transcription of the corresponding genes, quantified by the average level of nascent transcripts determined in HT1080 cells by NET-seq (native elongating transcript sequencing). Analysis of all
(fig. S5) or top 500 most actively transcribed genes (D and E) in the absence (D) or presence (E) of the curaxin. For the top 500 most active genes, the Pearson correlation
coefficient is markedly decreased (from 0.590 to 0.003) upon treatment with curaxin.
Chang et al., Sci. Adv. 2018; 4 : eaav2131
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Fig. 2. FACT and curaxins strongly and synergistically affect the nucleosomal structure: Analysis by spFRET. (A) Experimental approach. The mononucleosomes
contained the single pair of Cy3 and Cy5 dyes on the nucleosomal DNA (the positions of Cy3 and Cy5 are shown by green and red circles, respectively). spFRET from nucleosomes was measured in the absence or presence of curaxin CBL0137, FACT, and/or competitor DNA. (B and C) Typical frequency distributions of FRET efficiencies
(EPR). Analysis by spFRET microscopy. Sample sizes and other numerical parameters are shown in table S1. (B) Only minor changes in nucleosome structure are detected
in the presence of either CBL0137 or FACT. (C) FACT and CBL0137 together induce marked and partially reversible uncoiling of the nucleosomal DNA. The uncoiling is
partially reversed by subsequent addition of an excess of competitor DNA, resulting in removal of FACT from the complex. (D) Possible changes in the nucleosome structure in the presence of FACT and curaxins: nucleosome unfolding or uncoiling of nucleosomal DNA from the histone octamer.

of the spFRET studies (Fig. 2), biochemical studies suggest that
nucleosomes are destabilized in the presence of FACT and curaxins,
but the majority of these nucleosomes are recovered in the presence
of an excess of unlabeled DNA competitor that removes FACT from
the FACT-nucleosome complexes (Fig. 3).
Together, the data suggest that in the presence of curaxins, FACT
binds to nucleosomes (n-trapped), causing a considerable change in
the nucleosome structure that is partially reversible and is not accompanied by the loss of core histones (Figs. 2 and 3). The FACTChang et al., Sci. Adv. 2018; 4 : eaav2131

nucleosome complex formed in the presence of curaxins can be disrupted in the presence of competitor DNA or during electrophoresis.
Curaxins and competitor nucleosomes synergistically inhibit
FACT-dependent transcription in vitro
To evaluate the effect of n-trapping on FACT-dependent transcription, a well-established in vitro Pol II transcription system
containing the purified yeast Pol II and nucleosomes or corresponding DNA templates containing the 603 NPS was used [Fig. 4A
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(39, 40, 44)]. Authentic Pol II elongation complexes (ECs) were assembled and immobilized on Ni-NTA beads and ligated to DNA or
nucleosomal templates (43, 45). The transcription was continued in
the presence of incomplete combination of nucleotide triphosphates
(NTPs), RNA was pulse labeled in the presence of -32P–labeled
guanosine 5′-triphosphate (GTP), and the ECs were stalled. The
Pol II ECs were then washed, eluted from the beads, and further
transcribed in the presence of all unlabeled NTPs, FACT, curaxin
(CBL0137 or CBL0100), and/or competitor core nucleosomes. The
pulse-labeled RNA transcripts were purified and analyzed by denaturing PAGE (Fig. 4, B and C).
In the presence of the curaxins, the pattern of Pol II pausing is
altered (Fig. 4, B and C), likely due to curaxin intercalation in DNA
that affected the DNA structure in the nucleosome (36). The differences between CBL0137- and CBL0100-induced Pol II pausing patterns (Fig. 4, B and C) likely occur due to the different structures of
the curaxins. In particular, CBL0100 is a more potent DNA intercalator than CBL0137 (17, 36); consistently, it has a stronger effect on
the pausing. The +15 nucleosome-specific pausing is partially relieved in the presence of the curaxins, suggesting that they destabilize some DNA-histone interactions in the nucleosome. However,
curaxins do not notably affect the catalytic activity of Pol II (fig. S9).
In agreement with the previously published results (5), FACT
facilitates Pol II transcription through the nucleosome, relieving
nearly all nucleosomal pausing (Fig. 4, B and C). Curaxins do not
considerably inhibit FACT action during transcription through the
nucleosome (Fig. 4, B and C), suggesting that FACT redistribution
upon curaxin treatment in vivo does not occur because of direct inChang et al., Sci. Adv. 2018; 4 : eaav2131
48

Fig. 4. Curaxins and competitor nucleosomes synergistically inhibit FACTdependent transcription in vitro. (A) Experimental approach. The assembled Pol II EC119 was ligated to the 603 DNA or nucleosome (43, 58). The RNA was pulse labeled
in the presence of a subset of NTPs and [-32P]GTP, and Pol II was stalled at position
−83 (43, 45, 58). Then, transcription was resumed by adding all unlabeled NTPs, FACT
(to 0.2 M), unlabeled competitor nucleosomes, and CBL0100 (B) or CBL0137 (C). Note
that without competitor nucleosomes, curaxins moderately stimulate transcription
through chromatin but do not inhibit FACT action. UTP, uridine 5′-triphosphate.

hibition of Pol II or FACT by curaxins. Therefore, we next studied
the effect of curaxin-induced n-trapping on FACT action during
Pol II transcription.
In the control experiments in the absence of curaxins and FACT,
free nontranscribed mononucleosomes present in the reaction
minimally affect the nucleosomal pausing pattern and FACT activity;
the curaxins themselves do not inhibit FACT action (Fig. 4, B
and C). However, the action of FACT during Pol II transcription
through the nucleosome is inhibited in the presence of both curaxins
and excess of competitor mononucleosomes added together (Fig. 4,
B and C).
Curaxin treatment results in FACT-induced nucleosome unfolding
and n-trapping under the same experimental conditions (Figs. 2C
and 3), suggesting that FACT-induced unfolding of competitor
mononucleosomes and FACT n-trapping cause the inhibition of
FACT-dependent transcription, likely after redistribution of FACT
to competitor nucleosomes present in excess. To further evaluate
this possibility, transcription was conducted in the presence of an
excess of biotinylated competitor nucleosomes, the nucleosomes were
immobilized on magnetic beads, and the amount of FACT remaining
in supernatant was quantified (fig. S10). In the presence of CBL0137,
less than 30% of FACT remained in the solution, confirming that
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Fig. 3. Nucleosomes are reversibly destabilized in the presence of curaxins
and FACT. (A) Experimental approach. DNA-labeled nucleosomes were incubated
in the presence of FACT, unlabeled competitor DNA, CBL0137 (B), or CBL0100 (C)
and analyzed by native PAGE. Note that in the presence of both FACT and curaxins,
nucleosomes are unstable (as reflected in release of histone-free DNA); this effect is
reversed in the presence of DNA competitor that partially removes FACT from the
nucleosomes (see Fig. 2).
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FACT n-trapping on the competitor nucleosomes causes the inhibition of FACT-dependent transcription.

DISCUSSION

We observed a strong decrease of FACT association with transcribed
genes after curaxin treatment. This should result in inhibition of
FACT-dependent Pol II transcription. Indeed, n-trapping of FACT
results in the inhibition of FACT-dependent Pol II transcription in
vitro, suggesting a plausible mechanism for curaxin action in cancer
cells through their effect on transcription. Curaxins also alter the
structure of nucleosomes, suggesting that, together with FACT, they
could act by perturbing global chromatin structure in cancer cells.
Last, a recent study has demonstrated that curaxins can induce
accumulation of Z-DNA and FACT trapping on the Z-DNA (ztrapping) in cancer cells (36); this mechanism could additionally
contribute to the curaxin action.
The process of nucleosome unfolding by FACT in the presence of curaxins is adenosine 5′-triphosphate (ATP) independent
and is partially reversed after removal of FACT with an excess of
competitor DNA. Only nonphosphorylated (bacterially expressed)
hFACT can interact with nucleosomes in the absence of curaxins
(the structural state of the nucleosomes in the complex is unknown)
(22, 41). In contrast, phosphorylated hFACT purified from insect
cells [and likely representing the majority of hFACT complexes in
cancer cells (6, 25, 26)] does not interact with intact nucleosomes
Chang et al., Sci. Adv. 2018; 4 : eaav2131

Fig. 5. Mechanism of curaxin action in cancer cells: N-trapping. In the cells
without curaxin treatment (−Curaxins), FACT loosely interacts with the transiently
exposed DNA binding surface of the H2A/H2B dimer and thus facilitates transcription through the nucleosome barrier. In the presence of curaxins (+Curaxins), FACT
causes genome-wide nucleosome unfolding and is tightly trapped on the unfolded
nucleosomes (n-trapping). Because the nontranscribed chromatin is present in
vast excess, FACT is trapped primarily within inactive chromatin regions. Thus,
curaxin-induced n-trapping reduces density of FACT on transcribed regions, resulting
in loss of FACT from the transcribed genes and likely affects chromatin dynamics
and/or transcript elongation process.

(6, 22, 25, 26, 41, 42). In contrast, yeast FACT can induce reversible
nucleosome unfolding even in the absence of curaxins, but only in
the presence of Nhp6 protein (28); this activity is likely important
for DNA replication and transcription initiation (7, 10, 46). In the
complexes of nucleosomes with yeast or human FACT in the absence of curaxins, the interactions occur through multiple binding
surfaces on the histone octamer (including on H2A/H2B dimers and
H3/H4 tetramers) and FACT (including C-terminal tails of Spt16
and SSRP1 subunits, and mid-AID domain of Spt16) (22–26, 28). It
is possible that this multipoint FACT-nucleosome interaction is a
prerequisite for nucleosome unfolding that occurs in the presence
of curaxins.
The difference in the nucleosome unfolding activities of yeast
and human FACT are likely explained by the requirement for an
additional protein that is involved in nucleosome unfolding in the
case of yeast FACT. FACT subunits Spt16 and SSRP1 (Pob3 in yeast)
are highly conserved between yeast and human; additional yeast
Nhp6 protein is required for nucleosome unfolding by yeast FACT
(7, 21, 46) and by phosphorylated hFACT (47). Yeast Nhp6 is an
HMGB-like DNA binding protein that supports various functions
of yeast FACT (7, 46). Similar to phosphorylated hFACT, yeast FACT
does not induce nucleosome unfolding in the absence of Nhp6 protein
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Mechanism of curaxin action in cancer cells: N-trapping
Together, our data suggest that FACT is preferentially associated with
transcribed genes in cancer cells, most likely interacting with nucleosomes that are already destabilized by transcribing Pol II complexes.
The association of FACT with bodies of transcriptionally active genes
is considerably decreased upon curaxin treatment, preferentially on
the highly transcribed genes (Fig. 1). FACT interacts with and unfolds nucleosomes in the presence of curaxins (n-trapping; Figs. 2
and 3). Destabilization of nucleosomes, caused by genome-wide
CBL0137 binding, makes possible redistribution of FACT to multiple
chromatin loci (Fig. 1), which thus compete with transcribed regions
for FACT and deplete FACT from transcribed genes. Our in vitro
data suggest that curaxins likely uncoil the nucleosomal DNA and
thus affect the Pol II transcription through chromatin (Fig. 4).
Curaxins inhibit FACT action during Pol II transcription through
the nucleosome only in the presence of competitor mononucleosomes, suggesting that the FACT complexes are n-trapped on the
excess of transcriptionally silent nucleosomes destabilized by the
drug (Fig. 4).
The data suggest a model describing the effect of curaxins on
FACT-dependent transcribed genes (Fig. 5). In cancer cells, FACT
is associated with gene bodies, especially with the highly transcribed
genes, and participates in transcription through chromatin and nucleosome survival by transiently interacting with histone H2A/H2B
dimers within the transcribed nucleosomes (2, 5). Curaxins intercalate into DNA of nucleosomes present in various genomic locations, destabilize the nucleosomes, and, together with FACT, cause
reversible, partial uncoiling of nucleosomal DNA. FACT tightly
binds to the unfolded nucleosomes and thus becomes n-trapped on
the vast excess of nontranscribed chromatin that is present in cancer
cells; as a result, FACT is depleted from the transcribed regions of
the genes.
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MATERIALS AND METHODS

Cells
HT1080 cells were obtained from the laboratory of A. Gudkov
(Roswell Park Cancer Institute) and authenticated using short tandem repeat polymerase chain reaction (PCR) (100% match with
American Type Culture Collection cell line). Cells were maintained
in Dulbecco’s modified Eagle’s medium supplemented with 5%
fetal bovine serum and antibiotic/antimycotic solution. HT1080 cells
constantly expressing green fluorescent protein–tagged SSRP1 or
mCherry-tagged H2B were described previously (36).
Analysis of colocalization of FACT and transcribing Pol II
using immunofluorescence
Cells were plated in 35-mm plastic dished with no 1.5 glass inserts.
Cells were fixed in 4% paraformaldehyde for 10 min, washed three
times with phosphate-buffered saline, and blocked in 3% bovine
serum albumin (BSA) and 0.1% Triton X-100. Antibody staining
was done in 0.5% BSA and 0.1% Triton X-100. Antibody against
phosphorylated RNA polymerase (RBP1) at Ser2 was purchased from
Abcam (clone H5, catalog no. ab24758) and diluted 1:200. Antibody
against SSRP1 was purchased from BioLegend (clone 10D1, catalog
no. 609702) and diluted 1:500. Images were taken using Zeiss Axio
Observer A1 inverted microscope with N-Achroplan 100×/1.25 oil
lens, Zeiss MRC5 camera, and AxioVision Rel.4.8 software.
Immunoblotting
Cells were lysed in 1× cell culture lysis reagent buffer (Promega)
supplemented with protease inhibitor cocktail (Roche). After 10 min
of incubation on ice, lysates were spun down at 13,000 rpm for
10 min at +4°C. Supernatant was collected and used as soluble protein extract. Pellet was suspended in the same buffer and sonicated
Chang et al., Sci. Adv. 2018; 4 : eaav2131
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for 10 cycles, 30 s on/30 s off on ice. Protein concentrations were
measured using Bradford reagent (Bio-Rad). Electrophoresis and
blotting were done using Bio-Rad Criterion running and blotting
cameras and polyvinylidene difluoride (PVDF) membrane (Invitrogen). The following antibodies were used for the detection of
SSRP1 (clone 10D1, catalog no. 609702, BioLegend), SPT16 (clone
8D2, catalog no. 607001, BioLegend), and -actin (clone AC-74,
catalog no. A2228, Sigma-Aldrich).
ChIP-seq and nascent RNA-seq
SSRP1 ChIP-seq data in the form of bed files are available at www.
ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE45393 (19). Nascent
RNA-seq data done in HT1080 cells are available at GSE107595
(37). Raw reads that passed quality filter from Illumina RTA were
mapped to human reference genome (hg19) after quality control
check using FastQC. For both ChIP-seq and nascent strand RNA-seq
data, the raw counts in gene body were generated using featureCounts
from Subsread R package with RefSeq gene annotation database
(49, 50). The quantification data were normalized using DESeq2 R
package. To remove impact of overlapping genes on both data, genes
with overlapping were removed from analysis. The big wiggle files,
heatmaps, and profiles of SSRP1 binding around genes were generated using deepTools software (51, 52).
Alignments of densities of ChIP-seq against the levels of
nascent RNA-seq
Single-end SSRP1 ChIP-seq reads (19) were aligned to the human
reference genome hg19 using Bowtie2 with parameters -X 1000 (to
map sequences up to 1 kb with maximum accuracy). The aligned
single-end reads were first analyzed using the SPP package (available at https://github.com/hms-dbmi/spp/) to estimate the average
fragment length that resulted in the sonication process. This average length of 85 bp was used to extend the fragments from the 5′
end that was sequenced toward the 3′ end. The raw occupancy profiles were computed in MATLAB by stacking the extended (85 bp)
reads and counting the number of reads that overlapped with each
base pair. The raw occupancy profile for each chromosome was
normalized by the chromosome average. For each RefSeq annotated
gene, the average SSRP1 density was computed by averaging the
normalized SSRP1 occupancy over the whole gene body. For counting the levels of transcriptions, single-end nascent RNA-seq reads
(37) were aligned to the human transcriptome using TopHat2 with
the default parameters. The raw nascent RNA-seq counts were
computed in MATLAB by stacking all 5′ ends of the aligned reads,
which correspond to the 3′ ends of the nascent transcripts. For each
chromosome, the corresponding NET-seq profiles were normalized
by the chromosome average. For each RefSeq annotated gene,
the normalized nascent RNA-seq counts were averaged over the
whole gene body.
Analysis of SSRP1 occupancy of various genomic regions in
control and CBL0137-treated samples
MACS 2.0 (53) with default parameters for pair-end BAM files was
used to identify peaks from ChIP-seq of SSRP1 (19). Heatmaps and
profiles under all conditions were generated using deepTools on
RPKM (reads per kilobase million) normalized coverage data using
merged bam files of biological replicates. Tag densities for RefGenes
body with 3 kb up- and downstream were plotted. Heatmaps of the
unexpressed and top-expressed (5%) genes and quantiles of all genes
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(24, 28, 48), suggesting that the lack of Nhp6-like protein in hFACT
results in additional requirements for curaxins to induce nucleosome unfolding. The ability of hFACT to unfold nucleosomes in the
presence of curaxins suggests that hFACT has an intrinsic, conserved nucleosome unfolding activity. However, hFACT can unfold
nucleosomes only if they are destabilized, e.g., by curaxins or by
DNA damage (25). Alternatively, there could be an unknown
Nhp6-like human protein that facilitates interaction of hFACT with
nucleosomes.
Previously, the c-trapping of FACT was positively correlated with
the curaxin toxicity for types of cancer that involved several signaling pathways related to cell death (17, 34). Transcriptions of cell
survival–related genes such as NF-B– and HIF1-dependent genes
were inhibited in the curaxin-treated cancer cells (17). During the
c-trapping, curaxins also activate the CK2-p53 pathway involved in
cell death (17), suggesting that curaxin-induced FACT-nucleosome
complex could serve as a signal inducing the cell death signaling
cascade. Because the c-trapping of FACT occurs during a very short
time period (within 1 min) after adding curaxins to cancer cells (36),
c-trapping therefore is a very early step, acting upstream of and possibly inducing the cell death signaling pathways.
In summary, we have shown that hFACT interacts with and unfolds bulk nucleosomes in the presence of curaxins (n-trapping).
This, in turn, results in redistribution of FACT from the bodies of
transcribed genes to other genomic regions, strongly affecting the
function of FACT in cancer cells.
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were prepared using nascent RNA-seq data for control untreated
HT1080 cells (37).
DNA templates
All DNA templates were amplified by PCR and purified from gel
electrophoresis using a gel extraction kit (Omega Bio-Tek), as
described (39). For spFRET, DNA templates were assembled from
fluorescence oligos [Cy3/Cy5-labeled pairs at +13 and +91 bp
relative to 603 NPS boundary], as described (28). All sequence of
primers and templates will be provided per request.
Protein purification
Yeast Pol II was purified as described (45, 54). -H1 chicken erythrocyte chromatin, histone H2A/H2B dimer, and histone H3/H4 tetramer were purified as described (44, 55, 56). hFACT was purified
as described (2).

Gel shift analysis of FACT binding
Core nucleosomes (final concentration, 15 nM) were incubated
with hFACT (final concentration, 400 nM) in the transcription
buffer [TB; 20 mM tris-HCl (pH 8.0), 5 mM MgCl2, and 2 mM
-mercaptoethanol] containing 40 mM KCl and then mixed with
CBL0137 (final concentration, 1 M) or CBL0100 (final concentration, 2.5 M) for 1 min. Curaxins were provided by Incuron Inc. The
samples were analyzed by native PAGE as described (57). To reverse
FACT binding, DNA competitor [salmon testes DNA (250 ng/l)]
was added to the loading buffer.
Single-particle Förster resonance energy transfer
Nucleosomes reconstituted in the presence of donor chromatin from
chicken erythrocytes and fluorescently labeled DNA templates
(containing 603 positioning sequence) were gel purified and used for
spFRET measurements at a concentration of 0.5 nM, as described
(28). Nucleosomes were incubated in the presence of hFACT (0.1 M)
and/or CBL0137 (5 M) in the TB containing 150 mM KCl for 5 min
at 25°C. spFRET measurements and raw data analysis were conducted as described (28).
In vitro transcription assay
The in vitro transcription assay with yeast Pol II was performed as
described (5, 58). In short, the ECs were assembled using purified
yeast Pol II and DNA/RNA oligonucleotides. The assembled Pol II
ECs were immobilized on Ni-NTA (nickel–nitrilotriacetic acid) resins
(Qiagen), washed, and eluted from the beads. ECs and nucleosomal
templates (or corresponding DNA fragments) were ligated by T4
ligase (Promega). Pol II was then progressed to position −83 using
limited mixture of NTPs and -32P–labeled GTP. ECs were washed
Chang et al., Sci. Adv. 2018; 4 : eaav2131

Biotinylated nucleosome pull-down assay
The competitor core nucleosomes were assembled using 5′ endbiotinylated 147-bp DNA template. Transcription by Pol II in the
presence or absence of curaxins, FACT, and competitor core nucleosomes (containing 50% of end-biotinylated DNA) was conducted
as described above. After transcription, hydrophilic streptavidin
magnetic beads (NEB) were added to the reaction mixture for 10 min
at room temperature, and the supernatant was collected. The beads
were resuspended in 1× TB40 buffer. The SDS loading buffer [1×
SDS loading buffer containing 50 mM tris-HCl (pH 6.8), 2% SDS,
70 mM -mercaptoethanol, and 10% glycerol] was added to the samples and heated at 99°C for 10 min. Electrophoresis and blotting were
done using NuPAGE (4 to 12% bis-tris) (Invitrogen), NuPAGE MOPS
SDS Running Buffer (Invitrogen), PVDF membrane (Invitrogen),
and film developing solutions (SuperSignal West Femto Maximum
Sensitivity Substrate, Thermo Fisher Scientific). The Flag-tagged
SPT16 protein was detected using the DYKDDDDK Tag Monoclonal Antibody (FG4R) (Invitrogen). The data were quantified using
OptiQuant software and normalized for total protein loading.
SUPPLEMENTARY MATERIALS

Supplementary material for this article is available at http://advances.sciencemag.org/cgi/
content/full/4/11/eaav2131/DC1
Fig. S1. Analysis of colocalization of FACT and transcribing Pol II using immunofluorescence.
Fig. S2. Redistribution of FACT in HT1080 cells from nucleoplasm to chromatin.
Fig. S3. Redistribution of FACT in nucleus of HT1080-treated cells from nucleoplasm to
chromatin.
Fig. S4. Heatmaps of SSRP1 occupancy in the vicinity of TSSs and TES of the genes in HT1080
cells.
Fig. S5. Analysis of the average SSRP1 densities over gene bodies against the levels of
transcription of the corresponding genes.
Fig. S6. Curaxins preferentially remove SSRP1 from gene bodies of highly transcribed genes.
Fig. S7. Analysis of gel-purified nucleosomes by native PAGE.
Fig. S8. Typical frequency distributions of FRET efficiencies of the N13/91 nucleosomes.
Fig. S9. The catalytic activity of Pol II is minimally affected by curaxins.
Fig. S10. Trapping of FACT on immobilized competitor nucleosomes after Pol II transcription in
the presence of CBL0137.
Table S1. Statistical data for spFRET analysis.
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INTRODUCTION

After the initial clinical successes obtained using programmed cell
death protein 1 (PD-1) and cytotoxic T lymphocyte–associated antigen 4 (CTLA-4) antibody (Ab) treatments in patients with cancer,
the number of immunotherapy agents in clinical development is expanding rapidly with goals of improving the limited response rate
and generating more durable responses (1, 2). Recent elegant studies
using infectious disease–related mouse models demonstrated that
PD-1 blockade induces an incomplete rescue of exhausted T cells
(TExs), thus failing to restore TExs into T effector memory cells (TEMs),
which are required for an effective immune memory (3, 4). Although
PD-1 and/or programmed cell death ligand 1 (PD-L1) inhibition affects the transcriptional and epigenetic landscape of TExs, these cells
are not fully reprogrammed when antigen concentration remains
high and fail to acquire a memory phenotype upon antigen clearance
(3). Designing additional strategies to induce more robust T cell activation and/or target other immunoregulatory pathways could contribute to the generation of sustainable long-term responses.
Combination treatments aimed at PD-1 inhibition and activation
of costimulatory receptor GITR [glucocorticoid-induced tumor necrosis factor receptor (TNFR)–related protein or TNFRSF18] to
induce a stronger T cell activation are currently being evaluated in
early-phase clinical trials for patients with metastatic melanoma and
other solid tumors (5, 6). Although the intrinsic properties of each
Ab and the selection of the appropriate indications for use play an
important role in the clinical outcome, emerging data from a small
clinical study reported limited clinical activity for anti-GITR monoRegeneron Pharmaceuticals,Tarrytown, New York, NY 10591, USA.
*These authors contributed equally to this work.
†Corresponding author. Email: dimitris.skokos@regeneron.com
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therapy and potentially promising data for the combination therapy
(7). In preclinical studies in which monotherapy with anti-GITR or
anti–PD-1 Ab has limited efficacy (e.g., in large or poorly immunogenic murine tumors) (6, 8), combination therapy was able to achieve
long-term survival in mouse models of ovarian and breast cancer (9).
However, the effect of this synergism on T cell dysfunction and the
underlying molecular mechanisms remain unknown. Here, we sought
to establish an experimental approach to identify the mechanisms of
antitumor synergism between anti-GITR and anti–PD-1 Abs. We genetically profiled more than 2000 tumor-infiltrating CD8+ T cells in
the murine MC38 colon adenocarcinoma model using single-cell
T cell receptor (TCR) and transcriptome sequencing. Our systematic
approach demonstrated that combination immunotherapy rescued
T cell dysfunction while promoting a memory phenotype and also revealed the molecular pathways driving durable antitumor responses
in the MC38 and RENCA tumor models. Identification of these pathways provides a rational basis for optimizing existing combination
immunotherapies and improving tumor responsiveness.
RESULTS

Anti–PD-1 and anti-GITR Ab combination therapy
synergistically rejects established tumors and reinvigorates
dysfunctional intratumoral CD8+ T cells
To examine the antitumor effect of PD-1 and GITR combination
immunotherapy, we first used a widely studied and poorly immunogenic murine MC38 colon adenocarcinoma model (Fig. 1A). Although variable reductions in tumor volume and modestly prolonged
survival have been reported in this model (10), monotherapy with
anti–PD-1 or anti-GITR [DTA-1 rat immunoglobulin G2b (IgG2b)]
Ab is not effective at inducing complete and durable tumor regression
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Most patients with cancer do not develop durable antitumor responses after programmed cell death protein 1
(PD-1) or programmed cell death ligand 1(PD-L1) checkpoint inhibition monotherapy because of an ephemeral
reversal of T cell dysfunction and failure to promote long-lasting immunological T cell memory. Activating costimulatory pathways to induce stronger T cell activation may improve the efficacy of checkpoint inhibition and lead to
durable antitumor responses. We performed single-cell RNA sequencing of more than 2000 tumor-infiltrating
CD8+ T cells in mice receiving both PD-1 and GITR (glucocorticoid-induced tumor necrosis factor receptor–related
protein) antibodies and found that this combination synergistically enhanced the effector function of expanded
CD8+ T cells by restoring the balance of key homeostatic regulators CD226 and T cell immunoreceptor with Ig and
ITIM domains (TIGIT), leading to a robust survival benefit. Combination therapy decreased CD8+ T cell dysfunction and induced a highly proliferative precursor effector memory T cell phenotype in a CD226-dependent manner.
PD-1 inhibition rescued CD226 activity by preventing PD-1–Src homology region 2 (SHP2) dephosphophorylation of the CD226 intracellular domain, whereas GITR agonism decreased TIGIT expression. Unmasking the molecular
pathways driving durable antitumor responses will be essential to the development of rational approaches to
optimizing cancer immunotherapy.
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Fig. 1. Anti-GITR and anti–PD-1 combination synergistically rejects established murine tumors and reinvigorates intratumoral dysfunctional T cells. (A) Survival
curve of MC38 tumor–bearing mice treated with anti-GITR and/or anti–PD-1 Ab treatment (days 6 and 13). Results depict cumulative survival curves with indicated treatment (n = 16 to 17 mice per group). (B) CD8+ T cell–dependent long-term tumor protection mediated by combination treatment. C57BL/6 mice were treated with antiCD8–, anti-CD4–, or anti-CD25–depleting Ab before and during therapy with anti-GITR and anti–PD-1 Ab or control Ab. Data shown are average tumor growth curve upon
treatment with different depletion Abs (n = 6 mice per group). (C and D) Combination treatment increases intratumoral TEff/Treg ratio. (C) Representative FACS plots
showing tumor T cell subsets on day 11 (FoxP3+ versus CD8+, cells pregated on live/single cells/CD45+/CD3+). FITC, fluorescein isothiocyanate. (D) Summary FACS result
of intratumoral CD8+ T cell/Treg and CD4+ TEff/Treg ratio on days 8 and 11 after tumor challenge. Data are representative of three independent experiments (n = 7 mice per
group). (E to G) Combination treatment reinvigorates intratumoral dysfunctional T cells. Tumors were harvested on days 11 and 12 after implantation, dissociated into
single-cell suspension restimulated with phorbol 12-myristate 13-acetate/ionomycin with the presence of brefeldin A. Cells were fixed and permeabilized, followed by
intracellular staining with Ki67 (E), granzyme A (F), and granzyme B (G). Data shown are percentages of positive cells (n = 8 to 9 mice per group). All error bars in figures show
SEM. *P < 0.05, **P < 0.01, ***P < 0.001, ****P < 0.0001, log-rank test (A) and one-way ANOVA with Tukey’s test (C to G).

in established tumors (8, 11, 12). To determine the relative contribution of GITR agonism, we selected the DTA-1 mouse IgG2b isotype in
this model to avoid maximum regulatory T cell (Treg) depletion as
seen with the mouse IgG2a isotype, allowing us to test the effect of the
combination therapy. The Abs were administered on 6 and 13 days
after tumor challenge when tumors were palpable. In line with previous studies (9, 12, 13), whereas anti-GITR or anti–PD-1 treatment
alone exhibited little antitumor effect, combination therapy synergistically prolonged overall survival time of mice (~70% of mice were
tumor free for >80 days; Fig. 1A). Cell depletion studies showed that
tumor rejection was primarily dependent on the CD8+ T cells, because
removal of CD8+ T cells abrogated the antitumor effect elicited by
anti–PD-1/GITR Ab treatment (Fig. 1B and fig. S1). The antitumor
effect was associated with a reduction in intratumoral Treg and a robust increase in the effector CD8+ and CD4+ T cell (TEff)–to-Treg ratio,
indicating a more immunostimulatory microenvironment (Fig. 1,
C and D) and validating previous findings by other groups (13, 14). In
Wang et al., Sci. Immunol. 3, eaat7061 (2018)

addition, combination therapy increased proliferation (as judged by
expression of Ki67) and granzyme A and B production by intratumoral CD8+ T cells (Fig. 1, E to G).
Concurrent single-cell TCR and transcriptome analyses
identified a unique gene signature of clonally expanded
CD8+ T cells upon combination immunotherapy
We developed and validated a new bioinformatics platform designated
rpsTCR (for random priming sequencing TCR) to extract, reconstruct,
and analyze TCR sequences after single-agent or combination treatment. Briefly, this platform uses random priming RNA sequencing
(RNA-seq) data generated from sorted single cells to identify mouse
T cell clones potentially associated with tumor reactivity across different treatments (fig. S2 and table S2) (15). Mice were treated as described in Fig. 1, and more than 2000 CD8+ T cells were sorted from
tumor-bearing mice at days 8 and 11 after tumor challenge (Fig. 2A).
The rpsTCR platform was used to profile the TCR sequences of 1379
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CD8+ T cells. Our detection rates of TCRB-CDR3 (86%), TCRA-CDR3
(78.2%), and paired TCRB and TCRA (73.1%) were comparable with
the reported detection rates using targeted TCR sequencing from
single T cells (table S2) (15). At the early time point (day 8), very few
clones of high-frequency T cells (defined as ≥ 3 T cells sharing
identical TCR sequences) were detected in all treatment groups (fig. S3).
By day 11, we identified two high-frequency T cell clones (representing 5.7% of sequenced single CD8+ T cells) from isotype control
samples—3 clones (20.3%) for anti-GITR samples and 6 clones
(26.7%) for anti–PD-1 samples—and 10 clones (31.9%) for combiA

Tumor

nation-treated samples. Between days 8 and 11, a significant clonal
expansion of intratumoral CD8+ T cells was induced by anti–PD-1
monotherapy, in agreement with published data on human melanoma patients (16) showing an increase in TCR clonal size after
anti–PD-1 therapy with pembrolizumab. Our results extend these
findings by showing that dual targeting of PD-1 and GITR further
enhances intratumoral CD8+ T cell TCR clonal expansion (fig. S3).
Of note, anti-GITR and/or anti–PD-1 had no significant impact on
peripheral (spleen) T cell clonality (fig. S3), consistent with patient
data using pembrolizumab (16).
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Fig. 2. Single-cell RNA-seq analysis of intratumoral CD8+ T cells reveals unique gene profiles upon combination treatment. (A) Schematic of tumor immunotherapy and single-cell sorting study design. (B) Heat map of significantly changed genes in clonal expanded intratumoral CD8+ T cells upon different treatment. Numbers
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Table 1. Pathways specifically up-regulated in clonal expanded CD8+
T cells with Ab treatment (day 11). Genes specifically up-regulated in
monotherapy or combination therapy compared with isotype control
were analyzed using Illumina Gene Ontology Engine. Jak, Janus kinase;
STAT, signal transducers and activators of transcription.
Treatment

Pathway

Anti–PD-1 +
Anti-GITR

Adaptive immune
response

1.50 × 10−08

Cell cycle

5.80 × 10−07

Metabolism of lipids
and lipoproteins

3.00 × 10−04

Lymphocyte
activation

2.30 × 10−05

Gene targets for
miR-124u (T cell
activation)

1.80 × 10−05

Jak-STAT signaling
pathway

3.00 × 10−04

Glucose metabolism

8.20 × 10−10

Protein metabolism

7.50 × 10−08

The citric acid cycle
and respiratory
electron transport

3.90 × 10−06

Anti–PD-1

Anti-GITR

Wang et al., Sci. Immunol. 3, eaat7061 (2018)

P value

This activation and dysfunctional module score allowed us to quantitatively compare the complex T cell activation profile among different treatment groups. The activation module had significantly higher
scores in the combination versus monotherapy treatment groups, indicative
of a more activated T cell state [Fig. 2D; Kolmogorov-Smirnov (KS)
test, P < 0.05].
Overall, although single-agent therapy expanded intratumoral CD8+
T cell clones and modulated critical gene pathways, this was not sufficient for complete and long-lasting tumor rejection (Fig. 1A). Our
findings suggest that a profound reprogramming of dysfunctional tumorinfiltrating T cells by combination therapy was required for tumor rejection and long-term response. This result is supported by a recent study
showing that CD8+ T cells quickly become dysfunctional at early stage
of tumor development and gradually evolve into a less flexible state (24).
Anti–PD-1 and anti-GITR combination therapy modulates
distinct tumor-specific CD8+ T cell populations
To determine whether distinct cellular mechanisms underlie anti–
PD-1– and anti-GITR–mediated tumor rejection, we profiled tumorinfiltrating T cells by high-dimensional flow cytometry and used
well-validated data-driven unsupervised clustering approaches (25, 26).
Our attempt to use published mutated MC38 tumor epitopes (27)
to track MC38-specific T cell clones was not successful. This possibly
reflects the different mutation status of tumor cell lines between laboratories, likely due to intrinsic genome instability of the tumor cells (28).
As an alternative approach, we generated MC38 tumor cell variant expressing H-2Kb single-chain trimer of major histocompatibility complex class I with SIINFEKL peptide (as a surrogate tumor epitope) and
2m [ovalbumin (OVA)–2m-Kb; fig. S4A]. This allowed us to track Ag
(OVA/SIINFEKL)–specific CD8+ T cells, which can be identified by
H-2Kb–SIINFEKL pentamer staining (fig. S4B). Consistent with the
TCR clonality analysis (fig. S3), anti–PD-1 Ab and combination treatment induced significant clonal expansion of OVA-specific CD8+
T cells intratumorally. Only the combination therapy significantly increased the intratumoral density (cell number normalized to milligrams
of tumor tissue). A fluorescence-activated cell sorter (FACS)–based
method was used, which allowed us to sample substantially more
cells than the capacity of single-cell RNA-seq; thus, we were able
to identify significant clonal expansion induced by combination
therapy in spleen (fig. S4B). Functionally, clonally expanded OVAspecific T cells produced higher levels of interferon- (IFN-) upon
OVA peptide restimulation (fig. S4C).
Next, we profiled T cells from tumor-bearing mice treated with
anti-GITR and/or anti–PD-1 Ab using T cell differentiation/activation
markers (e.g., PD-1, TIM3, LAG3, KLRG1, CD244, and CD44) and
T cell lineage transcription factors (e.g., Eomes and Tbet). We detected
heterogeneity within the Ag-specific CD8+ T cells, reflecting different
activation/differentiation states (Fig. 3A). At day 9, T cell populations
between treatment groups were indistinguishable; however, a marked
skew in the population was observed by day 12 in response to antiGITR Ab alone or combination treatment (Fig. 3B). To gain a more
comprehensive understanding of the phenotypes of the T cell populations that were affected by the treatment, we analyzed Ag-specific
CD8+ T cells using unsupervised spanning-tree progression analysis
of density-normalized events (SPADE) clustering. Fourteen distinct Agspecific CD8 T cell clusters (>2% relative frequency) were identified
(Fig. 3C). Among them, clusters 14, 12, and 7 were highly responsive
to anti-GITR and anti–PD-1 treatment (Fig. 3D). On the basis of the
high expression level of T cell activation/dysfunction markers (PD-1,
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To evaluate the effect of combination therapy on the activation
state of intratumoral CD8+ T cells, we performed gene expression
pathway analysis on clonally expanded CD8+ T cells. Combination
treatment synergistically integrated the pathways modulated by each
single agent, resulting in a distinct transcriptional state associated
with induction of adaptive immune response, cell cycle, and metabolic activity gene expression pathways (Table 1). We then applied to
our data the uncoupled T cell dysfunction and activation gene expression module analysis, as described by Singer et al. (17). A total of
452 genes were significantly regulated by either single-agent or combination treatment compared with isotype control. These genes were
plotted against the activation/dysfunctional score (Fig. 2B, P < 0.05).
Genes shared or unique across treatment groups were sorted on the
basis of P value and then grouped into six clusters (Fig. 2C). Selected
genes differentially increased in each group and fold changes compared
with isotype control treatment are listed in table S3. Up-regulation of
certain T cell activation markers (i.e., IL2rb) was shared across treatment
groups, whereas most of the differentially regulated gene signatures
were nonoverlapping, consistent with distinct transcriptional states
of expanded CD8+ T cell clones. GITR agonism specifically up-regulated
genes involved in T cell activation/cytotoxicity (Il2ra, Txk, Gzme,
Gzmd, and Prf1), in prosurvival function (Tnfrsf1b), and in immune
checkpoint (Havcr2, Tigit, and Entpd1). PD-1 blockade stimulated
induction of Gata3, Tox, Mt2, and Pdcd4 (18), which are involved
in T cell dysfunction and apoptosis, and promoted expression of Themis
assisting TCR signaling to low-affinity ligands (19). Cd226, a costimulatory molecule that plays an important role in antitumor response
(20), was the most up-regulated gene upon combination therapy, followed by other genes involved in signal transduction and T cell
differentiation/activation (Pde4d, Vav1, Mki67, and Id2) (21–23). Furthermore, combination treatment, in contrast to monotherapy, selectively prevented the up-regulation of genes involved in T cell
differentiation/dysfunction, such as Eomes, Mt1, Mt2, and Cd200.
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To further characterize the responsive T cell populations, we
used additional differentiation and activation markers to phenotypically dissect the T cells (e.g., Sca1, CD95, CD127, CD122, CD226,
and Ki67). Unique cell populations can be identified upon treatment
on day 12 (Fig. 4, A and B, and fig. S6). SPADE clustering was conducted using this specific panel of markers (Fig. 4C) to allow for statistical analysis between groups for a single cluster. We observed a specific
effect of the combination treatment that was driven primarily by the
anti-GITR Ab in expanding a unique memory cell population (cluster
11; Fig. 4, C to F) that may confer long-lasting protective immunity.
These cells express CD62L and CD44 (Fig. 4E), similar to memory
cells in the spleen compartment, while up-regulating additional key
markers (Sca1, CD95, CD127, CD122, and Eomes), characteristic of
a memory precursor effector cell phenotype (MPEC) as previously
described (29) (Fig. 4F). Overall, combination therapy drives the expansion of MPECs, which represent a very small fraction of CD8+
TEffs expressing CD127/IL7R. MPECs have high propensity to survive
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Fig. 3. Identification of combination treatment–responsive dysfunctional tumor-infiltrating CD8 T cell population. (A) Density viSNE plots of OVA-specific intratumoral
CD8+ T cells from each treatment group days 9 and 12 after tumor challenge. (B) viSNE plots of tumor-infiltrating T cells overlaid with the expression of indicated markers.
(C) viSNE plot of intratumoral OVA-specific CD8+ T cells overlaid with color-coded T cell clusters identified by SPADE. (D) Frequency of selected T cell clusters displayed on a
per-mouse basis with means ± SEM. Indicated cluster was highlighted on viSNE plot below the bar graph. (E) Histogram displaying the expression level of indicated markers
on T cell clusters. (F) CITRUS cluster result overlaid with indicated markers. Cluster that was significantly affected with Ab treatment is circled (C1). (G) Frequency of cluster
C1 is shown with means ± SEM. *P < 0.05, **P < 0.01, ***P < 0.001, one-way ANOVA test.
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TIM3, LAG3, CD244, Eomes, Tbet, and KLRG1), these three clusters likely represent different stages of dysfunction (Fig. 3E and fig.
S5), unlike cluster 10 representing a more naïve/quiescent phenotype.
Cluster 14 is absent at the earlier time point and has the highest
expression level of markers associated with dysfunctional T cells,
suggesting a terminal stage of dysfunction. All treatment groups
were associated with a relative decrease in dysfunctional T cell frequency, and there was no significant difference between treatment
groups (Fig. 3D). To evaluate the dysfunctional state (plastic versus
nonprogrammable) (24), we examined the expression level of PD-1,
LAG3, CD38, CD101, and CD5 on intratumoral Ag-specific T cells.
Using an unsupervised hierarchical clustering algorithm [cluster identification, characterization, and regression (CITRUS), Cytobank], we
found that combination and anti-GITR Ab treatment significantly decreased a T cell cluster with a profile matching the nonprogrammable dysfunctional T cells (PD-1hiLAG3hiCD38hiCD101hiCD5low;
Fig. 3, F and G).

SCIENCE IMMUNOLOGY | RESEARCH ARTICLE
A

CD62L

CD127

Sca1

CD95

Eomes

CD122

CD226

Ki67

t SNE1

CD44

RESEARCH ARTICLE

Day 12

D

C

****
****
*
****
**

30

t SNE1

11
Isotype

4

12
2
1
10
8 7 3
9
6
5

% of cells

Day 9

20

t SNE1

t SNE2

B

10

t SNE2

T cell cluster

0

11

t SNE2
Anti–PD-1

F

Sca1

CD95 CD127 CD122 Eomes CD226

Cluster
11

Ki67
Cluster 11
Spleen Tcm
Spleen TEff

Anti-GITR

Spleen
TEff

CD44

Combo

Spleen
Tcm

G

15

% IFN +
GzmB+
CD8+
T cell

*

10

SIINFEKL

*

5
0

Anti–PD-1
Anti-GITR

CD62L

Control

***

+
+

+
+

Fig. 4. Identification of combination treatment–responsive effector/memory tumor-infiltrating CD8+ T cell population. (A) viSNE plots of tumor-infiltrating T cells
overlaid with the expression of selected markers. (B) Density viSNE plots of OVA-specific tumor-infiltrating CD8+ T cells from each treatment group days 9 and 12 after
tumor challenge. (C) viSNE plot of MC38 infiltrating OVA-specific CD8+ T cells overlaid with color-coded T cell clusters identified by SPADE. (D) Frequency of selected T cell
clusters (means ± SEM). Indicated cluster was highlighted on viSNE plot below the bar graph. (E) FACS plots of CD44 and CD62L expression on cluster 11 compared with
spleen T cell subsets. Tcm central memory T cells. (F) Histogram displaying the expression level of selected markers on T cell clusters. (G) Frequency of cytokine production
of CD8+ T cells upon restimulation in vitro with OVA peptide. GzmB, granzyme B. *P < 0.05, **P < 0.01, ***P < 0.001, ****P < 0.0001, one-way ANOVA with Tukey’s test).

and become functional memory T cells, which are essential to confer
protective immunity (3). These cells also express high levels of CD226
and Ki67, suggesting an activated and highly proliferative state (Fig. 4F).
Further, these intratumoral OVA-specific CD8+ T cells from cluster 11
showed increased IFN-, and granzyme B production upon Ag-specific
restimulation followed single-agent treatment, but only combination
treatment significantly enhanced their function (Fig. 4G).
In agreement with previous findings, we showed that although
anti–PD-1 alone induces a less dysfunctional tumor-infiltrating lymphocyte (TIL) phenotype (Fig. 3), it is associated with low TEMs (30, 31)
and lack of long-term survival (Fig. 1) (32). We demonstrated that
combination therapy can promote a memory CD8+ T cell phenotype,
indicating that a costimulatory agonist Ab can synergize with PD-1
checkpoint blockade, leading to long-term antitumor responses. We
further investigated the mechanism by which this specific combination
therapy effect occurred by functional analysis of the identified upregulated genes.

C, and table S3). We performed a Cd226 expression analysis on different subsets of intratumoral CD8+ T cells (total, clonally expanded, or
nonexpanded) across treatment groups (Fig. 5A), which revealed that
Cd226 mRNA levels were significantly increased by combination treatment on clonally expanded T cells (fold change, 10.7), whereas this
difference was diluted in bulk/total CD8+ T cells (fold change, 3.5) and
nonexpanded CD8+ T cells (not significant). Further, Cd226 mRNA
levels were significantly increased by combination treatment on clonally expanded CD8+ T cells in comparison to anti–PD-1 (fold change,
6.5) and anti-GITR (fold change, 9.2). Using the MC38-OVA-2m-Kb
model, we found that protein levels of CD226 were highest on spleen
OVA-specific CD8+ T cells after anti–PD-1 treatment (Fig. 5B) and were
further elevated by combination treatment. The same treatment had no
significant effect on the CD226 levels of nonspecific CD8+ T cells. This
dataset suggests that anti–PD-1 treatment could play a dominant role in
driving the increase of CD226 on Ag-specific T cells, providing key information on the mode of action of anti–PD-1 in antitumor immunity.

CD226 expression is induced on tumor-specific CD8+ T cells
upon combination therapy
CD226, a costimulatory molecule with a well-validated role in the
development of antitumoral immune response (31), was identified
as the most up-regulated gene upon combination therapy (Fig. 1, B and

CD226 is a substrate for dephosphorylation by PD-1–SHP2
Next, we investigated a potential association between PD-1 signaling
and CD226. The costimulatory receptor CD28 was previously identified
as a target for PD-1–SHP2 dephosphorylation (32). Experiments using
a cell-free reconstitution system in which the cytoplasmic domain
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of PD-1 was bound to the surface of large unilamellar vesicles (LUVs)
that mimic the plasma membrane of T cells demonstrated that CD28
is preferred over the TCR as a target for SHP2-mediated dephosphorylation. Using the same system, we examined whether CD226 could
be another target for dephosphorylation by the PD-1–SHP2 complex.
We reconstituted different components (CD3, CD226, etc.) involved in
T cell signaling on the liposomes (Fig. 5C) (33). The sensitivity of each
component in response to PD-1 titration on the LUVs was measured
by phosphotyrosine (pY) Western blots. We confirmed previous published data (32) showing that CD28, but not inducible T cell costimulator (ICOS), is a substrate for desphosphorylation by PD-1–SHP2
(Fig. 5D). We found that CD226 was efficiently dephosphorylated by
PD-1–SHP2 in a dose-dependent manner (Fig. 5D) in the presence of
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Fig. 5. CD226 signaling pathway is essential in mediating antitumor response induced by combination treatment in MC38 tumor model. (A) Cumulative distribution function plots show the expression of CD226 in total, clonal expanded, or nonexpanded CD8+ T cells. Fold changes of CD226 expression level are indicated for each
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LFA-1. Although LFA-1 facilitates T cell activation by lowering the
amounts of antigen necessary for T cell activation (33), cross-linking
of LFA-1 induces tyrosine phosphorylation of DNAM-1 (CD226) (34).
Although additional experiments are needed to fully characterize the
basis of CD226 sensitivity to PD-1–SHP2–induced dephosphorylation,
we demonstrated a biochemical association between PD-1 signaling
and CD226 dephosphorylation using a cell-free biochemical system.
To validate these findings in a more physiologically relevant system
involving primary cells from the tumor microenvironment, we isolated Ag-specific intratumoral CD8+ T cells from MC38-OVA tumor–
bearing mice (day 11) previously treated with anti–PD-1 Ab or isotype
control Ab. Consistent with the cell-free in vitro assay, we found that
CD8+ TILs from the PD-1 Ab–treated group showed high CD226
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phosphorylation upon PD-1 inhibition (Fig. 5E), confirming that
CD226 is in an activated state. CD8+ TILs from isotype control–treated mice showed a lack of CD226 phosphorylation, indicating that
PD-1/PD-L1 pathway is a negative regulator of CD226 activity on
intratumoral CD8+ T cells. These data suggest that CD226 is an additional substrate for dephosphorylation by PD-1–SHP2.

Wang et al., Sci. Immunol. 3, eaat7061 (2018)

CD226 signaling pathway is essential in mediating the
antitumor response induced by combination treatment
Using a CD226-blocking monoclonal Ab, we showed that costimulatory signaling through CD226 is required for the antitumor immunity mediated by combination treatment (Fig. 5F). To validate the
T cell intrinsic role of CD226, we genetically inactivated it in C57BL/6
background mice (fig. S10, A and B). CD226 knockout (KO) mice
showed no defect on T cell (CD4+, CD8+, and Tregs) development and
homeostasis (fig. S10, C and E) or responsiveness to TCR activation
when compared with wild-type (WT) littermates (fig. S10F). After
tumor challenge in the CD226 KO mice, we found that combination
treatment with anti–PD-1 and anti-GITR no longer conferred any
antitumor effect or survival benefit, suggesting that CD226 is essential for the antitumor effect of the combination therapy (Fig. 5G). In
addition, we validated the specificity of the CD226 pathway mediating this effect because inhibition of TNFR superfamily pathways
(OX40/OX40L or 4-1BB/4-1BBL) or blockade of the B7 costimulatory molecule (CD28) with CTLA4-Ig had no impact on the antitumor effect observed with the combination treatment (fig. S11, A
to C). In mice lacking CD226, combination therapy can no longer
maintain the activated and highly proliferative memory T cell phenotype (PD-1+/−, Eomes+, Ki67+, CD122+, Sca1+, and CD95+), as observed in WT control tumor-bearing mice (Fig. 5, H and I).
To test whether the mechanisms found in the MC38 model also
extend to other tumor cell models, we evaluated the role of PD-1 and
GITR combination therapy in the RENCA tumor model (murine
kidney carcinoma tumor in Balb/c background). This tumor cell
line was chosen because it also showed relatively good expression of
CD155, the endogenous ligand for CD226 (fig. S12). Consistent with
the MC38 studies, anti-GITR and anti–PD-1 combination therapy
can synergize and promote long-term survival of RENCA tumor–
bearing mice (Fig. 6A). FACS analysis of tumor-infiltrating T cells
revealed a significant reduction in Treg driven by GITR Ab and expansion of tumor-specific CD8+ T cells (gp70-tetramer+) driven primarily by PD-1 Ab (Fig. 6, B and C). In addition, we also observed a
significant increase of CD226 expression on tumor-specific CD8+
T cells (Fig. 6D, gp70 tetramer+ cells), consistent with our observations
in the MC38 tumor model. viSNE and SPADE analyses (Fig. 6, E to G)
revealed an increase in memory-like effector cell cluster (Fig. 6G, C5;
high CD95, CD122, Ki67, and Tbet and low CD44 and TIM3) accompanied by reduced dysfunctional T cell cluster (Fig. 6G, C1; high
TIM3 and low Ki67, CD95, CD122, Tbet, and Sca1). Likewise, when
CD226 signaling is blocked by an anti-CD226 Ab during combination
treatment, the antitumor efficacy is completely abrogated (Fig. 6I),
as previously demonstrated in the MC38 tumor model. Thus, our
data provide additional evidence that the role of CD226 is not limited
to one tumor model or mouse genetic background.
DISCUSSION

We systematically profiled tumor-infiltrating CD8+ T cells using
single-cell TCR sequencing, transcriptomics, and high-dimensional
flow cytometry clustering analysis to unveil the molecular mechanisms driving the potent synergism of a costimulatory agonist,
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Down-regulation of TIGIT expression upon GITR Ab
treatment shifts the CD226/TIGIT pathway toward stronger
costimulation
It has recently been shown that the strength of CD8+ T cell response
is affected by the overall balance between CD226 and the coinhibitory receptor TIGIT (31). Single-cell RNA-seq data indicated that antiGITR Ab treatment increased TIGIT transcripts in high-frequency
T cell clones (fig. S7A), whereas FACS analysis showed lower expression of TIGIT on OVA-specific CD8+ T cells with anti-GITR or
combination treatment compared with anti–PD-1 treatment alone
(fig. S7B). This result is consistent with the observation that TIGIT
expression is tightly regulated at the posttranscriptional level (35).
Combination treatment significantly decreased the percentage of
TIGIT+ cells and the expression level on a per-cell basis on total
tumor-infiltrating CD8+ and CD4+ TEffs and Tregs, the effect of which
was mainly driven by anti-GITR Ab treatment (fig. S7, C and D).
Combination and/or monotherapy treatment had no effect on the
percentage of CD226+ tumor-infiltrating CD4+ T cells, splenic CD4+
T cells, or splenic Tregs (fig. S7E). TIGIT expression level (fig. S7F) on
the dysfunctional T cell cluster 14 (identified in Fig. 3D) is uniformly
high (~100%), whereas the memory-like T cell cluster 11 (identified
in Fig. 4D) shows much lower levels of TIGIT expression.
In addition, because GITR is highly expressed on Tregs, we performed a comprehensive profiling [t-distributed stochastic neighbor
embedding (t-SNE)–based visualization (viSNE)/SPADE] analysis
on the remaining intratumoral Tregs upon combination treatment
and compared the results to a well-studied Treg-depleting Ab (antiCD25, PC61). We found that GITR and PD-1 combination therapy
has a distinct effect on the phenotype of the remaining Tregs compared with the anti-CD25 Ab treatment group. GITR and PD-1
combination treatment skewed the remaining Treg subsets toward a
less suppressive phenotype, as defined by a lower expression of
TIGIT, KLRG1, LAG3, and TIM3 (fig. S8). All these markers have
been reported to identify a highly activated and phenotypically suppressive Treg population (36, 37). To assess whether the distinct effect of GITR and CD25 Abs on Treg depletion could differentially
alter the phenotype of CD8+ T cells, we analyzed the intratumoral
OVA-specific CD8+ T cells (fig. S9). Using an extended 18-parameter
viSNE analysis, we found that GITR and PD-1, but not CD25 and
PD-1, combination Ab treatment significantly decreased the dysfunctional phenotype (cluster 1: low Ki67, CD226, Sca1, CD95, CD122,
high KLRG1, PD-1, LAG3, and CD244) and the naïve-like T cells
(cluster 10: CD62L+CD44−, low Ki67, CD226, PD-1, and other T cell
activation markers), whereas it increased the cluster with memorylike activated T cell phenotype (cluster 6: high CD226, Ki67, Sca1,
CD127, CD95, and CD122 and lower level of PD-1, TIM3, LAG3,
KLRG1, and CD244). These data show that the shift in balance between CD226 and TIGIT is driven by the direct combination of
PD-1 and GITR Abs and not solely through a reduction in intratumoral Tregs (fig. S9, E and F).
Overall, the single-cell RNA-seq and FACS phenotyping data
showed that anti–PD-1 favored the increased expression of CD226,

whereas anti-GITR treatment down-regulated surface expression of
TIGIT and reduced intratumoral Treg subsets with a highly suppressive phenotype, therefore synergistically restoring the homeostatic
CD8+ T cell function.
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anti-GITR Ab, and a coinhibitory antagonist, anti–PD-1 Ab. We showed
that a combination of these Abs synergistically enhanced the effector
function of expanded CD8+ T cells by restoring the balance of two
key homeostatic regulators, CD226 and TIGIT, resulting in robust
survival benefit.
Recently, it has been shown that T cell dysfunction represents an
important hurdle for the generation of durable responses upon PD-1
inhibition (3). PD-1 blockade induces an incomplete rescue of TEx,
thus failing to restore TEx into TEM, a necessary requirement for effective immune memory (38, 39). We demonstrated that combination therapy not only decreased the intratumoral CD8+ T cells with
a nonprogrammable dysfunctional profile (Fig. 3, F and G) (31, 40)
but also induced a highly proliferative TEM precursor population
(Fig. 4) (32, 41), thus eliciting potent antitumor immunity in a
CD226-dependent manner (Figs. 5, F and G, and 6I). The similarity in
the efficacy between both MC38 and RENCA tumor models despite
different mouse genetic backgrounds and tumor types (C57BL/6
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the RENCA tumor model and endogenous tumor antigen–specific
T cells.
Recently, both cis- and trans-inhibitory mechanisms have been
proposed for the TIGIT/CD226 signaling pathway (31). Therefore,
the net output of this pathway may result from the balance between
the expression level of CD226 on CD8+ T cells and TIGIT on both
CD8+ T cells and bystander lymphocytes. We found CD226 as a previously unidentified target for PD-1–initiated SHP2 dephosphorylation
(Fig. 7) in addition to CD28 (32), thus revealing additional complexity
of the PD-1 pathway. In addition, we showed that PD-1 blockade rescued CD226 dephosphorylation by PD-1–SHP2, whereas GITR agonism reduced TIGIT expression, which competes for CD155/PRV
binding with CD226 (42). Therefore, only the combination treatment
restored T cell effector function by favorably tipping the balance
between CD226 and TIGIT leading to durable antitumor responses
(model shown in Fig. 7).
In summary, the systematic approaches used in this study can shed
light on important functional T cell regulatory pathways implicated
in the synergy between two immunotherapeutic Abs, representing
distinct immunotherapeutic modalities (costimulatory agonism and
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T cell state (Fig. 2, B to D). Last, we confirmed CD226 as the most
up-regulated gene upon combination treatment.
We developed a new bioinformatic pipeline rpsTCR that allowed
us to selectively profile clonally expanded intratumoral CD8+ T cells,
which displayed distinct gene signature upon treatment with anti–
PD-1 and/or anti-GITR Ab. Expression analysis of different subsets
of intratumoral CD8+ T cells (total, clonally expanded, or nonexpanded) across treatment groups revealed that CD226 mRNA level
was significantly increased by combination treatment in clonally expanded T cells, although this difference was diluted and lost in bulk
and nonexpanded CD8+ T cells. This observation stresses the importance of performing genome profiling on putative tumor-reactive
clones (high-frequency T cell clones) to unmask critical gene changes.
These genetic findings were validated at the protein level by comparing
cell surface CD226 expression on tetramer-positive, antigen-specific
intratumoral CD8+ T cells after different Ab treatments. One potential limitation of the MC38 tumor model is that we tracked the
clonally expanded CD8+ T cells using a surrogate OVA antigen due
to lack of reagents to track endogenous tumor antigen–specific
CD8+ T cells. However, we were able to validate the findings using
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checkpoint inhibition). Similar methodology may be useful in future
clinical trials of cancer immunotherapy to help unmask the molecular
pathways driving durable antitumor responses.
MATERIALS AND METHODS

Mice and treatments
Six- to eight-week-old female C57BL/6 and Balb/c mice were obtained
from the Jackson laboratory. CD226−/− mice on a C57BL/6 background were generated at Regeneron Pharmaceuticals Inc. using the
VelociGene method (43, 44). Briefly, enhanced green fluorescent protein complementary DNA (cDNA) was inserted in-frame to the start
codon, followed by a selection cassette that disrupts transcription of
the gene body and results in a CD226 null allele. Heterozygous targeted
mice were interbred to produce homozygous KO mice for study. All
animals were maintained under pathogen-free conditions, and experiments were performed according to protocols approved by the Institute
of Animal Care and Use Committee of Regeneron Pharmaceuticals
Inc. For tumor studies, 3 × 105 MC38 or 1 × 106 RENCA cells were
subcutaneously injected on the right flank of age-matched C57BL/6 or
Balb/c, respectively. Six days after tumor implantation, mice (randomly
distributed in different groups) were grouped on the basis of tumor size
and treated by intraperitoneal injection with anti-GITR (5 mg/kg;
DTA-1) and/or anti–PD-1 (RPM1-14) Ab or isotype control IgGs (rat
IgG2b, LTF-2 and rat IgG2a, 2A3; Bio X Cell). Abs were administered
again on day 13. Depletion/blocking Abs were given 1 to 2 days before
immunotherapy. Perpendicular tumor diameters were measured blindly
two to three times weekly using digital calipers (VWR, Radnor, PA).
Volume was calculated using the formula L × W × W × 0.5, where L
is the longest dimension and W is the perpendicular dimension.
Flow cytometry
For flow cytometry analysis of in vivo experiments, blood, spleen,
thymus, lymph node, and tumor were harvested on indicated days
after treatment. Single-cell suspensions were prepared, and red blood
cells were lysed using ACK lysis buffer (Thermo Fisher Scientific).
Live/dead cell discrimination was performed using Live/Dead Fixable
Blue Dead Cell Staining Kit (Thermo Fisher Scientific). Ag-specific
CD8+ T cells were detected with H-2Kb/OVA SIINFEKL-Pentamer
(ProImmune) for MC38-OVA model and H-2L d/MuLV gp70SPSYVYHQF tetramer (MBL International) for RENCA model. For
intracellular cytokine staining, cells were stimulated with or without
SIINFEKL peptide for 36 hours and with a protein transport inhibitor
(BD Biosciences) for the last 4 hours. After stimulation, cells were
stained as described above for surface and intracellular proteins.
Wang et al., Sci. Immunol. 3, eaat7061 (2018)
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Single-cell sorting RNA-seq
FACS-sorted tumor and spleen CD8+ T cells were mixed with C1 cell
suspension reagent (Fluidigm) before loading onto a 5- to 10-m
C1 integrated fluidic circuit (Fluidigm). Cell lysing, reverse transcription, and cDNA amplification were performed on the C1 Single-Cell
Auto Prep Integrated Fluidic Circuit, as specified by the manufacturer (protocol 100-7168 E1). The SMARTer Ultra Low RNA
Kit (Clontech) was used for cDNA synthesis from the single cells.
Illumina next-generation sequencing libraries were constructed using
the Nextera XT DNA Sample Prep Kit (Illumina). Cells were sequenced on Illumina NextSeq (Illumina) by multiplexed single-read
run with 75 cycles. Raw sequence data (BCL files) were converted to
FASTQ format via Illumina Casava 1.8.2. Reads were decoded on
the basis of their barcodes. Read quality was evaluated using FastQC
(www.bioinformatics.babraham.ac.uk/projects/fastqc/). Further details are in Supplementary Materials and Methods.
LUV reconstitution and phosphotyrosine Western blot
LUVs reconstituted different components (ICOS, CD28, and CD226)
involved in T cell signaling on the liposomes, together with LCK,
ZAP70, SLP76, and PI3K as previously described (45–47). Proteins of
interest were premixed at desired ratios in 1× reaction buffer containing bovine serum albumin (0.5 mg/ml) and then mixed with LUVs
(1 mM total lipids) as described previously (32). Fifty micrograms
of protein for each sample was used for the Western blot. Further
details are in Supplementary Materials and Methods.
Statistical analysis
Sample sizes were chosen empirically to ensure adequate statistical
power and were in the line with field standards for the techniques
used in the study. Statistical significance was determined with analysis of variance (ANOVA) or unpaired two-tailed Student’s t test,
assuming unequal variance at P < 0.05 level of significance (or indicated in figure legends).
SUPPLEMENTARY MATERIALS

immunology.sciencemag.org/cgi/content/full/3/29/eaat7061/DC1
Fig. S1. T cell depletion with Abs.
Fig. S2. Bioinformatic pipeline rpsTCR.
Fig. S3. Combination therapy expands intratumoral high-frequency tumor-reactive CD8+ T cell
clones.
Fig. S4. Combination treatment expands tumor antigen–specific CD8+ T cells with effector
function.
Fig. S5. Mean fluorescence intensity of markers for dysfunctional cell clusters identified in
Fig. 2.
Fig. S6. Mean fluorescence intensity of markers for effector/memory cell clusters identified in
Fig. 3.
Fig. S7. TIGIT expression at single-cell RNA level and FACS analysis of TIGIT/CD226 expression
level on different T cell subsets.
Fig. S8. GITR and PD-1 combination treatment significantly reduced highly activated Treg
subsets.
Fig. S9. GITR and PD-1 combination treatment induced intratumoral CD8+ T cell subsets
distinct from CD25 and PD-1 combination therapy.
Fig. S10. CD226−/− mice show normal T cell development and homeostatic function.
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Study design
The aim of this study was to dissect the molecular and cellular
mechanisms mediated by combination immunotherapy. Single-cell
RNA-seq analysis study of tumor-infiltrating CD8+ T cells was designed to identify the specific gene signature induced upon treatment.
Single-cell suspensions were profiled by high-dimensional computational flow cytometry to identify phenotypic changes in cell populations.
To validate our findings, we designed in vitro biochemistry experiments and additional in vivo studies using either genetically engineered mice or blocking Abs. Control and experimental treatments
were administrated to age- and sex-matched mice. Investigators were
blinded for tumor measurements. The number of experimental replicates is indicated in the figure legends.

To quantify cell numbers in tissue, a fixed number of CountBright
absolute counting beads (Thermo Fisher Scientific) were added to
each sample before acquiring. Samples were acquired on LSRFortessa
X-20, LSR II, or Symphony (BD Biosciences) and analyzed using
FlowJo (TreeStar) and Cytobank. Further details are in Supplementary Materials and Methods.
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Fig. S11. Effectiveness of combination treatment does not rely on CD28, OX40, and 4-1BB
pathway.
Fig. S12. Expression level of CD155.
Table S1. Negative controls for rpsTCR.
Table S2. Comparison of TCR detection rate.
Table S3. Selected genes differentially regulated by each treatment.
Table S4. Abs for flow cytometry.
Table S5. Primers for TCR/ repertoire sequencing.
Table S6. Raw data.
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A melanin-mediated cancer immunotherapy patch
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INTRODUCTION

Emerging technologies associated with immunotherapy hold tremendous promise in cancer therapy (1). Micro- or nanoformulations or
engineered immune cells can be used to deliver a variety of immunomodulators (2, 3). Scaffolds, such as hydrogel, have also been developed to generate an immunogenic microenvironment that recruits
and activates immune cells in situ (4–7). Moreover, T cell engineering that incorporates antibodies or therapeutics facilitates immune
targeting and treatment (8–11). Also, dendritic cell (DC)–based vaccination can effectively capture antigens to improve the effectiveness
of the immune response and is a powerful tool for cancer therapy
(12–16). However, engineering of DCs often involves complex and
expensive ex vivo manipulation (4, 17). In addition, the limited lymph
node–homing capability of ex vivo manipulated DCs is, at least in part,
responsible for the limited anticancer efficacy (18). Vaccination with
whole tumor antigens provides a broad source of tumor-associated
antigens that elicit substantially enhanced immune responses compared with narrowly defined tumor antigens (19). Moreover, presenting a broad spectrum of immunogenic epitopes not only augments
the immunity mediated by the DC antigen uptake and processing but
also improves the direct activation of CD4+ T helper and CD8+ cytotoxic T lymphocytes (7, 20).
Here, we describe a B16F10 melanoma vaccine patch that targets
antigen-presenting cells (APCs) directly via transdermal delivery of
tumor lysates combined with melanin (Fig. 1A). This vaccine involves the encapsulation of inactive whole tumor lysate that is gradually released by an intradermal microneedle (MN) patch inserted
into the skin. MNs facilitate the uptake and presentation of antigens
by DCs and, in turn, promote immune activation through the extensive network of lymphatic vessels in the dermis (21–23). At the
same time, the presence of melanin, the existing natural biological
1
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pigment in the whole tumor lysate, allows the local release of heat
via remotely controllable near-infrared (NIR) light emission. Local
heat causes the release of inflammatory cytokines that attract immune
cells, generation of immunogenic substrates such as extracellular
heat shock proteins (HSPs), reactive oxygen species (ROS), antigen
adjuvants, and some other danger signals that activate the immune
system (24, 25). The mild increase in the local temperature of the
interstitial tissues also contributes to the increased blood and lymphatic flow that facilitates the migration of APCs and T cells (24) and
finally initiates B16F10-specific immune responses (23, 26). The increased blood flow may also allow the recruitment of other cell subsets such as natural killer (NK) cells (7, 27, 28). We found that the
administration of the vaccine MN patch generated robust innate
and adaptive immune responses and induced tumor regression in
the B16F10 melanoma model. Moreover, the NIR-enhanced transdermal vaccination delayed the growth of distant tumor and improved
long-term survival, paving a strong rationale for pursuing this strategy
in clinical studies.
RESULTS

Preparation and characterization of the cancer
immunotherapy patch
We first investigated whether the tumor lysate can be loaded and
released from transdermal MN patches in a sustained manner. We
fabricated the MN patch within a micromold to form hyaluronic
acid–based MNs that encapsulate the whole tumor lysate (with
melanin) and adjuvants, such as granulocyte-macrophage colonystimulating factor (GM-CSF) (29, 30). Patches with and without
tumor lysate were illustrated from the axial and transverse perspectives, respectively (Fig. 1B). An array of 15 × 15 MNs was assembled
on a 9 mm by 9 mm patch with a center-to-center interval of 600 m.
The detailed dimensions of the MNs were visualized by the scanning
electron microscopy (Fig. 1C). Each MN had a conical construction
with a diameter of 300 m at the base, a height of 800 m, and a sharp
tip tapering to a 5-m radius of curvature. Upon loading with the
tumor lysate, MNs appeared notably darker than the blank hyaluronic acid–based MNs because of the presence of melanin in the patch
(31, 32). The amount of melanin was around 50 g per patch, which
is within the safe dosage range of a single administration (33). A
1 of 12

10 November 2017
www.SCIENCEIMMUNOLOGY.org

10 November 2017

Vol 2 Issue 17 aan5692

67

Downloaded from http://immunology.sciencemag.org/ by guest on January 23, 2019

Melanin is capable of transforming 99.9% of the absorbed sunlight energy into heat, reducing the risk of skin
cancer. We here develop a melanin-mediated cancer immunotherapy strategy through a transdermal microneedle
patch. B16F10 whole tumor lysate containing melanin is loaded into polymeric microneedles that allow sustained
release of the lysate upon insertion into the skin. In combination with the near-infrared light irradiation, melanin
in the patch mediates the generation of heat, which further promotes tumor-antigen uptake by dendritic cells,
and leads to enhanced antitumor vaccination. We found that the spatiotemporal photoresponsive immunotherapy increases infiltration of polarized T cells and local cytokine release. These immunological effects increase the
survival of mice after tumor challenge and elicited antitumor effects toward established primary tumor and distant tumor. Collectively, melanin generates local heat, boosts T cell activities by transdermal vaccines, and promotes antitumor immune responses.
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representative MN was constructed with rhodamine B–labeled hyaluronic acid encapsulating tumor lysate with actin filaments and
DNA stained with phalloidin and Hoechst, respectively (Fig. 1D). A
fluorescent view of the array further showed the uniform loading of
tumor lysate and alignment of the MNs (Fig. 1E). The MN underwent failure at 0.39 N in strain testing while being compressed to a
quarter of its height (fig. S1), demonstrating sufficient strength for
potential skin insertion without buckling (34).
Next, we evaluated the effects of the NIR laser irradiation on
melanin-induced heat generation. The temperature variations of the
MNs were recorded in real time using an infrared thermal camera
(Fig. 2A). Compared with the transparent hyaluronic acid–based
MNs, the surface temperature of the MNs loaded with tumor lysate increased dramatically within 1 min because of the melanin-induced
light-to-heat transduction (Fig. 2B). NIR irradiation at 808 nm could
be absorbed by the melanin contained in the tumor lysate as demonstrated by the melanin’s absorption spectrum (fig. S2A). The abYe et al., Sci. Immunol. 2, eaan5692 (2017)
68

sorption coefficient of the melanin content in the tumor lysate was
also comparable with that of the synthetic melanin (fig. S2A and
table S1). Despite the temperature increase, the morphology of the
MNs remained unchanged, and the photothermal property of melanin was stable during the treatment (fig. S2B) (35). The heating behavior of the MN patch was also maintained when repeated NIR
light exposures were performed (fig. S3). Furthermore, the steady
state of the patch’s surface temperature was lysate concentration–
and NIR light intensity–dependent, whereas the thickness of the MN
backing had a minimum effect (fig. S4 and Fig. 2C). The surface
temperature of the patch could be controlled under hyperthermia
(42°C) to minimize the potential thermal-induced denaturation of
the tumor antigen and other biomolecules.
In vitro activation of DCs in response to vaccine MN
GM-CSF that serves as a potent cytokine for DC recruitment and activation was physically encapsulated into MN tips by cross-linking
2 of 12
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Fig. 1. Schematic of melanin-mediated cancer immunotherapy through a transdermal MN-based vaccine patch. (A) Schematic illustration of MN-based transdermal
vaccination. TH cell, T helper cell; Tc cell, cytotoxic T cell. (B) Photograph of representative MN patches without (W/o) melanin and with (W/) melanin (scale bar, 4 mm).
(C) Scanning electron microscopy image of the MN patch (scale bar, 400 m). (D) Fluorescence cross-sectional images of a representative MN. Actin filaments in cells were
visualized by Alexa Fluor 488 phalloidin (green), cell DNA fragments were stained with Hoechst (blue), and hyaluronic acid polymer matrix was labeled with rhodamine B
(red) (scale bar, 200 m). (E) Fluorescence imaging of a representative MN patch that contained the Alexa Fluor 488 phalloidin–labeled tumor lysate and rhodamine
B–labeled hyaluronic acid (scale bar, 400 m).
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methacrylated hyaluronic acid upon ultraviolet irradiation. We
found that 60% of the bioactive GM-CSF was released from MN
within 48 hours (fig. S5, A and B), whereas sustained release of the
tumor lysate protein was observed over 5 days (Fig. 2D). Incorporation of the NIR treatment did not alter the release profiles of GM-CSF
and tumor lysate (fig. S5, C and D). Scanning electron microscopy
images of vaccine MNs showed a gradual dissociation of tips over
time (fig. S6).
To evaluate whether GM-CSF in MNs provided signaling cues
that could efficiently promote DC maturation, we exposed bone
marrow–derived DCs to the dissolved MN suspension. The percentage of matured DCs (CD80+ and CD86+) substantially increased from
36.7 ± 2.3% to 48.9 ± 3.1% after treatment with tumor lysate– and
GM-CSF–loaded MNs with 10 min of NIR laser irradiation (Fig. 2E)
(36). The effect of varying NIR laser irradiation time on the activation
Ye et al., Sci. Immunol. 2, eaan5692 (2017)

of DCs was also measured. Ten minutes of NIR irradiation allowed
optimal DC activation as compared with samples treated with 5 or
15 min (Fig. 2E). Only 20 min of NIR exposure slightly impaired DC
viability and functionality (fig. S7). DCs in all other experimental
conditions of either MN suspension or 10 min of NIR irradiation
exhibited high viability (Fig. 2, F and G, and fig. S8).
In vivo efficacy of MN-mediated immunization upon NIR
To characterize the in vivo efficacy of MN-based immunization, we
transdermally treated C57BL/6J mice with vaccine MN patch loaded
with B16F10 whole tumor lysate containing 1.5 mg of extracted protein. We measured the magnitude and duration of the immune response after NIR irradiation and subsequent tumor challenge (Fig. 3A).
MN patches were applied on the mice skin of the caudal-dorsal area
for about 10 min and further affixed using the Skin Affix surgical
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Fig. 2. Characterization of the light-responsive transdermal MNs. (A) Surface temperature changes of the MNs with or without tumor lysate in real time with continuous
808-nm NIR irradiation at 1.0 W/cm2, characterized by an infrared thermal camera (scale bars, 1 mm). (B) Quantitative surface temperature changes of representative
MNs with continuous NIR irradiation at 1.0 W/cm2 (n = 3). (C) Quantitative temperature changes of representative MN patch with increasing laser power flux (n = 3). (D) In
vitro collective release of tumor lysate proteins from the MN patch (n = 3). (E) In vitro activation of DCs in response to MNs loaded with tumor lysate and GM-CSF or LPS
and exposed to NIR irradiation for different time (n = 3). (F) LIVE/DEAD assay of DCs after treatments with (i) blank MN, (ii) 10 min of NIR, (iii) MN, and (iv) MN and 10 min
of NIR. Live cell (green), dead cell (red). (G) Quantification of DC viability after treatments. Data points represent mean ± SD (n = 3). Error bars indicate SD. Statistical significance was calculated by Student’s t test [not significant (NS), P > 0.05; *P < 0.05].
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adhesive. Staining with trypan blue and hematoxylin and eosin
(H&E) indicated successful penetration of MNs in the excised skin
(fig. S9). The transdermal patch remained in the skin for at least
5 days (Fig. 3B). We then performed localized NIR irradiation on
the MN region for 10 min daily for 5 days (MN + NIR). Control mice
were treated with either vaccine MN patch without NIR irradiation
(MN), MN patch loaded only with melanin (melanin), or MNs containing only hyaluronic acid with NIR irradiation (blank).
Temperature changes in the regional skin surface after vaccine
MN insertion were recorded in real time using an infrared thermal
camera. Light-to-heat transduction upon NIR irradiation caused a
local heating effect observed in mice treated with vaccine MNs
(Fig. 3C). The melanin in the vaccine patch mediated the transdermal heating at temperatures between 38° and 42°C within 30 s. Mild
hyperthermia at the local treated site was similarly observed in mice
treated with synthetic melanin–loaded MNs (fig. S10A). In contrast,
mice treated with blank MNs and NIR and mice implanted with
loaded MNs but without NIR showed limited variations in skin surface temperature within the normal range of 33° to 36°C (Fig. 3C).
In a prophylactic mouse model, mice were implanted with B16F10
melanoma cells 10 days after vaccination (Fig. 3D). All mice treated
with the blank MNs had appreciable tumor growth within 15 days
Ye et al., Sci. Immunol. 2, eaan5692 (2017)
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after tumor cell inoculation and required euthanasia by day 25. MNs
loaded with melanin and treated with NIR irradiation slightly improved the survival of the mice because some mice survived to day
25 (fig. S10, B and C). Similarly, MNs loaded with tumor lysate and
melanin but without NIR irradiation caused tumor protection in
13% of the mice until day 30 (Fig. 3, E and F). In sharp contrast,
mice receiving the combined vaccination (MNs loaded with tumor
lysate and GM-CSF and NIR irradiation) showed long-term survival
with complete tumor rejection in 87% of the treated mice (Fig. 3, E
and F, and fig. S11). Bioluminescence imaging of the B16F10 melanoma–
bearing mice confirmed significant inhibition of tumor growth (Fig. 3G
and fig. S12). This was further evidenced by the measurement of
tumor weight (fig. S13) and histologic analysis (fig. S14A).
We next assessed the requirement of immune cells for the antitumor effects observed by combined vaccination–based treatments.
Depletion of CD11c+ DCs in diphtheria toxin receptor (DTR) mice
was sufficient to abrogate the antitumor effect of the vaccine MN
(Fig. 3, E and F). A study in Rag1−/− mice deficient in T cells and B
cells showed a significant loss of tumor growth suppression during
treatment with combined vaccination (fig. S11). Selective depletions
of CD8+ and CD4+ T cells before combined MN vaccination were
also studied. Eliminating CD8+ T lymphocytes showed no significant
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Fig. 3. Vaccine MN confer protective innate and adaptive immunity. (A) Schematic illustration of MN cancer immunotherapy. (B) Characterization of the MNs after
insertion. (i) Photo of mouse dorsal skin (the area within the red line) that was treated transdermally with one MN patch and (ii) fluorescence signals of Cy5.5-labeled MN
patch over time. (C) Surface temperature changes of individual animal after MN insertion into the skin measured by an infrared thermal camera. (D) Schematic representation of the B16F10 vaccine tumor model. (E) Average tumor volumes in treated mice after tumor challenge. (F) Kaplan-Meier survival curves for treated and control mice.
Data points represent mean ± SD (n = 8). Error bars indicate SD. Statistical significance was calculated by Student’s test and log-rank test (**P < 0.01; ***P < 0.001). (G) In
vivo bioluminescence imaging of the B16F10 melanoma in different experimental groups and at different time points after tumor challenge. Three representative mice
per treatment group are shown. The tumor growth in (E) to (G) was measured 10 days after tumor cell inoculation.
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(table S2 and fig. S16). Tumor infiltration by T cells upon treatment
was analyzed by flow cytometry on day 15 after tumor inoculation.
About 9.8-fold increase in CD8+ T cells was observed in mice receiving the combined vaccination compared with control mice,
whereas MN-only group showed a 5.8-fold increase (Fig. 5A). Furthermore, staining with H-2Db gp100 tetramers identified B16F10specific CD8+ T cells in tumors of treated mice (37). The percentage
of tetramer-positive CD8+ T cells was found to be greater in the
MN-treated mice compared with control mice lacking immunization (fig. S17). Mice with combined treatment or MN-only treatment
exhibited 1.5- and 1.3-fold increases in activated DCs (CD80+ and
CD86+), respectively, in regional skin as compared with control mice
(Fig. 5B). Immunofluorescence staining and in situ cell apoptosis
confirmed the results obtained with flow cytometry (Fig. 5C and fig.
S14B). Local immune activation was associated with systemic immune
responses. We measured an eightfold increase in IgG titers in the
serum of immunized mice as compared with mice treated with blank
control (Fig. 5D). NIR treatment promoted further increase in IgG
titers by day 15 and prolonged immune responses compared with

Fig. 4. Immune cell recruitment after the NIR-boosted and MN-mediated cancer immunotherapy. (A) Representative quantitative analysis of DCs (CD11c+ and
PIR-A/B+) infiltrated in the skin 3 days after treatments as assessed by flow cytometry. The indicated samples were treated with blank MN (blank), vaccine MN (MN), MN
loaded with tumor lysate without GM-CSF and treated with NIR (NIR), and vaccine MN and treated with NIR (MN + NIR). a.u., arbitrary units. (B) Representative quantitative
analysis of NK cells (CD49b+) in the skin upon transdermal cancer immunotherapy as assessed by flow cytometry. (C and D) Immunofluorescence staining and quantitative
analysis of (C) CD11c+ DCs (scale bar, 100 m) and (D) CD49b+ NK cells (scale bar, 100 m). Statistical significance was calculated by Student’s t test (*P < 0.05; **P < 0.01).
Asterisks indicate significant differences between the MN + NIR group and all other treatment groups. Data points represent mean ± SD (n = 3). Error bars indicate SD.
Ye et al., Sci. Immunol. 2, eaan5692 (2017)
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tumor regression compared with blank control (fig. S15). When antiCD4 antibody was given to the mice, there was a decrease (P < 0.01)
in tumor size in contrast to the control, suggesting the benefit of
CD4 T cells to a lesser extent than CD8 T cells for the antitumor
response (fig. S15). The depletion of B cells and NK cells also had
deleterious impact on the immune response while not diminishing
the vaccination effect toward tumor challenge (fig. S15). Together, these
results showed that the MN vaccination was associated with CD11c+
DCs and other immune cells such as T cells, B cells, and NK cells.
Loading of GM-CSF in the MNs played an important role in the
local recruitment of DCs [CD11c+, paired immunoglobulin (Ig)–like
receptors (PIRs) of activating-A/B+] (Fig. 4, A and C). Three days
after combined vaccination, a 5.9-fold increase in accumulated DCs
was observed in the skin section compared with mice treated with
blank MN. NIR further augmented the effect of GM-CSF–loaded
MNs on recruiting DCs (Fig. 4C). Increased localization of NK cells
was also observed (Fig. 4, B and D). In addition, the elevated local
microcirculatory blood perfusion observed after NIR and MN treatment could contribute in enhancing the migration of immune cells
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control groups (fig. S18). The in vitro analysis of splenocytes revealed 10-fold higher frequency of T cells responding to B16F10
tumor lysate in mice receiving the combined vaccination (Fig. 5E).
To examine that the light-to-heat transduction induced the production of danger signals and proinflammatory cytokines, we first measured local levels of ROS in the MN-treated surrounding tissue by
flow cytometry. Samples from mice receiving the combined treatment
showed about fourfold increase in ROS levels compared with the untreated group, whereas 1.5-fold increase was observed compared with
the MN control without the NIR irradiation (fig. S19). In line with the
elicitation of danger signals, combined vaccination caused the expression of HSP70 and HSP90 (Fig. 5F and fig. S20) (38). Danger signals
from the local tissue and the antigenic molecules promote proinflammatory cytokine production (39). Consistent with this effect, we found
local increases of interferon- (IFN-), tumor necrosis factor–
(TNF-), and interleukin-6 (IL-6) in mice treated with the combined
vaccination compared with MN controls (Fig. 5G and fig. S21).
Ye et al., Sci. Immunol. 2, eaan5692 (2017)
72

Efficacy of MN patch in distant tumors
We further analyzed whether the local vaccination confers protection
toward secondary tumors distant from the NIR- and MN-treated site
(Fig. 6A). Local NIR irradiation and MN treatment were performed
only on the left-side tumor in B16F10 mice bearing bilateral tumors.
Right-side tumor was not injected and was shielded from light
(Fig. 6B). We observed that the tumor sizes and bioluminescence
signals decreased significantly on both sides of the mice that had the
combined vaccination (Fig. 6, C to G). Meanwhile, substantial increase of activated DCs in the regional lymph node (Fig. 5B) and
enhanced cytotoxic responses to B16F10 cells of the splenocytes
in vitro (Fig. 5E) indicated that systemic antitumor effect could
be achieved by the transdermal immunotherapy. This effect was
parallel by fivefold increases in CD8+ T cell infiltration compared
with control, which was consistent with the role of immune cells for
antitumor efficacy (Fig. 6D). Distant metastases were not observed
in the lungs of the mice with combinational treatment (fig. S22).
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Fig. 5. Immunologic responses after the MN-mediated cancer immunotherapy. (A) Representative quantitative analysis of T cells (gated on CD3+ T cells) in
treated tumors analyzed by flow cytometry. (B) Representative quantitative analysis of activated DCs (CD86+ and CD80+) in the draining lymph nodes analyzed by
flow cytometry. Data points represent mean ± SD (n = 8). (C) Immunofluorescence staining of the tumors showing CD4+ T cell and CD8+ T cell infiltration (scale bars,
100 m). (D) Quantification of IgG1 subtypes in serum collected at day 10. Data points represent mean ± SD (n = 8). (E) Cytotoxic responses of splenocytes against
B16F10 cells in vitro. Data points represent mean ± SD (n = 6). (F) Immunofluorescence staining of HSP70 (green) in the regional skin with actin filaments visualized
by Alexa Fluor 660 phalloidin (red) and cell nuclei stained with Hoechst (blue) (scale bars, 100 m). (G) In vivo local detection of cytokines from extracted patches at
day 3. Statistical significance was calculated by Student’s t test (*P < 0.05; **P < 0.01). Data points represent mean ± SD (n = 8). Error bars indicate SD. CTL, cytotoxic
T lypmphocyte.
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Body weight measurements indicated that the treated mice gained
weight within the normal ranges (Fig. 6H). When the mice were
vaccinated with tumor lysate of a different melanoma cell type
[BRAFV600EPTEN −/− Duke-clone 6 cell line (BPD6 or BP), syngeneic with C57BL/6J] (40, 41), minimal changes in the B16F10 tumor
growth were observed (Fig. 6I), indicating the specificity of the immunological memory. Similarly, when vaccinated mice were rechallenged with B16F10 cells or BP cells, tumor protection was observed
only in mice challenged with B16F10 (Fig. 6, J and K, and fig. S23).
Efficacy of MN patch in other tumor models
To demonstrate that the potency of proposed vaccination is not limited to the B16 melanoma model in which there is an up-regulation
of the melanogenesis, we used a BRAFV600E-mutated BP melanoma
in C57BL/6J mice and a triple-negative breast cancer 4T1 carcinoma
Ye et al., Sci. Immunol. 2, eaan5692 (2017)

tumor in BALB/cJ mice. Studies of MN loaded with synthetic melanin
(with the same amount of pigment as quantified by spectrophotometry; table S1) and tumor lysate showed similar hyperthermic effect
and enhanced immune responses with combined vaccination (fig.
S24). Tumor regression and long-term survival were also achieved.
Vaccination with the combined approach rendered 75 and 87% of
mice resistant to BP and 4T1 engraftment, respectively (Fig. 7, A and
B, and fig. S25). In the tumor-bearing mice, MN and NIR treatments
induced complete remissions in 87 and 37% of mice engrafted with
BP and 4T1 cells, respectively (Fig. 7, C and D, and fig. S25). Analysis
of the local HSP70 expression showed a 2.5-fold increase in BP and
a 4-fold increase in 4T1 models upon combined vaccination compared with the MN alone (fig. S26). Production of proinflammatory
cytokines was also induced with the combined treatment, resulting in
enhanced DC activation (figs. S27 and S28). Treatments were well
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Fig. 6. Antitumor effect of local cancer immunotherapy treatment toward distant B16F10 tumors. (A) Schematic representation of the B16F10 tumor model.
(B) Photograph of a mouse before and after MN administration. Red arrows indicate established tumors on both sides. L, left; R, right.The red line indicates the MN injection site. (C) Tumor weights in different experimental groups (n = 3). (D) Tumor-infiltrating CD8+ T cells after treatments in different experimental groups (n = 6). Asterisks
in (C) and (D) indicate statistically significant differences between blank MN and other groups. (E) Images of tumors extracted from treated mice indicated by the labels
in (D). (F) In vivo bioluminescence imaging of treated B16F10 melanoma at different time points after treatment. One representative mouse per treatment group is shown.
(G) Average tumor volumes in treated mice. (H) Body weights of treated mice (n = 6). (I) Average B16F10 tumor volumes in mice treated with MNs loaded with BP lysate
with melanin and blank MN (n = 8). (J) Average tumor volumes in vaccinated mice rechallenged with either B16F10 cells or BP cells on day 80. (K) Kaplan-Meier survival
curves for rechallenged mice. Data points represent mean ± SD (n = 8). Error bars indicate SD. Statistical significance was calculated by Student’s t test and log-rank test
(NS, P > 0.05; *P < 0.05; **P < 0.01; ***P < 0.001).
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tolerated and did not cause weight loss or clinical signs of distant
metastasis (figs. S29 and S30).
DISCUSSION

In the current study, we have integrated the B16F10 whole tumor
lysate and GM-CSF into a transdermal MN patch to sustain the delivery of the cancer vaccine and target immune cell populations in the
epidermis. By incorporating the melanin, we have demonstrated that
the combined vaccine facilitated local immune activation upon NIR
irradiation through the recruitment of DCs and other immune cells.
Compared with other photosensitizing agents (42, 43), melanin is a natural pigment with high biocompatibility and broad absorption spectrum. The efficient light-to-heat transduction mediated by melanin
contributed to the rapid increase in skin temperature toward 42°C.
The combined treatment caused long-term survival with tumor
rejection in 87% of vaccinated C57BL/6J mice. Complete tumor protection was further observed in mice rechallenged with B16F10 tumor
cells. After NIR treatment, the elevated local microcirculatory blood
perfusion was associated with the migration of local DCs and NK
cells. Depletion of B cells, NK cells, and T cells attenuated the treatment
efficacy in vaccinated mice, highlighting the relevance of the immune
control in the tumor development. In accordance, the production of danger signals and proinflammatory cytokines triggered the immune activation. We have identified the elevated HSP70 and HSP90 expression and
ROS levels in the surrounding tissues. This effect was also associated with
local enrichment of IFN-, TNF-, and IL-6. Characterization of other relevant danger signals and antigen adjuvants needs to be further examined.
Ye et al., Sci. Immunol. 2, eaan5692 (2017)
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In summary, the whole tumor lysate with melanin in a lightirradiated MN patch generates a hyperthermic-mimicking microenvironment that effectively recruits and activates immune cells at
the vaccination site. As a result, the melanin-mediated patch prevents
tumor engraftment in prophylactic models and causes sustained
tumor regression in tumor-bearing mice. In addition, the natural
melanin used in this treatment can also be extended to other biological pigments, such as carotenoid, xanthophylls, and bilirubin, for
photomediated therapy. This method is also adaptable to deeptissue photoacoustic imaging, biological labeling, and targeting a
variety of diseases in a photo-/thermoresponsive manner (44–46 ).
Nevertheless, the parameters associated with this immune activation need further optimization, for instance, the duration of NIR
irradiation and the selection of light wavelength, as well as the treatment site. For the future study of the proposed approach, personal
neoantigens and checkpoint inhibitors could be incorporated into
the MNs to further enhance treatment specificity and efficacy (47).
For the potential translation of the vaccine patch, it relies profoundly
on a prolonged safety evaluation of the local and systemic toxicity,
as well as other potential side effects.
MATERIALS AND METHODS

Study design
The objective of this study was to assess the effect of a melanin-mediated
transdermal patch on cancer vaccine–based immunotherapy. The
B16F10 whole tumor lysate containing melanin was integrated into
an MN patch that allows controlled release of the cancer vaccine.
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Fig. 7. Antitumor effect of local cancer immunotherapy treatment in various tumor models. (A) Average tumor growth and Kaplan-Meier survival rate of vaccinated
C57BL/6J mice after BP tumor cell challenge. Mice were pretreated with blank MN (blank), MN loaded with BP tumor lysate and melanin (MN), or loaded MN combined
with NIR irradiation (MN + NIR). (B) Average tumor growth and Kaplan-Meier survival rate of vaccinated BALB/cJ mice after 4T1 tumor cell challenge. Mice were pretreated with blank MN, MN loaded with 4T1 tumor lysate and melanin, or loaded MN combined with NIR irradiation. (C) Average tumor growth and Kaplan-Meier survival rate
of C57BL/6J mice bearing established BP tumors. Mice were treated with blank MN, MN loaded with BP tumor lysate and melanin, or loaded MN combined with NIR irradiation. (D) Average tumor growth and Kaplan-Meier survival rate of BALB/cJ mice bearing established 4T1 tumors. Mice were treated with blank MN, MN loaded with 4T1
tumor lysate and melanin, or loaded MN combined with NIR irradiation. Data points represent mean ± SD (n = 8). Error bars indicate SD. Statistical significance was calculated by Student’s t test and log-rank test (*P < 0.05; **P < 0.01; ***P < 0.001).
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Upon NIR light irradiation on the patch, the local heating effect on
boosting immune responses was evaluated. Mice subjects were purchased from the Jackson Laboratory, weighed, and randomly divided
into different experimental groups. The numbers of sampling and
experimental replicates were included in each figure legend.

NIR-responsive property of MN
To evaluate the property of the MN patch in response to NIR light irradiation, we irradiated samples with 808-nm NIR laser light. The diode
infrared laser module (Opto Engine LLC, MDL-N-808) was approved
Ye et al., Sci. Immunol. 2, eaan5692 (2017)

In vitro DC activation
Bone marrow was collected by flushing the femur and tibia with
complete RPMI 1640 containing 10% fetal bovine growth serum. After lysis of red blood cells (lysate solution, Cwbiotech), 1 × 106 bone
marrow cells were seeded in six-well culture dishes with 3.0 ml of
the culture medium containing GM-CSF (20 ng/ml) and 50 M
-mercaptoethanol (Bio-Rad, Hercules, CA, USA). On day 3, an additional 4.0 ml of the same medium with GM-CSF was added into
the plates. On day 6, half of the culture supernatant was collected and
centrifuged. Cells were resuspended in RPMI 1640 and added back into
the original plates. On day 7, nonadherent cells were collected and
used as bone marrow–derived DCs for further research use. Another
murine DC line JAWS II cells were cultured in minimum essential
medium Eagle alpha modification (Sigma-Aldrich) supplemented with
GM-CSF (5 ng/ml). DCs were left unstimulated or stimulated for
12 hours with blank MN (100 g/ml) or tumor lysate–loaded MN
release medium or lipopolysaccharide (LPS; 100 ng/ml). After the
stimulation, the cells were exposed to NIR irradiation (1.0 W/cm2)
at a distance of 10 cm for 0, 5, 10, 15, and 20 min, respectively. After cell
incubation for 4 hours, the supernatants were collected and measured
by IL-12 p70 mouse ELISA kit (Thermo Fisher Scientific, MC0121). The
cells were washed and stained with LIVE/DEAD assay (Thermo Fisher
Scientific, L3224) and CD80+, and CD86+ maturation marker-specific
antibodies and subsequently analyzed by the confocal microscopy
and flow cytometer. Both bone marrow–derived DCs and JAWS II
cell line were used for characterization of DC activation. The LIVE/
DEAD assay imaging data were obtained from the JAWS II cell line.
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Preparation and characterization of MNs
All MNs were prepared using silicone molds with arrays of conical
holes machined by laser ablation (Blueacre Technology Ltd.). Each MN
had a 300 m by 300 m round base tapering to a height of 800 m with
a tip radius of around 5 m. MNs were arranged in a 15 × 15 array with
a 600-m center-to-center spacing. GM-CSF solution (0.1 mg/ml, 10-l
final volume) was directly deposited by pipetting onto each silicone
micromold surface, followed by vacuum (600 mmHg) condition for
5 min to allow the solution to flow into the cavities. After that, 0.2 ml of
4.0 weight % (wt %) methacrylated hyaluronic acid solution mixed with
N,N′-methylenebisacrylamide (2.0 wt %) and photoinitiator (Irgacure
2959; 0.05 wt %) were directly deposited by pipetting onto each silicone
micromold surface, followed by vacuum (600 mmHg) condition for
5 min and centrifugation at 2000 rpm for 5 min (Hettich Universal 32R
centrifuge). GM-CSF layer was cross-linked via ultraviolet irradiation
(wavelength, 365 nm) for 10 s, and a piece of 4 cm by 9 cm silver adhesive tape was applied around the 2 cm by 2 cm micromold baseplate.
Three milliliters of homogenized B16F10 tumor lysate (containing 1.5 mg
of extracted tumor lysate proteins) in 4.0 wt % mixed methacrylated
hyaluronic acid solution was added to the prepared micromold reservoir. We also used hyaluronic acid solution with different concentrations
of tumor protein from 0.25 to 0.5 to 1.0 mg/ml. Protein concentration
was quantified by measuring extracted protein content in the tumor
lysate supernatant using T-PER (tissue protein extraction reagent) and
Bradford assay before the MN fabrication. For the BP or 4T1 tumor
lysate–loaded MNs, 50-g melanin was dissolved in 4.0 wt % mixed
methacrylated hyaluronic acid solution with tumor lysate (containing
1.5 mg of extract tumor lysate proteins, 3.0-ml final volume) to fabricate the MN matrix. For the blank MNs without tumor lysate, mixed
methacrylated hyaluronic acid solution was used without the tumor
lysate. For the melanin-loaded MNs, 50-g melanin was dissolved in
4.0 wt % mixed methacrylated hyaluronic acid solution to fabricate the
MN matrix. The stock melanin solution (100 mg/ml) was prepared by
dissolving melanin in 1.0 M sodium hydroxide and heating to 99°C for
10 min. Final formulation was dried at 25°C in a vacuum desiccator
overnight. After desiccation was completed, needle arrays were carefully separated from the silicone molds and cross-linked via ultraviolet
irradiation. The needle base was tailored into a square shape. Fluorescent MNs were fabricated with phalloidin-labeled tumor lysate and
rhodamine B– or Cy5.5-labeled hyaluronic acid. The preparation and
storage of MNs were under sterilized condition. Morphology of MNs
was characterized on a FEI Verios 460L field-emission scanning electron microscope operating at 20 kV after sputter coating with gold/
palladium at the Analytical Instrumentation Facility. Cross sections of
MNs were obtained by cutting 5-m slides using Thermo Fisher Scientific HM525 NX Cryostat and stained with Alexa Fluor 488 phalloidin
and Hoechst. Fluorescence images of MNs were taken by the Olympus
IX70 multiparameter fluorescence microscope.

by a laser safety officer of the North Carolina State University (NC State)
Environmental Health and Safety Center. The MN patches were placed
on a piece of white paper with the needle tips facing down. The laser
wire was fixed in place using a plate stand with a support rod and a
clamp. The distance between the patch and spotlight was fixed at 10 cm,
and the spot size was ~1 cm2. The output energy of the diode infrared
laser module was adjusted within 1.0 W and led to the intensity per unit
area (E = I/d2) of 1.0 W/cm2 (at 808 nm). The NIR light was irradiated
continuously or intermittently as needed. Surface temperature changes
of the MN patch backing were recorded, and the highest temperature
was controlled below 42°C in real time using a thermal imager (FLIR E4)
and a noncontact infrared thermometer gun (Leegoal). For intermittent
irradiation, the MNs were repeatedly exposed to the laser (1.0 W/cm2),
and the local temperature reached about 42°C for 1 min. Subsequently,
the laser was turned off for 1 min. This cycle was repeated four times
to assess the responsive behavior of MN patch under repeated NIR
irradiation. For the continuous irradiation, samples with different
parameters were tested. The effect of melanin content on the lightresponsive behavior was tested on MNs loaded with tumor lysate of
different protein concentration or blank MN with hyaluronic acid.
Quantitative surface temperature changes of the representative MNs
were recorded under continuous NIR irradiation at 1.0 W/cm2. In a
separate experiment, the laser power flux was controlled. During continuous NIR exposure for 2 min, the maximal temperature of the MN
surface was recorded and plotted. The effect of MN backing thickness
on the light-responsive behavior was tested on MNs with continuous
NIR irradiation at 1.0 W/cm2. The thickness of the MN patch was measured with an average value of 181 m and an SD of 12.5 m using a
digimatic indicator (Mitutoyo Corp. ID-C112E Series 543). MN patch
samples with different backing thicknesses (169, 175, 179, 181, and
202 m) were used.
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Identification of DC subsets, T cells, and cytokines
Antibodies used were purchased from Thermo Fisher Scientific and
BioLegend Inc. Staining antibodies, including CD3 (Thermo Fisher
Scientific, A18644), CD4 (Thermo Fisher Scientific, A18667), CD8
(Thermo Fisher Scientific, A18609), CD11c (BioLegend, 117309), CD49b
(BioLegend, 108909), CD80 (BioLegend, 104707), CD86 (BioLegend,
105007), PIR-A/B (gp91, BioLegend, 144103), tetramer (MBL International, H-2Db gp100, EGSRNQDWL-P), and fluorogenic CellROX
Deep Red reagent (BioLegend, C10422) were used for fluorescenceactivated cell sorting (FACS) and were analyzed following the manufacturers’ instructions. Organs (skin, tumor, lymph node, and spleen)
were harvested and minced into 2- to 4-mm pieces using scissors or
scalpel blade. A single-cell suspension was prepared in the cell staining
buffer (BioLegend, 420201). CellROX reagents at predetermined optimum concentrations were added to the cells and incubated on ice for
20 to 30 min in the dark for ROS detection. The relevant tetramer phycoerythrin (PE) was stained at room temperature for 30 min in the dark
before additional staining with appropriately conjugated fluorescent
antibodies. Stained cells were analyzed on a FACSCalibur instrument (BD)
and using FlowJo software. To determine the concentration of different
cytokines at the vaccine MN site, patch and adjacent tissues were excised and digested with T-PER (Pierce). Cytokine concentrations in the
extracted patch were analyzed with a BioLegend’s LEGENDplex beadbased immunoassays, according to the manufacturer’s instructions.
Statistical analysis
Statistical analysis was evaluated using GraphPad Prism (6.0). Statistical analysis was performed with paired Student’s t test and analysis of
variance (ANOVA). P values for Kaplan-Meier curves were calculated
with log-rank test. P values of 0.05 or less were considered significant.
Study approval
All mouse studies were performed following animal protocols approved by the Institutional Animal Care and Use Committee at the NC
State University and the University of North Carolina at Chapel Hill
(UNC-CH).
SUPPLEMENTARY MATERIALS

immunology.sciencemag.org/cgi/content/full/2/17/eaan5692/DC1
Materials and Methods
Fig. S1. Mechanical property of the MN.
Fig. S2. Characteristics of tumor lysate solution and synthetic melanin.
Fig. S3. Heating behavior of MN patches by repetitive NIR irradiation.
Fig. S4. Surface temperature of MN patches with various loadings of tumor lysates upon NIR
irradiation.
Fig. S5. In vitro release profiles of GM-CSF and tumor lysate proteins.
Fig. S6. Scanning electron microscopy images of MN patch after insertion into the mouse skin
over time.
Fig. S7. DC function evaluation after in vitro activation.
Fig. S8. Cytotoxicity study of the blank MNs.
Fig. S9. Characterization of the skin after MN insertion.
Fig. S10. Melanin-loaded MNs confer protective immunity in vivo.
Fig. S11. Tumor growth in control and treated mice.
Fig. S12. Quantified B16F10 bioluminescent tumor signals in control and treated mice.
Fig. S13. Tumor weights in control and treated mice.
Fig. S14. Histology and apoptosis analysis of the tumor sections.
Fig. S15. Tumor growth of mice receiving the transdermal cancer immunotherapy.
Fig. S16. Measurement of local microcirculatory blood perfusion of mice.
Fig. S17. Immunologic responses after the transdermal cancer immunotherapy.
Fig. S18. Quantification of IgG1 subtypes in serum after treatment with blank, MN, or MN + NIR.
Fig. S19. ROS detection by flow cytometry in tumor sections.
Fig. S20. HSP90 expression after the transdermal cancer immunotherapy.
Fig. S21. Cytokine kinetics after the transdermal cancer immunotherapy.
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Mice and in vivo tumor models
Female C57BL/6J mice, BALB/cJ mice, CD11c-DTR transgenic mice
[B6.FVB-Tg(Itgax-DTR/EGFP)57Lan/J; stock no. 004509], and
Rag1−/− knockout mice (B6.129S7-Rag1tm1Mom/J; stock no. 002216)
were purchased from the Jackson Laboratory. Mice were weighed and
randomly divided into different groups. On day 0, healthy mice were
treated with MNs loaded with tumor lysates and GM-CSF, blank MNs
loaded with synthetic melanin without tumor lysates, or blank MNs
containing hyaluronic acid only (blank). MN patches were applied into
the skin of the caudal-dorsal area for about 10 min and further fixed
using Skin Affix surgical adhesive (Medline Industries Inc.). After injection of the MNs, NIR irradiation was performed on the localized
MN region for 10 min each day for five successive days after immunization (MN + NIR). The diode infrared laser module at 808 nm (Opto
Engine LLC, MDL-N-808) was approved by a laser safety officer of the
NC State University Environmental Health and Safety Center. Mice in
the control groups were treated with either vaccine MNs without NIR
irradiation (MN), blank MNs loaded with synthetic melanin without
tumor lysate with NIR irradiation (melanin), or blank MNs containing
hyaluronic acid only with NIR irradiation (blank). Surface temperature
changes of the regional skin were recorded and controlled below 42°C
in real time using a thermal imager (FLIR E4) and a noncontact infrared thermometer gun (Leegoal). On day 10, 1 × 106 B16F10 tumor cell
lines in 25 l of phosphate-buffered saline (PBS) were subcutaneously
transplanted into the flank of the C57BL/6J mice, CD11c-DTR transgenic mice, and Rag1−/− knockout mice. Tumor-free mice were rechallenged with 1 × 106 B16F10 tumor cells in 25 l of PBS 80 days after the
first tumor inoculation. For the depletion antibody study, we depleted
specific T cell, B cell, and NK cell populations in mouse models. Mice
were intraperitoneally given 200 g of antibody purified from mouse
thymus or spleen dissolved in 200 l of PBS. Antibodies against CD4
(BioLegend, LEAF 100435), CD8 (BioLegend, LEAF 100735), CD19
(BioLegend, LEAF 152402), and NK-1.1 (BioLegend, LEAF 108712)
were administered twice weekly for 3 weeks, starting 1 week before the
tumor inoculation. Depletions were confirmed by flow cytometry of
splenic suspension. For another melanoma model, 1 × 106 BP tumor
cells in 25 l of PBS were subcutaneously transplanted into the flank of
the C57BL/6J mice. For the carcinoma tumor model, 1 × 106 4T1 tumor cells in 25 l of PBS were subcutaneously transplanted into the
flank of the BALB/cJ mice. For experimental metastasis model, 1 × 105
tumor cells were intravenously infused into mice via the tail vein. In
another set of experiments, tumor cells were subcutaneously transplanted into the flank of the mice on day 0. The tumor-bearing mice
were weighed and randomly divided into four groups when the tumor
volume reached around 50 mm3 on day 3. After that, the mice were
peritumorally administrated with sterile MN loaded with tumor lysate
and GM-CSF (MN) or blank MN containing hyaluronic acid only
(blank). After that, NIR light was irradiated on the MN patch for 10 min
during the following 5 days from days 3 to 7. Tumor growth was measured by a digital caliper or monitored by bioluminescence signals of
luciferase-tagged cells. The tumor volume (cubic millimeter) was calculated as 1/2 × long diameter × (short diameter)2.
To assess potential toxicity, we monitored mice daily for weight loss.
H&E staining was performed on the organs collected from the mice
following the standard procedure (Histology Laboratory at NC State
College of Veterinary Medicine). Lungs were excised, and macroscopically visible metastases were counted. The resected primary tumors
were stored at −20°C for immunofluorescence staining or fixed in 4%
paraformaldehyde for subsequent analysis.
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Fig. S22. Histology analysis after the transdermal cancer immunotherapy.
Fig. S23. Antitumor effect of the transdermal cancer immunotherapy toward different tumor
models.
Fig. S24. Surface temperature changes of the melanin-loaded MNs.
Fig. S25. Antitumor effect of the transdermal cancer immunotherapy.
Fig. S26. HSP70 expression after the transdermal cancer immunotherapy.
Fig. S27. Representative quantitative analysis of the DC activation.
Fig. S28. Cytokine kinetics after the transdermal cancer immunotherapy.
Fig. S29. Average weights of mice after the transdermal cancer immunotherapy in control and
treated mice.
Fig. S30. H&E staining of organs collected after the transdermal cancer immunotherapy.
Table S1. Melanin content of tumors excised from tumor-bearing mice.
Table S2. Measurement of total local microcirculatory blood perfusion of mice receiving
different treatments using the laser Doppler flowmetry.
Excel file 1.
Excel file 2.
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INTRODUCTION

A key challenge in developing cancer therapeutics is the identification
of a target protein that is essential to the growth, survival, or metastasis
of a tumor. One path to such proteins is to test developmental regulators that operate in normal cells from which the tumor is derived.
A prime example is medulloblastoma (MB), the most common malignant pediatric brain tumor. Developmental, genetic, and transcriptional
analyses have established a clear parallel between sonic hedgehog
(SHH)–subtype MB and granule neuron precursors (GNPs) (1–3).
During normal cerebellar development, GNPs proliferate extensively
in response to hedgehog (Hh) signaling (2) before differentiating
into granule neurons, the most abundant type of neuron in the brain
(Fig. 1A) (4). In mice, this period begins at postnatal day 1 (P1),
peaks at P7, and is largely complete by P14, at which point remaining

GNPs have stopped dividing and have begun differentiating (5) into
granule neurons (2, 6). Sustained Hh target gene activity in GNPs,
due to reduced function of pathway components that negatively regulate Hh signal transduction, such as Patched (PTCH1) (1), or to heightened function of activating Hh signal transducers or effectors, such
as GLI2 (3), results in continued proliferation of GNPs beyond P14
and eventual rise of SHH-type MB.
To date, drugs for SHH-type MB inhibit Smoothened (SMO), a
transmembrane protein that acts early in the Hh signal transduction
pathway. Patients treated with SMO inhibitors initially have dramatic
tumor regression but eventually develop resistance due to mutations
in SMO or in genes encoding downstream components of the Hh
pathway (7). Worse, at the time of diagnosis, 49% of infants and 59%
of children have mutations downstream of SMO; hence, these tumors
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A major limitation of targeted cancer therapy is the rapid emergence of drug resistance, which often arises through
mutations at or downstream of the drug target or through intrinsic resistance of subpopulations of tumor cells.
Medulloblastoma (MB), the most common pediatric brain tumor, is no exception, and MBs that are driven by sonic
hedgehog (SHH) signaling are particularly aggressive and drug-resistant. To find new drug targets and therapeutics
for MB that may be less susceptible to common resistance mechanisms, we used a developmental phosphoproteomics approach in murine granule neuron precursors (GNPs), the developmental cell of origin of MB. The protein kinase CK2 emerged as a driver of hundreds of phosphorylation events during the proliferative, MB-like stage
of GNP growth, including the phosphorylation of three of the eight proteins commonly amplified in MB. CK2 was
critical to the stabilization and activity of the transcription factor GLI2, a late downstream effector in SHH signaling.
CK2 inhibitors decreased the viability of primary SHH-type MB patient cells in culture and blocked the growth of
murine MB tumors that were resistant to currently available Hh inhibitors, thereby extending the survival of tumorbearing mice. Because of structural interactions, one CK2 inhibitor (CX-4945) inhibited both wild-type and mutant
CK2, indicating that this drug may avoid at least one common mode of acquired resistance. These findings suggest that CK2 inhibitors may be effective for treating patients with MB and show how phosphoproteomics may be
used to gain insight into developmental biology and pathology.
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To identify important candidate drug targets for MBs, and to explore regulation of Hh transduction, we performed a proteome-wide
analysis of in vivo phosphorylation events occurring in murine GNPs
during the initiation, peak, and completion of Hh-driven proliferation. Unlike genome-wide transcription assays, phosphoproteomics
provided measurement of the modified state of proteins at each developmental stage and thereby inferred which kinases have stagespecific changes in activity. Kinases that are specifically active during
the MB-like P7 stage of GNP development may also be required for
MB growth. Kinases are critical regulators of Hh signaling (9, 10) and
are attractive drug targets, susceptible to inhibition by competitive
inhibitors, small molecules that interfere with the binding of adenosine
5′-triphosphate (ATP) (11–13). If a kinase has multiple substrates
that are important for Hh transduction and/or survival of MB cells, then
the drug will have multiple restraining influences on tumor growth, and
mutation of any single substrate is unlikely to cause drug resistance.
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Fig. 1. Quantitative mapping of the phosphoproteome during GNP development. (A) Schematic of early postnatal proliferation and differentiation of GNPs.
Pink, Atoh1-positive proliferative GNPs; red, postmitotic GNPs. oEGL/iEGL, outer/
inner external granule layer; IGL, internal granule layer. (B) Experimental scheme
for the phosphoproteomic assays. (C) Heat map representing relative phosphopeptide abundance and undirected clustering among three biological replicates
and sample types (P1, P7, and P14 GNPs and Ptch+/− MB). Color axis = R2. *Cluster
branch of P7 GNPs versus MB sample. (D) Distribution of relative phosphopeptide
abundance at developmental transitions. Dashed lines = 1.5 SDs. Mass spectrometry
(MS) was performed in n = 3 biological replicates per experimental time point (14 to
40 mice per replicate at each time point).

are resistant to SMO inhibitors from the start (8). Despite the great
potential of Hh pathway inhibitors, children with MBs continue to
receive multiple nontargeted therapies and, consequently, sustain
long-term neurological and cognitive problems. There is a pressing
need to identify novel drug targets that affect Hh signal transduction downstream of SMO, preferably at late steps in the pathway.
Ideally, inhibition of this target using a specific drug would be refractory to single mutations of Hh pathway components.
Purzner et al., Sci. Signal. 11, eaau5147 (2018)
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Proliferating and postmitotic GNPs
have distinct phosphoproteomes
Using a protocol summarized schematically in Fig. 1B, we identified
9311 unique phosphorylation events in GNPs purified from P1, P7,
and P14 mouse cerebellum. The false discovery rate (FDR) was <1%
(table S1). All samples were prepared in biological triplicate, and the
results were strongly reproducible (R2 = 0.76; Fig. 1C and fig. S1). A
single MB sample generated from Ptch1+/− mice (1, 14) was included
for comparison (Fig. 1C and table S1). In keeping with previous literature (5), P1 and P7 Atoh1-positive cells were highly proliferative,
whereas P14 GNPs were almost universally postmitotic (fig. S2). Many
changes in phosphorylation distinguished proliferating (P1 and P7)
from early postmitotic (P14) GNPs (Fig. 1, C and D). Only 4.9% of
the phosphorylated peptides changed in relative phosphorylation level
more than twofold from P1 to P7 (3.6% increased, 1.3% decreased);
in contrast, 21.4% of phosphorylated peptides changed more than twofold between P7 and P14 (18.2% decreased, 3.2% increased; Fig. 1D).
Strikingly, the pattern of protein abundance and phosphorylation
in P7 GNP samples was more similar to that of MB cells than to that
of either P1 or P14 GNPs, demonstrating strong similarity between
peak proliferating GNPs and MB even at the minute-to-minute kinetics of phosphorylation (Fig. 1C, asterisk). Peptides more highly
phosphorylated in P1, P7, and MB relative to P14 included known
pro-proliferative phosphorylation sites of the cell cycle regulator
retinoblastoma 1 (RB1) (fig. S2) and the proteins encoded by three
of eight genes that commonly undergo copy number aberrations in
human MBs (Gab1, Irs2, and Yap-1) (15).
CK2 substrates are more highly phosphorylated
in GNPs isolated at P7
Motif analysis of phosphorylation events in GNPs that changed in
frequency (>1.5 SD) over time suggested candidate kinases whose
activity might be different during proliferation versus differentiation.
Sixteen phosphorylation consensus motifs were prominent among
1522 protein sequences that had phosphorylation changes (Fig. 2A).
Four observed motifs [for cyclin-dependent kinases (CDKs), protein
kinase A (PKA), and PKC] were consistent with past studies (4, 10, 16).
Of the remaining motifs, 7 of 12 matched those targeted by the protein kinase CK2 (casein kinase 2)—the target motifs of which have
acidic residues C-terminal to a phosphorylated serine or threonine
2 of 14

11 September 2018
www.SCIENCESIGNALING.org

11 September 2018

Vol 11 Issue 557 aau5147

Downloaded from http://stke.sciencemag.org/ on January 16, 2019

GNP isolation
GNP isolation
GNP isolation
Protein extraction
Protein extraction
Protein extraction
Digest with LysC + trypsin Digest with LysC + trypsin Digest with LysC + trypsin
Label peptides: 7,8,9

RESEARCH ARTICLE

SCIENCE SIGNALING | RESEARCH ARTICLE
A

C
P1

P7

*
*
*
*
**
**

CK2
CK2
Multiple
*
CK2
CK2
CDKs/ERK/p38
CDK1/2/5
CK2/ATM/DNAPK
Unknown

*
*
*
**
**

CK2
CK2
Multiple
CK2
PKA
PKC
0.5

T

V

*

AL

N
GF
NQ

G

PKK
V

K

QT

P

T

Protein
ZNF639
IWS1
MYBBP1A
PSIP1
TIMELESS
DDX54
TRMT10A
PRPF3
ACIN1
CBX3
HMGB3
FAM21
PAXBP1
TNKS1BP1
CDK5RAP2
CAMSAP2
CEP170B
IWS1
CERS4
MAP1A
ZBTB7A
BOD1L

Y W

+6

L

0

*

A
P
SQ
VT

N

+1

−1

−2

−3

−4

−5

*

KPE
K

V

PN
M A
AN
EM Q
G
K
L
PT
M
SW V TK
T
T
VV Y Y V V

−6

*
*

+5

K

S

A

*

EE
A
G

S

QGS A
RT
E
AS
C

Peptide

P14

DDD

E

D

+4

AP
D

G

+3

K

RL
HE
EL
KGD
NNS

PQL

P7

0

0.5

1

Fig. 2. Phosphoproteomic data indicate increased phosphorylation at CK2 motifs at P7. (A and B) The
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motif is noted down the right. *CK2 target motifs. **Known regulators of GNP development. Color axis:
Fraction of maximum enrichment. Red box: CK2 motif characterized by motif logo (B). (C) Enriched phosphopeptides, and the corresponding protein, contributing to the SD.E motif–enriched phosphopeptides described
in (A). Proteins include known (*) and currently uncharacterized CK2 substrates. Data are n = 3 biological
replicates per experimental time point (14 to 40 mice per replicate at each time point).

(Fig. 2, A to C, and table S2) (17). Notably, of 278 phosphorylated
peptides with possible CK2 target motifs, 83.8% were more highly
phosphorylated in P7 compared to P1 or P14. CK2 itself was not more
highly expressed at P7 compared to P1 or P14 in terms of either protein
or transcript abundance (18), which is likely why CK2 has not been
previously identified in large-scale transcriptional assays of cerebellar
development and MB (18, 19). In keeping with this, many CK2 substrates did not change in phosphorylation abundance (table S1). Our
findings therefore likely reflect regulated and localized change specifically in CK2 activity, which could have resulted from changes in
kinase localization and/or trafficking of its subunits, co-regulator
binding, phosphatase abundance, or accessibility of substrate motifs
or docking sites (20). This highlights the importance of investigating
kinase activity at its terminal readout: proteome-wide assessment of
phosphorylation.
CK2 inhibition results in decreased GNP proliferation
Many peptides with CK2 consensus sites were more highly phosphorylated at the peak proliferative period (P7), suggesting that CK2
activity is important for GNP proliferation. We tested the role of
CK2 in cerebellar development by injecting mice with the CK2 inhibitor 4,5,6,7-tetrabromobenzotriazole (TBB) (Fig. 3A) (21). Although several CK2 inhibitors exist, TBB was used because it is fairly
selective (22), is cell-permeable (23), lacks short-term cytotoxicity
in vivo (24), and is effective at preventing seizure activity in mice (24).
Its potency suggests blood-brain barrier (BBB) permeability. Mice
were treated twice a day, from P3 to P7, with TBB [30 mg/kg, intraperitoneally (ip)] (25) or vehicle control [dimethyl sulfoxide (DMSO)].
Four hours after the final injection, mice were sacrificed and their
Purzner et al., Sci. Signal. 11, eaau5147 (2018)

CK2 facilitates Hh signal transduction
Because GNP proliferation in neonatal mice is
driven by Hh signaling, we investigated whether
CK2 affects the response to SHH. Hh signal transduction is initiated when SHH ligand binds and
inhibits the cell surface receptor PTCH1 (Fig. 4A)
(1, 27). SHH inhibition of PTCH1 unleashes the
G protein (heterotrimeric GTP-binding protein)–coupled receptor
SMO (28, 29), which then inhibits a protein called suppressor of
fused (SUFU), in turn an inhibitor of the transcription factor GLI2
(30). Inhibition of SUFU thus allows transcription of GLI2 target
genes, such as GLI1. Note that CK2 is an acronym derived from the
misnomer “casein kinase-2” and is unrelated in both structure and
function to the known GLI2 regulator CK1.
Genetic and small-molecule inhibitor studies in NIH3T3 cells (spontaneously immortalized murine embryonic fibroblasts) confirmed a
role for CK2 in Hh signal transduction. NIH 3T3 cells are routinely
used to assay the Hh pathway because they contain all canonical components of the Hh transduction pathway and have a robust transcriptional response to SHH ligand in culture. In contrast, GNPs in culture
exit the cell cycle and rapidly differentiate into non–SHH-responsive
granule neurons. A change in Gli1 transcript expression in GNPs
can result from perturbation of the Hh pathway or from non–
Hh-dependent perturbations, such as cell cycle inhibitors or changes
in ion homeostasis, so NIH3T3 cells are used instead.
CK2 is a heterotetrameric holoenzyme made up of four subunits:
two catalytic  subunits (either two CSNK2A1 subunits or one CSNK2A1
subunit and one CSNK2A2 subunit) and two regulatory  subunits
(CSNK2B). Genetic loss in mice of either CSNK2A1 or CSNK2B
results in early embryonic death (31, 32). CSNK2A2 can generally
be replaced by CSNK2A1, and knockout of Csnk2a2 in mice results
in infertility in males but otherwise has no apparent phenotypic
consequence (31).
Small interfering RNA (siRNA)–mediated knockdown of the essential catalytic  subunit, CSNK2A1, in NIH3T3 cells strongly reduced the induction of Gli1 expression by SHH (Fig. 4B). As expected,
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cerebella were fixed. TBB-treated mice had no
change in cerebellar folia length, which is affected
by non–GNP-derived neurons (Fig. 3, B and C)
(26). In contrast, folia width, which depends on
the number of proliferating GNPs and their progeny, granule neurons, was significantly reduced by
TBB treatment (P < 0.01; Fig. 3, B and C). The number of Atoh1-positive (P < 0.01) and proliferating
GNPs at P7 (P < 0.001) was significantly reduced
in treated mice (Fig. 3, B and D). No significant
change in the rate of apoptosis or the ratio of proliferation to differentiation was detected (Fig. 3,
B and D). Similarly, GNPs cultured in the presence of SHH and CX-4945, a CK2 inhibitor that
is highly specific and structurally distinct from
TBB, had a dose-dependent decrease in proliferation and a correlating decrease in total Atoh1positive cells at 24 hours (fig. S3), as assessed by
single-cell immunofluorescence imaging. The
decrease in folia width was likely to be due to reduced GNP proliferation in response to inhibition of CK2 during the critical postnatal period.
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the effect of knockdown of only the nonessential  prime subunit,
CSNK2A2, on Gli1 transcription was not significant. Knockdown of
CSNK2B resulted in a significant but modest decrease in Gli1 induction,
consistent with previous evidence (32) that even low CSNK2B protein
abundance, as in Csnk2b knockdown cells (fig. S4), is sufficient to
make substantial amounts of CK2 holoenzyme. Each of the mRNA
knockdowns was subunit-specific and did not reduce expression of
the non-Hh target Smo (fig. S4).
Two structurally unrelated CK2 inhibitors, CX-4945 and TBB (21, 33),
each significantly reduced the expression of the SHH-induced GLI2
targets (Gli1, Gli2, and Ptch1) in NIH3T3 cells as early as 4 hours
after drug administration (Fig. 4C). CK2 inhibition did not decrease the
transcript abundance of the non-Hh target gene Smo (fig. S5). The
rapid influence of CK2 inhibitors on Hh pathway target gene expression suggests that the slower (72-hour) effects of CSNK2A1 knockdown
in NIH3T3 cells were due to direct action on Hh signal transduction
rather than indirect effects from prolonged CK2 inhibition.
CK2 facilitates Hh signal transduction at late steps
in the pathway
When NIH3T3 cells were stimulated with an SMO agonist “SAG”
(100 nM) (34), the CK2 inhibitor TBB blocked the increase in Gli1
transcript that normally occurs in response to SAG, working as well as
the SMO antagonist GDC-0449 (100 nM; also known as vismodegib)
(Fig. 4D) (35). Therefore, CK2 regulates Hh signal transduction at or
downstream of SMO. Treatment of Sufu−/− mouse embryonic fibroblasts (MEFs) (36) with TBB also strongly blocked transcription of
Gli1 (Fig. 4E), indicating that CK2 is needed at late steps of the Hh
signal transduction pathway, at or downstream of SUFU. Treatment
with the SMO antagonist GDC-0449 (100 nM) did not block transcription of Gli1 in Sufu−/− cells, as expected, because SMO is upstream of SUFU in the pathway.
Purzner et al., Sci. Signal. 11, eaau5147 (2018)
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Our experiments demonstrating action of CK2 at a late step of
the Hh pathway are consistent with previous work showing that the
CK2 inhibitor TBB affects GLI2 protein stability, likely through regulation of GLI2 ubiquitination (37, 38). In keeping with this, TBB reduced the amount of endogenous full-length GLI2 expressed in NIH3T3
cells (Fig. 4F), as previously shown (37). TBB did not affect the abundance of an N-terminal–deleted form of Gli2 (HA-Gli2N, hereafter
simply Gli2N; Fig. 4F), stably transfected into NIH3T3 cells (39).
Gli2N lacks sites required for ubiquitin-dependent degradation (40),
remains constitutively nuclear, and normally causes constitutive induction of the GLI2 target gene Gli1. However, treatment with TBB
still substantially lowered Gli1 mRNA expression in Gli2N-transfected
cells (Fig. 4G). Together, the results suggest that CK2 regulates two
steps in the Hh pathway: to stabilize GLI2 itself and to enhance the
ability of GLI2 to activate its transcriptional targets. Our phosphoproteomic data point to several potential candidate substrates
that might mediate effects of CK2 on GLI2-mediated transcription.
For example, phosphorylated CK2 sites were found within enhancerlooping proteins [such as RING finger protein 1 (RING1), nipped-B–
like protein (NIPBL), and mediator complex subunit 1 (MED1)] and
epigenetic readers and writers [such as Polycomb repressive complex
1 (PRC1), PRC2, and histone deactylase (HDAC) components]. In
two cases, the CK2 sites are well-established activating phosphorylation
sites (in HDAC1 Ser393/421 and HDAC2 Ser294/422). CK2 may regulate accessibility of GLI2 target gene promoters or their interactions
with enhancers.
CK2 inhibitors restrict the growth of mouse and human SHH
MB cells in culture
SHH MBs occur because of sustained Hh target gene activity and
require persistent action of the Hh signal transduction pathway for
survival. Therefore, we reasoned that CK2 inhibitors may be effective
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Fig. 4. CK2 is required for Hh signal transduction. (A) Canonical Hh signaling pathway, for reference in subsequent panels. (B and C) Fold change in Gli1 mRNA expression
in NIH3T3 cells exposed to murine SHH (3 g/ml) for 6 hours after knockdown of CSNK2A1, CSNK2A2, or CSNK2B (B) or when treated with the CK2 inhibitor TBB (50 M)
or CX-4945 (10 M) or SMO inhibitor GDC-0449 (100 nM) (C) relative to controls. (D and E) Gli1 mRNA expression after exposure to TBB (as indicated) or GDC-0449 (100 nM)
in NIH3T3 cells pretreated with SMO agonist SAG (100 nM) (D) and in Sufu−/− MEFs (E). (F) Immunoblotting for protein abundance of endogenous GLI2 (GLI2FL, full length)
and exogenous constitutively active GLI2 (GLI2N) in NIH3T3 cells treated with various concentrations of TBB for 6 hours. Blots are from a representative of three experiments.
(G) Gli1 mRNA expression after exposure to TBB in NIH3T3 cells expressing GLI2N. Data in (A) to (D) and (G) were obtained by quantitative reverse transcription polymerase chain reaction (qRT-PCR) and are shown as means ± SD from n = 3 experiments. ns = P > 0.05, *P < 0.05, **P < 0.01, ****P < 0.0001, two-tailed t test.

at restricting the growth of this MB subtype. Unfortunately, most SHH
MB cell lines suppress Hh pathway activity when propagated in vitro
and are therefore not useful models of MB. Several previously established SHH MB cell lines that we tested had suppressed SHH pathway activity as indicated by low expression of the Hh target Gli1
(fig. S6). After careful screening, we chose to use the cell lines MB21,
MB53, and MB55 (41) in further tests. These murine MB lines retain
key characteristics of primary MB tumors that arise in Ptch+/− mice,
including sustained, high amounts of Gli1 transcription that is inhibited by SMO inhibitors both in our hands (fig. S6) and in published
accounts (41, 42). Hh signaling activity and expression of Hh pathway components in these cell lines are in keeping with primary mouse
SHH MB tumors, and when cells are implanted into the flank or
cerebellum of mice, they grow into tumors with SHH-subtype histology (41). Gene expression patterns also strongly correlate with
both primary mouse SHH MB cells and human SHH MBs, but not
human non-SHH subgroup MBs (WNT, group 3, or group 4) (41).
Treatment of MB21, MB53, and MB55 Ptch+/− mouse MB cell
lines in culture with the CK2 inhibitor CX-4945 reduced Gli1 expression after 6 hours (fig. S6), suggesting inhibition of Hh pathway
activity. The cells underwent dose-dependent cell death after 3 days
of treatment [median inhibitory concentration (IC50) = 2.5 to 5.3 M,
Purzner et al., Sci. Signal. 11, eaau5147 (2018)

relative, normalized to control (DMSO)–treated cells] (Fig. 5A). Three
human SHH MB patient-derived xenograft (PDX) lines passaged only
in mouse cerebellum were assayed in vitro and similarly demonstrated
dose-dependent cell death after 3 days of treatment (Fig. 5B). A human
SHH MB tumor cell line with the same activating mutation as the
mouse MB cells (RCMB32, Ptch+/−) had even greater sensitivity to
CX-4945 (IC50 = 0.76 M) than MB21, MB53, or MB55. Two other
human SHH MB cell lines have TP53 mutations and SHH pathway–
activating mutations downstream of SMO, so they are resistant to
SMO inhibitors [ICb-984, IC50 = 3.3 M (GLI2;MYCN-amplified;
TP53−/−; chromothripsis); BT084, IC50 = 1.8 M (GLI2;MYCN;TERTamplified; TP53−/−; chromothripsis)] (43, 44). These cell lines represent some of the most aggressive forms of human SHH MB. Primary
human SHH MB cells (ST01), obtained directly from the operating
room and confirmed by pathology to be of the SHH subgroup, also
had a dose-dependent decrease in cell viability when treated with
CX-4945 for 3 days (IC50 = 1.4 M; Fig. 5, B and C). As expected,
treatment with the SMO inhibitor vismodegib also reduced cell viability and at lower concentrations than CX-4945 (100 nM versus 10 M),
reflecting the favorable ligand abundance, binding accessibility, and/or
drug-substrate interactions compared to CX-4945. Notably, cells in
G0, which are commonly resistant to chemotherapy and are a cause
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B) Cell viability after 72 hours of exposure to CX-4945 (10 M),
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imaging. (E) Cell viability after 72 hours of exposure to CX-4945
(10 M), assessed by luminescent cell viability assays, in pediatric
glioma (DIPG) cells. Data are means ± SD from n = 3 experiments.

of SHH MB recurrence (45), were the most sensitive cell population
to treatment with CX-4945 (11.1% relative decrease in G0 cells) but
the least sensitive population to treatment with vismodegib (5.3%
relative increase in G0 cells; Fig. 5D). Control cell lines derived from
diffuse intrinsic pontine glioma (DIPG), another aggressive pediatric
brain tumor that is not Hh pathway–dependent, did not die in response to CX-4945 (Fig. 5E).

CK2 expression correlates
with 5-year survival in patients
with SHH MB
Human clinical data were consistent with
the idea of using CK2 inhibition to treat
MB. Kaplan-Meier survival analysis has
revealed that patients with SHH-MB who
had low expression of mRNA encoding the main CK2 catalytic subunit 
(CSNK2A1) in their tumors had a mean 82% 5-year survival, whereas
patients with high expression of CSNK2A1 had a mean 61% 5-year
survival (Fig. 6F). No correlation between CSNK2A1 expression and
patient survival was observed in other MB subgroups (group 3, group
4, and WNT; fig. S8), which have been previously shown to not require Hh pathway activity for tumor growth (3).

CK2 inhibitors are effective against SHH MB models in vivo
Ptch+/−;Tpr53−/−;SmoD477G mouse MB cells, which have a mutation
in SMO that causes resistance to the U.S. Food and Drug Administration (FDA)–approved Hh (Smo) inhibitor vismodegib (GDC-0449),
were injected into the flanks of mice, and the resulting tumors were
allowed to grow to 250 to 300 mm3 (Fig. 6A). A parallel experiment
was done using implants of Ptch+/−;Tpr53−/− MB cells, which lack the
activating SMO mutation and are therefore susceptible to vismodegib.
Preclinical work for the two FDA-approved Hh inhibitors (GDC-0449
and LDE225) relied on mouse flank allografts using the same cell lines
as those used here (40, 46, 47). These mouse cells reportedly closely resemble human MB cells with respect to gene expression (41), response
to treatment (40, 47–49), and even the spontaneous occurrence of
treatment-induced, drug-resistant mutations (35, 46). Treatment of
mice harboring flank allografts with the CK2 inhibitor TBB [30 mg/kg,
ip twice daily (BID)] significantly inhibited MB growth as early as
2 days after initiating treatment and, in vismodegib-resistant tu-

Single mutation in CK2 causes resistance to TBB
but not CX-4945
To test the potential for rapid emergence of resistance to CK2 inhibitors, four Ptch+/− mouse MB cell lines (MB21, MB53, MB55, and
MB56) were serially passaged for 1 month in the presence of TBB
(50 M), CX-4945 (10 M), or a DMSO control. During this period, one
line (MB55) evolved resistance to TBB, although it maintained sensitivity to CX-4945 (Fig. 7A). Sequencing of Csnk2a1 from the TBBresistant MB55 cell line revealed five missense mutations (fig. S9A),
leading to amino acid substitutions [D175N (fig. S9B), R47M, H183R,
G199P, and S217N] that were not present in any of the other cell
lines, including the parental TBB-sensitive MB55 line.
Molecular dynamic (MD) simulations and molecular docking experiments were performed and revealed that, of these five mutations,
D175N was the most likely candidate for the reduced efficacy of TBB.
In the crystal structure of CSNK2A1 (52), alone and with the inhibitor
CX-4945 (33) or TBB (53), Asp175 is located in the well-known and highly
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mors, near-complete cessation of tumor
growth (Fig. 6, B to D).
CK2 inhibition prolonged survival in
mice with cerebellar MB. Eighty thousand
Ptch+/−;Tpr53−/−;SmoD477G mouse MB
cells per mouse were injected into cerebella of NSG mice (Fig. 6A). Seventy-two
hours after tumor cells were injected, a
collaborator who was blinded to treatment
randomized the mice into two groups and
began administering either the CK2 inhibitor CX-4945 (37.5 mg/kg) or vehicle
control (DMSO). CX-4945 was used because it is the only CK2 inhibitor optimized for clinical use, is provided orally,
and has been shown to be safe in humans
with solid tumors (50). In agreement with
previous trials using these cells (51), 100%
of control mice died because of tumors by
day 17; in contrast, 43% of mice treated
with CX-4945 survived past 100 days, despite termination of treatment at day 30
(Fig. 6E). CX-4945 was well tolerated,
because body weights were similar between cohorts throughout the duration
of treatment (fig. S7).
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Fig. 6. Efficacy of CK2 inhibitors against MB in vivo. (A) Experimental scheme for flank and cerebellar tumor trials. Blue triangle, treatment. (B and C) Relative tumor
growth of Ptch+/−;Tpr53−/− (B) and Ptch+/−;Tpr53−/−;SmoD477G (C) MB flank allografts. Data are means ± SD; P values by a two-tailed t test. (D) Representative picture of
mice treated with TBB versus GDC-0449. Dashed line demarcates the tumor. (E) Kaplan-Meier survival analysis of mice with Ptch+/−;Tpr53−/−;SmoD477G MB cerebellar allografts treated with CX-4945 or vehicle control. n = 7 mice in each treatment group. (F) Kaplan-Meier analysis of CK2 gene expression and overall survival in human patients (n = 179) with SHH-subtype MB. P values in (E) and (F) were determined by a log-rank Mantel-Cox test.

conserved DFG motif (DWG in CK2) located in the catalytic binding
cleft of CK2. Together with Glu81, Asp175 is important for the correct
orientation of the catalytic residue Lys68 through salt bridges. Our MD
simulations revealed that an asparagine in the 175 position was unable
to form a salt bridge with catalytic residue Lys68. Consequently, Lys68
strengthened the remaining salt bridge, and Asn175 moved toward Glu81
to protect itself from the hydrophobicity of the surrounding residues
(especially Ile174). The resulting displacement of Lys68 and Asn175 increased the ATP-binding cavity volume by about 137 Å. In wild-type
CK2, the binding of TBB requires interaction with both the hinge
region and Lys68 (53). Our substrate-specific docking experiments
revealed that, when TBB was inside the enlarged cavity of the D175H
mutant protein, TBB was too small to efficiently interact with both
the hinge region and Lys68 (Fig. 7B). In contrast, CX4945 spanned
the entire catalytic site and maintained the same crystallographic binding pattern as in the wild-type protein (Fig. 7C), anchoring both the
hinge region at 2.94 Å and to Lys68 at 2.80 Å through hydrophilic
interactions. These data indicate that the efficacy of CX-4945 in blocking growth of the MB cell lines—with wild-type and mutant CK2 alike—
may be through direct binding–mediated inhibition of CK2.
DISCUSSION

By screening the phosphoproteome during developmental periods
when GNPs switch from proliferation to differentiation, we identified CK2 as having increased activity on multiple substrates, specifically in the proliferative, MB-like, P7 stage. The work presented here
has already directly led to a phase 1/2 study investigating the use of
the CK2 inhibitor CX-4945 in patients with SHH MB. The rapid
translation from a phosphoproteomic screen to a clinical trial reflects favorable aspects of the approach to cancer drug target identiPurzner et al., Sci. Signal. 11, eaau5147 (2018)

fication. Traditional approaches to discovering novel drug targets
often rely on identification of mutations that appear within tumors.
However, tumor cells carrying any mutation that is advantageous to
cell growth and survival will come to predominate, even if that advantage is small. A great challenge is to determine the biological function of each mutated protein in the context of any one tumor and
then distinguishing proteins with activity only slightly advantageous
to tumor growth from those that are essential to survival of the tumor.
Drugs that target the former have only incremental benefit to patient
survival, whereas the latter would be potentially clinically transformative. In contrast, a better understanding of proteins that regulate
proliferation versus differentiation in the developmental lineage from
which the tumor arose, as provided by our developmental phosphoproteomic approach, can identify important tumor drivers and their likely
biological function in proliferation. The critical role of CK2 in GNP
development may be the reason why CK2 inhibition resulted in robust
tumor stasis and long-term regression of SHH MB but had less robust, often transient, benefit in many other cancer types (54, 55).
Another reason for the rapid path to clinic was the identification of
a drug target that is readily conducive to small-molecule inhibition.
Kinases, as would be identified through our phosphoproteomic approach, are often readily inhibited by small molecules that compete
with ATP binding in the activation cleft. CK2 had many commercially
available small-molecule inhibitors and a human-ready compound.
This allowed us to bypass lengthy and costly drug development work
as would be required for many other protein classes that have undesirable features of a drug target (presence of metal ions, lack of hydrogen bond donors and acceptors, need for adaptive changes in
conformation, lipophilicity, and featureless binding sites) (56).
The many potential roles of CK2 in MB, and its influence on two
late steps in SHH signal transduction, make it unlikely that a mutation
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Fig. 7. TBB resistance results from mutation in Csnk2a1. (A) Gli1 transcript abundance in parental, TBB-sensitive MB55 cells and serial passage/drug-induced,
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in any one substrate will result in drug resistance, which is another
common limitation of many targeted therapies. As we demonstrated,
mutations within CK2 itself can still cause resistance. Yet, unlike offtarget resistance resulting from mutation of any one of many proteins,
predictable resistance due to a mutation in CK2 itself can be tackled
through combinations of CK2 inhibitors and/or rational drug design.
The quantitative developmental phosphoproteomics approach that we
used enabled identification of a previously unknown regulatory mechanism of the Hh signaling pathway and a potential new treatment for
this devastating pediatric cancer. Similar approaches may work for
other cancers where the developmental cell of origin can be found.
MATERIALS AND METHODS

Animal experiments: Statistics, blinding, and randomization
Given that CK2 promotes Hh signal transduction, we estimated sample size on the basis of previous work performed with Hh inhibitors.
Purzner et al., Sci. Signal. 11, eaau5147 (2018)
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Human Kaplan-Meier curves
Kaplan-Meier survival curves on the human MB data sets were generated using GraphPad Prism, and significance was measured by
log-rank Mantel-Cox test.
GNP isolation
Wild-type CD1-Elite mice (strain 482, Charles River) were sacrificed
at P1, P7, and P14. Thirty-five to 40 mice were used per P1 and P14
biological replicate, and 14 to 17 mice were used per P7 biological
replicate. Cerebella were dissected, and GNPs were isolated and purified using a Percoll gradient, as previously described (58, 59). This
approach results in a population that is 95 to 99% GNPs (58). Briefly,
cerebella were minced and then placed in a digestion buffer consisting
of 1× Hanks’ balanced salt solution (HBSS) (14185, Thermo Fisher
Scientific), papain (10 U/ml; LSOO3126, Worthington Biochemical),
and deoxyribonuclease (DNase) (250 U/ml; D4627, Sigma). Papain solution was aspirated and replaced with 1× HBSS containing ovomucoid
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WT CK2

Given the dramatic SHH MB tumor regression previously demonstrated with the Hh inhibitor vismodegib (57), we conservatively predicted that CK2 inhibitors would have an effect size of at least 2.2.
Therefore, if  error = 0.05 and power = 0.85, then five animals are
required per condition. To allow for potential exclusion of one to
two animals per condition because of poor tumor engraftment, we
used seven to eight animals per condition. Ultimately, we had 100%
engraftment [and which met the inclusion criteria (tumor = 250 to
300 mm3)]; thus, all animals were included in the analyses of the
tumor growth experiments. Mice were randomized into control or
treatment groups daily. Daily randomization ensured that quicker
growing tumors were equally represented in both groups. For cerebellar tumor studies, mice were randomized by a blinded collaborator
72 hours after implantation. A blinded collaborator treated and recorded weight, morbidity, and survival. Prism statistical analysis
software was used (GraphPad Software) to calculate significance as
determined by two-tailed t tests for each paired data point (Fig. 6, B
and C) or log-rank Mantel-Cox test (Fig. 6E) for survival studies. All
studies were performed in compliance with institutional regulations.
A previous study investigating the effect of Hh inhibition in the
developing cerebellum showed that mice with inactive Hh signaling
have about 50% reduction in the EGL size, with an effect size of about
5.7 (control: about 80, SD = 7; treatment: 40, SD = 7) (6). Therefore,
we conservatively predicted that CK2 inhibitors would be at least
25% as potent as Hh inhibitors, giving an effect size of 1.4. Therefore, with  error = 0.05 and power = 0.85, we expected that we would
need and therefore used 10 animals per condition for the developmental experiments. Mice were randomized to treatment or control
group at P3, with each litter being equally divided between the two
groups. Images were randomized, and all measurements (length,
width, Atoh-1, Tag1, and TUNEL staining) were performed by a blinded
collaborator. Cerebellar folia length was compared between matched
sections of control and treated mice by measuring the maximal length
from the mid-base to the tip of the culmen (lobule IV/V). Culmen
width was measured 600 m from the base of the folia between lobules
V and VI. Prism statistical analysis software was used (GraphPad
Software) to calculate significance as determined by two-tailed t tests.
For the Hh epistasis assays specifically, all measurements were taken
in biological triplicate, and Prism statistical analysis software was used
(GraphPad Software) to calculate significance as determined by twotailed t tests.
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(8 mg/ml; LK003182, Worthington Biochemical), bovine serum albumin (BSA) (8 mg/ml; Sigma), and DNase (250 U/ml) and was then
triturated using a Pasteur pipette to obtain a single-cell suspension.
Cells were passed through a 70-m nylon cell strainer (21008-952,
VWR International) and purified using a step gradient of 35 and 65%
Percoll (P4937, Sigma). Pellets were flash-frozen in liquid nitrogen
and kept at −80°C until all samples were collected for MS.

Liquid chromatography–MS3 spectrometry
Twelve fractions (every other one) of the 24-peptide fraction from
the basic reverse-phase step were analyzed with a liquid chromatography (LC)–MS3 data collection strategy on an Orbitrap Fusion mass
spectrometer (Thermo Fisher Scientific) equipped with a Proxeon
EASY-nLC 1000 for online sample handling and peptide separations.
About 5 g of peptide resuspended in 5% formic acid + 5% acetonitrile (ACN) was loaded onto a 100–m–inner diameter fused-silica
microcapillary with a needle tip pulled to an internal diameter less
than 5 m. The column was packed in-house to a length of 35 cm
with a C18 reverse-phase resin (GP118 resin 1.8 m, 120 Å; Sepax
Technologies). The peptides were separated using a 120-min linear
gradient from 3 to 25% buffer B (100% ACN + 0.125% formic acid)
equilibrated with buffer A (3% ACN + 0.125% formic acid) at a flow
rate of 600 nl/min across the column. The scan sequence for the
Orbitrap Fusion began with an MS1 spectrum [Orbitrap analysis,
resolution 120,000 (400 to 1400 m/z scan range); AGC target, 2 ×
105; maximum injection time, 100 ms (dynamic exclusion of 75 s)].
Purzner et al., Sci. Signal. 11, eaau5147 (2018)

LC-MS3 data analysis
A suite of in-house software tools was used for .RAW file processing
and controlling peptide and protein-level FDRs, assembling proteins
from peptides, and protein quantification from peptides, as previously described. MS/MS spectra were searched against a UniProt human database (accessed February 2014), with both the forward and
reverse sequences. Database search criteria are as follows: tryptic with
two missed cleavages, a precursor mass tolerance of 50 parts per
million (ppm), fragment ion mass tolerance of 1.0 Da, static alkylation of cysteine (57.02146 Da), static TMT labeling of lysine residues
and N termini of peptides (229.162932 Da), and variable oxidation of
methionine (15.99491 Da). TMT reporter ion intensities were measured using a 0.03-Da window (6-plex) or 0.003-Da window (10-plex)
around the theoretical mass/charge ratio (m/z) for each reporter ion in
the MS3 scan. Peptide spectral matches with poor-quality MS3 spectra were excluded from quantitation (<100 summed signal-to-noise
ratio across 6 channels and <0.5 precursor isolation specificity for
6-plexes or <200 summed signal-to-noise ratio across 10 channels
and <0.5 precursor isolation specificity for 10-plexes).
LC-MS3 sample comparison
Only peptides identified with full confidence were included in the
analysis (binomial probability threshold of P < 10−6, occurrence threshold = 20). Each biological replicate was median-adjusted to 10 to
account for differences in sample loading, resulting in the following
changes: proteomic data set: P1A, −0.0362; P1B, −0.0879; P1C, +0.20476;
P7A, +0.03374; P7B, −0.2761; P7C, −0.2865; P14A, +0.78605; P14B,
+0.65244; P14C, +0.71771; MB, +0.04692; phosphoproteomic data
set: P1A, −0.040163003; P1B, −0.124877212; P1C, −0.009654128; P7A,
−0.170361415; P7B, −0.341821765; P7C, −0.117111143; P14A, +1.114888992;
P14B, +1.060676918; P14C, +0.955615374; MB, +0.43299154. Log2transformed P1:P7 and P7:P14 ratios were determined, and phosphopeptide changes were normalized to protein changes. Values outside
of 1.5 SD were considered “significant changers.” Motif analysis of significantly changing phosphopeptides was performed using Motif-X,
as previously described (61, 62). Briefly, Motif-X is an iterative statistical approach to identifying protein phosphorylation motifs in
large-scale phosphoproteomic data sets built on a greedy recursive
search of the sequence space to identify highly correlated residue/
position pairs with the lowest P values. Here, a binomial probability
threshold of P < 10−6 and occurrence threshold of 20 were used.
GNP proliferation
To determine relative proliferation of Atoh1(+) GNPs at P1, P7, and
P14, cerebella were dissected from Atoh1/nGFP transgenic mice (63)
1 hour after EdU injection [50 mg/kg using a stock (5 mg/ml) diluted
in phosphate-buffered saline (PBS)]. Brains were dissected and fixed
in 4% paraformaldehyde (PFA) overnight and then transferred into
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Sample preparation for quantitative MS analysis
GNP samples were prepared as previously described (60), with the
following modifications. All solutions are reported as final concentrations. Lysis buffer [8 M urea, 1% SDS, 50 mM tris (pH 8.5), protease and phosphatase inhibitors from Roche] was added to the cell
pellets to achieve a cell lysate with a protein concentration between
2 and 8 mg/ml. A micro-BCA (bicinchoninic acid) assay (Pierce) was
used to determine the final protein concentration in the cell lysate.
Proteins were reduced and alkylated as previously described. Proteins were precipitated using methanol/chloroform. In brief, four
volumes of methanol were added to the cell lysate, followed by one
volume of chloroform, and finally three volumes of water. The mixture was vortexed and centrifuged to separate the chloroform phase
from the aqueous phase. The precipitated protein was washed with
one volume of ice-cold methanol. The washed precipitated protein
was allowed to air dry. Precipitated protein was resuspended in 4 M
urea, 50 mM tris (pH 8.5). Proteins were first digested with LysC (1:50;
enzyme/protein) for 12 hours at 25°C. The LysC digestion was diluted down to 1 M urea, 50 mM tris (pH 8.5) and then digested with
trypsin (1:100; enzyme/protein) for another 8 hours at 25°C. Peptides were desalted using a C18 solid-phase extraction cartridges, as
previously described. Dried peptides were resuspended in 200 mM
EPPS [4-(2-hydroxyethyl)piperazine-1-propanesulfonic acid] (pH 8.0).
Peptide quantification was performed using the micro-BCA assay
(Pierce). The same amount of peptide from each condition was labeled with tandem mass tag (TMT) reagent (1:4; peptide/TMT label) (Pierce). The 6- and 10-plex labeling reactions were performed
for 2 hours at 25°C. Modification of tyrosine residue with TMT was
reversed by the addition of 5% hydroxyl amine for 15 min at 25°C. The
reaction was quenched with 0.5% trifluoroacetic acid, and samples
were combined at a 1:1 ratio. Combined samples were desalted and
offline-fractionated into 24 fractions, as previously described.

“Top speed” (1 s) was selected for MS2 analysis, which consisted of
collision-induced dissociation [quadrupole isolation set at 0.5 Da and
ion trap analysis; AGC, 4 × 103; normalized collision energy (NCE),
35; maximum injection time, 150 ms]. The top 10 precursors from
each MS2 scan were selected for MS3 analysis (synchronous precursor selection), in which precursors were fragmented by high-energy
collisional dissociation before Orbitrap analysis [NCE, 55; maximum
AGC, 5 × 104; maximum injection time, 150 ms; isolation window,
2.5 Da; resolution, 60,000 (10-plex experiments) or 15,000 (6-plex
experiments)].
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20% sucrose for 24 hours. Fixed whole cerebella were mounted in
optimal cutting temperature (OCT) embedding medium, sectioned
at 20 m, and then air-dried for 20 min before storing at −20°C for
up to 2 months. Sections were blocked in 0.2% Triton X-100 and
2% goat serum diluted in sterile PBS for 1 hour at room temperature. EdU staining was performed as per the manufacturer’s instructions (Click-iT Plus EdU Alexa Fluor 647 Imaging Kit, catalog no.
C10640, Life Technologies) and counterstained with Hoechst 33258
(final concentration, 1 l/ml in PBS) at room temperature for 10 min.
Images were taken on a Leica TCS SP8 confocal microscope. Total
EdU signal within Atoh1(+) regions was quantified using ImageJ (six
cerebella per time point, four to seven folia per cerebellar section)
after background subtraction via rolling ball radius (50 pixels). Prism
statistical analysis software was used (GraphPad Software) to calculate significance as determined by two-tailed t tests.

Single-cell immunofluorescence imaging (GNP and MB)
Before cell culture, 96-well glass imaging plates (Cellvis P96-1.5H-N)
were incubated with poly-d-lysine (A-003-E, Millipore) at 100 g/ml
for 2 hours followed by laminin (CC095, Millipore) at 10 g/ml overnight at 37°C. GNPs or MB cells were plated at 1 × 105 cells per well
and grown at 37°C. After treatment, the cells were fixed with 4%
PFA for 10 min at room temperature. The cells were then blocked
using 5% donkey serum, 1% BSA, and 0.2% Triton X-100 for 1 hour
at room temperature. Primary antibodies (Abs) were incubated overnight at 4°C. The primary Abs used are as follows: anti-NeuN mouse
monoclonal at 1:200 (MAB377, Millipore) and phospho-Rb (Ser807/811)
rabbit monoclonal at 1:1000 (clone D20B12, 8516, Cell Signaling
Technology). Cells were costained with rhodamine phalloidin (R415,
Molecular Probes). Donkey anti–immunoglobulin G (IgG) secondary
Abs against mouse and rabbit conjugated to Alexa Fluor 488 and
Alexa Fluor 647 at 1:500 (Jackson ImmunoResearch) were used. All
cell imaging was performed using the ImageXpress Micro XLS Widefield
High Content Screening System (Molecular Devices) using 20× (0.45
or 0.75 numerical aperture) Nikon objectives. The intensity of fluorescence in each cell was automatically calculated using custom MATLAB
scripts: Nuclei were segmented using 4′,6-diamidino-2-phenylindole,
as previously described (64); downstream analysis was performed in
R; cell cycle classification was performed using Gaussian finite mixture
modeling with the mclust package (65); and cell cycle clustering analysis in GNPs used the log10-transformed median intensity of each cell,
measuring Math1-GFP, phosphorylated Rb, and NeuN, as well as the
area of the cell. All studies were done with six individual cultures.
CK2 inhibition in the developing mouse
Math1/nGFP transgenic mice (63) were treated with DMSO or TBB
(30 mg/kg, ip BID) (218697, EMD Millipore) from P4 to P7 and then
sacrificed 6 hours after their final treatment. Brains were dissected
and immediately homogenized in lysis buffer (sc-24948, Santa Cruz
Biotechnology) supplemented with protease and phosphatase inhibitors (no. 1861218, Thermo Fisher Scientific) or fixed in 4% PFA overnight and then transferred into 20% sucrose for 24 hours. Lysates
Purzner et al., Sci. Signal. 11, eaau5147 (2018)
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siRNA studies
Pooled custom Dharmacon ON-TARGETplus specificity enhanced
siRNA was created against Csnk2a1, Csnk2a2, and Csnk2b. siRNA
sequences were provided by D. Seldin (Boston University School of
Medicine) and are listed in table S3. Scramble siRNA was purchased
from Dharmacon (D-001810-01-05). NIH3T3 cells or Sufu−/− MEFs
were plated in six-well plates at 400,000 cells per well in 10% fetal
bovine serum (FBS) media constituted of Dulbecco’s modified Eagle’s
medium (DMEM) (11960-069, Invitrogen) supplemented with 10%
FBS (SH30070.02, Hyclone Laboratories), penicillin/streptomycin
(15140-122, Life Technologies), sodium pyruvate (11360-070, Invitrogen), and Glutamax (35050-061, Invitrogen). Cells were then starved
in 0.5% FBS for 24 hours before treatment with 25% SHH-N conditioned media in 0.5% FBS. SHH-N conditioned medium was made
using a human embryonic kidney (HEK) 293 cell line that stably
secretes Shh-N, as previously described (34).
Hh pathway epistasis studies
Sufu−/− MEFs [conditional deletion of exons 4 to 8 (36)] were provided by P.-T. Chang [University of California, San Francisco (UCSF)].
As in siRNA experiments, NIH3T3 cells or Sufu−/− MEFs were plated
in six-well plates at 400,000 cells per well in 10% FBS media (DMEM
supplemented with 10% FBS, penicillin/streptomycin, sodium pyruvate, and Glutamax). Cells were then starved in 0.5% FBS for
24 hours before treatment with 25% SHH-N conditioned media in
0.5% FBS ± drug treatment or SAG (100 nM; S7779, Selleckchem).
Gli2N cells were treated 48 hours after transfection. Myc-GLI2DN (17649, pCS2-MT-GLI2-deltaN) plasmid was purchased from
Addgene. Plasmid transfection was performed using TurboFect transfection reagent (no. R0531, Thermo Scientific) according to the manufacturer’s instructions, starting by plating NIH3T3 cells in a six-well
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GNP culture
GNPs from CD1-Elite mice (strain 482, Charles River) were cultured
in Neurobasal-A with B27, sodium pyruvate, penicillin/streptomycin,
Glutamax, glucose (0.6 mg/ml), and KCl (25 mM). Recombinant SHH
(SHH 461-54/CF, R&D Systems) was added to media at 3 g/ml to
promote cell division.

were separated on a 12.5% SDS–polyacrylamide gel electrophoresis
(PAGE) gel and immunoblotted with pAKT:S129 (no. 13461, Cell
Signaling Technology) and AKT (no. 4685, Cell Signaling Technology).
Fixed whole cerebella were mounted in OCT, sectioned at 20 m, and
then air-dried for 20 min before storing at −20°C for up to 2 months.
Sections were blocked in 0.2% Triton X-100 and 2% goat serum diluted in sterile PBS for 1 hour at room temperature. The primary Abs
used were anti-NeuN Ab (1:200, COT: 2459079, EMD Millipore),
anti-Tag1 Ab (1:100, Ab derived in the Scott laboratory), TUNEL
staining as per the manufacturer’s instructions (In Situ Cell Death
Detection Kit, catalog no. 1 684 809, Roche), and EdU staining as
per the manufacturer’s instructions (Click-iT Plus EdU Alexa Fluor
647 Imaging Kit, catalog no. C10640, Life Technologies). All sections
were incubated in primary Ab overnight at 4°C and counterstained
with Hoechst 33258 (final concentration, 1 l/ml in PBS) at room
temperature for 10 min. Images were taken on a Leica TCS SP8 confocal microscope. Images were randomized, and all measurements
(length, width, Atoh-1, Tag1, and TUNEL staining) were performed by
a blinded collaborator. For each group, two images were taken and
measured for each of 10 cerebella. Cerebellar folia length was compared between matched sections of control and treated mice by measuring the maximal length from the mid-base to the tip of the culmen
(lobule IV/V). Culmen width was measured (600 m) from the base
of the folia between lobules V and VI. One section was measured
from each of 11 cerebella analyzed. Prism statistical analysis software (GraphPad Software) was used to calculate significance as determined by two-tailed t tests.
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dish at 400,000 cells per well. Unless otherwise stated, all treatments
were applied for 6 hours. Cell lysis and RNA extraction were performed
using QIAshredder homogenizers (79654, Qiagen) and RNeasy Mini
kits (74104, Qiagen) according to the manufacturer’s instructions.
RNA was quantified on a NanoDrop spectrophotometer (ND-2000C,
NanoDrop Technologies). Transcript quantification was performed
using the TaqMan RNA-to-Ct 1-Step Kit (4392656, Life Technologies)
and the Applied Biosystems 7500 RT-PCR system, as per the manufacturer’s instructions. All primers were commercially available TaqMan
Gene Expression Assay probes purchased from Life Technologies
(csnk2a1, Mm00786779_s1; csnk2a2, Mm01243455_m1; csnk2b,
Mm00487216_m1; Gli1, Mm00494654_m1; Gli2, Mm.273292; Ccnd1,
Mm.273049; and Ptch, Mm00436047_m1). All studies were done in
biological triplicate (cultures).

Cell viability
Ptch+/− MB cell lines MB55 and MB21 were gifts from R. Segal [DanaFarber Cancer Institute (DFCI), Harvard Medical School], and
Ptch+/−;p53−/− MB53 cells were gifts from C. Rudin [Memorial Sloan
Kettering Cancer Center]. All cell lines were validated for high Gli
activity via qRT-PCR and cultured at low density as neurospheres in
DMEM/F12 supplemented with B27 and 1% penicillin/streptomycin.
Cell viability was assessed using CellTiter-Glo (G7573, Promega) according to the manufacturer’s instructions. Cells were plated at 10,000 cells
per well in 96-well plates and treated with drugs as indicated, and
data were collected on a TECAN Infinite 200 plate reader. All measurements were done in biological triplicate (cultures). Prism statistical
analysis software (GraphPad Software) was used to determine relative
IC50s, normalized to control (DMSO)–treated cells [nonlinear regression, log(inhibitor) versus response (variable slope) curve].
Human MB cell lines
The RCMB32 and ICb-984 cell lines were generated in the laboratories of R.J.W.-R. and X.-N.L., respectively. The BT084 cell line was
provided by T. Milde (Heidelberg University Hospital). The primary
tumor sample (ST01) (Fig. 5, B to D) obtained from the operating
room was minced and then placed in a digestion buffer consisting
of 1× HBSS (14185, Thermo Fisher Scientific), papain (10 U/ml;
LSOO3126, Worthington Biochemical), and DNase (250 U/ml; D4627,
Sigma). Papain solution was aspirated and replaced with 1× HBSS containing ovomucoid (8 mg/ml; LK003182, Worthington Biochemical),
BSA (8 mg/ml; Sigma), and DNase (250 U/ml) and then triturated
using a Pasteur pipette to obtain a single-cell suspension. Cells were
pelleted and resuspended in 0.02% HBSS-BSA. Cells were passed
through a 70-m nylon cell strainer (21008-952, VWR International).
Of 20 tumors implanted, 5 grew to a sufficient size to resect. Cell
viability and cell cycle stage were assayed by high-throughput singlecell immunofluorescence imaging, as described above; 12 individual
Purzner et al., Sci. Signal. 11, eaau5147 (2018)

Acquired resistance
MB53, MB55, and MB21 cells were cultured in Neurobasal (10888022, Life Technologies) + B27 supplement (17504044, Invitrogen) +
DMSO (0.1%), CX-4945 (10 M), or TBB (50 M). Surviving cells
were passaged for 1 month, after which only control (DMSO)–treated
and MB55 TBB–treated (50 M) cells remained. Complementary
DNA (cDNA) from the three control lines and MB55 TBB–resistant
lines was synthesized using the ABI High-Capacity cDNA Reverse
Transcription Kit (4368814, Thermo Fisher Scientific) and amplified
using the Q5 High-Fidelity DNA Polymerase (M0491, New England
Biolabs) as per the manufacturer’s protocol. Primer sequences are
provided in table S3.
In silico analysis of mutant versus wild-type binding
of TBB and CX-4945
All the crystal structures of CK2 were retrieved from the Protein
Data Bank (PDB). To perform docking and MD simulations, the
crystal structure of human CK2 in complex with CX4945 was used
(PDB code: 3PE1). However, to compare the binding motif of TBB
and to evaluate its position in the structure 3PE1, the crystallographic
complex TBB/CK2 was also considered (PDB code: 1J91). The crystal
structures were processed to remove unwanted ligands and water
molecules. Hydrogen atoms were added to the protein structure using
standard geometries (66). To minimize contacts between hydrogens,
the structures were subjected to AMBER99 force-field minimization
until the root mean square of conjugate gradient was <0.1 kcal mol−1
Å−1 (1 Å = 0.1 nm), keeping the heavy atoms fixed at their crystallographic positions (66). A similar protocol was used also to minimize
the structures subjected to in silico mutagenesis. To strictly calibrate
the high-throughput docking protocol, a small database of known
CK2 inhibitors was built and a set of docking runs was performed.
After the calibration phase, TBB and CX-4945 were docked directly
into the ATP-binding site of selected CK2 crystal structures, by using
AutoDock software (66). MD simulations of the considered structures (parameterized with AMBER99) were performed with NAMD
2.8 (67) to verify their stability over time; in particular, a 100-ns
NPT (isothermal-isobaric) ensemble (1 atm, 300 K) MD simulation
was performed after an equilibration phase of 1 ns (positional restraints were applied on carbon atoms to equilibrate the solvent
around the protein) (68, 69).
Flank allograft studies
In vivo assays of CK2 inhibitor efficacy were performed in accordance
with protocols approved by the Institutional Animal Care and Use
Committee at Stanford University. SmoWT-MB and SmoD477G-MB
cells isolated from either parental SmoWT or SmoD477G mouse
Ptch+/−;p53−/− MB hind-flank allografts were provided by C. Rudin
(Memorial Sloan Kettering Cancer Center). Ptch+/−;Tpr53−/− or
Ptch+/−;Tpr53−/−;SmoD477G MB cells were mixed 1:1 with Matrigel,
and 107 cells were injected into both flanks of a 6- to 7-week-old
Nu/Nu mouse (strain 088, Charles River). Once tumors reached 250
to 300 mm3, mice were randomized to treatment versus control groups.
Treatment groups received TBB (30 mg/kg, ip BID; reconstituted in
DMSO at 50 g/l) or GDC-0449 (37.5 mg/kg, ip BID; reconstituted
in DMSO at 62.5 g/l) (S1082, Selleckchem). Control mice were
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Western blotting
Gli2N cells were lysed with radioimmunoprecipitation assay buffer (sc-24948, Santa Cruz Biotechnology) supplemented with Halt
Protease and Phosphatase Inhibitor (no. 1861218, Thermo Fisher
Scientific) for 30 min on ice, and lysates were cleared by centrifugation at 13,000 rpm for 15 min at 4°C. Supernatants were incubated
with 6× Laemmli sample buffer (10570021-1, BioWorld) at 95°C for
5 min. The samples were then separated with a 7% SDS-PAGE gel
and immunoblotted with anti-Gli2 (AF3635-SP, R&D Systems) and
anti–-tubulin (ab6046, Abcam).

cultures were assessed at each dose. Gli1 transcript expression was
assessed by qRT-PCR, as described above, and three cultures were
assessed at each dose. Final pathological report is provided in table S4.
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treated with an equivalent volume of DMSO. Corn oil was used in
all groups to a total volume of 180 l per injection, and all doses were
given with a 28-gauge insulin syringe. Tumors were measured, and
mice were weighed daily. Once tumors reached 1.5 cm2 or met institutional euthanasia criteria, mice were sacrificed and tumors were
harvested. Growth curves were generated using GraphPad Prism, and
significance was measured by two-way analysis of variance (ANOVA).

Mouse strains
All animal experiments were performed in accordance with protocols approved by the Institutional Animal Care and Use Committee
at Stanford University. Male and female wild-type CD1-Elite mice
(strain 482, Charles River) were sacrificed at P1, P7, and P14 for initial
phosphoproteomic study. Female and male Atoh1/nGFP transgenic
mice (63) were used for cerebellar development studies. Female Nu/
Nu mice (6 to 7 weeks old; strain 088, Charles River) were used for
flank studies, and female NOD.Cg-Prkdcscid Il2rgtm1Wjl/SzJ (NSG)
mice (6 to 7 weeks old; strain 005557, The Jackson Laboratory) were
used for cerebellar tumor studies.
SUPPLEMENTARY MATERIALS

www.sciencesignaling.org/cgi/content/full/11/547/eaau5147/DC1
Fig. S1. Relative phosphopeptide abundance between P14 biological replicates.
Fig. S2. Relative proliferation in the P1, P7, and P14 cerebellum.
Fig. S3. GNP proliferation after CX-4945 treatment in culture.
Fig. S4. Knockdown specificity of pooled siRNA constructs targeting Csnk2a1, Csnk2a2, Csnk2b,
and Smo.
Fig. S5. Gli1 and Hh-associated transcript expression in NIH3T3 cells after CK2 inhibition.
Fig. S6. Gli1 transcript expression in cultured SHH MB cell lines.
Fig. S7. Weight of control or CX-4945–treated mice with cerebellar SHH MB.
Fig. S8. CSNK2A1 expression and 5-year survival of patients with SHH MB.
Fig. S9. Sequence conservation of Csnk2a1 mutations in TBB-resistant SHH MB cells.
Table S1. Phosphoproteome of GNPs isolated at P1, P7, and P14.
Table S2. Phosphopeptides of enriched kinase motifs.
Table S3. Primer and siRNA sequences.
Table S4. Pathological report for the primary human MB sample (ST01).
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INTRODUCTION

Soft tissue sarcomas are among the most common and deadliest
childhood cancers (1, 2). Despite improved survival for other childhood cancers, progress for particularly metastatic sarcoma has been
minimal, and therapeutic options remain limited (2, 3). Rhabdo1
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myosarcoma (RMS) is the most common soft tissue sarcoma in
children (2). Patients with diagnosed metastatic RMS have dismal
prognoses for survival that have not improved in years, if not several decades (4–6). Although ~85% of local lesions can be excised by
surgery, undetectable circulating tumor cells and recurrence at the
primary site from occult microscopic residual disease are presumed
to act as a gateway to relapse and subsequent regional and distal
metastasis (7).
Alveolar RMS (aRMS) is the more aggressive RMS subtype and
is generally not survivable long term once metastatic (<8%) (4, 6, 8).
This disease does respond to chemotherapy in most cases, but the
clinical challenge is preventing or overcoming recurrence after chemotherapy and/or radiation (9). Unique to aRMS is the expression of a
fusion protein called PAX3:FOXO1, which results from a chromosomal translocation and comprises the transcription factors PAX3
(paired box 3) and FOXO1 (forkhead box 1). PAX3:FOXO1 is seen
in some patients with aRMS. We have previously reported that
native, non-constitutive, G2 cell cycle phase-enriched expression of
the PAX3:FOXO1 oncogene in aRMS facilitates checkpoint adaptation (meaning a high tolerance of DNA breaks or mitotic catastrophe) [(10) and reviewed in (11)]. In terms of clinical impact,
this PAX3:FOXO1-mediated treatment resistance causes a notable
40 to 45% difference (drop) in survival over 10 years compared to
PAX3:FOXO1-negative cases (9). In experimental studies, genetic
knockdown of PAX3:FOXO1 abundance improves chemotherapy
and radiation sensitivity and reduces tumor reestablishment (10),
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Rhabdomyosarcoma (RMS) is the most common soft tissue sarcoma of childhood with an unmet clinical need for
decades. A single oncogenic fusion gene is associated with treatment resistance and a 40 to 45% decrease in overall
survival. We previously showed that expression of this PAX3:FOXO1 fusion oncogene in alveolar RMS (aRMS) mediates tolerance to chemotherapy and radiotherapy and that the class I–specific histone deacetylase (HDAC)
inhibitor entinostat reduces PAX3:FOXO1 protein abundance. Here, we established the antitumor efficacy of
entinostat with chemotherapy in various preclinical cell and mouse models and found that HDAC3 inhibition was
the primary mechanism of entinostat-induced suppression of PAX3:FOXO1 abundance. HDAC3 inhibition by
entinostat decreased the activity of the chromatin remodeling enzyme SMARCA4, which, in turn, derepressed the
microRNA miR-27a. This reexpression of miR-27a led to PAX3:FOXO1 mRNA destabilization and chemotherapy
sensitization in aRMS cells in culture and in vivo. Furthermore, a phase 1 clinical trial (ADVL1513) has shown that
entinostat is tolerable in children with relapsed or refractory solid tumors and is planned for phase 1B cohort
expansion or phase 2 clinical trials. Together, these results implicate an HDAC3–SMARCA4–miR-27a–PAX3:FOXO1
circuit as a driver of chemoresistant aRMS and suggest that targeting this pathway with entinostat may be therapeutically effective in patients.
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RESULTS

ENT in combination with VCR slows aRMS tumor
growth in vivo
In preclinical studies using RNA interference, depletion of
PAX3:FOXO1 abundance in aRMS cells is shown to be critical to
overcome checkpoint adaptation, a process whereby tumor cells
survive chemotherapy and radiation in late phases of the cell cycle
(summarized in Fig. 1A) (10). To affirm genetically that silencing
PAX3:FOXO1 increases chemosensitivity of aRMS to VCR in vitro,
we first revalidated two derivative cell lines from the aRMS GEMMderived primary tumor culture U23674 that did or did not have stable
knockdown of PAX3:FOXO1 (shYFP or shCtrl, respectively) (10).
PAX3:FOXO1 was then also restored by retroviral-mediated transduction into the shYFP-U23674 line. Immunoblot analysis confirmed
stable knockdown of PAX3:FOXO1 and/or restored expression of
PAX3:FOXO1, respectively (Fig. 1B). When treated with VCR for
24 hours, shYFP (PAX3:FOXO1 knockdown) cells alone had an
absolute half maximal inhibitory concentration (IC50) of 33 nM.
However, control cells did not reach an absolute IC50 (Fig. 1C).
Restoring expression of PAX3:FOXO1 in the stable knockdown cells
(shYFP + PAX3:FOXO1) rescued the cells from the cytotoxic
effects of VCR, in that no absolute IC50 was reached (Fig. 1C).
Although PAX3:FOXO1 was tumor protective against chemotherapy,
PAX3:FOXO1 knockdown was only cytostatic, which is consistent
with previous reports of murine and human aRMS (10, 12).
Our previous studies examined whether cell of origin influenced
PAX3:FOXO1 expression and whether expression could be pharmacologically altered by HDACis or other epigenetic agents (13). To
test whether the narrow-spectrum class I HDACi ENT could sensitize PAX3:FOXO1-positive aRMS to the chemotherapies most often
used in high-risk or relapsed disease, we first tested the efficacy of
ENT and VCR as single agents and in combination in orthotopic
allograft mouse models of aRMS. This aRMS model was generated by
injecting murine aRMS primary cell cultures into the cardiotoxinBharathy et al., Sci. Signal. 11, eaau7632 (2018)
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preinjured gastrocnemius muscle of severe combined immunodeficient hairless outbred (SHO) mice. The tumor-bearing mice
were treated with ENT at a daily dose of 5 mg/kg administered
intraperitoneally or with VCR at 1 mg/kg administered intraperitoneally once a week, or in combination. Unlike monotherapy
of either agent, the combination of ENT and VCR was effective in
delaying tumor growth in the aRMS mice (Fig. 1, D and E). Histologically, no cytodifferentiation was seen (table S1).
To determine whether pretreatment with ENT potentiates the
effect of radiation on RMS cells, we pretreated a murine primary
tumor cell culture (U23674) with ENT or dimethyl sulfoxide (DMSO)
for 24 hours followed by irradiation [10 Gy (gray)] (fig. S1A). After
irradiation, 500,000 viable cells were injected into the cardiotoxinpreinjured gastrocnemius muscle of SHO mice. Tumor cells treated
with DMSO alone or ENT alone were used as controls. After injection of tumor cells, mice were monitored for tumor development.
Mice that received tumor cells pretreated with ENT before irradiation showed increased latency of tumor development compared to
mice that received cells pretreated with DMSO only (fig. S1B), suggesting that ENT treatment sensitizes RMS cells to radiation. With
respect to chemotherapy, we also confirmed that the biochemical
effect of PAX3:FOXO1 silencing occurs—and with synergy—at clinically achievable concentrations of ENT and VCR in human RMS
cultures (fig. S2, A to C).
To further assess the clinical feasibility of ENT in a clinical setting, we investigated whether ENT had a dose-dependent effect
and/or whether ENT was unique among HDACis for its suppressive
effect on PAX3:FOXO1. First, we observed a dose-dependent effect
of ENT on PAX3:FOXO1 expression in Rh30 cells in response to
doses from 0.1 to 2 M, when examining the mRNA abundance at
24 hours (fig. S3A) and the protein abundance at 72 hours (fig. S3B).
A PDX-derived explant aRMS culture, CF-001, also exhibited a dosedependent response (fig. S3C), as did the murine aRMS culture,
U23674 (fig. S3D).
To examine the relative efficacy of other HDACis at reducing
PAX3:FOXO1 when compared to ENT (an HDAC1-3 inhibitor), we
tested SAHA (suberoylanilide hydroxamic acid, a class I and class II
HDACi), panobinostat (PAN), CUDC-907, and CUDC-101 in human
and murine aRMS using the highest reported maximum drug serum
concentration (Cmax) in humans. Where Cmax was unknown, we treated
the cell cultures at the measured drug IC25 (25% inhibiting concentration). ENT at its highest achievable Cmax (1000 nM) (14) significantly
reduced PAX3:FOXO1 expression in human aRMS (Rh30 and Rh41)
cells (fig. S4A), which was reflected by near-complete reduction at the
protein level in the human aRMS cells and in murine aRMS (U23674)
cells (fig. S4B). In comparison, PAN (a broad-spectrum HDACi that
targets HDAC1-11) at its Cmax (45 nM) (15) did not consistently diminish PAX3:FOXO1 at either the mRNA or protein level (fig. S4, C
and D), and SAHA (an HDAC1/2/3/6/8 inhibitor) was only somewhat
effective at reducing PAX3:FOXO1 abundance at its Cmax (1000 nM)
(fig. S4, E and F) (16) but to a lesser degree than ENT. Near-complete
cytotoxicity was observed in Rh41 cells with SAHA at the end of
72 hours of treatment, preventing inclusion of Rh41 in these biochemical
studies. In addition to PAN and SAHA, CUDC-907 [a dual phosphatidylinositol 3-kinase (PI3K) and HDAC1/2/3/10 inhibitor] and CUDC-101
(a class I and class II HDACi) were tested but were found to be less
efficient at reducing PAX3:FOXO1 compared to ENT at their IC25
(fig. S4, G and H). To examine whether these HDACis can have
an effect on the related fusion protein, PAX7:FOXO1, the human
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but drugging transcription factors such as PAX3:FOXO1 in patients is a daunting task. However, in this study, we found that
PAX3:FOXO1 can be pharmacologically silenced at both the mRNA
and protein levels by entinostat (ENT), a class I histone deacetylase
(HDAC) inhibitor (HDACi) (with weak HDAC10/HDAC11 inhibition) that was granted a U.S. Food and Drug Administration
breakthrough designation for certain breast cancers in adults.
In combination with the chemotherapy vincristine (VCR), ENT
had strong antitumor activity in a genetically engineered mouse
model (GEMM) of aRMS and in both orthotopic allograft and
patient-derived xenograft (PDX) mouse models of aRMS. Pretreatment with ENT also improved radiation sensitivity. We further
established the comparative efficacy of ENT to other HDACis at
reducing the expression of PAX3:FOXO1 and that of another, related
fusion protein also found in aRMS, PAX7:FOXO1. Mechanistically,
we determined that, in aRMS cells, HDAC3 inhibition by ENT
decreases SMARCA4, which, in turn, derepresses miR-27a, which
then silences PAX3:FOXO1; by blocking HDAC3, ENT suppressed
the abundance and activity of PAX3:FOXO1 and the growth of
fusion-positive aRMS tumors in mice. Together, these preclinical
and mechanistic studies have led to the Children’s Oncology Group
pediatric phase 1 clinical trial, ADVL1513, and a planned phase 1B
cohort expansion for patients with RMS for this same trial.
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aRMS cell line CW9019 harboring the
t(1;13) translocation was treated with
HDACis at their respective C max or
IC 25 concentration. ENT and all other
HDACis tested were effective at reducing PAX7:FOXO1 protein abundance to
an almost undetectable level (fig. S4I).
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Mechanisms underlying ENT
treatment converge on known
downstream genes
ENT targets class I HDACs (HDAC1,
HDAC2, and HDAC3) but that at higher
concentrations also inhibits the class II
member HDAC10. To determine further the mechanism by which ENT
silences PAX3:FOXO1 expression, we
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Fig. 1. ENT treatment of aRMS in vivo. (A) Diagrammatic representation of checkpoint adaptation, a process
whereby tumor cells survive chemotherapy and radiation in late phases of the cell cycle. XRT, x-ray telescope radiotherapy; PLK1, polo-like kinase 1; AURKB, aurora kinase B; GSG2, genomic structure of haspin; CDC25B, cell division
cycle 25b; CCNB1/2, cyclin B1/2; dsDNA, double-stranded DNA. (B) Basal PAX3:FOXO1 protein expression in murine
U23674 aRMS cells transfected with control shRNA (shCtrl), PAX3:FOXO1-targeted shRNA (shYFP), or targeted shRNA
plus a lentivirus expressing PAX3:FOXO1 (shYFP + PAX3:FOXO1). Blots are representative of n = 3 biological replicates.
(C) Viability of the U23674 cells described in (B) exposed to VCR at 4 nM for 24 hours. Graph plotted using GraphPad
Prism. Data are means ± SD of n = 3 independent experiments. (D) Box-and-whisker plot showing the tumoristatic
efficacy of ENT or VCR, alone and in combination, in aRMS mice at day 13 (DMSO versus ENT + VCR). Treatment with
ENT at a daily dose of 5 mg/kg by intraperitoneal injection or with VCR at a dose of 1 mg/kg weekly by intraperitoneal
injection, or a combination of both. Data are means ± SEM (n = 5 mice per cohort). ***P < 0.001 by log-rank test.
(E) Kaplan-Meier plot of the proportion of mice with tumors smaller than 1.2 cc after treatment with ENT at a daily
dose of 5 mg/kg by intraperitoneal injection or with VCR at a dose of 1 mg/kg weekly by intraperitoneal injection, or
a combination of both. Treatment was stopped after day 13 because body weight loss approached 10 to 15%. Data
are means ± SEM (n = 5 mice per cohort). *P < 0.05 by log-rank test. In this experiment, treatment was stopped for all
mice after day 13 because body weight loss approached 10 to 15%.

ENT plus VCR has efficacy in
aRMS PDXs
We next investigated the antitumor efficacy of ENT and VCR as single agents
or in combination for various biologically independent PDX models of aRMS.
The dosing details are given in table S2,
and PDX model characteristics are given
in tables S3 and S4. Seven of the eight
models were from recurrent and/or
metastatic tumors taken from biopsy or
autopsy. All these contemporary models
were established after 2010. Seven of eight
models carried the PAX3:FOXO1 oncogene, whereas one model (J99873/CF-2)
was established from an autopsy tumor
harboring PAX7:FOXO1. In each case,
tumor growth inhibition by combined
ENT plus VCR was superior to either
drug alone (Fig. 2, A to G) except for
one model (CTG-1008), in which tumor
growth inhibition by ENT alone was better than combined treatment (Fig. 2H).
Waterfall plots summarizing the tumor
growth inhibition (%) for the eight models (Fig. 2I and fig. S5, A to C) showed
that, in five of eight cases, ENT had singleagent activity relative to the control. No difference was seen between different treatment groups in terms of rhabdomyoblast
differentiation (fig. S5, D and E, and table
S5). Biochemical analysis of tumor lysates from J77636 PDXs treated with
ENT showed pharmacodynamic downregulation of PAX3:FOXO1 protein abundance, which was consistent with results
seen in two-dimensional cultures of human and murine aRMS cell lines (Fig.
2J). Statistical summaries of the eight
aRMS PDX models are provided in tables S6 to S13.

RESEARCH ARTICLE
SCIENCE SIGNALING | RESEARCH ARTICLE

Bharathy et al., Sci. Signal. 11, eaau7632 (2018)
96

4 of 13

20 November 2018
www.SCIENCESIGNALING.org

20 November 2018

Vol 11 Issue 557 aau7632

Downloaded from http://stke.sciencemag.org/ on January 16, 2019

Fig. 2. In vivo evaluation of ENT and VCR in aRMS PDX. (A to H) Graphical analysis of tumor volume inhibition by
either ENT alone or in combination with VCR in eight different PDX aRMS mouse models (Champions Oncology and
The Jackson Laboratory) established from clinical biopsies, recurrent aRMS, or autopsies. Demographic features of
these models are given in tables S3 and S4; treatment schedules are given in table S2. Statistical analyses are given in
tables S6 to S13. (I) Waterfall plot showing tumor growth inhibition (%) for combination treatment (ENT + VCR) in the
eight models shown in (A) to (H), as labeled. (J) Pharmacodynamic assessment of tumor lysates from J77636 treated
with ENT for PAX3:FOXO1 protein expression. Blots show n = 3 biological replicates (n represents tumor lysates from
three mice per cohort). Ctrl, control.

reduced the endogenous expression
of HDAC1, HDAC2, and/or HDAC3
in Rh30 cells using small interfering
RNA (siRNA) (siHDAC1/2/3) alongside
a scrambled siRNA control (Fig. 3A).
PAX3:FOXO1 abundance was decreased
to some extent by each individual HDAC
siRNA, but depletion of HDAC2 or
HDAC3 was the most potent (Fig. 3A).
Depleting Rh30 cells of HDAC10, albeit
somewhat less efficient than HDAC1/2/3
depletion, had no detectable impact on
the protein abundance of PAX3:FOXO1
(Fig. 3B). These results indicated the
importance of class I HDACs, specifically
HDAC2 and HDAC3, for PAX3:FOXO1
expression and suggest that inhibition
of specifically these HDACs is the mechanism through which ENT represses the
fusion protein.
Our RNA sequencing (RNA-seq)
and chromatin immunoprecipitation–
exonuclease (ChIP-exo) data identified
four classes of cell-autonomous gene
expression changes related to ENT
treatment: These subclasses were PAX3:
FOXO1 binding with or without HDAC
binding (Fig. 3C); HDAC1, HDAC2,
HDAC3, or HDAC11 binding only
(Fig. 3D); indirect targets of PAX3:
FOXO1 (Fig. 3E); and otherwise-regulated
genes (Fig. 3F) (13). Although HDACrelated and HDAC-unrelated changes in
expression of the known PAX3:FOXO1
direct and indirect targets were expected,
neither these nor those of the otherwiseregulated genes could explain altered
transcription of PAX3:FOXO1 with respect to PAX3 regulatory elements.
To understand the mechanisms of
action for ENT and PAN, we also analyzed the expression of wild-type PAX3
and FOXO1 in U23674 and Rh30 aRMS
cells, as well as C2C12 mouse myoblasts, human skeletal muscle myoblasts
(HSMMs), and CureFast-1 (CF-1) PDX
explant cell culture each treated separately with ENT and PAN. Consistent with
previous results (13), PAX3:FOXO1 was
significantly reduced by ENT but not by
PAN in U23674 cells (Fig. 4, A and B).
These cells do not express detectably
sufficient wild-type PAX3 for analysis
(Fig. 4A); however, in C2C12 cells, which
do so, ENT significantly reduced wildtype PAX3 but not wild-type FOXO1
abundance (Fig. 4, A and C), and in
both cell lines, neither ENT nor PAN
altered FOXO1 (Fig. 4, A, D, and E).
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Fig. 3. siRNA-mediated knockdown of HDAC and gene expression and PAX3:FOXO1 binding data for key aRMS gene targets. (A and B) PAX3:FOXO1 expression
in Rh30 cells transfected with siRNA at 100 nM for 72 hours, targeting HDAC1, HDAC2, and/or HDAC3 (A), as well as HDAC10 (B). Blots are representative of n = 3 independent experiments. (C to F) Three aRMS samples [U23674 in two replicates (U23674A and U23674B), Rh30, and Rh41] were sequenced after treatment with ENT
at 2 M for 72 hours or DMSO. Featured genes were decreased (log2 ratio of ENT-induced expression divided by control expression > 1) in all samples. Additional expression data for these key targets were curated from previous publications (10, 33), and PAX3:FOXO1 binding data were curated from the literature as indicated (31, 32)
or were generated through chromatin immunoprecipitation sequencing (ChIP-seq) experiments. Four subclasses of ENT-induced gene expression were identified
as (C) PAX3:FOXO1 binding with or without HDAC binding; (D) HDAC1, HDAC2, HDAC3, or HDAC11 binding only; (E) indirect targets of PAX3:FOXO1; and (F) otherwiseregulated genes.
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secondary effects on PAX3 cis-elements
or PAX3 mRNA stability factors (Fig. 4J).
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Loss of SMARCA4 expression or
activity increases, or derepresses,
the expression of the microRNA
miR-27a
To further understand how ENT silences
the PAX3:FOXO1 gene, whereas PAN
does not, RNA-seq analysis of ENTtreated versus PAN-treated human and
murine aRMS cells was carried out with
an emphasis on assessing the expression
of transcription factors and chromatin
remodeling complexes. Differential
expression across samples after ENT
treatment versus after PAN treatment
identified key up-regulated and downregulated genes in the ENT-specific effects (Fig. 5A). Many epigenetic targets,
including chromatin-modifying enzymes
and remodeling complexes, were indeed
decreased by ENT treatment and increased by PAN treatment in Rh30
and U23674 cells (Fig. 5A). Specifically,
ENT treatment had a strong effect on
the expression of many of the SWI/SNF
(switch/sucrose non-fermentable) complexes, which included that of SMARCA4/
BRG1, which was markedly reduced by
ENT but not by PAN treatment (Fig. 5A).
At the protein level, only ENT reduced
SMARCA4 protein abundance in both
cells, notably to an undetected level
(Fig. 5B). Consistent with ENT-mediated
pharmacological inhibition of class I
HDACs, siRNA-mediated knockdown
of HDAC3 decreased SMARCA4 protein abundance to an almost undetectable level; knockdown of HDAC2
had markedly less of an effect (Fig. 5C).
This finding concurs with a previous
report indicating a noncanonical role of
Fig. 4. Wild-type PAX3 expression altered by ENT and not by PAN. (A) Immunoblots of PAX3:FOXO1, wild-type
HDAC3 as a transcriptional activator
PAX3, and wild-type FOXO1 in murine C2C12 myoblasts and U23674 aRMS cells upon 72 hours of treatment with ENT
(17). Furthermore, the abundance of the
(1 M) and PAN (45 nM). Blots are representative of n = 3 independent experiments. Note that, in the murine aRMS
GEM culture U23674, both wild-type PAX3 alleles are homozygously replaced by PAX3:FOXO1, but both FOXO1 alleles
PAX3:FOXO1 fusion protein was deare intact (homozygous wild type). (B to E) Densitometric analysis of (A) PAX3:FOXO1, wild-type PAX3, and wild-type
creased in Rh30 cells upon reduction of
FOXO1 expression upon treatment with ENT and PAN. Data are means ± SD (n = 3 independent experiments). ***P <
SMARCA4 by siRNA (siSMARCA4)
0.001, two-sided Student’s t test. (F) Western blots of PAX3:FOXO1, wild-type PAX3, and wild-type FOXO1 in HSMMs,
(Fig. 5D), altogether suggesting an
Rh30, and CF-1 cells upon 72 hours of treatment with ENT (1M) or PAN (45 nM). Blots are representative of n = 3 bioHDAC3-SMARCA4 circuit in promotlogical replicates. In contrast to murine aRMS cultures, PAX3 is heterozygous (wild type/PAX3:FOXO1) and FOXO1 is
ing PAX3:FOXO1 fusion protein abunheterozygous (wild type/null) in human aRMS cultures, and both are homozygous wild type in HSMMs. (G to I) Densidance in aRMS cells.
tometric analysis of PAX3:FOXO1, wild-type PAX3, and wild-type FOXO1 protein expression upon treatment with ENT.
Upon searching the miR search enData are means ± SD (n = 3 independent experiments). *P < 0.05 and ***P < 0.001, two-sided Student’s t tests. (J) A diagine miRBase for microRNA (miRNA)
grammatic representation attributing the effect of ENT on PAX3:FOXO1 expression to PAX3 cis-regulatory elements.
that bound the PAX3 promoter or cisSimilar results were observed in Rh30, CF-1, and HSMM cells elements, we observed that miR-27a was unique in that, in both
(Fig. 4, F to I). These results suggest that, for PAX3:FOXO1 in aRMS mouse and human cells, it bound PAX3 upstream (5′) of the PAX3:
tumor cells, the PAX3 cis-regulatory elements are affected differently FOXO1 breakpoint (in intron 4). miR-27a-5p reportedly targets
by ENT treatment versus PAN treatment, perhaps attributable to PAX3, as well as PAX7, in developing and adult muscle cells (18).
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Fig. 5. Loss of SMARCA4 expression or activity derepresses miR-27a. (A) Differential expression analysis by RNA-seq for genes associated with chromatin-modifying
complexes in Rh30 and U23674 cells after treatment for 72 hours with ENT (1 M) or PAN (45 nM) relative to cells treated with DMSO. SMARCA4 average transcripts per
million for DMSO-treated cells, ENT-treated cells, and PAN-treated cells were 86.86, 56.15, and 72.19, respectively. (B) SMARCA4 protein abundance in Rh30 and U23674
aRMS cultures treated with ENT or PAN. Blots are representative of n = 3 independent experiments. (C) SMARCA4 protein abundance in Rh30 cells transfected with
HDAC2- or HDAC3-targeted siRNA (100 nM for 72 hours). Blots are representative of n = 3 independent experiments. (D) PAX3:FOXO1 protein abundance in Rh30 cells
transfected with SMARCA4-targeted siRNA (100 nM for 72 hours). Blots are representative of n = 3 independent experiments. (E) Quantitative polymerase chain reaction
(qPCR) analysis of miR-27a expression in Rh30 cells treated with the SMARCA4 bromodomain inhibitor PFI-3 (10 M for 24 hours). (F) qPCR analysis of miR-485 in Rh30
cells treated with PFI-3. **P < 0.01, two-sided Student’s t test. (G and H) qPCR analysis of miR-27a expression in Rh30 and CF-1 cells transfected with SMARCA4-targeted
siRNA (100 nM for 72 hours). Data were normalized to the expression of U6snRNA. Gene expression was quantified using the 2−∆Ct method. Data are means ± SD (n = 3
independent experiments each in triplicate). *P < 0.05, two-sided Student’s t test. (I) Diagrammatic representation of how ENT and PFI-3 disrupt SMARCA4-mediated interference of miR-27a transcription.
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Fig. 6. miR-27a overexpression silences PAX3:FOXO1. (A and B) Western blot of PAX3:FOXO1 protein abundance in Rh30 and CF-1 cells transfected with mimics of
miR-27a (10 M for 72 hours) or a negative control (Ctrl). Also shown is blotting in lysates from untransfected control cells (Unt). Blots are representative of n = 3 independent
experiments. (C and D) Light microscopy images of Rh30 and CF-1 cells transfected with mimics of miR-27a. Images are representative of n = 3 independent experiments. Scale bars, 50 M. (E to H) qPCR analysis of miR-27a (E and F) or miR-485p (G and H) expression in Rh30 and CF-1 cells treated for 72 hours with ENT (1 M) or PAN
(45 nM). (I and J) qPCR of miR-27a expression in Rh30 and CF-1 cells transfected with HDAC2- or HDAC3-targeted siRNA (100 nM). Data were normalized to U6snRNA expression. Gene expression was quantified using the 2−∆Ct method. Data are means ± SD (n = 3 independent experiments each in triplicate). *P < 0.05, **P < 0.01, and ***P <
0.001, two-sided Student’s t tests. (K) Summary of the HDAC3–SMARCA4–miR-27a–PAX3:FOXO1 regulatory circuit targeted by ENT.
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ENT-induced reexpression of miR-27a silences PAX3:FOXO1
To understand whether ENT silences PAX3:FOXO1 transcript via
miR-27a–mediated transcription interference, we reexpressed
miR-27a in Rh30 and CF-1 cells by transient transfection of miR-27a
mimics and examined PAX3:FOXO1 protein expression. Compared
to a control oligonucleotide (a “negative mimic”), miR-27a reexpression decreased PAX3:FOXO1 abundance in both Rh30 and CF-1
cells (Fig. 6, A and B), which also exhibited altered cell morphology
(Fig. 6, C and D). qPCR analysis then showed a more potent increase
in the expression of miR-27a in ENT-treated than in PAN-treated
Rh30 and CF-1 cells (Fig. 6, E and F). However, PAN increased
miR-485 expression more potently than did ENT (Fig. 6, G and H).
Because our earlier studies showed that ENT reduced PAX3:FOXO1
expression by inhibiting HDAC2/3 (Fig. 3A), we silenced HDAC2/3
by siRNA in Rh30 and CF-1 cells, which resulted in increased miR-27a
expression relative to that in scrambled siRNA control cells (Fig. 6,
I and J). These results altogether suggest that, by inhibiting HDAC3
and maybe in part HDAC2, ENT blocks epigenetic suppression of
an miRNA, thereby enabling its restriction of PAX3:FOXO1 expression and reducing the growth of aRMS tumors (Fig. 6K).
DISCUSSION

Our previous studies uncovered that cell of origin conveys an epigenetic memory to tumor cells, leading to differences in histological
phenotype and drug sensitivity, and that cell of origin also epigenetically influences the transcription of the PAX3:FOXO1 oncogene
in tumor cells (13). Apropos to those findings, mechanistic studies
that we performed here suggest that HDAC2/HDAC3 inhibition is
the primary mechanism of ENT-mediated repression of PAX3:
FOXO1 in aRMS. We also found that ENT and PAN, despite both
being HDACis, are very different drugs with different global actions
and specifically different activity with respect to SMARCA4, the inhibition of which we have now shown is critical to miR-27a expression and PAX3:FOXO1 mRNA destabilization.
Deregulated expression and function of miRNAs has been reported in many cancers, including RMS. HDACis and ENT specifically have been previously reported to alter miRNA expression
(19, 20). In this study, we found an miRNA that inhibited PAX3:
Bharathy et al., Sci. Signal. 11, eaau7632 (2018)

FOXO1 mRNA translation and/or its stability. Our focus was on
miRNAs that could bind either the PAX3 promoter and exons 1 to
8 or the FOXO1 exons 1 to 3 and its 3′UTR, as well as those that
were conserved across humans and mice, given that ENT reduced
both human and mouse PAX3:FOXO1. miR-27a-5p targets both
PAX3 and PAX7 (18); miR-27a’s own promoter is regulated in muscle
by the myogenic transcription factors MYF6, MYOD, and MEF2C
(which aligns with RMS features) (21); and SMARCA4 is predicted
by ENCODE to bind the 3′UTR of miR-27a. Knockdown of SMARCA4 or pharmacological inhibition of its bromodomain activity
increased the expression of miR-27a. Although SMARCA4 is typically characterized as a transcriptional activator, reports suggest
that SMARCA4 can also act as a repressor (22, 23). How precisely
SMARCA4 represses miR-27a requires further investigation and
may reveal insight into its function in other contexts.
From a clinical point of view, ENT in combination with the chemotherapy agent VCR showed strong antitumor activity in aRMS
orthotopic mouse models at clinically achievable adult drug concentrations. For the purposes of clinical trial planning, we have also
established the comparative efficacy of ENT to other HDACis at
reducing PAX3:FOXO1 and PAX7:FOXO1 expression. ENT not
only reduced PAX3:FOXO1 abundance across species in both murine and human aRMS cell lines/cultures and PDX explant cell cultures but also inhibited PAX3:FOXO1 levels more effectively than
the other HDACis tested. We note that, in the time since our studies
were performed, Malempati et al. (24) have reported the phase 1
clinical trial results for ENT in pediatric patients, showing higher
drug exposures and decreased clearance without any additional
toxicity for children versus adults (Cmax of 140.8 nM at a dose of
4 mg/m2 and a half-life of 45 hours in children). Thus, our preclinical
studies may be overly stringent with respect to clinical modeling.
In summary, our preclinical data with strong mechanical evidence
suggest that targeting HDAC3–SMARCA4–miR-27a–PAX3:FOXO1
regulatory circuitry in aRMS may provide real therapeutic benefits
for patients with aRMS. The preclinical efficacy in vivo and overall
biochemical performance at PAX3:FOXO1 suppression make ENT
a promising drug candidate for combining with chemotherapy and/
or radiation in clinical trials for aRMS. Our findings directly support the pediatric phase 1B clinical trial ADVL1513 concept under
review for the use of ENT as a single agent in RMS and possible
phase 2 chemotherapy-ENT trials to follow.
MATERIALS AND METHODS

Cell culture
Murine primary tumor cell cultures (U23674) were generated as
described previously (25). Human aRMS cell lines Rh30 and Rh41
were cultured in growth medium (GM) RPMI 1640 (Thermo Fisher
Scientific, catalog no. 11875-093) supplemented with 10% fetal bovine serum (FBS) (Thermo Fisher Scientific, catalog no. 26140079)
and 1% penicillin/streptomycin (Thermo Fisher Scientific, catalog
no. 15140-122). CW9019 was cultured in Dulbecco’s modified
Eagle’s medium (DMEM) (Sigma, catalog no. 11965-084) supplemented with 10% FBS and 1% penicillin/streptomycin. The mouse
myoblast cell line C2C12 was obtained from the American Type
Culture Collection (ATCC) and was cultured in DMEM supplemented with 20% FBS and 1% penicillin/streptomycin. Primary
HSMMs (Lonza Inc., catalog no. CC-2580) were cultured in GM
(Cell Applications, catalog no. 151-500). Phoenix-Amphotropic cells
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For comparison, we chose miR-485-5p as a conserved miRNA
binding the PAX3 3′ untranslated region (3′UTR). Referencing the
University of California, Santa Cruz (UCSC) genome browser visualization of ChIP-seq data from the Encyclopedia of DNA Elements
(ENCODE) predicted that SMARCA4 binds to the 3′UTR of miR27a. We then measured miR-27a expression upon pharmacological
inhibition of SMARCA4 bromodomain activity using the smallmolecule inhibitor PFI-3 at a concentration of 10 M. PFI-3 inhibits
95% of the SMARCA4 bromodomain activity at this concentration
according to analysis by time-resolved fluorescence energy transfer
(TR-FRET; fig. S6). Inhibition of SMARCA4 bromodomain activity
increased miR-27a expression (Fig. 5E) but not that of miR-485
(Fig. 5F). We then carried out siRNA-mediated knockdown of
SMARCA4 in Rh30 cells and CF-1 cells, which showed an increase
in miR-27a compared to scrambled siRNA control, consistent with
the effect seen on miR-27a upon pharmacological inhibition of
SMARCA4 (Fig. 5, G and H). Together, these results suggested that
a SMARCA4–miR-27a regulatory circuitry controls the expression
of PAX3:FOXO1 (Fig. 5I).
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(a second-generation retrovirus producer cell line) (ATCC, catalog
no. CRL-3213) were cultured in DMEM supplemented with 10% FBS
and 1% antibiotics. PDX explant cell culture CF-1 was cultivated in
RPMI 1640 supplemented with 10% FBS and 1% antibiotics. All
cells were incubated at 37°C and 5% CO2. Rh30 and Rh41 were obtained from the Children’s Oncology Group (www.COGcell.org)
and were authenticated by Short Tandem Repeat validation assay
through Biosynthesis. The murine cell culture U23674 was authenticated by PCR validation by Transnetyx. CF-001 was authenticated
by analyzing the expression of PAX3:FOXO1.

TR-FRET assay of the treatment of cells with the
SMARCA4 inhibitor
The SMARCA4 bromodomain activity inhibitor, PFI-3 (S7315), was
purchased from Selleckchem. Rh30 cells were treated with PFI-3 at
a concentration of 10 M. PFI-3 inhibits 95% of the SMARCA4
bromodomain activity at 10 M based on the TR-FRET assay carried out by a commercial vendor, BPS Bioscience. Briefly, the assay
was performed by TR-FRET technology using recombinant bromodomain and BET ligand. The TR-FRET signal from the assay is correlated with the amount of ligand binding to the bromodomain.
Binding experiments were performed in duplicate at each concentration. The TR-FRET data were analyzed using the computer software GraphPad Prism (GraphPad Software Inc.). In the absence of
the compound in wells containing BET ligand, the TR-FRET signal
(Ft) in each dataset was defined as 100% activity. Select wells where
control inhibitors were more than 100-fold the IC50 were used to
define the TR-FRET signal (Fb) as 0% activity. The percent activity
in the presence of each compound was calculated according to the
following equation: % activity = [(F − Fb)/(Ft − Fb)] × 100, where
F = the TR-FRET signal in the presence of the compound. The percent inhibition was calculated according to the following equation: %
inhibition = 100 − % activity.
RNA-extraction and RT-PCR
Rh30 (human aRMS) cell line and murine aRMS primary tumor cell
cultures (U23674) were treated with 0.1, 0.2, 0.4, 0.8, 1, and 2 M
ENT for 24 hours. DMSO treatment was used as a control. After
treatment with ENT, total RNA was extracted and complementary
DNA (cDNA) was synthesized as previously described (13). Expression of PAX3:FOXO1 was determined by real-time PCR (RT-PCR)
using custom Taqman primers and probe (catalog nos. 4304970 and
4316034) on a StepOnePlus RT-PCR machine (Applied Biosystems).
Bharathy et al., Sci. Signal. 11, eaau7632 (2018)
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Immunoblotting
Human Rh30 and Rh41 cell lines and murine aRMS primary tumor
cell cultures (U23674) were treated with 1 M ENT, 45 nM PAN,
1 M SAHA, 150 nM CUDC907, or 150 nM CUDC-101 for 72 hours.
DMSO (vehicle)–treated cells were used as control. After 72 hours,
lysates were collected using radioimmunoprecipitation assay lysis
buffer with Halt Protease and Phosphatase Inhibitor Cocktail
(Thermo Fisher Scientific, catalog no. 78440) and analyzed for PAX3:
FOXO1 expression using an anti-PAX3 antibody (1:400; R&D
Systems, catalog no. MAB2457), PAX7:FOXO1 expression using an
anti-FKHR antibody (H-128, 1:300; Santa Cruz Biotechnology), and
SMARCA4 expression using an anti-SMARCA4 antibody (G-7,
1:300; Santa Cruz Biotechnology) and matched for protein expression using an anti–-actin antibody (1:10,000; Abcam, catalog no.
ab8227). All blots were visualized using a FluorChem Q system
(ProteinSimple). To analyze endogenous wild-type FOXO1 expression, recombinant FOXO1 (NM_002015) (Origene) was used.
FOXO3 (NM_001455) was used as negative control to choose the
appropriate antibody (fig. S7). Anti-FOXO1 antibody (1:500;
Millipore, clone 2H8.2) detects recombinant FOXO1 without background compared to other antibodies and subsequently used for all
immunoblots (fig. S7).
Orthotopic allograft studies
All animal studies were conducted with Institutional Animal Care
and Use Committee (IACUC) approval at the Oregon Health &
Science University. An orthotopic allograft mouse model of aRMS
(U23674, genotype Myf6Cre, PAX3:FOXO1, p53) was generated as
previously described (13). Mice were treated with ENT at a daily
dose of 5 mg/kg by intraperitoneal injection or with VCR sulfate at
a dose of 1 mg/kg weekly by intraperitoneal injection, or a combination of both. Treatment was started once the tumors reached 0.25 cc
and ended when the tumors reached 1.5 cc. During treatment, mice
that experienced body weight loss (10 to 15%) were euthanized early.
For the radiation studies, murine aRMS primary tumor cell cultures
(U23674) were pretreated with either DMSO or 2 M ENT and then
subjected to 10 Gy radiation before injecting 500,000 viable cells into
each mouse. Failure was defined as an event for tumor size greater
than or equal to 1.2 cc.
PDX models at Champions Oncology
The Champions Personalized Tumorgraft chemosensitivity tests were
conducted using a TumorGraft model established from two independent RMS biopsy specimens. The explants were received and immediately implanted into immunodeficient mice. The antitumor activity
of ENT and VCR was tested in a low-passage immune-compromised
female mice (Harlan; nu/nu) between 5 and 8 weeks of age housed
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VCR chemotherapy, HDAC inhibition,
and SMARCA4 inhibition
The chemotherapy agent VCR sulfate, used here in the treatment
of Rh30 and U23674 cells, was obtained from Sigma (product no.
V8879). HDACis used in this study were purchased from Selleckchem:
ENT (also known as MS-275, a class I HDACi; catalog no. S1053),
PAN (a broad-spectrum HDACi; catalog no. S1030), SAHA (catalog no. S1047), CUDC-907 (a PI3K inhibitor and a class I and
class II HDACi; catalog no. S2759), and CUDC-101 (a class I and
class II HDACi and an inhibitor of epidermal growth factor
receptor family members EGFR and HER2; catalog no. S1194).
aRMS cell lines and primary tumor cell cultures were treated with
these drugs at their clinically relevant Cmax (maximum plasma
concentrations) or, where Cmax is not yet reported, their determined IC25.

Rh30 and Rh41 cell lines were treated with 1 M ENT, 45 nM PAN,
and 1 M SAHA for 24 hours. DMSO-treated cells were used as
control. Total RNA was extracted from cells using TRIzol reagent
(Invitrogen) according to the manufacturer’s protocol. cDNA was
prepared from RNA using a high-capacity cDNA reverse transcription kit (Applied Biosystems) with a ribonuclease inhibitor. qPCR
was performed using TaqMan Universal Master Mix, no AmpErase
Uracil-N glycosylase on the ABI 7900HT Fast Real-Time PCR System
(Applied Biosystems). Primers used were Gapdh-Hs02758991_g1 and
PAX3:FOXO1-Hs03024825_ft. Gene expression was quantified using
the 2−∆Ct method.
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on irradiated papertwist-enriched 1/8-inch corncob bedding (Shepherd)
in individual HEPA (high-efficiency particulate air) ventilated cages
(Innocage IVC, Innovive, USA) on a 12-hour light/12-hour dark
cycle at 68° to 74°F (20° to 23°C) and 30 to 70% humidity. Animals
were fed water ad libitum (reverse osmosis, 2 parts per million
Cl2) and an irradiated test rodent diet (Teklad 2919) consisting of
19% protein, 9% fat, and 4% fiber. All compounds were formulated
according to the manufacturer’s specifications. Beginning day 0,
tumor dimensions were measured twice weekly by a digital caliper,
and data including individual and mean estimated tumor volumes
(mean TV ± SEM) were recorded for each group; tumor volume was
calculated using the following formula (1): TV = width2 × length ×
0.52. All studies were done with the approval of Champions Oncology
IACUC.

siRNA-mediated silencing of class I and class II HDACs
For silencing of class I HDACs (1–3), Rh30 cells were transfected with
100 nM HDAC1 (L-003493-00-0005, 5 nmol), HDAC2 (L-00349502-0005, 5 nmol), HDAC3 (L-003496-00-0005, 5 nmol), or HDAC10
(L-004072-00-0005, 5 nmol) SMARTpool siRNA reagent (a pool of
four siRNA duplexes all designed to target distinct sites within the
specific gene of interest) (Dharmacon) versus scrambled siRNA
(Dharmacon) using Lipofectamine RNAimax (Invitrogen, catalog
no. 13778030). siRNA cell lysates were subjected to Western blotting using anti-HDAC1 (H-51, 1:400; Santa Cruz Biotechnology),
anti-HDAC2 (C-8, 1:400; Santa Cruz Biotechnology), anti-HDAC3
(B-12, 1:400; Santa Cruz Biotechnology), and anti-HDAC10 (E-2,
1:400; Santa Cruz Biotechnology) antibodies and PAX3:FOXO1 expression using anti-PAX3 antibody (R&D Systems).
Retroviral infection
To restore expression of PAX3:FOXO1 in U23674 with stable
knockdown of PAX3:FOXO1 (U23674 shYFP), retroviral vector
pk1-PAX3:FOXO1 was transfected into Phoenix-AMPHO packaging cells using Lipofecatmine Plus reagent (Invitrogen, catalog
no. 15338100). Medium was harvested after 24, 48, and 72 hours
and filtered with a 0.45-m syringe filter. Retroviral supernatant
with polybrene was used for transduction of U23674 shYFP
culture.
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miRNA overexpression
For overexpression of miR-27a-5p, Rh30 and CF-1 cells were transfected with 10 M miR-27-a-5p mimics (assay name, hsa-miR-27a-5p;
accession no., MI0000085) or miR-27a-5p negative control (5 nmol;
Thermo Fisher Scientific, catalog no. 4464058) using Lipofectamine
RNAimax (Invitrogen). Cell lysates were collected at the end of
72 hours and subjected to Western blotting for analysis of PAX3:
FOXO1 expression using an antibody against PAX3 (R&D Systems).
miRNA isolation and RT-PCR
miRNA isolation was performed as per the manufacturer’s protocol
(Invitrogen, catalog no. K157001). Briefly, Rh30 and CF-1 cells were
seeded at a density of 0.3 million cells and, the next day, were treated
with ENT (1 M) or DMSO (vehicle). At the end of 24 hours of
treatment, miRNA was isolated as per the manufacturer’s standard
protocol. The recovery tube with RNA was then quantified using a
BioTek microvolume plate. Complementary DNA was prepared from
5 ng of miRNA using a TaqMan miRNA reverse transcriptase kit
(Thermo Fisher Scientific, catalog no. 4366596). qPCR was performed using TaqMan Universal Master Mix, no AmpErase UNG
(Thermo Fisher Scientific, catalog no. 4440040) on the Bio-Rad
Thermocycler Real-Time PCR System. Primers used were hsa-miR-27a
and hsa-miR-485 (TaqMan miRNA assays). U6snRNA (TaqMan
miRNA assays) was used as loading control. miRNA expression was
quantified using the 2−∆Ct method.
RNA sequencing
For the identification of transcriptional changes (Fig. 3, C to F) in
aRMS cells after ENT treatment, each of the three aRMS cultures
(human cell lines Rh30 and Rh41 and mouse cell culture U23674)
was treated with ENT alongside a paired untreated sample for a
fixed time period. All samples were treated with ENT for 72 hours,
except for Rh41, which was treated for 24 hours because of higher
sensitivity to ENT. All cells were cultured on 10-cm dishes, and
treatment began when plates were 60% confluent. Passages lower
than 7 were used for all mouse cultures. RNA isolation and sequencing were performed by the commercial service provider, Beijing
Genomics Institute (BGI). Differential expression for a single sample
was defined as post-ENT treatment expression divided by vehicletreated expression. These criteria identified 348 overexpressed and
358 underexpressed genes in aRMS. Differential expression of genes
associated with chromatin modification and remodeling after ENT
and PAN treatment (72 hours) (Fig. 5A) was analyzed by one more set
of RNA-seq with RNA isolation and sequencing performed by BGI.
Log2 scaled ratios of ENT-treated versus vehicle-treated RH30 and
U23674 and PAN-treated versus vehicle-treated RH30 and U23674
were organized by change in regulation.
Bioinformatic analysis of RNA-seq
The paired-end raw reads for all RNA-seq data samples were aligned
using TopHat version 2.0.9. Up to two mismatches in the alignment
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PDX models at The Jackson Laboratory
To establish each PDX model, NSG (NOD.Cg-Prkdcscid IL2rgtm1Wjl/
SzJ) mice were obtained by The Jackson Laboratory. Tumor explants were obtained from the patients and immediately implanted
into the rear flanks of recipient female NSG (JAX, stock no. 005557)
mice using a trochar. Once tumors reached about 2000 mm3, they
were collected and passaged for serial transplantation in NSG mice
to create low-passage fragments or cohort for future studies. The
tumor volume range for enrollment was 150 to 250 mm3. All studies
were done with the approval of The Jackson Laboratory IACUC.
Mice were treated with vehicle or ENT/VCR as a single agent or a
combination at doses and routes of administration provided in table
S2 until tumors reached 2000 mm3 or reached study day 28. The
antitumor activity of ENT and VCR was tested. All compounds were
formulated according to the manufacturer’s specifications. Beginning
day 0, tumor dimensions were measured twice weekly by a digital caliper, and data including individual and mean estimated tumor volumes
(mean TV ± SEM) were recorded for each group; tumor volume was
calculated using the following formula: TV = width2 × length/2.

siRNA-mediated silencing of SMARCA4
For silencing of SMARCA4, Rh30 cells were transfected with 100 nM
SMARCA4 (L-010431-00-0005, 5 nmol) SMARTpool siRNA reagent
(Dharmacon) versus scrambled siRNA (Dharmacon) using Lipofectamine RNAimax (Invitrogen). Cell lysates were subjected to
Western blotting using anti-SMARCA4 (G-7, 1:300; Santa Cruz
Biotechnology).

RESEARCH ARTICLE
SCIENCE SIGNALING | RESEARCH ARTICLE
were permitted before a read alignment was discarded. The reads for
human samples were aligned to the UCSC hg36 human reference
genome. The reads for mouse samples were aligned to the UCSC
mm19 mouse reference genome. The aligned reads were assembled
into transcripts using Cufflinks version 2.2.1. Differential comparisons were performed by the Cuffdiff function of Cufflinks version
2.2.1. Differential comparisons were made between samples treated
with ENT and untreated control samples. For the differential analysis
of treated versus untreated samples, the standard Cuffdiff parameters
were used. Reported in all figures are log2 scaled differential values.
Genes for which treated samples had nonzero expression and untreated samples had zero expression fixed were set to the minimum
of the treated expression and 1024, before log2 scaling, to prevent
divide-by-zero errors during downstream analysis. Only genes with
quantified expression across all samples (total of 14,575 genes)
were considered. Log2 scaled mean differential expression across all
samples of a common subtype was used to identify overexpression
and underexpression.

Statistical analysis
Bioinformatics and computational methods are described above.
Continuously distributed outcomes were summarized with the
mean ± 1 SD. Treatment groups were contrasted on the mean with
analysis of variance in log units. Time-to-event distributions were
summarized with Kaplan-Meier curves, and significance of variation with treatment group was assessed with log-rank tests. Corrections for multiple comparisons were made with the Dunnett method
for analysis of variance (ANOVA) and the Bonferroni method for
log-rank testing. Statistical testing on means and time to event was
two sided with a nominal significance level of 5% and was carried
Bharathy et al., Sci. Signal. 11, eaau7632 (2018)
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Fig. S1. ENT treatment of aRMS in vivo.
Fig. S2. ENT reduces PAX3:FOXO1 abundance at a clinically relevant dose and time of exposure
and reduces cell viability synergistically with VCR.
Fig. S3. PAX3:FOXO1 mRNA expression is reduced by ENT in aRMS cell lines.
Fig. S4. Better than other HDACis, ENT reduces PAX3:FOXO1 abundance in murine and human
aRMS cells.
Fig. S5. Representative histology of PDX mouse aRMS tissue.
Fig. S6. PFI-3–mediated inhibition of SMARCA4 bromodomain activity.
Fig. S7. Validation of commercially available antibodies for detecting endogenous FOXO1
abundance in aRMS cell lines.
Table S1. Histological markers of differentiation in aRMS orthotopic allograft PDX mice.
Table S2. Treatment schedules for the CF-4/PCB-513 PDX mice.
Table S3. Patient history of the Champions Oncology PDX aRMS models.
Table S4. Patient history of The Jackson Laboratory PDX aRMS models.
Table S5. Histological scoring of markers of differentiation in PDX aRMS mice.
Table S6. Statistical analysis of CTG-1604/POS-14175 data.
Table S7. Statistical analysis of J101220/CF-4 data.
Table S8. Statistical analysis of J77636/PCB-481 data.
Table S9. Statistical analysis of J0103366/CF-13A data.
Table S10. Statistical analysis of J099761/CF-1 data.
Table S11. Statistical analysis of CTG-1409/POS 14107 data.
Table S12. Statistical analysis of J099873/CF-2 data.
Table S13. Statistical analysis of CTG-1008 data.
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For identification of ENT-related gene expression changes for the
known targets of PAX3:FOXO1, ChIP-exo studies were performed
by Peconic Genomics using anti-PAX3 antibody (R&D Systems,
catalog no. MAB2457) with the murine U23674 aRMS culture as
previously described (26). Paired-end, 40–base pair (bp) reads were
generated. Putative binding sites (peaks) were identified using the
Model-based Analysis of ChIP-seq (MACS) program version
2.1.0.20140616, with default parameters without a control sample
(in which case MACS uses regional read levels for background) (27).
Overall data quality and peak quality were verified by a combination
of methods, including cross-correlation of positive- and negativestrand reads (which showed a peak expected from punctate binding
at a plausible offset of about 15 bp) (26) and the R package ChIPQC
(which showed good numbers of reads in peaks) (28). ChIP-seq
data for additional ENT targets HDAC1, HDAC2, HDAC3, and
HDAC11 were taken from published sources (29, 30). HDAC11 was
used as a surrogate for HDAC10, because HDAC10 data were not
available. Additional data were gathered from published sources for
PAX3:FOXO1 binding identified by cyclic amplification and selection of targets (CASTing) (31) and by previously published PAX3:
FOXO1 ChIP-seq data (32). Published expression data (33) and cell
cycle–dependent expression data (10) were also integrated to infer
indirect targets of PAX3:FOXO1. Differential expression across
samples after ENT treatment was used to identify key up-regulated
and down-regulated genes in aRMS. Bioinformatic analysis of
PAX3:FOXO1 and HDACs binding sites was then cross-referenced
for RNA-seq data for ENT-treated cells.

out with R. For PDX mouse models, the significance of variation in
tumor volume with treatment was assessed with a repeated-measures
linear model with an autoregressive order 1 autocorrelation matrix
and a Tukey correction for multiple comparisons in terms of treatment, day, and the treatment × day interaction. All analyses were
carried out in log10 units, and all statistical testing was two sided
with a 5% experiment-wise significance level. SAS version 9.4 for
Windows (SAS Institute) was used throughout. GraphPad Prism was
used for statistical analysis of cell viability assay and TR-FRET
assay. For densitometric analysis (% change), significance was
determined by a two-tailed Student’s t test, and P values of <0.05 were
considered to be statistically significant. Statistical significance was
set at *P < 0.05, **P < 0.01, and ***P < 0.001. Error bars indicate
mean ± SD or SEM.
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INTRODUCTION

CD8+ T cells are the main mediators of naturally occurring and therapeutically induced immune responses to cancer. Accordingly, the
abundance of CD8+ tumor-infiltrating lymphocytes (TILs) positively
correlates with response to immune checkpoint inhibitors and favorable prognosis (1–3). Because CD8+ T cells recognize major histocompatibility complex class I (MHC I)–associated peptides, the most
important unanswered question is the nature of the specific peptides
recognized by CD8+ TILs (4). Knowing that the abundance of CD8+
TILs correlates with the mutation load of tumors, the dominant
paradigm holds that CD8+ TILs recognize mutated tumor-specific
antigens (mTSAs), commonly referred to as neoantigens (2, 5, 6).
The superior immunogenicity of mTSAs is ascribed to their selective
expression on tumors, which minimizes the risk of immune tolerance
(7). Nonetheless, some TILs have been shown to recognize cancerrestricted nonmutated MHC peptides (8) that we will refer to as aberrantly expressed TSAs (aeTSAs). aeTSAs can derive from a variety
of cis- or trans-acting genetic and epigenetic changes that lead to the
transcription and translation of genomic sequences normally not
expressed in cells, such as endogenous retroelements (EREs) (9–11).
Considerable efforts are being devoted to discovering actionable
TSAs that can be used in therapeutic cancer vaccines. The most common strategy hinges on reverse immunology, in which exome sequencing is performed on tumor cells to identify mutations, and
MHC-binding prediction software tools are used to identify which
mutated peptides might be good MHC binders (12, 13). Although
reverse immunology can enrich for TSA candidates, 90% of these
candidates are false positives (6, 14) because available computational
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methods may predict MHC binding, but they cannot predict other
steps involved in MHC peptide processing (15, 16). To overcome this
limitation, a few studies have included mass spectrometry (MS)
analyses in their TSA discovery pipeline (17), thereby providing a
rigorous molecular definition of several TSAs (18, 19). However,
the yield of these approaches has been meager: In melanoma, one of
the most mutated tumor types, an average of two TSAs per individual
tumors has been validated by MS (20), whereas only a handful of TSAs
has been found for other cancer types (15). The paucity of TSAs is
puzzling because injection of TILs or immune checkpoint inhibitors
would not cause tumor regression if tumors did not express immunogenic antigens (21). We surmised that approaches based on exonic
mutations have failed to identify TSAs because they did not take into
account two crucial elements. First, these approaches focus only on
mTSAs and neglect aeTSAs, essentially because there is currently no
method for high-throughput identification of aeTSAs. This represents a major shortcoming because, whereas mTSAs are private antigens (that is, unique to a given tumor), aeTSAs would be preferred
targets for vaccine development because they can be shared by multiple
tumors (8, 10). Second, focusing on the exome as the only source of
TSAs is very restrictive. Of particular relevance to TSA discovery, 99%
of cancer mutations are located in noncoding regions (22). Moreover,
the exome (all protein-coding sequences) is only 2% of the human
genome, whereas up to 75% of the genome can be transcribed and
potentially translated (23). Hence, many allegedly noncoding regions are protein coding, and translation of noncoding regions has
been shown to generate numerous MHC peptides (24, 25), some of
which were retrospectively identified as targets of TILs and autoreactive
T cells (26, 27).
With these considerations in mind, we developed a proteogenomic
strategy designed to discover mTSAs and aeTSAs coded by all genomic
regions. We used this approach to study two well-characterized murine
cancer cell lines, CT26 and EL4, as well as seven primary human samples
comprising four B-lineage acute lymphoblastic leukemias (B-ALLs)
and three lung cancers. Our main objectives were to determine whether
noncoding regions contribute to the TSA landscape and which parameters may influence TSA immunogenicity.
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Tumor-specific antigens (TSAs) represent ideal targets for cancer immunotherapy, but few have been identified
thus far. We therefore developed a proteogenomic approach to enable the high-throughput discovery of TSAs
coded by potentially all genomic regions. In two murine cancer cell lines and seven human primary tumors, we
identified a total of 40 TSAs, about 90% of which derived from allegedly noncoding regions and would have
been missed by standard exome-based approaches. Moreover, most of these TSAs derived from nonmutated
yet aberrantly expressed transcripts (such as endogenous retroelements) that could be shared by multiple tumor
types. Last, we demonstrated that, in mice, the strength of antitumor responses after TSA vaccination was influenced
by two parameters that can be estimated in humans and could serve for TSA prioritization in clinical studies: TSA
expression and the frequency of TSA-responsive T cells in the preimmune repertoire. In conclusion, the strategy
reported herein could considerably facilitate the identification and prioritization of actionable human TSAs.
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Noncoding regions as a major source of TSAs
We identified 1875 MHC peptides on CT26 cells and 783 on EL4 cells
(tables S3 and S4). Among these, peptides absent from the mTEChi proteome were considered TSA candidates (i) if their 33-nucleotide-long
peptide-coding sequence derived from a full cancer-restricted 33nucleotide-long k-mer and was absent from the mTEChi transcriptome
or (ii) if their 24- to 30-nucleotide-long peptide-coding sequence,
derived from a truncated version of a cancer-restricted 33-nucleotidelong k-mer, was overexpressed by at least 10-fold in the transcriptome
of cancer cells versus mTEChi cells (fig. S3A). Because no error estimation was used in our study, we manually validated the MS spectra of our
TSA candidates. Before assigning peptides a genomic location, we
also removed any indistinguishable isoleucine/leucine variants (figs.
S3, B and C, and S4) and ended up with a total of 6 mTSAs and 15
aeTSA candidates: 14 presented by CT26 cells and 7 by EL4 cells (Fig. 2,
A and B). MHC peptides that were both mutated and aberrantly
expressed were included in the mTSA category. All of these peptides
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tion to induce central tolerance to MHC peptides coded by their vast
transcriptome (fig. S1A) (33). Thus, to identify RNA sequences that were
cancer specific, we chopped cancer RNA-seq reads into 33-nucleotidelong sequences, called k-mers (34), from which we removed k-mers
present in syngeneic mTEChi cells (fig. S2, A and B). Redundancy inherent
to the k-mer space was removed by assembling overlapping cancer-specific
k-mers into longer sequences, called contigs, which were 3-frame translated in silico (Fig. 1B and fig. S2, C and D). We then concatenated
the canonical and cancer-specific proteomes to create a global cancer
database, one for each analyzed sample (table S1A). Using these optimized databases, we identified MHC peptides eluted from two
well-characterized mouse tumor cell lines that we sequenced by
MS, namely CT26, a colorectal carcinoma from a Balb/c mouse, and
EL4, a T-lymphoblastic lymphoma from a C57BL/6 mouse (Fig. 1C
and table S2A) (35, 36).
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Fig. 1. Proteogenomic workflow for the identification of TSAs. (A and B) Schematic detailing how the canonical cancer proteome (A) and cancer-specific proteome
(B) were built for each analyzed sample. In (A), “quality” refers to the Phred score; a score of >20 means that the accuracy of the nucleobase call is at least 99%. (C) The
combination of the above two proteomes, termed the global cancer database, was then used to identify MHC peptides, and more specifically TSAs, sequenced by liquid
chromatography–MS/MS (LC-MS/MS). We analyzed two well-characterized murine cell lines, CT26 and EL4, and seven human primary samples, namely, four B-ALLs and
three lung tumor biopsies (n = 2 to 4 per sample). Statistics regarding each part of the global cancer database can be found in table S1, and implementation details of
building the cancer-specific proteome by k-mer profiling are presented in fig. S2. aa, amino acids; nts, nucleotides; th, sample-specific threshold for k-mer occurrence;
tpm, transcripts per million.
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Rationale and design of a proteogenomic method for
TSA discovery
Attempts to computationally predict TSAs using various algorithms
are fraught with exceedingly high false discovery rates (28). Hence, a
system-level molecular definition of the MHC peptide repertoire
may only be achievable by high-throughput MS studies (4). Current
approaches use tandem MS (MS/MS) software tools, such as Peaks
(29), which rely on a user-defined protein database to match each
acquired MS/MS spectrum to a peptide sequence. Because the reference
proteome does not contain TSAs, MS-based TSA discovery workflows
must use proteogenomic strategies to build customized databases
derived from tumor RNA sequencing (RNA-seq) data (30) that should
ideally contain all proteins, even unannotated ones, expressed in the
considered tumor sample. Because current MS/MS software tools cannot deal with the large search space created by translating all RNA-seq
reads in all reading frames (31, 32), we devised a proteogenomic strategy
enriching for cancer-specific sequences to comprehensively characterize
the landscape of TSAs coded by all genomic regions. The resulting
database, termed a global cancer database, is composed of two customizable parts. The first part, the canonical cancer proteome (Fig. 1A),
was obtained by in silico translation of expressed protein-coding
transcripts in their canonical frame; it therefore contains proteins
coded by exonic sequences that are normal or contain single-base
mutations. The second part, the cancer-specific proteome (Fig. 1B),
was generated using an alignment-free RNA-seq workflow called
k-mer profiling because current mappers and variant callers poorly
identify structural variants. This second dataset enabled the detection of peptides encoded by any reading frame of any genomic origin
(including structural variants), as long as they were cancer specific
(that is, absent from normal cells). Here, we elected to use MHC IIhi
medullary thymic epithelial cells (mTEChi) cells as a “normal control”
because they express most known genes and orchestrate T cell selec-
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Fig. 2. Most TSAs derive from the translation of noncoding
regions. (A) Flowcharts indicating key steps involved in TSA dis: Coding–in
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were absent from the Immune Epitope
Database (37), except for one: the AH1
peptide (SPSYVYHQF), the sole aeTSA
previously identified on CT26 cells
using reverse immunology (10, 38).
To assess the stringency of our
database-building strategy based on the
removal of mTEChi k-mers from cancer
k-mers, we evaluated the peripheral expression of RNAs coding for aeTSAs across
a panel of 22 tissues (table S5) (39, 40).
Four of the 15 aeTSA candidates had an
expression profile similar to that of previously reported “overexpressed” tumorassociated antigens (41, 42), as their
peptide-coding sequences were expressed
in most or all tissues (Fig. 2C). These four
peptides were therefore excluded from
the TSA list. In contrast, 11 peptides were
considered genuine aeTSAs because their
source transcripts were either totally absent or present at trace amounts in a few
tissues (Fig. 2C). We note that detection
of low transcript amounts is less relevant
because MHC peptides preferentially derive from highly abundant transcripts
(43, 44). This concept is illustrated by
the AH1 TSA, which elicits strong antitumor responses devoid of adverse effects
(10, 38), despite the weak expression of its
peptide-coding sequence in the liver, thymus, and urinary bladder (Fig. 2C). These
results demonstrate that subtracting
mRNA sequences found in mTEC hi
strongly enriches for cancer-restricted
peptide-coding sequences. When we
consider our entire murine TSA dataset
(6 mTSAs and 11 aeTSAs), we find that
most of them derive from atypical
translation events: the out-of-frame
translation of a coding exon or the
translation of noncoding regions (Fig.
2D). We also noticed that any type of
noncoding region can generate TSAs
(table S6): intergenic and intronic sequences, noncoding exons, untranslated
region (UTR)/exon junctions, and EREs,
which appear to be a particularly rich
source of TSAs (eight aeTSAs and one
mTSA). Last, our approach efficiently
captured at least one structural variant
as we identified an antigen, VTPVYQHL,
derived from a very large intergenic deletion (~7500 bp) in EL4 cells (table S6B).
Together, these observations confirm
that noncoding regions are the main
source of TSAs and that they have the
potential to considerably expand the
TSA landscape of tumors.
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Frequency of TSA-responsive T cells in naïve and
immunized mice
In various models, the strength of in vivo immune responses is regulated by the number of antigen-reactive T cells (45, 46). We therefore
assessed the frequency of TSA-responsive T cells in naïve and immunized mice using a tetramer-based enrichment protocol (47, 48), for
which the gating strategy and one representative experiment can be
found in fig. S5 (A to C). As positive controls, we used tetramers to
detect CD8+ T cells specific for three immunodominant viral epitopes
(gp-33, M45, and B8R). We confirmed that these T cells had a high
abundance and that their frequency was similar to that observed in
previous studies (Fig. 4A) (46). In naïve mice, CD8+ T cells specific
for TVPLNHNTL, VTPVYQHL, and IILEFHSL were rare (less than
one tetramer+ cell per 106 CD8+ T cells), whereas CD8+ T cells specific for the ERE TSAs (VNYIHRNV and VNYLHRNV) displayed
frequencies similar to those of our viral controls (Fig. 4A and fig. S6A).
Accordingly, in mice immunized with TSA-pulsed DCs, we found that
the T cell frequencies against the two ERE TSAs, as assessed by tetramer
staining or interferon-g (IFN-g) enzyme-linked immunospot (ELISpot)
assays (figs. S1B, S5, C and D, and S6A), were higher than that of
TVPLNHNTL, VTPVYQHL, and IILEFHSL (Fig. 4, B and C). Moreover, in both naïve and immunized mice, results obtained with tetramer
staining and IFN-g ELISpot correlated with each other (fig. S7). Last, we
estimated that the functional avidity of T cells specific for VNYIHRNV
and VNYLHRNV was similar to that of T cells specific for two highly
immunogenic nonself antigens: the minor histocompatibility antigens
H7a and H13a (Fig. 4D). Hence, these TSAs, derived from allegedly
noncoding regions, were recognized by highly abundant T cells with
a high functional avidity. This is particularly noteworthy for the
VNYLHRNV aeTSA because it has an unmutated germline sequence.
Together, our results show that the frequency of TSA-responsive
T cells was a crucial parameter for TSA immunogenicity. However,
VTPVYQHL was an outsider: It afforded the second-best protection
against EL4 challenge although its cognate T cells were present at a
very low frequency (Figs. 3 and 4, A to C). To better evaluate the
importance of T cell expansion in leukemia protection, we estimated
the frequency of tetramer+ CD8+ T cells in long-term survivors after

A
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Fig. 3. Immunization against individual TSAs confers different degrees of protection against EL4 cells. C57BL/6 mice were immunized twice with DCs pulsed with
individual TSAs: (A) two aeTSAs, (B) two ERE TSAs (one aeTSA or one mTSA), or (C) one
mTSA. Mice were injected intravenously with 5 × 105 live EL4 cells (arrowheads) on
day 0, and all surviving mice were rechallenged on day 150. Control groups were
immunized with unpulsed DCs (solid black line). X̃ represents the median survival.
Statistical significance of immunized group versus control group was calculated
using a log-rank test, where ns stands for not significant (P > 0.05). n = 10 mice per group
for peptide-specific immunization, n = 19 mice for control group.

rechallenge with EL4 cells on day 150 (Fig. 3). These analyses were
performed on day 210 or at the time of sacrifice (in the case of
VNYIHRNV-primed mice). Two points can be made from these analyses
(fig. S6, B and C). First, all long-term survivors, including VTPVYQHLimmunized mice, showed a discernable population of TSA-responsive
(tetramer+) CD8+ T cells. Second, although VNYIHRNV was recognized by a particularly large population of tetramer+ cells, it was the only
TSA that did not protect mice upon rechallenge. Together, our results
suggest that expansion of TSA-responsive T cells was necessary for protection against EL4 cells but was insufficient in the case of VNYIHRNV.
The importance of antigen expression for protection against
EL4 cells
Next, we evaluated the impact of antigen expression on immunogenicity by assessing the abundance of TSAs at the RNA level in the EL4 cell
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Differential protection against EL4 cells after immunization
against individual TSAs
We then performed detailed studies on some of the TSAs that seemed
most therapeutically promising: those presented by EL4 cells and whose
peptide-coding sequence was not expressed by any normal tissue (Fig.
2C and tables S6B and S7). To assess immunogenicity, C57BL/6 mice
were immunized twice with either unpulsed (control group) or TSApulsed dendritic cells (DCs) before being challenged with live EL4
cells. Priming against IILEFHSL or TVPLNHNTL prolonged survival
for 10% of mice, with only one TVPLNHNTL-immunized mouse
surviving up to day 150 (Fig. 3A). In contrast, the other three TSAs showed
superior efficacy, with day 150 survival rates of 20% (VNYIHRNV),
30% (VTPVYQHL), and 100% (VNYLHRNV) (Fig. 3, B and C). To
evaluate the long-term efficacy of TSA vaccination, surviving mice were
rechallenged with live EL4 cells at day 150 and monitored for signs of
disease. The two VNYIHRNV-immunized survivors died of leukemia
within 50 days, whereas all others (immunized against TVPLNHNTL,
VTPVYQHL, or VNYLHRNV) survived the rechallenge (Fig. 3). We
conclude that immunization against individual TSAs confers different
degrees of protection against EL4 cells (0 to 100%) and that, in most
cases, this protection is long-lasting.
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Impact of noncoding regions on the TSA landscape of
human primary tumors
Having established that noncoding regions are a major source of TSAs
in two murine cell lines, we applied our proteogenomic approach to
seven human primary tumor samples: four B-ALLs and three lung
cancers (fig. S8 and tables S8 to S15). Rather than using RNA-seq data
from murine syngeneic mTEChi, we sequenced the transcriptome of
total TECs (n = 2) and purified mTECs (n = 4) from six unrelated
donors undergoing corrective cardiovascular surgery (table S2B).
We found minimal interindividual differences and demonstrated
that this cohort size was sufficient to cover almost the full breadth
of the mTEC transcriptomic landscape, as computing the cumulative
number of detected transcripts showed that minimal gains would be
achieved by adding more samples (fig. S9). Using these RNA-seq
data as the repertoire of normal k-mers to generate global cancer databases (table S1B), as described in Fig. 1, we identified 2 mTSAs and
27 aeTSA candidates (Fig. 6A). After validating their assignment to a
single genomic location and the quality of their MS spectra, we also

53

ensured that mTSAs did not intersect with known germline polymorphisms (figs. S3, 10, and 11). To further validate the status of aeTSA
candidates, as we did for murine aeTSAs (Fig. 2C), we analyzed the
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population that was injected on day 0 (Fig. 3). The sequence encoding
the TSA conferring the best protection against EL4 cells (VNYLHRNV)
was expressed more than the other TSA-coding sequences (Fig. 5A).
This suggests that VNYLHRNV is likely “clonal” (expressed by all
EL4 cells) and highly expressed, whereas the other TSAs are subclonal
and/or expressed at low amounts. Next, using parallel reaction
monitoring (PRM) MS, we analyzed the TSA copy number per cell
in the EL4 cell population used for rechallenge (day 150; Fig. 5B). As
expected (41), there was no linear relationship between TSA abundance
at the RNA and peptide levels (Fig. 5, A and B). The most protective TSA,
VNYLHRNV, was one of the two most abundant TSAs (>500 copies per
cell), whereas VNYIHRNV, which offered no protection upon rechallenge (Fig. 3B), was no longer detected on EL4 cells. This observation
suggests that VNYIHRNV was a subclonal TSA and that antigen loss
most likely explained the lack of protection upon rechallenge. Last, we
noted that TSAs were immunogenic when presented by DCs but not
when presented by EL4 cells: Injection of live EL4 cells without prior
immunization did not induce an expansion of TSA-responsive T cells
(Fig. 5C and fig. S6D), and immunization with irradiated EL4 cells did
not confer any protection against live EL4 cells (Fig. 5D). This suggests
that, in the absence of immunization, highly immunogenic TSAs (such
as VNYLHRNV) were ignored likely because they were not efficiently
cross-presented by DCs, highlighting the importance of efficient T cell
priming in cancer immunotherapy.
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Fig. 4. Frequency of and IFN-g secretion by TSA-responsive T cells in naïve and
immunized mice. (A) Number of tetramer+ CD8+ T cells per 106 CD8+ T cells in naïve
mice. Circles, one mouse (n = 5 to 9 mice per group); dotted line, frequency of 1 tetramer+
T cell per 106 CD8+ T cells. (B) Fold enrichment of tetramer+ CD8+ T cells after immunization

with relevant (white bars) or irrelevant (gray bars) peptidesðMean frequencyimmunized Mean frequency Þ.
naïve
(C) The number of spot-forming cells (SFCs), measured by an IFN-g ELISpot assay, aver6
aged across technical replicates (circles) after being converted to SFCs per 10 CD8+

T cells: ½ðSFCsimmunized �SFCsnaïve Þ Number of T cells plated � � 106. (D) The functional avidity of T cells
recognizing specific TSAs and two previously reported positive controls [H7a and H13a
(42)] was estimated by calculating a half maximal effective concentration (EC50),
corresponding to the peptide concentration where half of plated antigen-specific T cells
secreted IFN-g. (B to D) Three independent experiments. On relevant panels, full horizontal lines and numbers above each condition represent mean values. Viral peptides used
as control are highlighted in gray. *P ≤ 0.05 and **P ≤ 0.01 (two-sided Wilcoxon rank sum
test with the Benjamini-Hochberg correction).
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Fig. 5. High expression of EL4 TSAs is necessary but not sufficient to induce
antileukemic responses. (A and B) Analysis of TSA expression at the RNA and
peptide levels was performed on EL4 cells injected into mice at day 0 or day 150, respectively. (A) The number of RNA-seq reads fully overlapping the RNA sequences
encoding each TSA. (B) TSA copy number per cell was estimated by PRM MS using
13
C-synthetic peptide analogs of the TSAs (three replicates). Black lines represent
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Fold enrichment for T cells recognizing viral peptides is shown as negative controls
and is highlighted in gray. Three independent experiments were performed. (D) Overall survival of C57BL/6 female mice immunized twice with irradiated (10,000 cGy)
EL4 cells (blue line, n = 10 mice) or unpulsed DCs (black line, n = 19 mice) and then
injected intravenously with 5 × 105 live EL4 cells. X̃ represents the median survival.
Statistical significance of immunized group versus control group was calculated
using a log-rank test.

expression of aeTSA-coding sequences in RNA-seq data from 28 tissues (6 to 50 individuals per tissue; Fig. 6B and table S16). On the basis
of these data, we excluded six aeTSA candidates: three that were widely
expressed, like most previously reported overexpressed tumor-associated
antigens (49), and three that were expressed at substantial amounts in a
Laumont et al., Sci. Transl. Med. 10, eaau5516 (2018)

To explore the global landscape of TSAs, we developed a proteogenomic
approach that incorporates two features in the construction of databases
for MS analyses: alignment-free k-mer profiling of RNA-seq data and
subtraction of mTEC k-mers. In a context where TSA discovery is a
critical unmet medical need, our approach led us to discover that the
TSA landscape is much larger than previously anticipated. Thirty-five
of the 39 nonredundant TSAs reported here derived from atypical
translation events: 2 from the out-of-frame translation of coding exons
and 33 from allegedly noncoding regions. Hence, ~90% of our TSAs
would have been missed by standard approaches focusing on exonic
mutations. In addition to MHC peptides derived from RNAs
containing single-base mutations, our approach efficiently captured
peptides generated by complex structural variants, as exemplified by
VTPVYQHL, which derived from a large intergenic deletion (~7500 bp)
in EL4 cells. Subtraction of mTEC k-mers was critical for the highthroughput identification of immunogenic aeTSAs including unmutated
peptides that are not constitutively presented by mTEChi to thymocytes
during the establishment of central tolerance. This is well-illustrated by
VNYLHRNV, an unmutated TSA absent from mTEChi and other
peripheral tissues, although strongly expressed in EL4 cells, that is,
recognized by highly abundant CD8+ T cells with a high functional
avidity. Nonetheless, a few peptide-coding transcripts undetectable
in mTEChi were detected in peripheral tissues, suggesting that k-mers
from both mTECs and peripheral tissues should be used to identify genuine TSAs. In the present study, we chose to use peripheral expression
as an a posteriori validation step. An alternative approach would be to
remove all k-mers expressed in peripheral tissues when building the
database for MS.
TSAs derived from noncoding regions present a number of peculiar
and highly relevant features. First, it is evident that EREs are a rich
source of TSAs; they generated 9 of the 17 TSAs found in murine cell
lines and 4 of the 23 TSAs in human tumors. The difference in the
proportion of ERE TSAs that we identified in mouse cell lines versus
primary human tumors might be ascribed to the fact that in vitro
culture conditions do not recapitulate the immune pressure exerted
on developing tumors, that ERE expression greatly varies across tumor
types (50), or that human EREs are more degenerated and therefore less
likely to be translated than murine EREs (9). Nonetheless, ERE TSAs
remain particularly relevant to the development of cancer vaccines because both oncogenic viruses and viral-like sequences in the human genome appear to be particularly immunogenic (51, 52). Second, most
TSAs derived from noncoding regions do not overlap mutations and
are therefore, by definition, aeTSAs. Such aeTSAs, which include EREs,
present a major advantage over mTSAs (of both coding or noncoding
origin): Whereas mTSAs are private antigens, aeTSAs can be shared by
multiple tumors (8). We were able to identify such shared aeTSA
(SLTALVFHV) in humans, whereas Probst et al. (10) showed that mice
immunized against the AH1 aeTSA (SPSYVYHQF), which we identified
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single organ, the liver (Fig. 6B). We therefore ended up with a total
of two mTSAs and 20 nonredundant aeTSAs (Fig. 6C and tables
S17 and S18). Of note, the SLTALVFHV aeTSA was shared by our
two HLA-A*02:01–positive B-ALLs (table S17). This aeTSA derives
from the 3′UTR of TCL1A, a gene implicated in lymphoid malignancies.
Together, our results show that our proteogenomic approach can
characterize the repertoire of mTSAs and aeTSAs on individual tumors
in about 2 weeks.
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by MS on CT26 cells, survived the challenge with three different cancer
cell lines: the WEHI-164 fibrosarcoma and the C51 and CT26 colorectal cancers.
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Together, our MS-based discovery of TSAs in primary human
B-ALL and lung cancer demonstrates that the impetus to develop
TSA vaccines should not be limited to cancers with a high mutational
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Fig. 6. Most TSAs detected in human primary
tumors derive from the
translation of noncoding
regions. (A) Barplot showing the number of aeTSAs
candidates (ae) and mTSAs
(m) in each primary sample analyzed. (B) Heatmap
showing the average expression of peptide-coding
sequences, in rphm, for
aeTSAs and overexpressed
tumor-associated antigens
obtained from the Cancer
Immunity Peptide database
(49) across a panel of 28
tissues (see table S16).
For each peptide-coding
sequence, the expression
fold change (tumor/TEC
and mTEC) and the number
of positive tissues (rphm >
15, bold squares) are shown
on the left-hand side of the
heatmap. For fold changes,
N/A, and—indicate that
the corresponding peptidecoding sequence was not
detected in TEC/mTEC
samples or not computed,
respectively. Adip. s.c.,
adipose subcutaneous.
(C) Barplots depicting the
number of TSAs derived
from the translation of
noncoding regions (noncoding) or from coding
exons translated in-frame
(coding–in) or out-offrame (coding–out). The
number of aeTSAs/mTSAs
is shown within bars.
Features of human TSAs
identified in each sample
can be found in tables S17
and S18.
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MATERIALS AND METHODS

Study design
The purpose of this study was to develop a proteogenomic approach
that would enable the identification of TSAs derived from any region
of the genome and to identify features that influenced TSA immunogenicity. To do so, we first characterized the TSA landscape of two
murine cell lines, the EL4 T-lymphoblastic lymphoma cell line and
the CT26 colorectal cancer cell line that were both obtained from the
American Type Culture Collection. As a normal control, we used
thymi isolated from 5- to 8-week-old C57BL/6 or Balb/c mice obtained from the Jackson Laboratory. Mice were housed under specific
pathogen-free conditions, and all experimental protocols were approved by the Comité de Déontologie de l’Expérimentation sur des
Animaux of Université de Montréal. We also applied our approach
to seven human primary cancer samples from treatment-naïve patients.
These included three lung tumor biopsies (lc2, lc4, and lc6) purchased
from Tissue Solutions and four primary leukemic samples (B-ALL specimens 07H103, 10H080, 10H118, and 12H018) that were collected and
cryopreserved at the Banque de Cellules Leucémiques du Québec at
Hôpital Maisonneuve-Rosemont. The project was approved by the
Laumont et al., Sci. Transl. Med. 10, eaau5516 (2018)

Comité d’éthique de la recherche de l’Hôpital Maisonneuve-Rosemont
(CÉR 12100). NOD Cg-PrkdcscidIl2rgtm1Wjl/SzJ (NSG) mice were used
to expand our B-ALL specimens. These mice were purchased and
housed as described for C57BL/6 and Balb/c mice. As a normal control,
we used thymi obtained from 3-month-old to 7-year-old patients
undergoing corrective cardiovascular surgery (CHU Sainte-Justine
Research Ethic Board, protocol and biobank no. 2126). No statistical
method was used to predetermine sample size. One replicate was sequenced for all RNA-seq experiments. For MS, at least two replicates
were analyzed. To assess the immunogenicity of EL4-derived TSAs,
we measured the frequency and antigen avidity of T cells recognizing
TSAs. In addition, we estimated the survival of 8- to 12-week-old C57BL/
6 female mice that were immunized or not with individual TSAs. Investigators were not blinded during sample preparation or during
data collection and analysis. For all in vitro and in vivo experiments
described in this manuscript, at least three replicates were analyzed
and found to be concordant with each other. No data were excluded
from the analyses, and values are reported in table S7. The number of
mice used, numbers of replicates, and statistical values (where applicable) are provided in the figure legends. For information regarding original RNA-seq and MS data, see the Data and materials availability
section in Acknowledgements and table S2.
Statistical analysis
Procedures to evaluate statistical significance are described in the relevant figure legends. Overall, a log-rank test was used for survival curves,
a Wilcoxon rank sum test with the Benjamini-Hochberg correction for
multiple testing was used to compare T cell frequencies as estimated by
tetramer and ELISpot, and a one-sided Wilcoxon rank sum test was
used to compare T cell frequencies between immunized and rechallenged mice. P ≤ 0.05 was considered significant.

SUPPLEMENTARY MATERIALS
www.sciencetranslationalmedicine.org/cgi/content/full/10/470/eaau5516/DC1
Materials and Methods
Fig. S1. Gating strategies for cells isolated by fluorescence-activated cell sorting.
Fig. S2. Architecture of the codes used for our k-mer profiling workflow.
Fig. S3. TSA validation process.
Fig. S4. MS validation of CT26 and EL4 TSA candidates using synthetic analogs.
Fig. S5. Detection of antigen-specific CD8+ T cells in naïve and immunized mice.
Fig. S6. Frequencies of antigen-specific T cells.
Fig. S7. Correlation between antigen-specific T cell frequencies in naïve and immunized mice.
Fig. S8. Purity of the 10H080 B-ALL sample after expansion in NSG mice.
Fig. S9. Overview of the human TEC and mTEC transcriptomic landscapes.
Fig. S10. MS validation of B-ALL TSA candidates using synthetic analogs.
Fig. S11. MS validation of lung cancer TSA candidates using synthetic analogs.
Table S1. Statistics related to the generation of the global cancer databases.
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Table S4. List of EL4 MHC class I–associated peptides.
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Table S11. List of 10H118 MHC class I–associated peptides.
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load. Because B-ALLs harbor very few exonic mutations, it was presumed that they might not express any TSA (5). Our data show that
TSAs can be found in B-ALL provided that the search strategy encompasses aeTSAs. Moreover, two elements argue that TSAs derived from
atypical translation events represent promising targets for T cell–based
cancer immunotherapy: (i) They outnumber TSAs derived from coding
regions and (ii) they are mostly unmutated, which increases their
potential to be shared between patients.
We acknowledge that our study presents several limitations for
which solutions can be envisioned. First, because our approach is not
compatible with the computation of classical false discovery rates, TSAs
must undergo meticulous validation by manual inspection of MS
spectra and, ideally, confirmation using synthetic peptide analogs. Second, our approach relies on shotgun MS, which suffers from a limited
dynamic range. Consequently, we only detected the most abundant
TSAs and are likely underestimating the extent of aeTSA sharing
between patients. Because shared aeTSAs may represent promising
actionable targets for cancer immunotherapy (8), aeTSA frequency
across patients and/or tumor types could be further evaluated by targeted MS analyses that have a more limited scope but are 10 times more
sensitive than shotgun MS and can provide quantitative data such as the
number of TSA copies per cell (53). Third, because TSA immunogenicity cannot be predicted (54), it has to be tested experimentally for each
TSA. This issue is being addressed by several research groups that are
currently developing artificial platforms requiring less material than the
conventional IFN-g ELISpot assays used for such testing (8, 55, 56).
In practice, how could we prioritize TSAs for clinical trials? In our
EL4 tumor model, the efficacy of TSA immunization was largely
determined by two criteria: TSA abundance and the frequency of
TSA-responsive T cells. TSA abundance can be assessed by targeted
MS analyses, and the frequency of TSA-responsive T cells in peripheral
blood mononuclear cells of a cohort of subjects could be estimated using
MHC peptide multimers or functional assays. Widely shared, highly
abundant TSAs recognized by high-frequency T cells could then be
selected for clinical trials. These optimal aeTSAs could then potentially
be combined in a single vaccine using already available synthesis and
delivery platforms (13, 57).
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Table S17. Features of human TSAs detected in B-ALL specimens.
Table S18. Features of human TSAs detected in lung tumor biopsies.
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INTRODUCTION

Blood plasma of patients with cancer contains circulating tumor
DNA (ctDNA), but this valuable source of information is diluted by
much larger quantities of DNA of noncancerous origins, such that
ctDNA usually represents only a small fraction of the total cell-free
DNA (cfDNA) (1, 2). High-depth targeted sequencing of selected
genomic regions can be used to detect low amounts of ctDNA, but
broader analysis with methods such as whole-exome sequencing
(WES) and shallow whole-genome sequencing (sWGS) is only generally informative when ctDNA content is ~10% or greater (3–5).
The concentration of ctDNA can exceed 10% of the total cfDNA in
patients with advanced-stage cancers (6–8), but is much lower in
patients with low tumor burden (9–12) and in patients with some
cancer types such as gliomas and renal cancers (6). Current strategies
to improve ctDNA detection rely on increasing depth of sequencing
coupled with various error correction methods (2, 13, 14). However,
approaches that focus only on genomic alterations do not take advantage of the potential differences in chromatin organization or
fragment sizes of ctDNA (15–17). Results of ever-deeper sequencing
are also confounded by the likelihood of false-positive results from
detection of mutations from noncancerous cells, clonal expansions
in normal epithelia, or clonal hematopoiesis of indeterminate potential (CHIP) (13, 18, 19).
The cell of origin and the mechanism of cfDNA release into blood
can mark cfDNA with specific fragmentation signatures, potentially
1 of 13
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Existing methods to improve detection of circulating tumor DNA (ctDNA) have focused on genomic alterations
but have rarely considered the biological properties of plasma cell-free DNA (cfDNA). We hypothesized that differences in fragment lengths of circulating DNA could be exploited to enhance sensitivity for detecting the presence
of ctDNA and for noninvasive genomic analysis of cancer. We surveyed ctDNA fragment sizes in 344 plasma samples
from 200 patients with cancer using low-pass whole-genome sequencing (0.4×). To establish the size distribution
of mutant ctDNA, tumor-guided personalized deep sequencing was performed in 19 patients. We detected
enrichment of ctDNA in fragment sizes between 90 and 150 bp and developed methods for in vitro and in silico
size selection of these fragments. Selecting fragments between 90 and 150 bp improved detection of tumor DNA,
with more than twofold median enrichment in >95% of cases and more than fourfold enrichment in >10% of cases.
Analysis of size-selected cfDNA identified clinically actionable mutations and copy number alterations that were
otherwise not detected. Identification of plasma samples from patients with advanced cancer was improved by
predictive models integrating fragment length and copy number analysis of cfDNA, with area under the curve
(AUC) >0.99 compared to AUC <0.80 without fragmentation features. Increased identification of cfDNA from patients with glioma, renal, and pancreatic cancer was achieved with AUC > 0.91 compared to AUC < 0.5 without
fragmentation features. Fragment size analysis and selective sequencing of specific fragment sizes can boost ctDNA
detection and could complement or provide an alternative to deeper sequencing of cfDNA.
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RESULTS

Surveying the fragmentation features of tumor cfDNA
We generated a catalog of cfDNA fragmentation features (Fig. 1A)
in 344 plasma samples from 200 patients with 18 different cancer
types and additional 65 plasma samples from healthy controls (Fig. 1B,
fig. S1, and tables S1 and S2). The size distribution of cfDNA fragments in patients with cancer differed in the size ranges of 90 to
150 bp, 180 to 220 bp, and 250 to 320 bp compared to healthy individuals (Fig. 1B and fig. S2). cfDNA fragment sizes in plasma of
healthy individuals and in plasma of patients with late-stage glioma,
renal, pancreatic, and bladder cancers were significantly longer than
in other late-stage cancer types including breast, ovarian, lung, melanoma, colorectal, and cholangiocarcinoma (Kruskal-Wallis, P < 0.001;
Fig. 1C). Sorting the 18 cancer types according to the proportion of
cfDNA fragments in the size range of 20 to 150 bp resulted in an
order very similar to that obtained by Bettegowda et al. (6) based on
the concentrations of ctDNA measured by individual mutation
assays (Fig. 1D). In contrast to previous reports (6, 34), this sorting
was performed without any analysis or prior knowledge of the presence of mutations or somatic copy number alterations (SCNAs) yet allowed the investigation of ctDNA content in different cancers.
Sizing up mutant ctDNA
We determined the size profile of mutant ctDNA in plasma using
two high-specificity approaches. First, we inferred the specific size
profile of ctDNA and nontumor cfDNA with sWGS from the plasma
of mice bearing human ovarian cancer xenografts (Fig. 2A). We observed a shift in ctDNA fragment sizes to less than 167 bp (Fig. 2B).
Second, the size profile of mutant ctDNA was determined in plasma
from 19 patients with cancer, using deep sequencing with patientMouliere et al., Sci. Transl. Med. 10, eaat4921 (2018)
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specific hybrid-capture panels developed from whole-exome profiling of matched tumor samples (Fig. 2C). By sequencing hundreds
of mutations at a depth of >300× in cfDNA, we obtained allelespecific reads from mutant and normal DNA. Enrichment of DNA
fragments carrying tumor-mutated alleles was observed in fragments between ~20 and 40 bp shorter than nucleosomal DNA sizes
(multiples of 167 bp; Fig. 2D). We determined that mutant ctDNA
is generally more fragmented than nonmutant cfDNA, with a
maximum enrichment of ctDNA in fragments between 90 and
150 bp (fig. S3), as well as enrichment in the size range of 250 to
320 bp. These data also indicated that mutant DNA in plasma of
patients with advanced cancer (before treatment) is consistently shorter
than predicted mononuclesomal and dinucleosomal DNA fragment lengths (Fig. 2D).
Selecting tumor-derived DNA fragments
We evaluated whether the shorter cfDNA fragments in plasma can
be harnessed to improve ctDNA detection. We determined the feasibility of selective sequencing of shorter fragments using in vitro size
selection with a bench-top microfluidic device followed by sWGS in
48 plasma samples from 35 patients with high-grade serous ovarian
cancer (HGSOC; Fig. 3A and figs. S4 and S5). We assessed the accuracy and quality of the size selection with the plasma from 20
healthy individuals (Fig. 3B and fig. S6). We also explored the utility
of in silico size selection of fragmented DNA using read-pair positioning from unprocessed sWGS data (Fig. 3A). In silico size selection was performed once reads were aligned to the genome reference,
by selecting the paired-end reads that corresponded to the fragment
lengths in a 90- to 150-bp size range. Figure 3 (C to E) shows the
effect of in vitro size selection for one HGSOC case (see all five samples in figs. S7 and S8). First, we identified SCNAs in plasma cfDNA
before treatment, when the concentration of ctDNA was high (Fig. 3C).
Only a small number of focal SCNAs were observed in the subsequent plasma sample collected 3 weeks after initiation of chemotherapy (without size selection; Fig. 3D). In vitro size selection of
the same posttreatment plasma sample showed a median increase
of 6.4× in the amplitude of detectable SCNAs without size selection. Selective sequencing of shorter fragments in this sample resulted
in the detection of multiple other SCNAs that were not observed
without size selection (Fig. 3E) and a genome-wide copy number
profile that was similar to that obtained before treatment when ctDNA
concentrations were four times higher, with additional copy number
alterations identified in this sample despite the lower initial concentration of ctDNA (Fig. 3C). In silico size selection also enriched ctDNA
but to a lower extent than using in vitro size selection (fig. S7). We
concluded that selecting short DNA fragments in plasma can enrich
tumor content on a genome-wide scale.
Quantifying the impact of size selection
To quantitatively assess the enrichment after size selection on a
genome-wide scale, we developed a metric from sWGS data (<0.4×
coverage) called t-MAD (trimmed median absolute deviation from
copy number neutrality; see Fig. 4A). All sWGS data were down
sampled to 10 million sequencing reads for comparison. To define
the detection threshold, we measured the t-MAD score for sWGS
data from 65 plasma samples from 46 healthy individuals and took
the maximal value (median, 0.01; range, 0.004 to 0.015). We compared t-MAD to the mutant allele fraction (MAF) in high ctDNA
cancer types as assessed by digital polymerase chain reaction (dPCR)
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providing precise information about cell type, gene expression, cell
physiology or pathology, or action of treatment (15, 16, 20). cfDNA
fragments commonly show a prominent mode at 167 bp, suggesting
release from apoptotic caspase-dependent cleavage (Fig. 1A) (21–24).
Circulating fetal DNA has been shown to be shorter than maternal
DNA in plasma, and these size differences have been used to improve sensitivity of noninvasive prenatal diagnosis (22, 25–27). The
size distribution of tumor-derived cfDNA has only been investigated
in a few studies, encompassing a small number of cancer types and
patients, and showed conflicting results (28–33). A limitation of previous studies is that determining the specific sizes of tumor-derived
DNA fragments requires detailed characterization of matched tumorderived alterations (30, 33), and the broader understanding and implications of potential biological differences have not previously been
explored.
We hypothesized that we could improve the sensitivity for noninvasive cancer genomics by selective sequencing of ctDNA fragments and by leveraging differences in the biology that determine
DNA fragmentation. To test this, we established a pan-cancer catalog
of cfDNA fragmentation features in plasma samples from patients
with different cancer types and healthy individuals to identify biological features enriched in tumor-derived DNA. We developed
methods for selecting specific sizes of cfDNA fragments before
sequencing and investigated the impact of combining cfDNA size
selection with genome-wide sequencing to improve the detection
of ctDNA and the identification of clinically actionable genomic
alterations.
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Fig. 1. Survey of plasma DNA fragmentation with genome-wide sequencing on a pan-cancer scale. (A) The size profile of cfDNA can be determined by paired-end
sequencing of plasma samples and reflects its organization around the nucleosome. cfDNA is released into the blood circulation by various means, each of which leaves a
signature on the DNA fragment sizes. We inferred the size profile of cfDNA by analyzing with sWGS (n = 344 plasma samples from 65 healthy controls and 200 patients with
cancer) and the size profile of mutant ctDNA by personalized capture sequencing (n = 19 plasma samples). (B) Fragment size distributions of 344 plasma samples from 200
patients with cancer. Samples are split into two groups based on the previous literature (6), with orange representing samples from patients with cancer types previously
observed to have low amounts of ctDNA (renal, bladder, pancreatic, and glioma) and blue representing samples from patients with cancer types previously observed to have
higher amounts of ctDNA (breast, melanoma, ovarian, lung, colorectal, cholangiocarcinoma, and others; see table S1). (C) Proportion of cfDNA fragments below 150 bp in
those samples, grouped into cancer types as defined in (B). The Kruskal-Wallis (KW) test for difference in size distributions indicated a significant difference between the group
of samples from cancer types releasing high amounts of ctDNA and the group of samples from cancer types releasing low amounts, as well as the group of samples from
healthy individuals). (D) Proportion of cfDNA fragments below 150 bp by cancer type (all samples). Cancer types represented by fewer than four individuals are grouped in
the “other” category. Red lines indicate the median proportion for each cancer type. ChC, cholangiocarcinoma. *P < 0.05, **P < 0.01, ***P < 0.001, ****P < 0.0001.

or WES in 97 samples. We observed a high correlation (Pearson
correlation, r = 0.80) between t-MAD and MAF (Fig. 4B) for samples with t-MAD greater than the detection threshold (0.015) or
Mouliere et al., Sci. Transl. Med. 10, eaat4921 (2018)

with MAF > 0.025. Figure S9 shows that the slope of t-MAD versus
MAF fit lines differed between cancer types (range, 0.17 to 1.12), likely
reflecting differences in the extent of SCNAs. We estimated the
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Identifying more clinically relevant genomic alterations with
size selection
We next tested whether size selection could increase the sensitivity
for detecting cancer genomic alterations in cfDNA. To test effects
on copy number aberrations, we studied 35 patients with HGSOC
as the archetypal copy number–driven cancer (35). t-MAD was used
to quantify the enrichment of ctDNA with in vitro size selection in
48 plasma samples, including samples collected before and after initiation of chemotherapy treatment. In vitro size selection resulted
Mouliere et al., Sci. Transl. Med. 10, eaat4921 (2018)
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in an increase in the calculated t-MAD score from the sWGS data
for 47 of 48 of the plasma samples (98%; t test, P = 0.06) with a mean
of 2.5 and median of 2.1-fold increase (Fig. 5A and table S3). We
compared the t-MAD scores against those obtained by sWGS for
the plasma samples from healthy individuals. Thirty-nine of the
48 size-selected HGSOC plasma samples (82%) had a t-MAD score
greater than the highest t-MAD value determined in the in vitro
size-selected healthy plasma samples (Fig. 5A and figs. S6 and S12),
compared to 24 of 48 without size selection (50%). ROC analysis
comparing the t-MAD score for the samples from patients with
cancer (pre- and posttreatment initiation, n = 48) and healthy controls (n = 46) revealed an AUC of 0.97 after in vitro size selection,
with maximal sensitivity and specificity of 90 and 98%, respectively.
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sensitivity of t-MAD for detecting low amounts of ctDNA using a
spike-in dilution of DNA from a patient with a TP53 mutation into
DNA from a pool of seven healthy individuals (fig. S10), which confirmed that the t-MAD score was linear with ctDNA fraction down
to MAF of ~0.01. In addition, t-MAD scores greater than the detection threshold (0.015) for samples were present even in samples
with MAF as low as 0.004. t-MAD was also strongly correlated with
tumor volume determined by RECIST1.1 (Pearson correlation, r = 0.6;
P < 0.0001; n = 35; fig. S11).
Using t-MAD, we detected ctDNA from 69% (130 of 189) of the
samples from cancer types where ctDNA concentrations were shown
to be high (Fig. 4C). From cancer types for which ctDNA concentrations are suspected to be low (glioma, renal, bladder, and pancreatic), we
detected ctDNA in 17% (10 of 57) of the cases (Fig. 4C). We used in
silico size selection of the DNA fragments between 90 and 150 bp
from the high ctDNA cancers (n = 189) and healthy controls (n = 65)
to improve the sensitivity for detecting t-MAD (Fig. 4D). Receiver
operating characteristic (ROC) analysis comparing the t-MAD
score for the samples revealed an area under the curve (AUC) of
0.90 after in silico size selection, against an AUC of 0.69 without size
selection (Fig. 4D).
We explored whether size-selected sequencing could improve
the detection of response or disease progression. We used sWGS of
longitudinal plasma samples from six patients with cancer (Fig. 4, E
and F) and in silico size selection of the cfDNA fragments between
90 and 150 bp. In two patients, size-selected samples indicated tumor
progression 60 and 87 days before detection by imaging or unselected
t-MAD analysis (Fig. 4, E and F). Other longitudinal samples exhibited improvements in the detection of ctDNA with t-MAD and
size selection (Fig. 4F).

A

n

Fig. 2. Determining the size profile of mutant ctDNA with animal models and
personalized capture sequencing. (A) A mouse model with xenografted human
tumor cells enabled the discrimination of DNA fragments released by cancer cells
(reads aligning to the human genome) from the DNA released by healthy cells (reads
aligning to the mouse genome), with the use of sWGS. (B) Fragment size distribution
from the plasma extracted from a mouse xenografted with a human ovarian tumor,
showing ctDNA originating from tumor cells (red) and cfDNA from noncancerous
cells (blue). Two vertical dashed lines indicate 145 and 167 bp. The fraction of reads
shorter than 150 bp is indicated. (C) Design of personalized hybrid-capture sequencing
panels developed to specifically determine the size profiles of mutant DNA and nonmutant DNA in plasma from 19 patients with late-stage cancers. Capture panels
included somatic mutations identified in tumor tissue by WES. A mean of 165 mutations per patient was then analyzed from matched plasma samples. Reads were
aligned and separated into fragments carrying either the reference or the mutant
sequence. Fragment sizes for paired-end reads were calculated. (D) Size profiles
of mutant DNA and nonmutant DNA in plasma from 19 patients with late-stage
cancers were determined by tumor-guided capture sequencing. The fraction of reads
shorter than 150 bp is indicated.
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Fig. 3. Enhancing the tumor fraction from plasma sequencing with size selection. (A) Plasma samples collected from patients with ovarian cancer were analyzed in
parallel without size selection or using either in silico or in vitro size selection. (B) Accuracy of the in vitro and in silico size selection determined on a cohort of 20 healthy
controls. The size distribution before size selection is shown in green, after in silico size selection (with sharp cutoff at 90 and 150 bp) in blue and after in vitro size selection
in orange. Vertical lines indicate 90 and 150 bp. (C) SCNA analysis with sWGS from plasma DNA of a patient with ovarian cancer collected before initiation of treatment,
when ctDNA MAF was 0.271 for a TP53 mutation as determined by tagged-amplicon deep sequencing (TAm-Seq). Inferred amplifications are shown in blue and deletions
in orange. Copy number neutral regions are shown in gray. (D) SCNA analysis of a plasma sample from the same patient as in (C), collected 3 weeks after treatment start.
The MAF for the TP53 mutation at this time point was 0.068, and sWGS revealed only limited evidence of copy number alterations (before size selection). (E) Analysis of
the same plasma sample as in (D) after in vitro size selection of fragments between 90 and 150 bp in length. The MAF for the TP53 mutation increased to 0.402 after in
vitro size selection, and SCNAs were apparent by sWGS. More SCNAs were detected in comparison to (C) and (D) (for example, in chr2, chr9, and chr10). SCNAs were also
detected in this sample after in silico size selection (fig. S7).

This was superior to detection by sWGS without size selection
(AUC, 0.64; Fig. 5B).
We then determined whether this improved sensitivity resulted
in the detection of SCNAs with potential clinical value. Across the
genome, t-MAD scores evaluating SCNAs were higher after size
selection in 33 of 35 (94%) patients with HGSOC, and the magnitude of copy number (log2 ratio) values significantly increased after
in vitro size selection (t test for the means, P = 0.003; Fig. 5C). We
compared the relative copy number values for 15 genes frequently
altered in HGSOC (table S4). Analysis of plasma cfDNA after size
selection revealed a large number of SCNAs that were not observed
in the same samples without size selection (Fig. 5D), including
amplifications in key genes such as NF1, TERT, and MYC (fig. S13).
We also tested whether similar enrichment was seen for substitutions to exclude the possibility that size selection might only increase
the sensitivity for sWGS analysis. We performed WES of plasma
cfDNA from 23 patients with seven cancer types (fig. S1). We used
the WES data to compare the size distributions of fragments carrying
Mouliere et al., Sci. Transl. Med. 10, eaat4921 (2018)

mutant or nonmutant alleles (Fig. 6A) and to test whether size
selection could identify additional mutations. We first selected six
patients with HGSOC and performed WES of plasma DNA with
and without in vitro size selection in the range of 90 to 150 bp, analyzing time points before and after initiation of treatment (36). In
addition, in silico size selection for the same range of fragment sizes
was performed (Fig. 6A). Analysis of the MAF of SNVs revealed
statistically significant enrichment of the tumor fraction with both
in vitro size selection (mean, 4.19-fold; median, 4.27-fold increase;
t test, P < 0.001) and in silico size selection (mean, 2.20-fold; median, 2.25-fold increase; t test, P < 0.001; Fig. 6A and fig. S14). Three
weeks after initiation of treatment, ctDNA fractions are often lower
(36), and therefore, we further analyzed posttreatment plasma samples using TAm-Seq (37). We observed enrichment of MAFs by
in vitro size selection between 0.9 and 11 times (mean, 2.1 times;
median, 1.5 times), with one outlier sample exhibiting a relative
enrichment of 118 times compared to the same samples without size
selection (fig. S15).
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selection (black solid curve). After applying in silico size selection to the samples from patients with cancer, we observed
an AUC of 0.90 (black dashed curve). (E) Determination of t-MAD from longitudinal plasma samples of a patient with colorectal cancer. t-MAD was analyzed before and after in silico size selection of the DNA fragments between 90 and 150 bp
and then compared to the RECIST status for this patient. PR, partial response; SD, stable disease; PD, progressive disease.
(F) Application of in silico size selection to six patients with long-term follow-up. t-MAD score was determined before and
after in silico size selection of the short DNA fragments. Dark blue circles indicate samples in which ctDNA was detected
both with and without in silico size selection. Light blue circles indicate samples where ctDNA was detected only after in
silico size selection. Open circles indicate samples where ctDNA was not detected by either analysis. Times when RECIST
status was assessed are indicated by a red bar for progression or an orange bar for regression or stable disease. PC, prostate
cancer; CRC, colorectal cancer; ChC, cholangiocarcinoma; BC, breast cancer. The numbers correspond to the patients.
Mouliere et al., Sci. Transl. Med. 10, eaat4921 (2018)
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Detecting cancer by supervised
machine learning combining cfDNA
fragmentation and somatic
alteration analysis
Although in vitro and in silico size selection increase the sensitivity of detection, they also result in a loss of cfDNA
for analysis. In analysis of ctDNA based
on genomic signals, potentially informative data are lost because regions of the
cancer genome that are not mutated or
altered do not contribute to detection
(fig. S17). We hypothesized that leveraging other biological properties of the
cfDNA fragmentation profile could enhance the detection of ctDNA.
We defined other cfDNA fragmentation features from sWGS data including
(i) the proportion of fragments in multiple size ranges, (ii) the ratios of proportions of fragments in different sizes,
and (iii) the amplitude of oscillations in
fragment size density with 10-bp periodicity (see Materials and Methods and
Fig. 7A). These fragmentation features
were compared between patients with
cancer and healthy individuals (fig. S18),
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Size selection with both in vitro and
in silico methods increased the number
of mutations detected by WES by an
average of 53% compared to no size selection (Fig. 6B). We identified a total of
1023 mutations in the samples without size
selection. An additional 260 mutations
were detected by in vitro size selection,
and an additional 310 mutations were
called after in silico size selection (Fig. 6B
and table S5). To exclude the possibility
that the improved sensitivity for mutation detection was a result of sequencing artifacts, we validated whether new
mutations were also detectable in tumor
specimens. We used in silico size selection in an independent cohort of 16 patients for whom matched tumor tissue
DNA was available (table S6). In silico
size selection enriched the MAF for nearly
all mutations (2061 of 2133, 97%), with
an average increase of MAF of 1.7×
(Fig. 6C). For 13 of 16 patients (81%),
we identified additional mutations in
plasma after in silico size selection. Of
these 82 additional mutations, 23 (28%)
were confirmed to be present in the
matched tumor tissue DNA (Fig. 6D).
This included mutations in key cancer
genes including BRAF, ARID1A, and
NF1 (fig. S16).
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and P(250 to 320); three features based
on ratios of those proportions: P(20 to
0.90
150)/P(160 to 180), P(100 to 150)/P(163
to 169), and P(20 to 150)/P(180 to 220);
0.75
and a further feature based on the amp0.10
litude of the oscillations having 10-bp
0.50
periodicity observed below 150 bp.
Variable selection and the classification
Cancer n = 48
of
samples
as “healthy” or “cancer” were
0.25
Healthy n = 20
performed using logistic regression (LR)
No size selection
0.10
With in silico size selection
and random forest (RF) models trained
0.01
With in vitro size selection
0.00
on 153 samples and validated on two
0.00 0.10 0.25
0.50
0.75 0.90 1.00
0.01
0.10
datasets of 94 and 83 independent samFalse-positive fraction
t-MAD score
ples (Fig. 7C). The best feature set for
C
D
the LR model included t-MAD, 10-bp
amplitude, P(160 to 180), P(180 to 220),
and P(250 to 320). The same five variables were independently identified
using the RF model (with some differences in their ranking). Figure S20
shows performance metrics for the different algorithms on training set data
using cross-validation. Using t-MAD
alone in the validation pan-cancer dataset (Fig. 7D and fig. S19), we could disNondetected
No size
With in vitro
No size selection
tinguish cancer samples from healthy
After size selection
individuals with an AUC of 0.764. UsBoth
ing the LR model improved the classifiFig. 5. Quantifying the ctDNA enrichment by sWGS with in vitro size selection. (A) The effect of in vitro size seleccation of the samples to an AUC of
tion on the t-MAD score. For each of 48 plasma samples collected from 35 patients, the t-MAD score was determined
0.908. The RF model (trained on the
from the sWGS after in vitro size selection (y axis) and without size selection (x axis). In vitro size selection increased
the t-MAD score for nearly all samples, with a median increase of 2.1-fold (range from 1.1- to 6.4-fold). t-MAD scores
153-sample training set) could distinguish
determined from sWGS for 46 samples from healthy individuals were all <0.015 both before and after in vitro size
cancer from healthy individuals even
selection. (B) ROC analysis comparing the classification of plasma samples from patients with cancer (n = 48) and
more accurately in the validation dataplasma samples from healthy controls (n = 46) using t-MAD had an AUC of 0.64 without size selection (green curve).
set (n = 94) with an AUC of 0.994. On
After applying in silico size selection to the samples from the patients and controls, we observed an AUC of 0.78 (blue
the second validation dataset containcurve), and after in vitro size selection, an AUC of 0.97 (orange curve). (C) Comparison of t-MAD scores determined
ing low-ctDNA cancer samples (n = 83;
from sWGS between matched ovarian cancer samples with and without in vitro size selection. The t test for the difFig. 7E), t-MAD alone or the LR perference in means indicates a significant increase in tumor fraction (measured by t-MAD) with in vitro size selection
formed less well, with AUC values of
(****P < 0.0001). (D) Detection of SCNAs across 15 genes frequently mutated in recurrent ovarian cancer, measured in
0.421 and 0.532, respectively. However,
plasma samples collected during treatment for 35 patients. Patients were ranked from left to right by increasing tumor
the RF model was still able to distinfraction as quantified by t-MAD (before in vitro size selection). SCNAs were labeled as detected for a gene if the mean
log2 ratio in that region was greater than 0.05. Empty squares represent copy number neutral regions, bottom left
guish low-ctDNA cancer samples from
triangles in light blue indicate that SCNAs were detected without size selection, and top right triangles in dark blue
healthy controls with an AUC of 0.914.
represent SCNAs detected after in vitro size selection.
At a specificity of 95%, the RF model
correctly classified as cancer in 64 of 68
(94%) of the samples from high-ctDNA
and the feature representing the proportion (P) of fragments between cancers (colorectal, cholangiocarcinoma, ovarian, breast, and mel20 and 150 bp exhibited the highest AUC (0.819). Principal compo- anoma) and 37 of 57 (65%) of the samples from low-ctDNA cancers
nents analysis (PCA) of the samples represented by t-MAD and frag- (pancreatic, renal, and glioma; Fig. 7F). In a second iteration of
mentation features showed a separation between healthy samples model training, we omitted t-MAD using only the four fragmentaand samples from patients with cancer and identified fragment fea- tion features (fig. S21). The RF model could still distinguish cancer
tures that were aligned (in PCA) with t-MAD scores (Fig. 7B).
from healthy controls, albeit with slightly reduced AUCs (0.989
We next explored the potential of fragmentation features to en- for cancer types with high amounts of ctDNA and 0.891 for cancer
hance the detection of tumor DNA in plasma samples. A predictive types with low amounts of ctDNA), suggesting that the cfDNA fraganalysis was performed using the t-MAD score and nine fragmen- mentation pattern is the most important predictive component.
tation features across 304 samples (239 from patients with cancer
and 65 from healthy controls; Fig. 7C, fig. S19, and table S2). The
nine fragmentation features determined from sWGS included five DISCUSSION
features based on the proportion (P) of fragments in defined size Our results indicate that exploiting fundamental properties of cfDNA
ranges: P(20 to 150), P(100 to 150), P(160 to 180), P(180 to 220), with fragment-specific analyses can allow more sensitive evaluation
A

B
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release into circulation, or sample processing methods could exhibit varying
No size selection (base)
fragment size signatures and could offer
Base + in silico size selection
additional exploitable biological patterns
Base + in silico + in vitro size selection
for selective sequencing.
Previous work has reported the size
distributions of mutant ctDNA but only
considered limited genomic loci, cancer
types, or cases (30, 32, 33). We identified the size differences between mutant
and nonmutant DNA on a genome-wide
and pan-cancer scale. We developed a
method to size mutant ctDNA without
No size
With in silico With in vitro
using high-depth WGS. By sequencing
>150 mutations per patient at high depth,
C
D
we obtained large numbers of reads that
r = 0.67, P < 2.2 × 10
could be unequivocally identified as
6
Detected in plasma
tumor derived and thus determined the
Confirmed in tumor
15
size distribution of mutant ctDNA and
4
nonmutant cfDNA in patients with can11
cer. A potential limitation of our ap10
10
proach is that capture-based sequencing
3
3
is biased by probe capture efficiency and,
7
2
3
therefore, our data may not accurately
5
5
5
5
1
reflect ctDNA fragments of <100 or
4
4
1
>300 bp.
2
2
2
1
1
Our work provides strong evidence
0
that the modal size of ctDNA for many
cancer types is less than 167 bp, which
is the length of DNA wrapped around
Fig. 6. Improving the detection of somatic alterations by WES in multiple cancer types with size selection.
the chromatosome. In addition, our work
(A) Analysis of the MAF of mutations detected by WES in six patients with HGSOC without size selection and with either
also shows that there is enrichment of
in vitro or in silico size selection. ****P < 0.0001. (B) Comparison of size-selected WES data with nonselected WES data to
mutant DNA fragments at sizes greater
assess the number of mutations detected in plasma samples from six patients with HGSOC. For each patient, the first
than 167 bp, notably in the range of 250
bar in light blue shows the number of mutations called without size selection, the second bar quantifies the number
to 320 bp. These longer fragments may
of mutations called after the addition of those identified with in silico size selection, and the third bar in dark blue
explain previous observations that lonshows the number of mutations called after addition of mutations called after in vitro size selection. (C) Patients (n = 16)
were retrospectively selected from a cohort with different cancer types (colorectal, cholangiocarcinoma, pancreatic,
ger ctDNA can be detected in the plasand prostate) enrolled in early-phase clinical trials. Matched tumor tissue DNA was available for each plasma sample,
ma of patients with cancer (29, 32). The
and two patients also had a biopsy collected at relapse. WES was performed on tumor tissue DNA and plasma DNA
origin of these long fragments is still
samples, and in silico size selection was applied to the data. A total of 97% (2061 of 2133) of the shared mutations deunknown, and their observation could
tected by WES showed higher MAF after in silico size selection. (D) Mutations detected only after in silico selection of
be linked to technical factors. However,
WES data from 16 patients [as in (C)] compared to mutations called by WES of the matched tumor tissue. Three of 16
it is likely that mechanisms of compacpatients had no additional mutations identified after in silico size selection. Of the 82 mutations detected in plasma
tion and release of cfDNA into circulaafter in silico size selection, 23 (28%) had low signal in tumor WES data and were not identified in those samples
tion, which may differ depending on its
without size selection.
origin, will be reflected by different fragment sizes (38). Improving the characof ctDNA. We based the fragment size selection criteria on a biological terization of these fragments will be important, especially for future
observation that ctDNA fragment size distribution is shifted from work combining analysis of ctDNA with that of other entities in
noncancerous cfDNA. Our work builds on a comprehensive survey blood such as microvesicles and tumor-educated platelets (39, 40).
of plasma cfDNA fragmentation patterns across 200 patients with Fragment-specific analyses not only increase the sensitivity for demultiple cancer types and 65 healthy individuals. We identified fea- tection of rare mutations but could also be used to track modificatures that could determine the presence and amount of ctDNA in tions in the size distribution of ctDNA. Future work should address
plasma samples, without a priori knowledge of somatic aberrations. whether this approach could be used to elucidate mechanistic efWe caution that this catalog is limited to double-stranded DNA from fects of treatment on tumor cells, for example, by distinguishing
plasma samples and is subject to potential biases incurred by the between necrosis and apoptosis based on fragment size (41).
DNA extraction and sequencing methods we used. Additional bioGenome-wide and exome sequencing of plasma DNA at multiple
logical effects could contribute to further selective analysis of time points during cancer treatment have been proposed as noninvasive
cfDNA. Other bodily fluids (urine, cerebrospinal fluid, and saliva), means to study cancer evolution and for the identification of possible
different nucleic acids and structures, altered mechanisms of mechanisms of resistance to treatment (3). However, WGS and WES
B
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Fig. 7. Enhancing the potential for ctDNA detection by combining SCNAs and fragment size features. (A) Schematic illustrating the selection of different size ranges and
features in the distribution of fragment sizes. For each sample, fragmentation features included the proportion (P) of fragments in specific size ranges, the ratio between
certain ranges, and a quantification of the amplitude of the 10-bp oscillations in the 90- to 145-bp size range calculated from the periodic “peaks” and “valleys.” (B) PCA
comparing cancer and healthy samples using data from t-MAD scores and the fragmentation features. Red arrows indicate features that were selected as informative by
the predictive analysis. (C) Workflow for the predictive analysis combining SCNAs and fragment size features. sWGS data from 182 plasma samples from patients with
cancer types with high amounts of ctDNA (colorectal, cholangiocarcinoma, lung, ovarian, and breast) were split into a training set (60% of samples) and a validation set
(validation data 1, together with the healthy individual validation set). A further dataset of sWGS from 57 samples of cancer types exhibiting low amounts of ctDNA (glioma,
renal, and pancreatic) was used as validation data 2, together with the healthy individual validation set. Plasma DNA sWGS data from healthy controls were split into a
training set (60% of samples) and a validation set (used in both validation data 1 and validation data 2). (D) ROC curves for validation data 1 (samples from patients with
cancer with high ctDNA amounts, 68; healthy, 26) for three predictive models built on the pan-cancer training cohort (cancer, 114; healthy, 39). The beige curve represents
the ROC curve for classification with t-MAD only, the long-dashed green line represents the LR model combining the top five features based on recursive feature elimination
[t-MAD score, 10-bp amplitude, P(160 to 180), P(180 to 220), and P(250 to 320)], and the red dashed line shows the result for a RF classifier trained on the combination of the
same five features, independently chosen for the best RF predictive model. FF, fragment size features. (E) ROC curves for validation data 2 (samples from patients with cancer
with low ctDNA amounts, 57; healthy, 26) for the same three classifiers as in (D). The beige curve represents the model using t-MAD only, the long-dashed green curve represents the LR model combining the top five features [t-MAD score, 10-bp amplitude, P(160 to 180), P(180 to 220), and P(250 to 320)], and the red dashed curve shows the
result for a RF classifier trained on the combination of same five predictive features. (F) Plot representing the probability of classification as cancer with the RF model for all
samples in both validation datasets. Samples are separated by cancer type and sorted within each by the RF probability of classification as cancer. The horizontal dashed
line indicates 50% probability (achieving specificity of 24 of 26, 92.3%), and the long-dashed line indicates 33% probability (achieving specificity of 22 of 26, 84.6%).
Mouliere et al., Sci. Transl. Med. 10, eaat4921 (2018)
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of tumor DNA. Size selection of shorter plasma DNA fragments enriches ctDNA and assists in the identification of a greater number of
genomic alterations with both targeted and untargeted sequencing
at minimal additional cost. Combining cfDNA fragment size analysis
and the detection of SCNAs with a nonlinear classification algorithm
improved the discrimination between samples from patients with
cancer and those from healthy individuals. Because the analysis of
fragment sizes is based on the structural properties of ctDNA, size
selection could be used with any downstream sequencing applications. Our work could help overcome current limitations of sensitivity for liquid biopsy, supporting expanded clinical and research
applications. Our results indicate that exploiting the endogenous
biological properties of cfDNA provides an alternative paradigm to
deeper sequencing of ctDNA.
MATERIALS AND METHODS

Study design
Three hundred forty-four plasma samples from 200 patients with multiple cancer types were collected along with plasma from 65 healthy controls. Among the patients, 172 individuals, and notably the OV04 samples,
were recruited through prospective clinical studies at Addenbrooke’s
Hospital, Cambridge, UK, approved by the local research ethics committee (REC reference number: 07/Q0106/63; and National Research
Ethics Service Committee East of England–Cambridge Central 03/018).
Written informed consent was obtained from all patients, and blood
samples were collected before and after initiation of treatment with
surgery or chemotherapeutic agents. DNA was extracted from 2 ml of
plasma using the QIAamp Circulating Nucleic Acid Kit (QIAGEN) or
QIAsymphony (QIAGEN) according to the manufacturer’s instructions. In addition, 28 patients were recruited as part of the Copenhagen
Prospective Personalized Oncology (CoPPO) program (PMID reference number: 25046202) at Rigshospitalet, Copenhagen, Denmark,
approved by the local research ethics committee. Baseline tumor tissue
biopsies were available from all 28 patients, together with rebiopsies collected at relapse from two patients, and matched plasma samples. Brain
tumor patients were recruited at Addenbrooke’s Hospital, Cambridge,
UK as part of the BLING (bopsies of liquids in new gliomas) study
(REC reference number: 15/EE/0094). Patients with bladder cancer
were recruited at the Netherlands Cancer Institute, Amsterdam, The
Netherlands, and approval according to national guidelines was obtained (N13KCM/CFMPB250) (47). Sixty-five plasma samples were
obtained from healthy control individuals using a similar collection
protocol (Seralab). Plasma samples have not been freeze thawed more
than two times to reduce artifactual fragmentation of cfDNA. A flowchart of the study is presented in fig. S1.
SUPPLEMENTARY MATERIALS

www.sciencetranslationalmedicine.org/cgi/content/full/10/466/eaat4921/DC1
Materials and Methods
Fig. S1. Flowchart summarizing the experiments performed in this study and the sample
numbers used at each step.
Fig. S2. Size distribution of cfDNA determined by sWGS for different cancer types.
Fig. S3. Insert size distribution of mutant cfDNA determined with hybrid-capture sequencing
for 19 patients.
Fig. S4. DNA fragment size distribution for plasma samples from patients with ovarian cancer.
Fig. S5. Quality control assessed for in vitro size selection.
Fig. S6. Quality control assessed for in vitro and in silico size selection on healthy control
samples.
Fig. S7. SCNA analysis of the segmental log2 ratio determined after sWGS (<0.4× coverage) for
the patient OV04-83.
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approaches are costly and have thus far been applicable only in
samples for which the tumor DNA fraction was >5 to 10% (3–5, 42).
We demonstrated that we could exploit the differences in fragment
lengths using in vitro and in silico size selection to enrich for tumor
content in plasma samples, which improved mutation and SCNA detection in sWGS and WES data. We demonstrated that size selection
improved the detection of mutations that are present in plasma at
low allelic fractions while maintaining low sequencing depth by sWGS
and WES. Size selection can be achieved with simple means and at
low cost and is compatible with a wide range of downstream genomewide and targeted genomic analyses, greatly increasing the potential
value and utility of liquid biopsies as well as the cost-effectiveness of
cfDNA sequencing.
Size selection can be applied in silico, which incurs no added costs,
or in vitro, which adds a simple and low-cost intermediate step that
can be applied to either the extracted DNA or the libraries created
from it. This approach, applied prospectively to new studies, could
boost the clinical utility of ctDNA detection and analysis and creates an opportunity for reanalysis of large volumes of existing data
(4, 34, 43). The limitation of this technique is a potential loss of
material and information, because some of the informative fragments may be found in size ranges that are filtered out or deprioritized
in the analysis. This may be particularly problematic if only a few
copies of the fragments of interest are present in the plasma. Despite
potential loss of material, we demonstrated that classification algorithms can learn from cfDNA fragmentation features and SCNA
analysis and improve the detection of ctDNA with a cheap sequencing approach. Moreover, the cfDNA fragmentation features alone
can be leveraged to classify cancer and healthy samples with a high
accuracy [AUC, 0.989 (high ctDNA cancers) and 0.891 (low ctDNA
cancers)].
Analysis of fragment sizes could provide improvements in other
applications. Introducing fragment size information on each read
could enhance mutation-calling algorithms from high-depth sequencing to distinguish tumor-derived mutations from other sources
such as somatic variants or background sequencing noise. In addition, cfDNA from patients analyzed with CHIP is likely to be structurally different from ctDNA released during tumor cell proliferation
(18, 19). Thus, fragmentation analysis or selective sequencing strategies
could be applied to distinguish clinically relevant tumor mutations
from those present in clonal expansions of normal cells. This will be
critical for the development of cfDNA-based methods for identification of patients with early-stage cancer.
Size selection could also have an impact on the detection of other
types of DNA in body fluids or enrichment of signals from circulating bacterial or pathogen DNA and mitochondrial DNA. These DNA
fragments are not associated with nucleosomes and are often highly
fragmented below 100 bp. Filtering or selection of such fragments
may prove to be important in light of the recently established link
between the microbiome and treatment efficiency (17, 44). Moreover,
recent work highlights a stronger correlation of ctDNA detection
with cellular proliferation than with cell death (45). We hypothesize
that the mode of the distribution of ctDNA fragment sizes at 145 bp
could reflect cfDNA released during cell proliferation, and the fragments at 167 bp may reflect cfDNA released by apoptosis or maturation/
turnover of blood cells. The effect of other cancer hallmarks (46) on
ctDNA biology, structure, concentration, and release is yet unknown.
In summary, ctDNA fragment size analysis, via size selection and
machine learning approaches, boosts noninvasive genomic analysis
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Fig. S8. SCNA analysis of the segmental log2 ratio determined after sWGS (<0.4× coverage) for
plasma samples from patients with ovarian cancer (from the OV04 study).
Fig. S9. MAF and t-MAD score compared for different cancer types.
Fig. S10. t-MAD score measured on a plasma DNA dilution series.
Fig. S11. t-MAD scores and fragmentation features compared to tumor volume.
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Fig. S14. MAF for SNVs called by WES with and without size selection.
Fig. S15. TAm-Seq before and after in vitro size selection.
Fig. S16. Mutations in clinically relevant genes detected by WES with and without in silico size
selection.
Fig. S17. Size distribution of nonmutant DNA and ctDNA concentration.
Fig. S18. ROC curve for individual fragmentation features in high ctDNA cancers versus
controls.
Fig. S19. t-MAD score compared with seven fragmentation features.
Fig. S20. Performance metrics for the two algorithms, LR and RF.
Fig. S21. LR and RF models using the fragmentation features without t-MAD.
Table S1. Summary table of the patients and samples included in this study.
Table S2. Values for nine fragmentation features determined from sWGS data for the samples
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size selection.
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CoPPO cohort.
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